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Abstract:
Unemployment generated by a regulatory shock to labor markets may lead to spillover effects in
illegal labor markets. In particular, high-risk or low-skill individuals who face strict budget
constraints may seek alternative forms of illegal employment in addition to or as a substitute for
savings or public assistance. I employ city crime data and state level changes in the minimum
wage for Chicago and New York City to test the effect of state minimum wage increases on the
number and percent of crimes which may generate income. I focus on the minimum wage as a
regulatory shock which may generate spillover effects to illegal labor markets. I find a positive
relationship between increases in state minimum wages and increases in crime, as well as
increases in the different types of crimes. I include several specification tests to which the results
are robust. My preliminary results suggest that regulatory shocks to legal labor markets have a
significant effect on crimes which can generate income.
JEL Codes: J08, J24, J46
Keywords: minimum wage, economics of crime, labor markets
Acknowledgements: The author gratefully acknowledges comments from Thomas Stratmann
and seminar participants at the 2017 American Law and Economics Association Meeting and the
2016 Southern Economics Association Annual Meeting.

1

Assistant Professor of Economics, San Jose State University (darwyyn.deyo@sjsu.edu)
Deyo 1

1. Introduction
There are many regulatory shocks to labor markets which have the potential to increase the
criminal labor force. These shocks can theoretically shift a labor surplus from the legal labor
market into illegal labor markets, especially if members of that labor surplus have limited
savings or other income insurance. As legal labor markets become more regulated, parts of the
labor supply may be priced out of the legal labor market and face a trade-off between observing
the law and covering the costs of their household. This may be particularly true for groups
employed in low skill industries, or for groups which face non-price based discrimination in
labor markets. Examining the impact of these labor market shocks can illuminate broader effects
of regulatory policies.
One such shock which often receives popular support is increasing the federal minimum
wage. In recent years, there has been a movement toward significantly increasing minimum
wages at the state level. At the federal level, then President Obama issued an executive order in
2014 to increase the minimum wage for federal employees. Although the literature demonstrates
unemployment effects for low-skilled workers, relatively less is known about the secondary
effects of increasing the minimum wage (Card, Krueger, Card, & Krueger, 1994; Sabia,
Burkhauser, & Hansen, 2012; Zavodny, 2000). Individuals who cannot find legal employment
may seek employment in alternative labor markets. The literature examining these secondary
effects has primarily focused on how increases in the minimum wage change the labor-leisure
tradeoff and whether the income or substitution effect dominates between minimum wage
increases and the opportunity cost of committing crime. However, literature on the employment
effects from increasing the minimum wage highlights the fact that low-skilled and high-risk
individuals are more vulnerable to changes in the labor market, and young women, single
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mothers, and minorities may be even more vulnerable (Ahn, Arcidiacono, & Wessels, 2011a;
Currie & Fallick, 1996a; Kolker, 2013). Therefore, there are significant implications for what
happens to these groups if they are priced out of the legal labor market.
One potential outcome from increasing the minimum wage is that low-skilled and high-risk
individuals may seek employment in the illegal labor market. Research on the impact of wage
mandates, such as the minimum wage or living wages, has been focused on how increasing the
minimum wage impacts urban and youth crime (Beauchamp & Chan, 2014; Fernandez, Holman,
& Pepper, 2014a; Hashimoto, 1987; Thompson, 2009). These studies have produced conflicting
results over whether wage mandates increase crime. Crime is often divided into the two
categories of property crime and violent crime (Fernandez, Holman, & Pepper, 2014b; Jacob &
Lefgren, 2003; Raphael & Winter‐Ebmer, 2001). These studies also use the Federal Bureau of
Investigation’s Uniform Crime Reports (UCR) methodology for crime, which divides most
crimes into property or violent crime. For example, burglary is listed under property crime while
robbery is listed under violent crime, even though the functional difference between the two
categories is that the criminal uses a gun in the latter. However, some violent crimes such as
robbery may generate illegal income. Stealing someone’s wallet or television may provide
temporary funds for an individual without other labor prospects, although repeated thefts also
bring increased contact with the police authorities (Becker, 1974). Using the UCR crime
categories may therefore not be the best way to capture the substitution effects from the
minimum wage increase for individuals treating illegal activity as an alternative labor market.
Previous studies have found that with minimum wage increases, firms will lay off the least
productive workers, where the value of the individual’s marginal product (VMPL)is greater than
