
 

Social Identity and Labor Market Outcomes of Internal Migrant 

Workers* 

 

Shu Cai†, Klaus F. Zimmermann‡ 

This Version: November 25, 2022 

Abstract 
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earnings seem to remain unchanged. Migrants with strong local identity are more likely to use 
local networks in job search, and to obtain jobs with higher average wages and lower average 
hours worked, suggesting the value of supporting policies. 
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1. Introduction 

Migration is a mega-trend of our time. Among a world population of 7.4 billion, about one 

billion people are migrating. Of these, nearly 750 million are internal migrants and some 250 

million are international migrants (UN-DESA-PD, 2016). While economists have given 

considerable attention to the economic assimilation of immigrants (Chiswick, 1978; Borjas, 

1985; Lubotsky, 2007; Abramitzky et al., 2012; Kuziemko and Ferrier, 2014), research on the 

social assimilation of migrants in their host places has been rare and focused primarily on 

international mobility. However, the identity literature pioneered by Akerlof and Kranton (2000) 

has recognized that the self-image of migrants and their adaptation in identifying with host 

areas in the process of migration is an important factor for economic decisions and labor market 

outcomes (Battu et al., 2007; Constant and Zimmermann, 2008, 2011; Constant et al., 2009).  

This study closes the evidence gap on the economic impact of social assimilation of 

internal labor mobility, which faces challenges that are different to those of international 

migration. Specifically, unlike international migration, where keeping one’s original identity 

may have positive labor market effects due to the economic benefits derived from diversity, 

this is less relevant in an internal mobility setting (Ottaviano and Peri, 2005; Alesina and La 

Ferrara, 2005). We focus on the impact of adaptation to local identity in host areas on labor 

market performance among migrants who worked as employees with data from China—the 

country with the largest recent internal migration experience. The data used in the analysis are 

from the Dynamic Monitoring Survey of the Migrant Population of China, which was 

conducted among a representative population of migrants in eight prefectures in China in 2013 

and collected detailed information on migrants’ identity and their labor market outcomes in 

host areas, thus providing us with a unique opportunity to examine this question. 

To address the endogeneity issue in the identification of the impact, we explore the 

exogenous variation in migrants’ identity caused by the linguistic distance between the dialect 

of the original province and the host county, which is plausibly exogenous to labor market 

outcomes conditional on individual sociodemographic characteristics and fixed effects of the 

original province and the host county. The instrumental variable estimates reveal that 

adaptation to local identity significantly increases the hourly wage and reduces the average 
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hours worked per day as well as the likelihood of overworking, keeping the monthly wage 

unaffected.  

On assessing the validity of the exclusion restriction of our identification strategy, we 

empirically confirm that the communication effect of dialect on migrants’ labor market 

outcomes is economically and statistically insignificant. This may follow from the observation 

that most migrants can communicate in the workplace by using their Mandarin Chinese 

knowledge. In addition, we show that sorting in the migration choice exists mainly across the 

original province and/or across the county of destination, whereas the amount of sorting within 

origin-destination pair is actually small. More importantly, the remaining sorting on 

observables is not significantly correlated with the instrumental variable or the labor markets 

outcomes, suggesting that sorting on unobservables is unlikely to be a serious threat to 

identification in the spirit of Altonji et al. (2005). Moreover, we show that the results remain 

robust even after controlling for original-region-by-destination-county fixed effects and other 

interconnected factors such as transportation distance, log of the number of migrants from the 

same province, and wage gap between the place of origin and the destination.  

To further validate the exclusion restriction, we conduct a falsification test that examines 

the reduced-form relationships between the dialect distance and labor market outcomes with 

the sample of migrants who resided in the destination county for no more than half a year. If 

dialectal difference affects migrants’ labor market outcomes only through their identity, then 

there should be no association between the dialect distance and labor market outcomes for these 

migrants. This is because social integration takes time, and the labor market advantage of self-

identification with local place is very unlikely to occur among newly arrived migrants. The 

results suggest that we cannot reject the null hypothesis that the exclusion restriction is satisfied.  

Finally, we examine the robustness of our results to possible violation of the exclusion 

restriction by employing the plausibly exogenous approach developed by Conley et al. (2012). 

The exercise indicates that our main results remain robust even when we allow for a plausible 

amount of direct correlation between the instrumental variable and the labor market outcomes. 

The stability of the instrumental variable estimates should further alleviate concerns regarding 

the exclusion restriction. 
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To examine the potential role of social networks through which commitment to the host 

society may affect migrants’ labor market outcomes, we investigate the impacts of identity on 

migrants’ access to the networks of local people and the use of local networks in their job search. 

The results suggest that adaptation to local identity significantly raises the probability of 

migrants interacting with local residents and having local neighbors. Moreover, assimilated 

migrants in self-identification are also more likely to find a job with help from local networks. 

These results highlight the importance of social networks with local people for explaining the 

advantages of adopting a local identity. 

The present study builds on a small but growing pool of literature that investigates the 

relationship between migrants’ identity and their labor market outcomes in host places (the 

interplay between social and economic adaptation) with a focus on international migrants. 

Constant and Zimmermann (2008, 2009) found that among immigrants in Germany assimilated 

men and women are more likely to work, and women who exhibit an integrated identity are 

more likely to work than women who are assimilated, but this does not hold for men. 

Furthermore, they found no significant relationship between ethnic identity and the earnings of 

men or women. Casey and Dustmann (2010), using panel data in Germany, confirmed a 

positive association between German identity and employment for females but not for males. 

They also provided evidence for a positive association between home country identity and 

employment for only the males among second-generation immigrants. Battu and Zenou (2010) 

presented evidence for an employment penalty associated with oppositional identity among 

ethnic minorities in the UK. Islam and Raschky (2015) found that immigrants’ ethnic identity 

does not have a strong influence on their labor market outcomes in the host country with 

Canadian survey data. In Gorinas (2014), the employment of immigrants in Denmark was not 

systematically associated with measures of ethnic identity but was significantly related to 

openness to majority norms, particularly for first-generation immigrant women.1 

Our study contributes to the extant literature in several aspects. First, while most previous 

literature studies identity and labor market performance for international migrants in developed 

countries, we focus on internal migration within China, the largest developing country in the 

                                                             
1 Related studies include immigration in Sweden (Edin et al., 2003; Nekby and Rödin, 2010), Canada (Pendakur and Pendakur, 
2006), France (Delaporte, 2019), and Europe (Bisin et al., 2011).  
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world. This makes our study unique for understanding the economic impacts of the social 

identity of internal migrants. Second, extant studies primarily gauge the likelihood of 

employment or earnings as labor market outcomes in host places. We complement the literature 

by examining the quality of jobs, including working hours, the likelihood of overworking, 

hourly wages, and monthly earnings. Third, evidence from most previous studies indicates only 

an association between immigrants’ identity and labor market outcomes except for Islam and 

Raschky (2015) which exploited genetic distance between immigrants’ home and host 

countries as instruments for immigrants’ identity. In this study, we provide causal evidence on 

the relationships by using exogenous variation in migrants’ identity caused by the cultural 

difference between the original and host places. Fourth, we highlight the role of native networks 

in explaining the labor market advantages of holding an identity committed to the host place. 

Networks have been emphasized theoretically as an important channel through which ethnic 

identity may affect immigrants’ labor market outcomes (Battu et al., 2007; Verdier and Zenou, 

2017), but they are seldom examined in empirical studies of social assimilation.    

Our research also ties into the broad literature on examining the impact of group identity 

(such as gender and ethnic identity) on economic outcomes, including consumption, financial 

decisions, labor force participation, inequality, trader feedback, engagement in the workplace, 

cooperation, and competition (Afridi et al., 2015; Bolton et al., 2020; Guadalupe et al., 2020; 

Martinangeli and Martinsson, 2020; Olivetti et al., 2020; Bricker et al., 2021), and non-

economic outcomes, including conflict, norms, values, and preferences (Desmet et al., 2017; 

Amodio and Chiovelli, 2018).2 Our study contributes to this literature by examining the impact 

of social identity of internal migrants on their labor market outcomes. This is of independent 

interest given the unique context and salient scale of the subject group. 

More broadly, this study relates to a rich literature on the economic assimilation of 

immigrants, which has focused on investigating earnings gaps between immigrants and natives 

(Chiswick, 1978; Borjas, 1985; LaLonde and Topel, 1991; Hatton, 1997; Minns, 2000; Card, 

2005; Lubotsky, 2007; Abramitzky et al., 2012, 2014). Economic assimilation is not enough to 

explain all the phenomenon during the process of assimilation, such as ethnic segregation. In 

                                                             
2 See Shayo (2020) for a comprehensive review of evidence from applied economics, and Charness and Chen (2020) of 
evidence from the experimental literature. 
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addition, the labor market disadvantage of minority groups can be reinforced by their ethnic 

identity (Battu and Zenou, 2010). Our study contributes to this literature by shifting attention 

toward social assimilation and examining how identity affects the labor market performance of 

minority groups, which suggests the potential value of supporting policies.      

The rest of the paper is organized as follows. Section 2 outlines a brief conceptual 

framework. Section 3 introduces the background of the study. Section 4 describes the data and 

measurements. Section 5 lays out the empirical specification and estimation strategy. Section 

6 presents the empirical results. The final section concludes.  

 

2. Conceptual Framework 

The integration of migrants with the host society is a process for migrants to eliminate the 

differences with the local society in aspects related to economics, culture, behaviors, and 

psychology. It includes not only economic assimilation by catching up with the earnings of the 

natives, for instance, but also involves behavioral adaptation, self-identification, and cultural 

affinity with the host society. In this section, we present a theoretical framework to illustrate 

how these different dimensions of integration interact with each other, and, in particular, how 

self-identification affects the economic assimilation of migrants. 

In the spirit of Akerlof and Kranton (2000), the standard utility function can be extended 

to include individuals’ sense of self, namely, identity. To achieve a better self-image, 

individuals may make a seemingly sub-optimal choice, but their overall utility is maximized. 

For instance, migrants may be willing to “pay” an income penalty in choosing an occupation 

to reinforce their identity. Self-identification changes the “payoffs” from different actions. 

Therefore, it affects individuals’ behavioral choice. Consequently, self-identification will affect 

economic outcomes of these behaviors and interactions. 

It is worth noting that in our framework identity is endogenous. That is, migrants can 

decide on whether to identify with the original and host places. This is similar to the model of 

Battu et al. (2007), in which non-white individuals determine the level of adaptation to white 

culture by balancing peer pressure from same-race friends and the beneficial effect of high-
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quality jobs through whites’ social networks which do not suffer from discrimination.3 

In principle, migrants enter a host place with stronger self-identification with the society 

of the original place and a lower commitment to the host society. However, self-identification 

can evolve after migration. Therefore, it is entirely possible that better economic outcomes of 

migrants at the host place may facilitate self-identification with the host society. In addition to 

individuals’ characteristics, identity can also be affected by factors of the macro environment, 

such as culture and institution. In particular, identity is influenced by cultural differences 

between the original and host places (e.g., difference in dialects). Migrants experience greater 

anxiety and discomfort by affiliating with the culture of a host society that is more different 

from their original culture. 

Therefore, we propose the following hypotheses, which guide our empirical test: 

H1: Difference in culture between the original and host place will impede migrants’ self-

identification with the host society. 

H2: Self-identification with the host society will have a beneficial effect on migrants’ labor 

market outcomes.  

H3: The influence of self-identification on economic outcomes may go through migrants’ 

behavioral adaptation to the host society. 

Figure 1 graphically illustrates the conceptual framework. As demonstrated, the largest 

rectangle contains the main elements of the integration of migrants with the host society, 

including cultural affinity, self-identification, behavioral adaptation, and economic assimilation. 

Outside the rectangle is the macro environment, which includes culture and intuition. The solid 

lines with arrows highlight the main predictions from the conceptual framework. Besides that, 

we should notice several issues that are crucial for our understanding of the framework. 

First, as mentioned above, people may choose their identity, although the decision to 

affiliate with the host society is often fraught with psychological cost. Therefore, it is possible 

self-identification is affected by the extent of economic assimilation, as indicated by the dash 

line ① in the figure. Second, the macro-level cultural difference may also affect individuals’ 

cultural affinity with the host society. For instance, the greater the difference in dialects 

                                                             
3 See also Alesina and La Ferrara (2005) for a discussion on the endogenous formation of ethnic identity. 
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between the home and host society, the more difficult it will be for the migrant to speak or 

understand the dialect at the host place.4 This will affect economic outcomes if fluency in the 

local dialect is required for communication in the workplace. See ② and ③ in the figure. 

Another point is that, as one element of the macro environment, institutional barriers may 

hinder both self-identification and economic assimilation with the host society (see ④ and 

⑤ in the figure). However, these effects can be independent of the effects of culture. We 

discuss these issues in more detail in the empirical part. 

 

3. Background 

3.1 China’s Great Migration  

China has witnessed a massive flow of migration from the interior to the coast, or from 

poor rural areas to more developed urban areas. According to the National Bureau of Statistics 

of China, 245 million people migrated outside of their home township over six months in 2013, 

which is about 18% of China’s total population that year. This number is about ten times the 

size of immigration from Europe to the U.S. during the Age of Mass Migration (Sequeira et al., 

2020), and about 40 times the size of the Great Migration of Southern-born African Americans 

to the urban North and West that occurred between 1910 and 1970 (Black et al., 2015; Stuart 

and Taylor, 2021). China’s Great Migration has been described as the “greatest development 

story in human history” (Gardner, 2017). In the great flow, a substantial number of people were 

engaged in job-related migration caused by large wage differentials across regions. This is due 

partly to decreased marginal labor productivity in the agricultural sector as a result of abundant 

laborers, and partly because of the accelerated development of the manufacturing and 

construction industries in urban areas, mainly in coastal cities, after China became a member 

of the World Trade Organization (Erten and Leight, 2021). 

The great migration is accompanied by difficulties of social assimilation due to the vast 

cultural differences between the places of origin and destination and institutional barriers such 

                                                             
4 Individuals can also intentionally affiliate with culture at the host places. For example, migrants may acquire language skills 
in host places after migration. 
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as the hukou (the local household registration) system.5,6 China has a broad land spanned by 

many degrees of latitude and longitude with varied climate zones and complicated terrain. It 

also has a large population with diverse cultures (Talhelm et al., 2014). Thus, migrants may 

face great challenges because of significant differences in language, customs, attitudes, eating 

habits, and other lifestyle factors. For institutional barriers, even though China’s hukou system 

has been gradually relaxed over time and non-hukou migration has been tolerated, the 

conversion to local hukou and related social benefits (such as pension, education, medical 

insurance, and permission to purchase housing and vehicles) is still quite restrictive for non-

hukou migrants, making migration in China predominately temporary and individualized (Cai 

et al., 2022).7 These cultural and institutional barriers hinder migrants from adapting to local 

identity, which in turn may affect their labor market performance.  

 

3.2 Dialects in China 

China is unique in its language, which has a unified writing system, whereas its spoken 

language varies substantially across regions. The geographic variation of dialect is the result of 

historical interactions across regions and linguistic evolutionary processes involving mass 

migration flows, military borders, and political events. Thus, the similarity of dialects between 

regions may be informative about these historical interactions and indicate similarity in cultural 

identity (Falck et al., 2012; Suedekum, 2018).8  

Differences in dialect may affect the self-identification of migrants for several reasons. 

Individuals may bear psychological costs when interacting with people speaking different 

dialects or may be discriminated against, which may hinder their self-identification with the 

                                                             
5 A large volume of studies has examined the wage differentials between local and migrant workers in urban China. Using the 
same data as this study used, and combining data on local residents from a matched survey, Cai and Zhang (2021) show that 
migrant workers, on average, have lower hourly wage and longer working hours than their local counterparts. 
6 To some extent, these are akin to barriers faced by international migrants. In this study, we focus on cultural barriers of social 
assimilation (i.e., linguistic distance). However, institutions in the host society are also shown to be pivotal barriers to the 
integration of migrants. See Freedman et al. (2018) and Bazzi et al. (2021) for examples of international migration.  
7 As described below, this study focuses on non-hukou migrants (i.e., migrants who did not obtain local hukou), who constitute 
the great majority of China’s internal migrants. In addition to the place-based access to social benefits, the other element of 
the hukou system is the distinction between agricultural and non-agricultural hukou. A non-agricultural hukou is traditionally 
entitled to more social benefits than an agricultural hukou. However, the distinction has become less important, and the main 
barrier of access to social benefits is whether having a local hukou (Chan, 2009).   
8 Although culture is a broader concept than language, and includes other domains such as traditions, habits, and beliefs, 
language is well accepted as an important and clear indicator of culture (Herrmann-Pillath et al., 2014). Compared to dialect, 
ethnicity and religion are more homogeneous in China.  
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host society. In addition to the cultural effect of dialects on identity, they may have a 

communication effect on their labor market outcomes. However, this should be less of a 

concern in our study setting because of the popularization of Mandarin Chinese (i.e., 

Putonghua).9 Using nationally representative data of the labor force from the 2012 China 

Labor-force Dynamic Survey, Liu et al. (2020) show that 71.6% of internal migrants in China 

can speak Putonghua, and another 12.2% of migrants can understand Putonghua, although they 

cannot speak it. For non-migrants (including rural and urban residents), some 57% can speak 

Putonghua and 16.4% can understand it. Given the high popularization rate of Putonghua, 

people can easily communicate with one another in the workplace. Thus, the difference in 

dialects between the home and host places mainly affects migrants’ identity and is not of labor 

market relevance because of communication difficulties. We provide more evidence in Section 

6.2 to assess the communication effect of dialect.   

 

4. Data and Measurements 

The data used in this study are from the Dynamic Monitoring Survey of the Migrant 

Population of China in 2013. Starting in 2009, the National Health and Family Planning 

Commission of China conducted an annual nationwide survey of the migrant population. In 

2013, the survey included a special module on social integration in eight prefectures. The 

prefectures were selected to be geographically representative of the main migration 

destinations in China. Specifically, four from Eastern China, including the Songjiang district 

in Shanghai, the Suzhou and Wuxi prefectures in Jiangsu Province, and the Quanzhou 

prefecture from Fujian Province; two from Middle China—the Wuhan prefecture from Hubei 

Province and the Changsha prefecture from Hunan Province; and two from Western China—

the Xi’an and Xianyang prefectures from Shan’xi Province. Figure 2 illustrates the geographic 

location of the eight prefectures.  

The full population on which the sampling is based includes all migrants aged 15–59 

                                                             
9 The Putonghua (known as “common speech”) became the official language of China in 1955, when the country established 
it as the standard language and began to promote it nationwide. It is also a mandatory language used in schools and 
governments. According to the Putonghua Popularization Survey conducted by the State Language Commission in 2010, 
approximately 70% of the Chinese population can speak Putonghua compared to about 50% of the population at the end of 
the last century. 
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(inclusively). A person is considered to be a migrant if he or she lived in a county for at least 

one month, whereas his or her hukou was registered outside the county in which he or she lived 

at the time of the survey.10 The survey uses the multi-step Probability Proportionate to Size 

(PPS) method to conduct the sampling. In the first step, the survey selected the township 

according to the PPS method within each prefecture. For each of the selected townships, the 

survey then chose the sampling unit, namely, villages or communities, using the PPS method. 

In the last step, the survey randomly chose 20 migrants in each sampling unit. 

The designed sample size of the eight prefectures is as follows: Songjiang (2,000), Suzhou 

(4,000), Wuxi (2,000), Quanzhou (2,000), Wuhan (2,000), Changsha (1,880), Xi’an (2,000), 

and Xianyang (1,000). In the data set, the sample sizes of Suzhou and Wuhan are 3,999 and 

1,999, respectively, whereas the sample sizes of the other prefectures are equal to the designed 

sample size. There is a total of 16,878 migrants from eight prefectures, 68 counties, and 844 

villages or communities in the data set.   

The survey collected detailed information on migrants’ demographic and social 

characteristics, migration experience, employment status, income, and so on. In particular, 

related to our main outcome of interest, the survey contains information on the labor market 

performance of the respondents, including monthly income and work time (average days per 

week and average hours per day). 11  It also contains information on other labor market 

characteristics, including employment type (employee, employer, self-employed, and others), 

occupation, industry, and types of work unit.12 Given the difficulties of separating earnings 

between those from labor inputs and those from capital inputs for employers and the self-

employed, we restrict the sample to only employees. To address concerns regarding the sample 

selection, we account for potential selection bias in a robustness check. The results confirm 

that sample selection is not a severe threat to the main estimates. See Section 6.4 for details. 

For respondents from the eight prefectures, the survey also asked the question “Which of 

                                                             
10 This excludes people who commute between districts within the same city, or people with a separate hukou registration 
place because of temporary business trips, medical treatment, tourism, and family visits, or those serving in the military or 
studying in secondary school and above. 
11 Specifically, income includes personal employment earnings and operating income, where employment earnings consist of 
wages, bonuses, overtime pay, allowances, and the equivalent monetary value of food and accommodation provided by the 
work unit. 
12 The types of work unit include state organizations, state-owned and state-holding enterprises, collective enterprises, 
individual businesses, private enterprises, Hong Kong, Macao and Taiwan enterprises, Japanese and Korean enterprises, 
European and American enterprises, Chinese-foreign equity joint ventures, and others. 
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the following types of identity do you think you belong to?” The answers to the question 

include “local citizen,” “new local citizen,” “the citizen of your hometown,” and “do not 

know.”13 Only three percent of the respondents said they did not know, which may include 

individuals who either could not affiliate with both host and home areas or affiliate more or 

less equally with both. Since the number of those who could not decide is surprisingly small, 

we drop those respondents from our sample.14 We therefore can measure migrants’ identity by 

a dummy, which equals 1 if respondents said they felt they were local citizens or new local 

citizens, and 0 if they felt they were citizens of their hometown. Some 45% of our sample of 

migrants who were employees affiliated with the host place.  

In addition to the survey data, we also use linguistic data to construct the dialect distance 

between the original place and the current place of residence of the migrants. The linguistic 

data on local dialects are from the Chinese Dialect Dictionary (Xu and Ichiro, 1999), which is 

based on a detailed census conducted by a massive on-site investigation between 1983 and 

1987. It identifies the main Chinese dialects and draws a dialect tree constituted of ten dialectal 

super-groups, 20 dialectal groups, and 105 dialectal sub-groups, according to the similarity of 

phonological and grammatical attributes, such as articulation and pronunciation. The dictionary 

also classifies every county in China into a dialectal sub-group. Using the linguistic atlas of 

China, we construct the dialect distance between county-pairs to measure the similarity of their 

dialects. Specially, following Spolaore and Wacziarg (2009), we coded distance as 0 if the 

dialects of the two counties belong to the same dialectal sub-group, 1 if they belong to the same 

dialectal group but different sub-groups, 2 if they belong to the same dialectal super-group but 

different dialectal groups, and 3 if they belong to different dialectal super-groups. With the 

county-level matrix of dialect similarity in hand, we then construct a measure of the dialect 

distance between the residential county of migrants and the province they come from, using 

the population-weighted dialect distance between the residential county and each county in the 

                                                             
13 According to the survey manual, respondents were asked to assess their self-image of their identity without considering 
their hukou status. Therefore, when we mention “identity” in this study, it means the migrants’ self-identification with the 
society of the original and host places, rather than their assigned categories according to hukou. As described earlier, all the 
respondents of the survey were migrants who did not hold local hukou. 
14 This excludes what the identity literature has called “integration” (affiliation with both host and original areas) and 
“marginalization” (cannot affiliate with both), which was shown to be relevant for international migrants. See Constant and 
Zimmermann (2008) and Constant et al. (2009), for instance. 