the minimum wage (Gould, Weinberg, & Mustard, 2002). However, although income and
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substitution effects will influence whether individuals seek income through illegal activity, it is
unclear which effect dominates (Ahn, Arcidiacono, & Wessels, 2011b). Individuals with jobs
and higher incomes will substitute away from commercial street crime, while individuals without
jobs may substitute toward commercial street crime. Even if labor in these two markets are not
considered perfect substitutes, the net effect of a higher minimum wage on crime is still unclear
when considering an individual’s tradeoffs and opportunity cost of entering the illegal labor
market.
In this study, I identify a set of crimes that provide a repeated stream of payments to the
individual and are directly linked to an employment category. These include lifestyle crimes,
such as prostitution, the sale or shipment of prohibited drugs, theft, and a general list of other
income-generating crimes such as pandering or fraud. Theft of higher-value items with a defined
market, such as cars or car parts, would also offer reliable repeated payments to the criminal. I
term these “commercial street crimes” and include any crimes that provide income, such as
prostitution, drug sales, pandering, counterfeit sales, burglary, or robbery, as compared with nonincome-producing crimes, such as murder or arson. Commercial street crime is a useful analysis
group because it captures crimes across many categories. I also contribute to the literature by
focusing on the types of crimes most likely to be committed by low-skilled workers who are
priced out of the legal market for labor (Ahn et al., 2011b; Currie & Fallick, 1996b; Gardecki &
Neumark, 1998; Neumark & Wascher, 2006).
I also add to the literature by considering what happens to the labor surplus after an increase
in the minimum wage and by using an alternative data source that may better represent changes
in the illegal labor market. I find that arrests for commercial street crime go up 14 percent after
an increase in the state minimum wage. Arrests for drug sales go up 18 percent, arrests for theft
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go up 12 percent, and arrests for other commercial street crimes go up 24 percent. There were
351,813 arrests for commercial street crimes in Chicago and New York City in the base year of
the study, suggesting that an increase in the minimum wage would result in an additional 49,254
arrests for commercial street crimes, compared with no increase in the minimum wage and
conditional on other labor market factors.
2. Empirical Model
I start with a two-period model where Period 1 takes place before an increase in the state
minimum wage and Period 2 takes place after the increase in the state minimum wage. In Period
2, firms and labor will maximize their respective incomes. In this model, I have three agents:
firms, labor, and police. In Period 1, firms freely contract for labor within a competitive labor
market at the equilibrium wage rate. In this study I consider the competitive labor market wage
rate to be the competitive legal labor market wage rate (WLEG). In Period 2, the state minimum
wage increases and firms reallocate their labor selection based on labor productivity. Firms will
change their aggregate labor selection based on who is hired on the margin due to the value of
their marginal product (VMPL) and based on the overall mix of labor and capital in production.
Labor is not treated as homogenous as differences in human capital determine whether
individuals retain or gain employment in Period 2. Individuals with the lowest VMP of labor will
not be employed in Period 2. The least skilled, least educated individuals will then be
unemployed. Individuals not employed in the legal labor market will face a choice of whether to
enter the illegal labor market for the competitive illegal labor market wage rate WILL (Figure 1).
In general, if the wage WILL an individual is offered in the illegal labor market exceeds their
E[WLEG] in the legal market, the offer of the illegal labor will dominate, conditional on the
individual’s human capital and risk preference. The individual’s human capital will determine
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their opportunity cost of committing commercial street crimes and how much the illegal labor
market will substitute for the legal labor market. Individuals also choose the share of their labor
that is supplied to the illegal labor market and the legal labor market, where α is the labor surplus
in the legal market and %α is the share of labor supplied to the illegal labor market, where α is
bounded between 0 and 1. Over time, the individual’s opportunity cost of participating in the
illegal labor market may change due to changes in the labor force and other macroeconomic
factors. The elasticity of the individual’s labor supply may also change over time as other labor
opportunities arise. Police will increase the probability of getting caught in the illegal labor
market and will change the expected value of income from commercial street crime.
I employ a linear regression model with neighborhood and month fixed effects to estimate
the effect of increasing the minimum wage on commercial street crime. I estimate this model
using two different specifications.
(1)