12 
 

original province.15 The dialect distance is a pair-wised measure of the similarity of linguistic 

characteristics between dialects. Specifically, it measures the steps required for two dialects to 

reach a common node in the dialect tree (Liu et al., 2020). Thus, it does not capture specific 

features of dialects (e.g., grammatical difference in separating future and present events) or the 

ordinal differences between dialects (e.g., difference in implicit social status of dialect) that 

may be directly related to labor market outcomes (Chen, 2013). Figure A1 in Appendix B 

provides an example by demonstrating the bilateral dialect distance between one of the counties 

in the sample—Chang’an district (the point)—and the potential destination provinces of 

migration. As shown, the dialect distance is not proportional to the geographic distance, or 

simply reflects economic differences across regions. 

Figure 3 plots the probability density distribution of labor market outcomes for 

respondents who feel they belong to the local citizens and those who feel they do not belong to 

the local citizens. Panel A illustrates that the distribution of work time (measured by average 

hours per week) for the group of assimilated migrants is to the left of the distribution for the 

unassimilated group, whereas Panel B demonstrates that the distribution of hourly wage for the 

former group is to the right of the distribution for the latter group. Kolmogorov-Smirnov tests 

indicate that the differences in the distributions of work time and hourly wage between these 

two groups are statistically significant (see Figure 3). It is worth noting that a substantial 

proportion of migrants worked over the standard work time (i.e., 40 hours per week) as revealed 

by Panel A.   

Table 1 provides summary statistics for labor market outcomes and demographic 

characteristics. The number of observations is 9,790, and 45% of the sample feel they belong 

to local citizens. Column (1) reports the sample mean of migrants who feel they belong to the 

local citizens, whereas Column (2) reports the sample mean of migrants who do not feel they 

belong to the local citizens. The last two columns report the difference between the two groups 

and the p-value of the hypothesis that the difference is equal to 0. For labor market outcomes, 

the monthly income in the assimilated group is 179 yuan higher than the unassimilated group, 

and the difference is statistically significant. The difference in hourly wage between the two 

                                                             
15 We only know the original province of the migrants. The weights are constructed by using data from the population census 
in 2000. 
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groups is 1.59 yuan per hour, which is significantly different from 0. The next three rows show 

that assimilated migrants in self-identification have significantly less working time than the 

unassimilated migrants, in terms of average days worked per week, average hours worked per 

day, and average hours worked per week. For example, on average, migrants who are adapted 

to local identity work 0.34 hours or about 20 minutes less every day than those who are not 

adapted to local identity. The next three rows summarize the situations of overwork in both 

groups. Overwork is common among migrants, as illustrated by the high averages. The 

unassimilated migrants are more overworked than socially assimilated ones, and the 

differences are statistically significant. Regarding the demographic characteristics, the age gap 

between the two groups is not large but statistically significant, whereas difference in gender 

is not significant. On average, married migrants are more committed to local identity than 

unmarried ones. The last five rows show that assimilated migrants are generally more likely to 

have a higher educational level. We study further details about the relationship between 

commitment to the host society and labor market outcomes in the regression analyses below. 

 

5. Empirical Strategy  

With guidance of the conceptual framework, we estimate the following equation for the 

determinants of migrants’ labor market outcomes: 

௜௖௣ݕ  = ଴ߙ + ௜௖௣ݕݐ݅ݐ݊݁݀ܫଵߙ + ߙ ௜ܺ௖௣ + ௖ߜ + ௣ߜ +  ௜௖௣, (1)ߝ

where ݅ represents individuals, ܿ represents the current residential county of individual ݅, 

and ݌ represents the home province of the individual. ݕ௜௖௣  is the labor market outcome of 

individual ݅ , including monthly income, hourly wage, working time, and so on. The key 

explanatory variable is migrants’ self-identification (i.e., ݕݐ݅ݐ݊݁݀ܫ௜௖௣ ), which is a dummy 

equal to 1 if the individual feels he or she belongs to the group of locals (local citizen or new 

local citizen), and 0 otherwise. ௜ܺ௖௣  is the vector of control variables, including age, age 

squared, dummy of male, marital status (including dummies of married once, married two or 

more times, divorced, and widowed), and education categories (including dummies of 

education level of middle school, education level of high school, education level of college, 
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and education level above college).16 ߜ௖ and ߜ௣ are the fixed effects of the county of current 

residence and the province of the original place of the respondents, respectively. ߝ௜௖௣ is the 

error term, which is clustered by the community of current residence in accordance with the 

sampling design (Abadie et al., 2017). The parameter ߙଵ is our main interest. It indicates how 

migrants’ self-identification with the host society affects their labor market outcomes. 

The ordinary least squares (OLS) estimates of ߙଵ are biased if there is reverse causality 

or omitted variables. For instance, people with better labor market outcomes may feel more 

integrated with local residents or people who are ambitious to integrate into the host society 

may intentionally affiliate with host places and work hard for better economic integration. The 

OLS estimates may also be contaminated by attenuation bias given that answers to the survey 

question on self-identification may be subject to a measurement error. To address the 

endogeneity problem, we use the dialect distance between the residential and original places of 

the respondents as an instrumental variable for their identity. Previous studies have shown that 

linguistic distance is an important determinant of migrants’ identity (Fouka, 2020; Ginsburgh 

and Weber, 2020). Thus, we assume that migrants’ self-identification with the host society is a 

function of the following determinants: 

௜௖௣ݕݐ݅ݐ݊݁݀ܫ  = ଴ߚ + ௜௖௣݁ܿ݊ܽݐݏ݅݀ ݐଵ݈݀݅ܽ݁ܿߚ + ߚ ௜ܺ௖௣ + ௖ߜ + ௣ߜ + ߬௜௖௣. (2) 

The variable ݈݀݅ܽ݁ܿ݁ܿ݊ܽݐݏ݅݀ ݐ௜௖௣  is the instrumental variable that measures the distance 

between the dialect spoken in the residential county ܿ of migrant ݅ at the time of the survey 

and the dialect spoken at his or her original province ݌ . We also control for individual 

characteristics ௜ܺ௖௣ that may affect migrants’ self-identification with the host society. They 

are the same as in equation (1), which contain age, age squared, dummy of male, marital status, 

and education categories. Following Constant et al. (2009), we do not include post-migration 

variables that could be endogenous, although self-identification with the host society may 

evolve after migration with factors such as time since migration and intention to migrate 

permanently. In this sense, we explore variation in identity which is pre-determined by cultural 

differences (indicated by dialect distance) between the home and host places. In equation (2) 

we also control for the fixed effects of the current residential county and the fixed effects of 

                                                             
16 To avoid concerns about the endogeneity of the control variables, we only control for variables that are likely to have been 
determined prior to migration. 
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the original province, which absorb the determinants of self-identification common to all 

migrants in the same destination county or from the same original province. In particular, we 

control for economic conditions and public policy of the destination counties via the fixed 

effects ߜ௖ (e.g., local hukou-registration restrictions) and those of the original provinces via 

the fixed effects ߜ௣.17 Therefore, the identification is essentially a within-origin-province and 

within-destination-county comparison between individuals with varying degrees of similarity 

between dialects at home and destination places.18  

The exclusion condition of the instrumental variable estimation is based on the assumption 

that, conditional on the individual characteristics ௜ܺ௖௣  and the fixed effects of residential 

county and original province, the dialect distance between the host county and the home 

province affects migrants’ labor market outcomes only through their identity. One concern 

regarding the identification assumption is that facility with the local dialect because of less 

linguistic distance between dialects at the host and home places may have a beneficial effect 

on labor market outcomes. However, given the popularization of Mandarin Chinese, most 

migrants may have no difficulty communicating in their workplace. Actually, the results below 

suggest that the ability to speak or understand a local dialect has no significant effect on 

migrants’ labor market outcomes conditional on variance in identity caused by the similarity 

between dialects at the home and destination places. This is consistent with the finding of Liu 

et al. (2020), who show that the main barrier to China’s internal migration caused by dialect 

distance is due to the difficulties of social integration, whereas the communication effects are 

small.  

Another main concern about the exclusion restriction is that individuals may have a 

comparative advantage in some destination counties if their home dialect is similar to the local 

dialect of that county. In case migrants sort across destinations according to their comparative 

advantage (Bazzi et al., 2016), we would observe a negative correlation between dialect 

distance and labor market outcomes driven simply by selection on the comparative advantage. 
                                                             
17 The requirements and social benefits of obtaining a local hukou vary across cities due to recent decentralized reforms of the 
hukou system (Bosker et al., 2012). Specifically, local governments set the conditions to obtain local hukou, which usually 
include purchasing high-end apartments, making large business investments, or holding an advanced degree or professional 
qualifications (Chan, 2009). The destination-county fixed effects in the specification will account for such differences in local 
policy. 
18 For a robustness check, we also control for the original-region-by-destination-county fixed effects. See details in Section 
6.2 below. 
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To assess such selection, we follow Bayer et al. (2008) and examine the extent of sorting by 

analyzing the correlation between observable individual characteristics and the average 

characteristics of other migrants who came from the same home province and lived in the same 

destination county.19  

The results are presented in Table A1 of Appendix B. As shown in Column (1), the 

individual and average group characteristics are positively and highly correlated in terms of 

age, sex, marital status, levels of education, number of children, ethnicity, and hukou status, 

indicating there is indeed a significant amount of sorting in the choice of destination places 

among migrants. However, Column (2) demonstrates that the associations reduce substantially 

when we account for the fixed effects of the original province and destination county separately. 

For most observables, inclusion of the fixed effects reduces the associations by more than 50 

percent. Some correlations even turn to be negative. The results imply that the amount of 

sorting on observables is driven primarily by factors of the common places of origin or 

destination20, whereas the amount of sorting due to factors related to the same pair of origin 

and destination places is actually small, albeit not exactly equal to zero. Column (3) shows that 

for most observables the estimated correlations reduce even further when we also control for 

the original-region-by-destination-county fixed effects. 

To assess the importance of sorting within the same destination-origin pair in explaining 

the relationship between language similarity and labor market outcomes, Table A2 in Appendix 

B examines the associations between the dialect distance and the average characteristics of 

other migrants with the same places of origin and destination. Panel A shows that the 

correlations are not significantly different from 0 for most observables in regressions separately 

controlling for the destination-county fixed effects and the original-province fixed effects, 

except that migrants are more likely to be surrounded by better educated fellow townsmen in 

destination places with a dialect more similar to their home dialect. Panel B shows similar 

results when we further control for the original-region-by-destination-count fixed effects. The 

                                                             
19 Like Bayer et al. (2008), we randomly choose a respondent in each group indicated by original province and destination 
county to avoid a negative correlation mechanically if all individuals were used in the estimation. The average characteristics 
of the group are calculated by excluding the chosen individual. Similar to Bayer et al. (2008), we drop the groups with less 
than six respondents in the analyses to reduce measurement error.   
20 For instance, people from some areas may have the comparative advantage required in a certain industry and thus are more 
likely to migrate; or some cities may be more attractive to migrants because of less restrictions in obtaining a local hukou. 
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association between dialect distance and average education turns out to be only marginally 

significant at the level of 10%.  

To investigate whether the remaining within-destination-origin-pair sorting on 

observables has any significant impacts on migrants’ labor market outcomes, we further control 

for the average characteristics of migrants with the same destination county and home province 

based on equation (1). As seen at the bottom of Table A3 in Appendix B, the p-values of the 

joint significance test reveal that the average group characteristics do not significantly predict 

any of the labor market outcomes except for the propensity of working over eight hours per 

day. These results strongly support our identification assumption of the exclusion restriction 

under the situation of a small amount of sorting within the pair of origin and destination places 

that exists in the data. In the analysis below, we provide additional examinations on the validity 

of the instrument variable.  

 

6. Results 

6.1 Main Results 

Table 2 reports the OLS regression results of a variety of labor market outcomes on the 

dummy variable of self-identification with host society, as specified in equation (1). Column 

(1) shows that the correlation between monthly income and feeling local is positive but not 

statistically significant. This is consistent with Constant and Zimmermann (2009), who also 

found no significant correlation between ethnic identity and earnings of immigrant workers in 

Germany. Column (2) shows that assimilated migrants have higher hourly wages. On average, 

the hourly wage of the socially assimilated group is 0.66 yuan higher than that of the 

unassimilated group given other factors fixed. Columns (3) to (5) report a negative and 

significant relationship between working time and commitment to the host society. On average, 

adaptation to the local identity is associated with a decrease of 1.48 hours in the working time 

every week. Columns (6) to (8) show a negative and significant association between the 

likelihood of overworking and self-identification with the host society. For instance, the feeling 

of belonging to local citizens is associated with a four percentage point decrease in the 

probability of working over 40 hours per week. 
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We proceed with the two-stage least squares (2SLS) estimation of the impact of identity 

on the labor market outcomes from equations (1) and (2) and report the results in Panel A of 

Table 3. Column (1) displays a strong first-stage relationship between commitment to the host 

place and dialect distance in our sample. The greater the dialect distance between the original 

place and the destination, the lower the likelihood of holding identity committed to the host 

place. The point estimate indicates that if a migrant who originally moved within the same 

dialect sub-group chooses to move outside the dialect sub-group, the probability of affiliating 

with the host place would be 10 percentage points lower. The first-stage Kleibergen-Paap F-

statistic of the instrumental variable is 52.3, which is by far greater than the conventional 

critical value (i.e., 10), suggesting no weak instrumental variable problem. 21  Column (2) 

shows that migrants’ monthly income increases as they adapt to local identity, although the 

coefficient is economically and statistically insignificant. Column (3) shows that self-

identification with the host society increases migrants’ hourly wages, whereas the coefficient 

is marginally significant (t=1.57). On average, feeling assimilated can increase migrants’ 

hourly wages by 3.25 yuan, which represents about a 24-percentage point increase above the 

13.8-yuan baseline hourly wage.  

In Columns (4) to (6), we examine whether identity would change migrants’ working time. 

As shown, commitment to the host society significantly reduces average working time per 

week by about nine hours. The results in Columns (7) to (9) show that affinity with the host 

place significantly reduces the probability of overworking for migrants as well. Specifically, 

self-identification with the host society reduces the probability of overworking beyond the 

regular eight hours a day by 44 percentage points. This is large, compared with the average rate 

of overworking (i.e., 48 percentage points). In other words, identifying with the society of the 

host place almost solely eliminates the likelihood of migrants’ overworking on a daily basis. 

The other estimates indicate that self-identification with the host place reduces the probability 

of working for over five days per week by 22 percentage points, and reduces the probability of 

working for more than 40 hours a week by 26 percentage points. The magnitude of the IV 

                                                             
21 The inferences of the second-stage estimates remain robust to the use of the adjusted critical value from Lee et al. (2022). 
Specifically, given the first-stage F-statistic is 52.3, the corresponding critical value ඥܿ଴.଴ହ(ܨ) is between 2.099 and 2.147 
according to Table 3A of Lee et al. (2022). It is well below |ݐ| for all outcome variables with significant IV estimates, except 
for the indicator of working more than five days per week (|2.118=|ݐ). 



19 
 

estimates of the impact of identity on working time are smaller (i.e., more negative) than the 

OLS estimates, indicating that the latter may be biased due to omitted variables such as the 

ambition of integrating into the host society and/or measurement errors in self-identification. 

Moreover, the IV estimator identifies the average treatment effect for the compliers, namely, 

migrants whose identity was affected by the similarity between dialects at the home and 

destination places. That might be different from the average treatment effect among non-

compliers. 

Panel B of Table 3 reports the reduced-form estimates of the relationship between dialect 

distance and labor market outcomes. As expected, larger distance between the dialects of the 

home province and that of the destination county is associated with lower hourly wage and 

more hours worked per day (or per week), although the former is statistically insignificant. The 

results also indicate large dialect distance is associated with a higher likelihood of being 

overworked, whereas its association with monthly earnings is economically and statistically 

insignificant. Overall, these results are consistent with the first- and second-stage results of the 

IV estimates reported in Panel A. 

 

6.2 Validity of Identification 

Our IV strategy rests on the assumption that the dialect distance between the host and 

home places affects migrants’ labor market outcomes only through self-identification with the 

host society, conditional on the set of control variables and fixed effects. One main concern 

regarding the assumption is that the instrumental variable may affect labor market outcomes 

through the communication effect of dialect. To address this concern, in equations (1) and (2), 

we further control for two dummies that indicate whether the migrants can speak the local 

dialect and whether they can understand it. The results are reported in Panel A of Table 4. As 

shown, the coefficients of the two dummies are not significantly different from 0 in regressions 

of all labor market outcomes, except that migrants who speak the local dialect are more likely 

to work over 40 hours a week. This may not be surprising given that most migrants may have 

no difficulty to communicate in the workplace using Mandarin Chinese. By controlling for the 

communication effect of dialect, the impacts of identity are actually similar to those in Panel A 



20 
 

of Table 3. Self-identification with the host society reduces the hours worked per day or the 

hours worked per week. It also reduces the likelihood of overworking. If anything, the results 

are even stronger than the benchmark estimates.  

In the above examination, we assume the individual skills using the local dialect are 

exogenous by treating them as control variables. However, people may intentionally acquire 

skills of local dialect to achieve better labor market outcomes. Although we do not observe a 

significant association between language skills and labor market outcomes in most cases, the 

possibility of endogenous controls may still remain. 22  To further assess the role of 

communication effect, we examine the heterogeneous relationships between dialect distance 

and labor market outcomes by proximity to Putonghua of the dialect at the destination city. 

The idea is that, if communication effect is indeed important in affecting labor market outcomes, 

we would expect the effect to be more salient in places where the dialect is more different from 

Putonghua. In the sample, the dialects at Xi’an, Xianyang, and Wuhan prefectures belong to 

the same dialectal super-group as Putonghua (i.e., Guanhua or Mandarin), whereas the dialects 

at the other five prefectures belong to different dialectal super-groups.23 Thus, we define a 

dummy which equals one if migrants were at one of the other five prefectures with larger dialect 

distance to Putonghua and add the interaction term of the dummy with the linguistic distance 

between dialects at the home province and destination county in the reduced-form regressions. 

Panel B of Table 4 reports the OLS estimation results. For migrants residing in prefectures 

where their dialects are similar to Putonghua, the communication effect should be small. 

However, we still observe significant associations between the dialect distance and labor 

market outcomes on working time. Actually, the estimates are quite similar to those reported 

in Panel B of Table 3. Furthermore, the estimated coefficients of the interaction term indicate 

no significant heterogeneity along the proximity of dialect at the destination city to Putonghua, 

suggesting that the communication effect of dialect is unlikely to be an important channel 

through which the dialect distance affects migrants’ labor market outcomes. Overall, the results 

                                                             
22 For this consideration, we do not control for the variables of language skills in the baseline specification. 
23 The Putonghua was established as Standard Chinese on the basis of a dialect spoken at Luanping county of Chengde 
prefecture near Beijing. It belongs to Beijing Guanhua, one particular dialectal group of the dialectal super-group of Guanhua. 
The dialects spoken at Xi’an, Xianyang, and Wuhan all belong to the same dialectal super-group (i.e., Guanhua) as Putonghua. 
In contrast, the dialects spoken at Songjiang, Suzhou, and Wuxi belong to the dialectal super-group of Wu, whereas the dialects 
spoken at Quanzhou and Changsha belong to the dialectal super-group of Min and Xiang, respectively. 
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in Table 4 should reduce concerns about possible violation of the exclusion restriction due to 

the commutation effect. 

Another concern of identification is that the dialect distance is correlated with some 

bilateral factors that may affect the labor market performance of migrants. To address such 

concern, Table 5 further conducts a battery of robustness checks on the IV estimates based on 

alternative specifications of equation (1). Panel A controls for original-region-by-destination-

county fixed effects, where provinces are classified into six regions (i.e., North China, 

Northeastern China, East China, Central China, Southwest China, and Northwest China) 

according to the National Bureau of Statistics.24 The fixed effects may absorb attitude biases 

(e.g., trust or discrimination) of local residents in some county toward migrants from a specific 

region (Guiso et al., 2009). As shown, the estimates do not change much compared with the 

benchmark results.  

To account for geographic distance, which may relate to both dialect distance and the labor 

market outcomes of migrants, Panel B controls for the log of transportation distance from the 

administrative center of the home province to the destination county. The results show that the 

estimates are actually quite similar to the basic results.  

Migrants from linguistically less distant provinces may have a larger number of migrant 

peers from the same province in a particular destination county. Consequently, they may have 

a better chance of success in the local labor market. To account for such a possibility, Panel C 

controls for the log of the number of migrants from the same province in the destination county 

by using data from the population census in 2010. The results suggest that the impacts of 

identity on work time are even stronger and that the estimate of the impact on the hourly wage 

turns out to be significant at the level of 10%, although the estimated impact on the likelihood 

of working over five days per week is marginally significant (t=1.55). Since the stock of 

migrants may reflect bilateral connections in a broader sense, which include across-region links 

caused by political events such as the send-down movement (Kinnan et al., 2018), the results 

above should also reduce concerns of such bilateral connections. 

Relatedly, people may worry that our instrumental variable may affect not only the 

                                                             
24 See https://data.stats.gov.cn/english/easyquery.htm?cn=E0101 for details of the classification. 
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migrants’ performance on the local labor market, but also their sorting into the local labor 

market, which may go through factors independent of identity. As discussed in Section 5, 

sorting within the pair of destination county and original province is much less extensive than 

sorting into a certain destination county or from a certain original province in the data. 

Meanwhile, an examination of the remaining sorting on observable attributes within origin-

destination pairs indicates that they are neither significantly correlated with the instrumental 

variable nor are important determinants of labor market outcomes. Furthermore, the IV 

estimates controlling for the average characteristics of fellow townsmen residing in the same 

destination county are quite similar to the benchmark estimates (see Table A3 in Appendix B). 

Although we can only examine sorting on the basis of observables, it can be informative of the 

potential sorting of unobservables (Altonji et al., 2005; Oster, 2019). The above results imply 

that the exclusion restriction of the instrumental variable with respect to sorting on 

unobservables is likely to be a reasonable assumption.  

To further address the concern of potential within-origin-destination-pair sorting on 

unobservable factors, in Panel D of Table 5, we control for the wage differentials between the 

places of origin and destination, the primary determinants of sorting across locations in 

migration choices. Specifically, we construct prefecture-level average wages by using data 

from the population census in 2005, and then weight them by population of the original 

prefecture to get the measure of the gap between wages at the original province and destination 

prefecture. As shown, the results are quite similar to the benchmark estimates, indicating that 

our instrumental variable estimates are unlikely confounded by wage differentials across 

regions.25  

Finally, to further validate the exclusion restriction, we perform a falsification test. 