LNCRIMEost = α + β1CRIMEt +β2MINWAGEst + β3INTERACTIONost + β4MONTHSt +

β5POLICEst + β6LABORst + εi,
where LNCRIME is the logged number of crimes by crime type, city neighborhood, and
unique month; CRIME is a binary indicator = 1 if the individual committed a commercial street
crime, with separate regressions for each crime type; MINWAGE is a binary indicator = 1 if the
state increased the minimum wage in that year, and = 0 otherwise; INTERACTION = 1 if
CRIME = 1 and MINWAGE = 1 for each observation; MONTHS is the number of months since
an increase in the state minimum wage, where MONTHS = 0 in the month where a state
increases the minimum wage; POLICE is the number of police officers in the city where crimes
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take place; and LABOR is the percent change in the labor force participation rate by month and
city.
PERCENTost = α + β1CRIMEo +β2MINWAGEst + β3INTERACTIONost + β4MONTHSt +

(2)

β5POLICEst + β6LABORst + εi,
where PERCENT is the percent of crimes by crime type, city neighborhood, and unique
month.
I group the commercial street crimes into separate samples where the treatment group
includes commercial street crimes and the control group includes traffic crimes. Regressions are
run separately for each sample with fixed effects by neighborhood and unique month in the
sample. I also include two-way clustering by both city neighborhood and unique month.
I employ individual arrest data for Chicago and New York City (City of Chicago, 2015; New
York City Police Department, 2015). As all individuals in the data were arrested, a control group
for income-producing crime was necessary. Traffic crimes, such as speeding, running a red light,
or driving while under the influence, are also included in the datasets. Traffic crimes are an ideal
control group because they are non-commercial street crimes, they are relatively unresponsive to
changes in the minimum wage, they are not usually considered criminal activity, and they
contain a broad range of arrestee demographics. It is also useful to compare commercial street
crimes with traffic crimes as individuals arrested for these crimes should have more similar nonviolent risk preferences. Comparing commercial street crimes with homicide, for example, may
pool individuals with very different risk preferences. The arrest data include the type of crime the
individual was arrested for, demographic information for the arrestee, the location of the crime
and the arrest, and several other identifying variables. I do not consider city-level prevailing
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wage laws in this study, which apply more commonly to government contract positions and not
the low-skilled labor I consider in this study. The federal minimum wage exceeds the state
minimum wages in the study except for the last five months in 2009, which I control for with
unique month fixed effects. Individual-city-level crimes are then compared with state-level
changes in the minimum wage.
Given the study design, t-tests were run between the treatment and control group. Future
work includes an alternative sample with a traditional parallel trends test.
3. Data
I employ individual-level arrest data from the Chicago Police Department and stop-and-frisk
and arrest data from the New York Police Department, which includes information on the crime
associated with each arrest, the location of the arrest, and the date of their arrest. I pool these
samples as I am interested in the observation of crime rather than arrests for crime. Crime data is
aggregated to the level of neighborhoods by unique month in the study. I consider both the
number of crimes by neighborhood and unique month as well as the percent of commercial street
crimes by neighborhood and unique month. Table 1 lists the summary statistics for the variables
in this study.
I use crime observations from Chicago and New York City to conduct a within-city, acrosstime analysis. The Chicago data come from publicly available Chicago Police Department arrest
data for 2006-2009, and the New York City data come from the New York City Stop and Frisk
database for 2006-2009. State minimum wage data come from the U.S. Department of Labor.
Definitions for each variable in are included in Table 2. Importantly, the cities in this study do
not increase their minimum wages during the study period. I conduct a balanced panel using 25
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local neighborhood identifiers for Chicago using the city districts identified in the original data,
77 local neighborhood identifiers for New York City using the police precincts identified in the
original data, 48 unique months, two crime groups in each analysis, and the comparison of the
two cities. There are 9,792 observations in each panel using the number of crimes, and 9,404
observations in each panel using the percent of commercial street crime. There are fewer
observations in the panel using the percent of commercial street crimes due to some observations
being dropped with a base of zero.
The data from Chicago and New York City provide a clean natural experiment. Table 3
illustrates that in 2006 and 2007, Illinois did not increase its minimum wage but New York did
increase its minimum wage. Then, in 2008 and 2009, Illinois increased its minimum wage but
New York did not. This provides an opportunity for a city-to-city difference-in-differences
analysis for changes in the minimum wage using four years of arrest data. I create a binary
indicator for each crime in the study, where the commercial street crime = 1 as the treatment
group and the traffic crime = 0 as the control group. I include an indicator variable for a
minimum wage increase = 1 for a given year when a state increases the minimum wage. If a state
increases the minimum wage in Year 2 and Year 4 but not in Year 3, the minimum wage variable
= 1 for Year 2 and Year 4, and = 0 for Year 3. Historical state minimum wage data comes from
the U.S. Department of Labor. I then create an interaction variable between the crime indicator
variable and the minimum wage variable, where the interaction = 1 when the crime indicator = 1
and the minimum wage indicator variable = 1.
I also include a linear time variable for the number of months since an increase in the state
minimum wage. When New York increased its minimum wage in 2006, for example, the number
of months since a minimum wage increase = 0, and the month afterward = 1, and so forth. This
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accounts for the passage of time associated with changes in the minimum wage, over which time
the labor supply for illegal markets may become more elastic. A positive sign suggests that labor
substitutes into illegal labor markets as demand in legal labor markets becomes more inelastic,
while a negative sign suggests that labor substitutes out of illegal labor markets as demand in
legal labor markets becomes more elastic. I also include the total number of police officers in
Chicago and New York City by year, which comes from the UCR. Although the direction of the
effect between more police and crime is difficult to identify, I only attempt to control for the
effect of more police. Finally, I also include the monthly percent change in the labor force
participation rate for each city, which comes from the Bureau of Labor Statistics Local Area
Unemployment Statistics. A positive sign here suggests that as the legal labor force participation
grows, the illegal labor force participation should fall. Although the minimum wage influences
the legal labor force participation rate, including changes in the labor force participation rate
controls for other macroeconomic factors which may influence labor markets separate from the
minimum wage.
As previously discussed, I also include fixed effects by each city’s local neighborhood and
unique month in the study. As crime is local, I can expect that crime occurs near the criminal’s
home based on the sociological distance decay function (Brantingham & Brantingham, 1995;
O’Leary, 2011). This allows me to use local neighborhood fixed effects for the arrest location to
control for local neighborhood differences within cities. Finally, I include the share of
Democratic state legislatures by state and year in an instrumental variable robustness test. Data
on state legislator parties comes from Ballotpedia.
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4. Results
4.1. The Number of Crimes
I report the results for the number of commercial street crimes in Table 4. Increasing the
minimum wage increases arrests for commercial street crime by 14 percent. This suggests that
over time, individuals shift their labor into illegal labor markets as legal labor market
opportunities or other opportunities become less available. I report the results for the number of
individual crime types in Table 5. I find a significant effect from the minimum wage for all
crimes except prostitution. I find that increasing the minimum wage increases arrests for drug
sales by 18 percent, arrests for theft by 12 percent and arrests for other commercial street crimes
by 24 percent.
4.2. The Percent of Crimes
I report the results for the percent of commercial street crimes in Table 6. In this case,
increasing the minimum wage would increase the percent of arrests for commercial street crime
by 0.01 percentage points. I report the results for the percent of individual crime types in Table 7.
I find a significant effect from the minimum wage for all crimes. I find that increasing the
minimum wage increases the percent of arrests for prostitution by 0.01 percentage points, the
percent of arrests for drug sales by 0.02 percentage points, and the percent of arrests for other
commercial street crime by 0.01 percentage points. I also find that increasing the minimum wage
decreases the percent of arrests for theft by 0.01 percentage points.
4.3. Robustness Tests
I also address the possibility that unobservable variables may be driving the results using
the selection on unobservable variables test (Altonji, Elder, & Taber, 2005; Bellows & Miguel,
2009; Nunn & Wantchekon, 2011). I use a restricted model that does not include the police
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(Table 8). I do not find evidence that unobservable variables are driving the results, especially