Specifically, we examine the possible direct effect of the dialect distance on migrants’ labor 

market outcomes by estimating reduced-form regressions in the sample of new migrants who 

resided in the destination county for less than, or equal to, six months, exploiting the fact that 

integration with local networks (the main mechanism evidenced below) takes time and the 

                                                             
25  The estimates remain robust if we also control for original-region-by-destination-county fixed effects, the log of 
transportation distance, the log of the number of migrants from the same province in the destination county in 2010, and the 
average characteristics of fellow townsmen residing in the same destination county. The results are available upon request. 
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beneficial effect of self-identification with the host society on labor market outcomes is very 

unlikely to occur among newly arrived migrants. Panel A of Table 6 reports the results. As 

shown, none of the labor market outcomes is significantly associated with the dialect distance. 

Meanwhile, the magnitude of the estimates is generally quite small. In contrast, for migrants 

who resided in the destination county for more than six months, the reduced-form associations 

between dialect distance and labor market outcomes are economically and statistically 

significant in most cases. These results greatly support the identification assumption. In 

particular, the results should further reduce the concerns related to communication effect of 

dialect and sorting in the destination choice of migrants. Both effects should appear among the 

new migrants if they are indeed salient. However, we do not find any evidence of these effects 

from the falsification test. Table 6 also shows that for both groups of migrants commitment to 

the local place is significantly negatively correlated with linguistic distance between dialects 

of the home and host places. The association is stronger for new migrants than those who have 

resided in the host county for more than half a year. These results are consistent with the facts 

that our IV estimation explores variation in pre-determined identity that is caused by the 

cultural difference between the home and host places and that the association can be attenuated 

when identity evolves after the migrants arrive in the host place.26  

 

6.3 Plausible Exogeneity of the Instrumental Variable 

While the above results show no clear evidence of the violation of the exclusion restriction, 

we examine the sensitivity of our results when the instrumental variable is only plausibly 

exogenous by using the method developed by Conley et al. (2012), which provides unbiased 

IV estimates in situations where the exclusion restriction of the instrumental variable does not 

hold precisely. Specifically, consider a generalization of our second-stage equation 

௜௖௣ݕ = ଴ߙ + ௜௖௣ݕݐ݅ݐ݊݁݀ܫଵߙ + ௜௖௣݁ܿ݊ܽݐݏ݅݀ ݐ݈ܿ݁ܽ݅ܦߛ + ߙ ௜ܺ௖௣ + ௖ߜ + ௣ߜ +  ,௜௖௣ߝ

where ߛ captures the direct effect of dialect distance on migrants’ labor market outcomes other 

                                                             
26 In Appendix A, we use surname distance (a measure of genealogical relatedness) between host and home provinces as an 
alternative instrumental variable. The point estimates of the IV regressions are quite similar to the benchmark results, although 
they are less significant likely due to a weaker association in the first-stage regression. For this additional instrumental variable, 
we also confirm the exclusion restriction by using the overidentification test. However, we only take this as suggestive evidence 
given the lack of power of the test. 
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than effects through the channel of their commitment to the host place. Given ߛ, we can obtain 

an unbiased IV estimate of ߙଵ from the modified equation 

ప௖௣ෞݕ = ଴ߙ + ௜௖௣ݕݐ݅ݐ݊݁݀ܫଵߙ + ߙ ௜ܺ௖௣ + ௖ߜ + ௣ߜ +  ,௜௖௣ߝ

where ݕప௖௣ෞ ≡ ௜௖௣ݕ −  .௜௖௣݁ܿ݊ܽݐݏ݅݀ ݐ݈ܿ݁ܽ݅ܦߛ

Following the idea presented in the falsification test above, we estimate ߛ by conducting 

a reduced-form regression in the sample of new migrants who resided in the destination county 

for no more than six months. As a practical manner, we construct a summary index consisting 

of the average Z-score of all outcomes variables with significant benchmark results as shown 

in Columns (6) to (9) in Panel A of Table 3 in the main text. 

The coefficient of ߛ in the regression on the summary index is estimated to be negative 

(i.e., -0.037) and statistically insignificant (the 90% confidence interval is [-0.111, 0.036]). 

These results imply that the true effect of identity on the summary index of working time is 

actually more negative (i.e., a stronger effect) than the benchmark IV estimate which is 

−0.696 (p=0.002) if ߛ = −0.037. Applying the method of Conley et al. (2012), Figure A2 in 

Appendix B illustrates the 90 percent confidence interval boundaries for IV estimates of the 

effect of identity on the summary index when we assume the value of ߛ varies on the interval 

[-0.111, 0.036]. As shown, we are still able to confirm a significantly beneficial effect of self-

identification with the host society on labor market outcomes (i.e., less working time) even 

when we allow for a plausible amount of imperfect exogeneity of the instrumental variable. 

Actually, for the 90 percent confidence interval for the IV estimate to include 0, ߛ must be 

greater than 0.036. This possibility is only 0.05 according to the estimates of ߛ reported above. 

In other words, the probability of a violation of the exclusion restriction that would make the 

results insignificant at the 10%-level is only 5 percent. Overall, the exercise suggests our 

conclusion from the main results is robust to possible deviations from the perfect exogeneity 

assumption.  

 

6.4 Selection Bias 

In the main analyses, we exclude employers and self-employed migrants due to the 

difficulty of separating their labor earnings from capital returns. To address potential bias 
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caused by sample selection, we use Heckman’s selection model to correct this selection bias. 

Specifically, we use the indicators of participating in social insurance programs in hometowns 

as instrumental variables for the selection indicator, namely, being an employee in destination 

places.27 The estimation results suggest that the indicators of participating in social insurance 

programs in hometowns are negatively correlated with being an employee (F-statistic=45.9), 

whereas they are unlikely to directly impact labor earnings and work time at the migration 

destinations. We then control for the inverse Mills ratio predicted from the selection model to 

account for potential bias caused by the sample selection. Table A4 in Appendix B reports the 

results. As shown, the estimates are nearly the same as the benchmark results, except that the 

impact of identity on hourly wage turns out to be significant at the level of 5% after correcting 

for selection bias.           

Overall, the results are robust in a battery of alternative specifications. This should reduce 

concerns related to the potential violation of exclusion conditions of our estimation strategy 

and sample selection in the main analyses. 

 

6.5 Mechanisms 

To investigate the mechanisms of how identity affects labor market outcomes, following 

the conceptual framework, we consider the effects of identity on migrants’ social network and 

choice of residence. In addition, we explore the connections migrants use during job search, 

which are important for obtaining higher-quality jobs.  

We first investigate the effects of identity on migrants’ network and neighborhood choice. 

Columns (1) and (2) in Table 7 show that self-identification with the host society significantly 

increases the probability of interacting with locals, whereas it reduces the probability of 

interacting with people from migrants’ place of origin. Self-identification with the host society 

also lowers the chance of participating in the activities of ethnic organizations, although this 

result is not statistically significant. Columns (4) to (6) report the estimated effects of identity 

on migrants’ choice of residence. We find that commitment to the host society significantly 

                                                             
27  The indicators include whether the migrants were participating in the following social insurance programs in their 
hometowns: the New Rural Cooperative Medical Scheme, the Medical Insurance Scheme for Urban Workers, the Medical 
Insurance Scheme for Urban Residents, the Urban Pension Insurance Scheme, and the Rural Pension Insurance Scheme. 
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increases the probability of having local neighbors by 21 percentage points and reduces the 

probability of having non-local neighbors by 37 percentage points. These results indicate that 

socially assimilated migrants are more likely to interact with local citizens and are less likely 

to interact with people from their hometown. They are also more likely to live in a community 

with mostly local citizens and less likely to live with non-local citizens.  

Social interactions and residence choice may play an important role in information 

diffusion and labor market outcomes (Bayer et al., 2008; Bollinger et al., 2020). To examine 

such a channel, Table 8 examines the impacts of identity on migrants’ job search. We find that 

self-identification with the host society significantly increases the probability of finding jobs 

through local people by 17 percentage points. Migrants are also more likely to find a job self-

dependently. However, socially assimilated migrants are less likely to find a job through family 

members, relatives, or friends. These results indicate that networks with local citizens are an 

important channel through which migrants can obtain high-quality jobs for reasons such as 

alleviating information friction in the job-searching process (Abel et al., 2020).28  

To explore the extent to which the benefits of self-identification with the host society for 

labor market outcomes are through job attainment, in equation (1) we further control for a 

vector of dummies indicating types of occupation, industry, and work unit of the migrants to 

account for potential labor market segmentation (Wang and Conesa, 2022). Table A6 in 

Appendix B reports the IV estimates. The coefficients on work time and propensity to overwork 

are still negative and significant, although the magnitudes are smaller in absolute values than 

those in Panel A of Table 3. These results indicate that occupation, industry, and type of work 

unit can partially explain the impact of self-identification with the host society on reducing 

work time, likely through the beneficial effects of networking with local citizens. The 

significantly higher hourly wage and lower likelihood of overwork of the assimilated migrants 

conditional on the job characteristics indicate the possibility of having substantial differences 

                                                             
28 Table A5 in Appendix B assesses the exclusion condition of the IV regressions on the variables of migrants’ behaviors by 
conducting falsification tests similar to that in Table 6. The results suggest that the reduced-form association between dialect 
distance and the behavioral variables is not significantly different from 0 for new migrants in most cases. One exception is that 
they were significantly more likely to interact with ethnic people if they came from a province with a larger linguistic distance 
from the dialect spoken at the destination county. These results are consistent with the conjecture that establishing relations 
with local people took much more time than making connections with ethnic networks. Therefore, for new migrants we may 
not observe their behavioral adaptation even if they were affiliated with the host society in self-identification. Overall, the 
results support the assumption of exclusion restriction for identification in the mechanism analysis. 
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in the quality of jobs even within the same occupation, industry, and type of work unit.  

 

6.6 Heterogeneity Analysis 

In this section, we examine the heterogeneity of the impacts of identity on the labor market 

outcomes of migrants by the following regression equation: 

௜௖௣ݕ  = ଴ߙ + ௜௖௣ݕݐ݅ݐ݊݁݀ܫଵߙ + ௜௖௣ݕݐ݅ݐ݊݁݀ܫଶߙ × ݀௜௖௣ + ߙ ௜ܺ௖௣ + ௖ߜ + ௣ߜ +  ௜௖௣ , (3)ߝ

where ݀௜௖௣ is a dummy equal to 1 if migrant ݅ is male and 0 otherwise. The other variables 

are defined as before. The parameter ߙଵ indicates the impact of identity on labor market 

outcomes among female migrants, and ߙଶ  indicates the gender difference in the effect of 

identity. Thus, ߙଵ +  ଶ indicates the impact of identity on labor market outcomes among maleߙ

migrants. Given that both the variable of identity and its interaction with the dummy variable 

݀௜௖௣ are endogenous, we use dialect distance and the interaction term of dialect distance with 

݀௜௖௣  as instrumental variables. To test for weak instruments, we report the cluster-robust 

Kleibergen-Paap (KP) F-statistic. We also report the p-values on testing whether the estimator 

of ߙଵ +   .ଶ is different from 0ߙ

In addition, we examine the heterogeneity of the impacts along with age and the education 

level of the migrants. Specifically, we define a dummy indicating that migrants are young if 

they are 30 years old or younger, and define that a migrant is highly educated if he or she has 

completed college education or above.    

Table 9 reports the results of the heterogeneity analysis. Panel A shows that the average 

hours worked per day significantly decrease among female migrants as they are locally 

assimilated. Their probability of working over eight hours per day declines significantly as well. 

However, there is essentially no change in their hourly wage as a result of affiliating with the 

host society. For male migrants, self-identification with the host society increases the hourly 

wage by 5.58 yuan (see the estimator of ߙଵ + -ଶ), which is significantly different from 0. Selfߙ

identification with the host society also significantly decreases daily work hours of male 

migrants, but the magnitude is about half of the impact among female migrants. The results 

indicate that commitment to the host society mainly reduces work time among female migrants, 

whereas socially assimilated male migrants tend to have jobs with higher hourly wages and 
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less work time.  