for the variables of interest. In fact, the estimates for the interaction term are the same for both
the full and restricted models. Further, in several cases the test produces a null value as the
estimates for the variables of interest are the same in both the full and restricted models. This
suggests the results are not being driven by omitted variable bias. I also conduct a linear trends
test to determine whether the results are simply the result of changes over time and do not find
support for this hypothesis.
Although minimum wage changes occur at the state level and crimes are measured at the city
neighborhood level, it is possible that state governments increase the state minimum wage in
response to city crime, particularly when crime occurs in major metropolitan cities. I therefore
include an instrumental variable test using the total share of Democratic state legislators in the
Illinois and New York state legislatures by city and year. Although Democratic state legislators
are more likely to support minimum wage increases and could increase the state minimum wage
in response to crime rates, it is unlikely that the share of state Democrats would affect an
individual’s choice to commit a crime (Bolton, 2013; Campbell, 2017; “Democrat-led
Legislature likely to increase minimum wage,” 2016, “Iowa Democrats Hoping to Increase
State’s Minimum Wage,” 2015).
I first conduct a Durbin-Wu-Hausman test for endogeneity and find support for including the
instrumental variable test. The results for these regressions are reported in Table 9. This model
omits the number of police as it is collinear with the share of state Democrats. The instrumental
variable test supports the initial results, as the signs and magnitudes of the variables of
significance are consistent with the primary OLS analysis.
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5. Conclusion
The preliminary results of this study suggest that an increase in the minimum wage
substitutes labor into some illegal markets. This also suggests that labor is not homogenous to
illegality. Unemployed individuals may work in the shadow economy, off the books, or depend
on other social and welfare networks, including private savings. This study illustrates that some
labor may also shift into illegal labor markets for commercial street crime. Further work on this
subject is continuing, with additional tests for the state minimum wage and expanding the sample
size to the broader United States.
It is possible that sample selection from false arrests is influencing the study results, such that
more individuals are falsely arrested for crimes after an increase in the minimum wage. Although
police officers may have an incentive to engage in false arrests, the incentives associated with
police making false arrests should not be influenced by changes in the minimum wage as police
officers are not paid at the minimum wage. Similarly, although conviction rates likely do not
include the full sample of arrests, it is unlikely that conviction rates for a subset of crimes would
change after an increase in the minimum wage. If conviction rates are significantly different
from arrest totals, I would expect the conviction rates to be related to other new legislation that
was enacted at the same time as the minimum wage increase and would therefore treat both
commercial street crimes and traffic crimes in the same way.
The capital intensity of the market may also determine which illegal labor market individuals
enter, so the demand for labor in complex illegal markets may be more inelastic than the demand
for labor in illegal markets with low barriers to entry. There are also oligopolies and local
monopsonies within cities in both legal and illegal labor markets. Although labor in
monopsonistic markets may not shift into illegal markets, monopsony labor is not the
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representative low-skill, high-risk labor supply most susceptible to unemployment from the
minimum wage. Other related factors, such as changes in demand, may also influence the
magnitude of the effect from the minimum wage but the selection effect test suggests that
omitted or unobservable variables are not driving the primary results. Future research will
include a test for how commercial street crime demand changes in response to the minimum
wage.
I find a positive and significant relationship between an increase in a state’s minimum wage
and local commercial street crimes, including separate analyses for different types of commercial
street crimes. I also find that the amount of time since a minimum wage increase influences the
number of commercial street crimes, illustrating an elastic labor supply response. Given the
theoretical implications of a labor surplus following a minimum wage increase, these results are
particularly illuminating for considering how some individuals in the labor surplus respond to
unemployment from regulatory labor shocks, with significant policy implications.
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Figure 1 Two Period Model of Legal and Illegal Labor Markets
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Table 1 Summary Statistics
Variable

Mean

S.D.

Min

Max

Commercial

4.99

1.52

0.00

7.45

Traffic

1.26

1.69

0.00

5.41

Commercial

0.01

0.03

0.00

0.39

Traffic

0.04

0.06

0.00

1.00

Minimum Wage Indicator

0.50

0.50

0

1

Months Since Minimum Wage Change

14.50

10.53

0

35

Logged Police Officers

10.24

0.42

9.48

10.48

Labor Force Percent Change

0.001

0.004

-0.010

0.010

Share of Democrats

0.61

0.04

0.54

0.66

Number of Crimes

Percent of Crimes

Note: Study includes individual indicators for each crime type with each sample including 50 percent traffic crimes
by neighborhood and unique months and 50 percent commercial crimes by crime type. N = 9,792 for the number of
crimes samples and N = 9,404 for the percent of crimes samples.
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Table 2 Variable Descriptions
Variable

Definition

Number of Crimes

Number of commercial or traffic crimes for each unique month and city
neighborhood, logged.

Percent of Crimes

Percent of commercial or traffic crimes relative to the total number of crimes, for each
unique month and city neighborhood

Minimum Wage Indicator

A binary arrest indicator = 1 if the state increased its minimum wage that year, and = 0
otherwise.

Crime Indicator

A binary indicator = 1 for commercial crimes and = 0 for traffic crimes

Crime*Minimum Wage

A binary indicator = 1 if the crime indicator = 1 and the minimum wage indicator = 1,
and = 0 otherwise

Months Since Minimum
Wage Change

The number of months since a minimum wage increase

Logged Police Officers

The number of police officers by city and year, logged

Labor Force Percent
Change

Percent change in the labor force by city and year

Share of Democrats

The percent of Democrats in the state legislature by state and year
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Table 3 Timeline of Minimum Wage Changes by State
Illinois
Year

New York

Wage

Change Indicator

Wage

Change Indicator

2006

6.50

0

6.75

1

2007

6.50

0

7.15

1

2008

7.50

1

7.15

0

2009

7.75

1

7.15

0

Note: The Illinois minimum wage listed applies to employers of four or more.

Deyo 20

Table 4 Results for the Effect of a Minimum Wage Change on the Number of Commercial
Crimes
Number of Crimes
Crime Indicator

Total
3.65***
(0.03)

Minimum Wage Indicator

-0.17***
(0.04)

Crime * Minimum Wage

0.14***
(0.05)

Months Since Minimum Wage Increase

-0.00
(0.00)

Police Officers

-5.23
(3.57)

Labor Force Percent Change

-13.61***
(2.98)

Observations

9,792

Groups

3,748

R-Squared

0.866

Note: Robust standard errors in parentheses.
* P < .10; ** P < .05; *** P < .01.
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Table 5 Results for the Effect of a Minimum Wage Change on the Number of
Crimes
Number of Crimes
Crime Indicator

Prostitution Drug Sales

Theft

Other

-0.39***

0.91***

3.54***

-0.16***

(0.03)

(0.03)

(0.03)

(0.02)

-0.21***

-0.30***

-0.16***

-0.07**

(0.05)

(0.05)

(0.04)

(0.04)

-0.02

0.18***

0.12***

0.24***

(0.04)

(0.05)

(0.05)

(0.03)

0.01***

-0.00

-0.00

0.01***

(0.00)

(0.00)

(0.00)

(0.00)

-25.36***

-10.10**

-4.76

-7.36**

(4.42)

(4.06)

(3.57)

(3.43)

-11.26***

-11.65***

(3.71)

(3.37)

(2.30)

(2.82)