Panel B examines the heterogeneity of the identity impacts between young and old 

migrants, as defined earlier. For most of the outcome variables, the coefficients of the 

interaction term are small and not significantly different from 0, indicating no notable 

difference in the impact between young and old migrants. These are confirmed by the similarity 

of the estimated effects on the labor market outcomes of the two groups. Specifically, the results 

suggest that, for both young and old migrants, self-identification with the host society increased 

the hourly wage and significantly reduced the work hours and likelihood of being overworked. 

Panel C presents the results of the heterogeneity analysis by the education level of the 

migrants. In the sample, about 13 percent of the migrants have completed college education or 

above, and are classified as highly educated according to our earlier definition. As shown by 

the results, self-identification with the host society significantly raises monthly earnings and 

hourly wages of the less educated migrants, whereas it also significantly reduces their work 

time. The coefficients of the interaction term indicate that the impacts differ significantly 

between the less educated and highly educated migrants. For the highly educated migrants, 

identity has no impacts on their work time, whereas their hourly wage and monthly earnings 

reduce significantly as they assimilate locally. The results indicate that the beneficial effects of 

self-identification with the host society on labor market outcomes appear mainly among less 

educated migrants, implying they should be the target of the integration policy.        

 

7. Conclusions 

This study examines the impact of the social identity of China’s internal migrants on their 

labor market outcomes by exploring plausibly exogenous variation in self-identification with 

the host society caused by the dialect distance between the original and current place of 

residence. To deal with possible violation of the exclusion restriction, we take into account the 

communication effect of dialect on labor market outcomes and sorting in the choice of 

migration destinations. We also check the sensitivity of our results by relaxing the strict 

exogeneity assumption of the instrumental variable, using the method developed by Conley et 

al. (2012).  
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We find consistent evidence that self-identification with the host society increases 

migrants’ hourly wages and reduces the average number of working hours and the likelihood 

of overworking. Specifically, the benchmark estimates suggest that the hourly wage increases 

by 3.25 yuan, or 24% of its mean, as migrants assimilate into the local place in self-

identification. Commitment to the host society also significantly reduces the average work time 

per day by 1.17 hours, and eliminates the likelihood of overwork on a daily basis.  

Further analyses of the mechanisms suggest that self-identification with the host society 

significantly raises the likelihood of interacting with locals and living in local neighborhoods. 

It also significantly increases the propensity of finding a job with help from the locals, likely 

through extended access to local networks. In line with these results, we find a reduction in the 

negative effect of affinity with the host society on working hours and the propensity of 

overwork by controlling for job characteristics, including types of occupation, industry, and 

work unit. However, the benefits of self-identification with the host society on labor market 

outcomes among migrants are still significant after accounting for these job characteristics, 

indicating possible differences in the quality of jobs even within the same occupation, industry, 

and type of work unit. These findings suggest the value of integration policy. 
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Figures and Tables 
Figure 1. Conceptual framework 
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Figure 2. Sampled prefectures 

 
Notes: The figure illustrates the location of provinces (in pink) and prefectures (in blue) in the sample. These 
include the Songjiang district in Shanghai, the Suzhou and Wuxi prefectures in Jiangsu Province, the 
Quanzhou prefecture in Fujian Province, the Wuhan prefecture in Hubei Province, the Changsha prefecture 
in Hunan Province, and the Xi’an and Xianyang prefectures in Shan’xi Province. 
Source: Own construction. 
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Figure 3. Distribution of labor market outcomes by identity 
 

 
Notes: The figure plots the kernel density distribution of average hours worked per day (Panel A) and hourly 
wage (Panel B) for respondents who feel they belong to local citizens (solid line) and those who feel they do 
not belong to local citizens (dash line). The numbers above the charters are the corrected p-value of the two-
sample Kolmogorov-Smirnov test for equality of distribution functions. 
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Table 1. Sample characteristics by identity 

Yes No (1) - (2) p-value
(1) (2) (3) (4)

Labor market outcomes
Monthly income 3,195.45 3,016.73 178.72 0.000
Hourly wage 14.68 13.09 1.59 0.000
Average days worked per week 5.98 6.08 -0.09 0.000
Average hours worked per day 9.00 9.34 -0.34 0.000
Average hours worked per week 54.19 57.09 -2.91 0.000
Overwork (days per week > 5) 0.74 0.80 -0.06 0.000
Overwork (hours per day > 8) 0.42 0.53 -0.11 0.000
Overwork (hours per week > 40) 0.77 0.84 -0.07 0.000
Demographic characteristics
Age 33.19 32.63 0.56 0.002
Male (yes=1) 0.55 0.55 -0.01 0.612
Never married (yes=1) 0.24 0.32 -0.07 0.000
Married one time (yes=1) 0.74 0.66 0.08 0.000
Married two or more times (yes=1) 0.01 0.01 0.00 0.613
Divorced (yes=1) 0.01 0.01 0.00 0.016
Widowed (yes=1) 0.00 0.00 0.00 0.612
Education level below middle school 0.09 0.13 -0.04 0.000
Education level of middle school 0.55 0.61 -0.06 0.000
Education level of high school 0.19 0.16 0.02 0.003
Education level of college 0.17 0.10 0.07 0.000
Education level above college 0.00 0.00 0.00 0.040

Feel they belong to local
citizens?

Difference

Notes: The number of observations is 9,790, and 45% of the respondents feel they belong to local citizens. 
Column (1) reports the sample mean of migrants who feel they belong to local citizens, whereas Column (2) 
describes the sample mean of migrants who do not feel they belong to local citizens. Column (3) reports the 
difference in means between the two groups. The last column reports the p-value on testing the hypothesis 
that the difference is equal to 0. 
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Table 2. OLS estimates of association between identity and labor market outcomes 

monthly
income

hourly
wage

aver. days
worked per

week
aver. hours

worked per day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8)

Feel they b/to local citizens (yes=1) 59.20 0.66*** -0.06*** -0.16*** -1.48*** -0.04*** -0.06*** -0.04***
(40.80) (0.23) (0.02) (0.05) (0.39) (0.01) (0.01) (0.01)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 3,097.18 13.80 6.04 9.19 55.78 0.77 0.48 0.81
Observations 9,761 9,761 9,790 9,790 9,790 9,790 9,790 9,790

work time overwork

 
Notes: The table reports the results from OLS regressions as specified in equation (1) in the text. The other control variables include age, age squared, dummy of male, 
marital status (including dummies of married once, married two or more times, divorced, and widowed), and education categories (including dummies of education 
level of middle school, education level of high school, education level of college, and education level above college). The standard errors in parentheses are clustered 
by residential community. *** p<0.01, ** p<0.05, * p<0.1. 
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Table 3. IV estimation on the impact of identity on labor market outcomes 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8) (9)
Panel A: 2SLS estimates
Feel they b/to local citizens (yes=1) 39.58 3.25 -0.23 -1.17*** -9.21** -0.22** -0.44*** -0.26**

(400.30) (2.09) (0.21) (0.44) (3.76) (0.11) (0.15) (0.11)
Dialect distance (0-1-2-3) -0.10***

(0.01)
KP F -statistic 52.31
Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.45 3,096.76 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,780 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780
Panel B: Reduced-form estimates
Dialect distance (0-1-2-3) -4.06 -0.33 0.02 0.12*** 0.94** 0.02** 0.04*** 0.03**

(41.27) (0.21) (0.02) (0.04) (0.36) (0.01) (0.01) (0.01)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 3,096.76 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780

feel they b/to
local citizens

(yes=1)

work time overwork

 
Notes: Panel A reports the results from IV regressions as specified in equations (1) and (2) in the text. Panel B reports the OLS estimates of the reduced-form relationships 
between dialect distance and labor market outcomes. The other control variables are the same as those in Table 2. “KP F-statistic” denotes the cluster-robust Kleibergen-
Paap (KP) F-statistic on testing weak instruments. The standard errors in parentheses are clustered by residential community. *** p<0.01, ** p<0.05, * p<0.1. 
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Table 4. Examination of communication effect 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8) (9)
Panel A: 2SLS estimates
Feel they b/to local citizens (yes=1) -31.37 4.29 -0.29 -1.54** -12.01* -0.31* -0.58** -0.37**

(618.83) (3.31) (0.34) (0.74) (6.28) (0.18) (0.25) (0.18)
Can speak local dialect (yes=1) 0.15*** 28.33 -0.55 0.04 0.22 1.77 0.04 0.07 0.06*

(0.02) (106.75) (0.58) (0.06) (0.14) (1.14) (0.03) (0.05) (0.03)
Can understand local dialect (yes=1) 0.11*** 23.40 -0.12 -0.02 0.01 -0.17 0.02 0.02 0.01

(0.02) (81.64) (0.46) (0.05) (0.11) (0.93) (0.03) (0.04) (0.03)
Dialect distance (0-1-2-3) -0.06***

(0.01)
KP F -statistic 21.08
Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.45 3,096.76 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,780 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780
Panel B: Reduced-form estimates
Dialect distance (0-1-2-3) 20.16 -0.41 0.05 0.10 1.02* 0.04** 0.05** 0.04**

(59.32) (0.31) (0.03) (0.07) (0.58) (0.02) (0.02) (0.02)
Dialect distance (0-1-2-3) × City with -40.70 0.13 -0.04 0.02 -0.14 -0.02 -0.01 -0.01
larger dialect distance to Putonghua (82.09) (0.45) (0.05) (0.09) (0.80) (0.02) (0.03) (0.02)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 3,096.76 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780

feel they b/to
local citizens

(yes=1)

work time overwork

 
Notes: Panel A reports the results of IV estimation of regressions which further controls for dummies indicating whether the migrants can speak the local dialect and 
whether they can understand the local dialect on the basis of specification in Panel A of Table 3. Panel B reports the OLS estimates of the heterogeneous relationships 
between dialect distance and labor market outcomes by proximity to Putonghua of dialect at destination city. The standard errors in parentheses are clustered by 
residential community. *** p<0.01, ** p<0.05, * p<0.1.  
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Table 5. Robustness checks 

monthly
income

hourly
wage

aver. days
worked per

week
aver. hours

worked per day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8)
Panel A: Control for original region and destination county FE
Feel they b/to local citizens (yes=1) 623.66 5.26 -0.42 -1.12** -11.19** -0.30** -0.48** -0.34**

(779.30) (3.70) (0.27) (0.57) (4.97) (0.15) (0.20) (0.15)
Observations 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780
Panel B: Control for log of transportation distance
Feel they b/to local citizens (yes=1) 227.22 3.75 -0.35 -1.14** -10.69** -0.34** -0.43** -0.39***

(574.41) (3.07) (0.27) (0.57) (4.90) (0.14) (0.19) (0.15)
Observations 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780
Panel C: Control for log of migrants from the same province
Feel they b/to local citizens (yes=1) 241.73 4.40* -0.23 -1.49*** -11.65*** -0.17 -0.47*** -0.19*

(455.17) (2.46) (0.22) (0.51) (4.15) (0.11) (0.16) (0.11)
Observations 9,615 9,615 9,643 9,643 9,643 9,643 9,643 9,643
Panel D: Control for wage gap
Feel they b/to local citizens (yes=1) 331.14 4.62* -0.30 -1.05** -9.21** -0.31** -0.37** -0.31**

(451.13) (2.53) (0.26) (0.50) (4.49) (0.13) (0.17) (0.13)
Observations 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes

work time overwork

 
Notes: The table reports the IV estimates of alternative specifications for equation (1) in the text. Panel A controls for the original-region-by-destination-county fixed 
effects. Panel B controls for the log of transportation distance from the administrative center of the home province to the destination county. Panel C controls for the 
log of the number of migrants from the same province in the destination county. Panel D controls for the wage gap between the original province and the destination 
prefecture. The standard errors in parentheses are clustered by residential community. *** p<0.01, ** p<0.05, * p<0.1.  
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Table 6. Falsification test 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Dialect distance (0-1-2-3) -0.16*** -45.53 -0.08 0.01 -0.07 -0.26 -0.01 -0.02 -0.02
(0.03) (91.25) (0.42) (0.05) (0.10) (0.87) (0.02) (0.03) (0.02)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.33 2,746.92 11.47 6.15 9.52 58.94 0.85 0.59 0.88
Observations 1,426 1,421 1,421 1,426 1,426 1,426 1,426 1,426 1,426

Dialect distance (0-1-2-3) -0.09*** -10.79 -0.37* 0.02 0.13*** 0.98** 0.03** 0.05*** 0.03***
(0.02) (42.67) (0.23) (0.02) (0.05) (0.39) (0.01) (0.02) (0.01)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.47 3,156.92 14.2 6.02 9.13 55.25 0.76 0.46 0.79
Observations 8,354 8,330 8,330 8,354 8,354 8,354 8,354 8,354 8,354

work time overwork

Panel A: Subsample—Years since arrival less than or equal to half a year

Panel B: Subsample—Years since arrival more than half a year

feel they b/to
local citizens

(yes=1)

 
Notes: Panel A reports the OLS estimates of the first-stage (reduced-form) relationship(s) between dialect distance and identity (labor market outcomes) using a 
subsample of migrants who stayed in the city for less than, or equal to, half a year, whereas Panel B reports the OLS estimates using a subsample of migrants who 
stayed in the city for more than half a year. The other control variables are the same as those in Table 2. The standard errors in parentheses are clustered by residential 
community. *** p<0.01, ** p<0.05, * p<0.1. 
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Table 7. IV estimation on the influence of identity on network and neighborhood choice 

interact with ethnic
people (yes=1)

interact with  local
people (yes=1)

member of ethnic
organization (yes=1)

neighbors are
mostly local citizens

(yes=1)

neighbors are
mostly non-local
citizens (yes=1)

the number of local
and non-local

neighbors is similar
(yes=1)

(1) (2) (3) (4) (5) (6)

Feel they b/to local citizens (yes=1) -0.12* 0.52*** -0.08 0.21* -0.37*** 0.16
(0.06) (0.14) (0.12) (0.12) (0.13) (0.13)

Control VARs Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes
Original Province FE Yes Yes Yes Yes Yes Yes
Mean of outcome 0.93 0.42 0.12 0.23 0.49 0.28
Observations 9,780 9,780 9,780 9,405 9,405 9,405

Networks Neighborhood

Outcome variables

 
Notes: The table reports the IV estimates on migrants’ network and neighborhood choice, using the dialect distance between the original and destination places as an 
instrumental variable for the sense of belonging to the local citizens. The other control variables include age, age squared, dummy of male, marital status (including 
dummies of married once, married two or more times, divorced, and widowed), and education categories (including dummies of education level of middle school, 
education level of high school, education level of college, and education level above college). The standard errors in parentheses are clustered by residential community. 
*** p<0.01, ** p<0.05, * p<0.1. 
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Table 8. IV estimation on the influence of identity on job search 
find the job through
family/relatives or
friends/classmates

(yes=1)

find the job on their
own, or start a

business on their
own (yes=1)

find the job through
local people (yes=1)

find the job through
government, social

agency, internet, job
fair, and others

(yes=1)
(1) (2) (3) (4)

-0.44*** 0.21* 0.17** 0.06
(0.15) (0.12) (0.07) (0.10)

Control VARs Yes Yes Yes Yes
County FE Yes Yes Yes Yes
Original Province FE Yes Yes Yes Yes
Mean of outcome 0.47 0.31 0.06 0.16
Observations 9,774 9,774 9,774 9,774

Outcome variables

Feel they b/to local
citizens (yes=1)

Notes: The table reports the IV estimates on migrants’ job search, using the dialect distance between the 
original and destination places as an instrumental variable for the sense of belonging to the local citizens. 
The other control variables include age, age squared, dummy of male, marital status (including dummies of 
married once, married two or more times, divorced, and widowed), and education categories (including 
dummies of education level of middle school, education level of high school, education level of college, and 
education level above college). The standard errors in parentheses are clustered by residential community. 
*** p<0.01, ** p<0.05, * p<0.1. 
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Table 9. IV estimation of the heterogeneous impact of identity on labor market outcomes 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8)
Panel A
Feel they b/to local citizens (α1) -551.79 0.11 -0.17 -1.57*** -11.39** -0.08 -0.58*** -0.17

(444.60) (2.29) (0.23) (0.56) (4.44) (0.12) (0.18) (0.12)
Male×Feel they b/to local citizens (α2) 1,029.07** 5.46* -0.12 0.69 3.81 -0.25* 0.25 -0.16

(516.79) (2.83) (0.25) (0.60) (4.95) (0.14) (0.20) (0.13)
α1+α2 477.28 5.58** -0.28 -0.88* -7.58* -0.33** -0.33* -0.33**
p -value of α1+α2=0 0.340 0.039 0.269 0.086 0.094 0.013 0.063 0.013
KP F -statistic 26.27 26.27 25.96 25.96 25.96 25.96 25.96 25.96
Panel B
Feel they b/to local citizens (α1) 83.19 3.61* -0.24 -1.20*** -9.55*** -0.22** -0.48*** -0.26**

(382.05) (1.98) (0.20) (0.42) (3.57) (0.10) (0.14) (0.10)
Young×Feel they b/to local citizens (α2) -78.79 -0.65 0.02 0.04 0.62 0.00 0.08 -0.01

(208.25) (1.22) (0.09) (0.22) (1.77) (0.05) (0.07) (0.05)
α1+α2 4.401 2.964 -0.225 -1.15** -8.93** -0.22* -0.41** -0.27**
p -value of α1+α2=0 0.992 0.198 0.329 0.015 0.029 0.053 0.012 0.022
KP F -statistic 26.73 26.73 26.43 26.43 26.43 26.43 26.43 26.43
Panel C
Feel they b/to local citizens (α1) 1,386.13** 12.10*** -0.31 -1.81*** -13.64*** -0.40*** -0.56*** -0.44***

(617.63) (3.74) (0.23) (0.54) (4.50) (0.13) (0.18) (0.13)
High-Edu×Feel they b/to local citizens (α2) -5,996.01*** -39.40*** 0.35 2.83*** 19.77** 0.79** 0.54* 0.78**

(1,881.61) (11.43) (0.38) (0.98) (7.73) (0.31) (0.29) (0.32)
α1+α2 -4,609.88*** -27.30*** 0.04 1.02 6.13 0.39 -0.02 0.34
p -value of α1+α2=0 0.005 0.006 0.918 0.251 0.375 0.156 0.941 0.229
KP F -statistic 21.64 21.64 21.52 21.52 21.52 21.52 21.52 21.52

work time overwork

Notes: The table reports the results from IV regressions as specified in equation (3) in the text. The variable male is a dummy and equal to 1 if the migrants are male, 
and 0 otherwise. Similarly, migrants are defined as young if they are 30 years old or younger, and are highly educated if they have completed college education or 
above. All the regressions also include the same control variables as those in Table 2, as well as destination-county fixed effects and original-province fixed effects. 
“KP F-statistic” denotes the cluster-robust Kleibergen-Paap (KP) F-statistic on testing weak instruments. The standard errors in parentheses are clustered by residential 
community. *** p<0.01, ** p<0.05, * p<0.1.  
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Appendix 

A. Use Surname Distance as the Instrumental Variable 

In this section, we use the surname distance as an instrumental variable for estimating the 

impact of identity on the labor market outcomes of internal migrants in China. 

In the Chinese population, surnames are transmitted via the male line. It is like the 

transmission of Y-chromosome genes, except that surnames are also passed on to females (Du 

et al., 1992). Surnames have been widely investigated by geneticists, anthropologists, and 

scientists in many other fields, given the considerable similarity of geographic distribution of 

surnames and genes (Chen et al., 2019).32 Therefore, we use the surname distance between 

populations as a measure of genealogical relatedness between populations.  

Following the literature, we define isonymy within a region ݅ as ܫ௜ = ∑ ௞௜݌
ଶௌ

௞ୀଵ , where 

 ௞௜ is the proportion of the population with surname ݇ among the entire population in region݌

݅, and ܵ is the total number of surnames. The isonymy between region ݅ and ݆ is defined as 

௜௝ܫ = ∑ ௞௝݌௞௜݌
ௌ
௞ୀଵ , which captures the similarity of surname distribution between populations 

in the two regions. Accordingly, the surname distance between region ݅ and ݆ is measured 

by the Nei’s index (Nei, 1972), which is a normalization of isonymy between the two regions, 

namely, ௜ܰ௝ = −log (ܫ௜௝/ඥܫ௜ܫ௝).33 The Nei’s index equals 0 when the surname distribution of 

two populations are identical, and is positive when the distributions differ. Similar to the dialect 

distance, a higher Nei’s index is associated with larger cultural differences between two 

populations. 

We use data constructed by Du et al. (1992) to measure the surname distance between 

provinces in China and match them with the survey data used in the main analysis. By doing 

so, we can get a measure for every migrant of the distance in surname distribution of 

populations in the home province and the province of the destination place. The correlation 

                                                             
32 Many Chinese surnames appeared around 4,000 years ago, which is at least 3,000 years earlier than those in Europe or 
Japan. Meanwhile, the Chinese population uses fewer surnames and has much larger isonymous groups than Europe or Japan 
(Du et al., 1992). 
33 We achieve similar results if we measure surname distance by the relative isonymy of two regions (i.e., ܫ௜௝/ඥܫ௜ܫ௝) or we 
construct the indexes based on the 19 most common surnames or 1,035 less common surnames, according to Du et al. (1992). 
This should reduce concerns that the information contained in the less popular surnames cannot be adequately revealed in the 
measure of isonymy (Chen et al., 2019). 
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coefficient between the measures of surname distance and linguistic distance is 0.554. For 

reference, Spolaore and Wacziarg (2009) reported that the correlation coefficient between 

genetic distance and linguistic distance is 0.227 across countries in the world. The relatively 

high pairwise correlation confirms the validity of our measure of linguistic distance.     

Panel A of Table A7 in Section B of this Appendix reports the results of the 2SLS by using 

surname distance between home and host provinces as the instrument variable for self-

identification with the host society. As shown, the IV estimates of the impact of identity on 

migrants’ labor market outcomes are quite similar to the benchmark results in sign and 

magnitude, although the estimates are less statistically significant. We only observe significant 

impacts of identity on the likelihood of overworking using the alternative instrument. This is 

likely due to less power in the first stage. Compared to the benchmark results, the F-statistic 

decreases from 55 to 21, although it is still larger than 10. 

In principle it is possible to test the exclusion restriction for linguistic distance via an 

overidentification test by using surname distance as an additional instrumental variable, if we 

assume the exclusion restriction for surname distance holds. However, the power of the test 

may be too low to be conclusive, given that the instrument of surname distance is relatively 

weak. Panel B of Table A7 reports the results of IV estimation using multiple instruments. 

Although the results indicate that we cannot reject the null hypothesis that the over-identifying 

restrictions are valid, we only take them as suggestive evidence. 
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B. Supplementary Figures and Tables 
Figure A1. Bilateral dialect distance—An example 

 
Notes: The figure demonstrates the bilateral dialect distance between one of the counties in the sample—the 
Chang’an district (the red point on the map) and the potential destination provinces of migration. 
Source: Own construction. 
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Figure A2. Bounds of IV estimates under plausible exogeneity 

 
Notes: The figure illustrates the upper and lower bounds of the 90 percent confidence interval for the IV 
estimates of the effect of identity on the summary index when γ takes the values on the interval [-0.111, 
0.036]. 