Observations

9,792

9,792

9,792

9,792

Groups

3,748

3,748

3,748

3,748

R-Squared

0.755

0.621

0.860

0.791

Minimum Wage Indicator

Crime * Minimum Wage

Months Since Minimum Wage Increase

Police Officers

Labor Force Percent Change

-14.25*** -9.73***

Note: Robust standard errors in parentheses. * P < .10; ** P < .05; *** P < .01.
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Table 6 Results for the Effect of a Minimum Wage Change on the Percent of Commercial
Crime
Percent of Crimes
Crime Indicator

Total
0.95***
(0.00)

Minimum Wage Indicator

-0.01***
(0.00)

Crime * Minimum Wage

0.01***
(0.00)

Months Since Minimum Wage Increase

0.01
(0.17)

Police Officers

0.00***
(0.00)

Labor Force Percent Change

-0.90***
(0.20)

Observations

9,404

Groups

3,748

R-Squared

0.993

Note: Robust standard errors in parentheses.
* P < .10; ** P < .05; *** P < .01.
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Table 7 Results for the Effect of a Minimum Wage Change on the Percent of Crimes
Percent of Crimes
Crime Indicator

Prostitution Drug Sales

Theft

Other

-0.03***

0.04***

(0.00)

(0.00)

(0.00)

(0.00)

-0.02***

-0.02***

-0.00

-0.01***

(0.00)

(0.00)

(0.01)

(0.00)

0.01***

0.02***

-0.01**

0.01***

(0.00)

(0.00)

(0.00)

(0.00)

0.00***

0.00

0.00

0.00***

(0.00)

(0.00)

(0.00)

(0.00)

-1.67***

-1.15***

-0.68*

-0.77***

(0.21)

(0.34)

(0.41)

(0.22)

0.21

0.34

-0.54

0.38**

(0.17)

(0.37)

(0.42)

(0.19)

Observations

9,404

9,404

9,404

9,404

Groups

3,748

3,748

3,748

3,748

R-Squared

0.480

0.340

0.966

0.397

Minimum Wage Indicator

Crime * Minimum Wage

Months Since Minimum Wage Increase

Police Officers

Labor Force Percent Change

0.85*** -0.02***

Note: Robust standard errors in parentheses. * P < .10; ** P < .05; *** P < .01.
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Table 8 Test for Omitted Variable Bias With Full and Restricted Models
Number of Crimes
Crime Indicator

Minimum Wage
Indicator

Crime * Minimum Wage

Months Since Minimum
Wage Increase

Police Officers

βF

βR

Ratio

3.65***

3.65***

.

(0.03)

(0.03)

-0.17***

-0.15***

(0.04)

(0.04)

0.14***

0.14***

(0.05)

(0.05)

-0.00

-0.01***

(0.00)

(0.00)

-5.23

7

.

1

2

(3.57)
Labor Force Percent
Change

-13.61***

-13.88***

(2.98)

(2.98)

Observations

9,792

9,792

Groups

3,748

3,748

R-Squared

0.866

0.866

50

Note: Test comes from Altonji, Elder, & Taber, 2005; Bellows &
Miguel, 2009; Nunn & Wantchekon, 2011). A ratio of 7 suggests that
unobservable variables would have to explain 7 times as much as
observable variables to change the result for my variable of interest.
Robust standard errors in parentheses. * P < .10; ** P < .05; *** P < .01.
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Table 9 Instrumental Variable Test Using the Share of State Democrats

Crime Indicator

Minimum Wage Indicator

First Stage - Minimum
Wage

IV – Number of Crimes

-0.04***

3.65***

(0.00)

(0.03)

.

-0.20***
(0.05)

Crime * Minimum Wage

Months Since Minimum
Wage Increase

Labor Force Percent
Change

Share of Democrats

0.08***

0.15***

(0.00)

(0.04)

-0.05***

-0.01***

(0.00)

(0.00)

-2.80**

-13.87***

(1.26)

(2.98)

21.43***

.

(0.14)

Observations
Groups

9,792

9,792

9,792

3,748

Note: Robust standard errors in parentheses. * P < .10; ** P < .05; *** P < .01.
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