 
  



53 
 

Table A1. Correlation between individual and average characteristics of respondents 
with the same residential county and original province 

Unconditional

Conditional on
County FE+Original

province FE

Conditional on
County FE+Original

province FE+Original
region by county FE

(1) (2) (3)
Age .207 .000 -.050
Age 15-24 .196 .101 .006
Age 25-34 .241 .107 .114
Age 35-59 .209 -.009 -.013
Male .126 .052 .019
Married .220 .050 -.028
Education: Middle school or below .436 .126 .078
Education: High school .204 .098 .162
Education: College or above .478 .235 .063
Number of children .240 .011 -.081
Number of children=0 .232 .029 -.061
Number of children=1 .098 -.076 -.236
Number of children≥2 .184 -.015 -.144
Han ethnicity .259 .148 .141
Nonagriculture hukou .327 .122 .097

 
Notes: The table reports the correlation between individual characteristics and the average value of 
corresponding characteristics among other respondents who came from the same province and worked at the 
same destination county. The observation unit of the estimation is the category defined by residential county 
and original province, and an individual is randomly chosen from each category. The categories with less 
than six respondents are dropped in the analysis. Column (1) reports the raw correlation, Column (2) reports 
the correlation conditional on residential county fixed effect and original province fixed effect, and Column 
(3) reports the correlation by further isolating the original region by county fixed effect. 
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Table A2. Dialect distance and average characteristics of respondents with the same residential county and original province 

Age
15-24

Age
25-34

Age
35-59

Male Married Middle
school or

below

High
school

College or
above

Num of
children

=0

Num of
children

=1

Num of
children
≥2

Han
ethnicity

Non-
agricultur
e hukou

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13)

Dialect distance (0-1-2-3) -0.00 -0.01 0.01 0.00 -0.01 0.04** -0.03** -0.01 -0.00 -0.00 0.01 -0.00 0.00
(0.02) (0.02) (0.02) (0.02) (0.03) (0.02) (0.01) (0.02) (0.04) (0.03) (0.03) (0.00) (0.01)

County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original Province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 482 482 482 482 482 482 482 482 482 482 482 482 482
R-squared 0.319 0.342 0.411 0.340 0.350 0.585 0.433 0.536 0.345 0.275 0.406 0.420 0.538

Dialect distance (0-1-2-3) -0.02 0.00 0.02 -0.00 -0.01 0.05* -0.03 -0.02 -0.01 -0.00 0.02 0.00 0.02
(0.02) (0.02) (0.02) (0.03) (0.04) (0.02) (0.02) (0.02) (0.04) (0.03) (0.03) (0.00) (0.02)

County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original Province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original Region by County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 413 413 413 413 413 413 413 413 413 413 413 413 413
R-squared 0.523 0.457 0.565 0.490 0.540 0.718 0.618 0.646 0.559 0.468 0.524 0.570 0.657

Dependent variables

Average characteristics

Panel A

Panel B

Notes: The table reports the OLS estimates of the association between the dialect distance and the average of a series of characteristics of respondents with the same 
residential county and original province. The observation unit is the original province by residential county. Panel A includes residential county fixed effect and original 
province fixed effect, whereas Panel B further controls for original region by residential county fixed effects. The number of observations is different in the two panels 
due to dropping of singleton observations in the estimation. The standard errors in parentheses are clustered at the levels of original province and residential county. 
*** p<0.01, ** p<0.05, * p<0.1.  
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Table A3. Examination of potential bias caused by sorting within destination county and original province 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8)
Panel A: IV benchmark estimates
Feel they b/to local citizens (yes=1) 39.58 3.25 -0.23 -1.17*** -9.21** -0.22** -0.44*** -0.26**

(400.30) (2.09) (0.21) (0.44) (3.76) (0.11) (0.15) (0.11)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes
Observations 9,503 9,503 9,530 9,530 9,530 9,530 9,530 9,530

Feel they b/to local citizens (yes=1) -347.97 1.58 -0.41 -1.06** -9.89** -0.26** -0.51*** -0.29**
(483.47) (2.45) (0.26) (0.48) (4.19) (0.12) (0.18) (0.13)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes
Control for average characteristics Yes Yes Yes Yes Yes Yes Yes Yes
Observations 9,503 9,503 9,530 9,530 9,530 9,530 9,530 9,530
p -value of joint test on average characteristics 0.814 0.488 0.151 0.157 0.174 0.178 0.024 0.209

work time overwork

Panel B: IV estimates controlling for average characteristics

 
Notes: Panel A reports the benchmark IV estimates. Panel B reports the results of IV regressions by further controlling for average characteristics (including dummies 
of age group, male, married, educational categories, and number of children) of fellow townsmen residing in the same destination county on the basis of benchmark 
regressions. The standard errors in parentheses are clustered by residential community. *** p<0.01, ** p<0.05, * p<0.1.  
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Table A4. IV estimation by correcting for sample selection bias 

monthly
income

hourly
wage

aver. days
worked per

week
aver. hours

worked per day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8)

Feel they b/to local citizens (yes=1) 120.64 3.72* -0.21 -1.23*** -9.37*** -0.21** -0.44*** -0.25**
(363.00) (1.96) (0.21) (0.44) (3.57) (0.11) (0.14) (0.10)

Inverse Mills ratio 380.07* 1.80 0.11 -0.01 0.92 0.05 0.08 0.05
(217.59) (1.12) (0.10) (0.24) (1.84) (0.05) (0.07) (0.05)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 3,094.18 13.80 6.03 9.19 55.76 0.77 0.48 0.80
Observations 9,631 9,631 9,660 9,660 9,660 9,660 9,660 9,660

work time overwork

 
Notes: The table reports the IV estimates by further controlling for the inverse Mills ratio to adjust for potential sample selection of only including the employee, which 
is instrumented by indicators of participation in social insurance programs in hometowns. The standard errors are computed using bootstrap with 500 replications. *** 
p<0.01, ** p<0.05, * p<0.1.  
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Table A5. Reduced-form association between dialect distance and mediator variables 

interact with
ethnic people

(yes=1)

interact with
local people

(yes=1)

member of
ethnic

organization
(yes=1)

neighbors are
mostly local

citizens
(yes=1)

neighbors are
mostly non-
local citizens

(yes=1)

the number
of local and
non-local

neighbors is
similar
(yes=1)

find the job
through

family/relativ
es or

friends/class
mates

(yes=1)

find the job
on their own,

or start a
business on

their own
(yes=1)

find the job
through local

people
(yes=1)

find the job
through

government,
social

agency,
internet, job

fair, and
others
(yes=1)

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Dialect distance (0-1-2-3) 0.03** -0.05 0.01 -0.01 0.05 -0.04 0.01 -0.03 0.01 0.01
(0.01) (0.03) (0.02) (0.03) (0.04) (0.03) (0.03) (0.02) (0.02) (0.02)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.93 0.37 0.12 0.21 0.52 0.27 0.55 0.24 0.06 0.14
Observations 1,426 1,426 1,426 1,365 1,365 1,365 1,426 1,426 1,426 1,426

Dialect distance (0-1-2-3) 0.01 -0.05*** 0.01 -0.02* 0.03** -0.01 0.05*** -0.02 -0.02*** -0.01
(0.01) (0.01) (0.01) (0.01) (0.02) (0.02) (0.02) (0.01) (0.01) (0.01)

Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.93 0.43 0.12 0.24 0.48 0.28 0.45 0.32 0.06 0.17
Observations 8,354 8,354 8,354 8,040 8,040 8,040 8,348 8,348 8,348 8,348

Networks Neighborhood Job searching

Panel A: Subsample—Years since arrival less than or equal to half a year

Panel B: Subsample—Years since arrival more than half a year

Notes: The table reports the OLS estimates of the reduced-form relationships between dialect distance and mediator variables for the subsample of migrants who stayed 
in the city for less than, or equal to, half a year (Panel A) and the subsample of migrants who stayed in the city for more than half a year (Panel B). The other control 
variables are the same as those in Table 2. The standard errors in parentheses are clustered by residential community. *** p<0.01, ** p<0.05, * p<0.1. 
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Table A6. IV estimation on the impact of identity on labor market outcomes conditional on job characteristics 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Feel they b/to local citizens (yes=1) 311.04 4.07** -0.19 -0.98** -7.74** -0.19* -0.36** -0.22**
(381.43) (2.04) (0.21) (0.44) (3.80) (0.11) (0.15) (0.11)

Dialect distance (0-1-2-3) -0.10***
(0.01)

KP F -statistic 50.26
Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Occupation, Industry, Unit type Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.45 3,096.76 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,780 9,751 9,751 9,780 9,780 9,780 9,780 9,780 9,780

feel they b/to
local citizens

(yes=1)

work time overwork

 
Notes: The table reports the results of IV regressions as specified in equations (1) and (2) in the text. The other control variables include age, age squared, dummy of 
male, marital status (including dummies of married once, married two or more times, divorced, and widowed), and education categories (including dummies of 
education level of middle school, education level of high school, education level of college, and education level above college), and dummies indicating types of 
occupation, industry, and work unit. “KP F-statistic” denotes the cluster-robust Kleibergen-Paap (KP) F-statistic on testing weak instruments. The standard errors in 
parentheses are clustered by residential community. *** p<0.01, ** p<0.05, * p<0.1.  
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Table A7. IV estimation on the impact of identity on labor market outcomes 

monthly
income

hourly
wage

aver. days
worked per

week

aver. hours
worked per

day

aver. hours
worked per

week

overwork
(days per
week>5)

overwork
(hours per

day>8)

overwork
(hours per
week>40)

(1) (2) (3) (4) (5) (6) (7) (8) (9)
Panel A
Feel they b/to local citizens (yes=1) -362.98 -0.42 -0.18 -0.99 -7.28 -0.28 -0.43* -0.29*

(594.55) (2.81) (0.33) (0.71) (5.95) (0.17) (0.23) (0.17)
Surname distance -0.30***

(0.07)
KP F -statistic 20.98
Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.45 3,097.06 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,785 9,756 9,756 9,785 9,785 9,785 9,785 9,785 9,785
Panel B
Feel they b/to local citizens (yes=1) 78.33 3.60* -0.24 -1.19*** -9.37*** -0.22** -0.44*** -0.26***

(362.21) (1.91) (0.16) (0.40) (3.19) (0.09) (0.13) (0.09)
Dialect distance (0-1-2-3) -0.11***

(0.02)
Surname distance 0.07

(0.08)
KP F -statistic 35.55
p -values of the overidentification test 0.348 0.107 0.848 0.719 0.640 0.575 0.959 0.775
Control VARs Yes Yes Yes Yes Yes Yes Yes Yes Yes
County FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Original province FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Mean of outcome 0.45 3,096.63 13.80 6.04 9.19 55.79 0.77 0.48 0.81
Observations 9,777 9,748 9,748 9,777 9,777 9,777 9,777 9,777 9,777

feel they b/to
local citizens

(yes=1)

work time overwork

 
Notes: Panel A reports the IV estimates using the surname distance as the instrumental variable for identity, whereas Panel B reports the IV estimates using both surname 
distance and dialect distance as instrumental variables for identity. The other control variables are the same as those in Table 2. “KP F-statistic” denotes the cluster-
robust Kleibergen-Paap (KP) F-statistic on testing weak instruments. Panel B also reports the p-values for Sargan chi-squared statistics for the overidentification test. 
The standard errors in parentheses are clustered by residential community. *** p<0.01, ** p<0.05, * p<0.1. 


