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Abstract

This paper investigates the ratio of quantitative and qualitative content in disclosure and finds that the

proportion of qualitative and quantitative information in disclosures contains value-relevant information

for investors, since executives tend to use qualitative information, which is less precise, to obscure their

poor performance. I calculate the proportion of numbers to words in conference call transcripts as a

proxy for the proportion of quantitative information. Using this measure, I find that the proportion

of quantitative information is positively related to operating and financial performance. I also find

that managers are more likely to talk up their performances when using lower proportion of quantitative

information. In addition, a high proportion of quantitative information is associated with a more positive

stock price reaction, suggesting that a high proportion of quantitative information also conveys positive

information about the firm. Finally, investors do not fully incorporate this information in the stock

prices. A high proportion of quantitative information predicts a positive drift in stock returns after the

conference call date.
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1 Introduction

While existing research indicates that both qualitative and quantitative information disclosed

by managers are valuable to investors, there are also apparent differences: quantitative

information tends to be more precise than qualitative information even if the numbers are

only approximations (Hutton et al., 2003). Past research identifies the usefulness of either

quantitative information (e.g., Bernard and Thomas (1989)) or qualitative information (e.g.,

Li (2010) and Loughran and Mcdonald (2011)), but rarely considers the interaction between

these two types of information. By investigating the determinants and consequences of the

use of qualitative and quantitative information, this study finds support for the idea that the

ratio of quantitative and qualitative information can also contain value-relevant information,

since managers change their level of precision following their incentives to obscure negative

information.

Quantitative information is considered more precise than qualitative textual information

(Hutton et al., 2003), since numbers often indicate an exact point or a range and thus they

leave little to debate about the information conveyed. In contrast, qualitative description

can only indicate a direction (e.g., positive or negative) or a very wide range of numbers.

The meaning of words may also be subject to interpretations in different contexts. Overall,

qualitative information leaves more ambiguity to investors. For example, “good”, “excel-

lent” and “great” are all positive qualitative descriptions in Loughran and Mcdonald (2011)

classification. However, when an executive simply discloses that they had a “great” quarter

without specific numbers, it is difficult for investors to map these words to a specific range

of numbers.

Precise information helps investors establish a solid understanding of companies. How-

ever, executives may disclose less precise qualitative information in lieu of more precise

quantitative information for various reasons. For example, managers may disclose qualita-

tive information discretionarily even when they possess accurate numeric information. These
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discretionary decisions can be driven by executives’ various incentives such as delaying neg-

ative information and toning up the positive information.

Empirically, I use percentage of numbers in an investment text as a proxy for the propor-

tion of quantitative information in the document. The first part of the paper investigates

the incentives that drives executives’ choices of qualitative versus quantitative information

in their conference call disclosures. First, past research shows that managers tend to delay

or withhold the disclosure of negative news (e.g., Kothari et al. (2009b), Burgstahler and

Dichev (1997)). I hypothesize that executives are more likely to use precise numeric infor-

mation when the firms are reporting satisfactory financial or operating performances . When

a company experiences bad performance, managers disclose less precise textual information

to obscure negative performance information. Second, a reduced proportion of numbers can

leave more room to influence investors’ perception using qualitative statements. Third, ex-

ecutives disclose more quantitative information prior to share issuance and this relationship

is most salient in companies with good performance.

The second part of the paper sheds light on investors’ reactions to the mix of qualita-

tive and quantitative information in the disclosures. Because executives tend to use more

qualitative information when their performance is relatively unsatisfactory, a high propor-

tion of qualitative information may alert investors about the poor performance. The event

return at the date of the conference call should be positively correlated with high proportion

of quantitative information if some investors realize that a high proportion of quantitative

information is associated with good performance. In addition, if investors underreact to

this information the proportion of quantitative information may positively predict further

positive returns after the information release. Finally, a higher proportion of quantitative

information should be associated with more precise information. Using absolute analyst fore-

cast error and analyst forecast dispersion to capture the lack of precision in information, a

high proportion of quantitative information should imply a low forecast error and dispersion.

Towards these goals, I analyze a set of quarterly earnings conference call transcripts
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from 2003 to 2012. Conference calls provide significant additional information to written

statements such as earnings releases (Matsumoto et al., 2011). In addition, conference call

transcripts offer obvious advantages over the regulatory filings and earnings releases in my

analysis. Since conference call transcripts do not contain any tables or XML appendices,

calculating the proportion of qualitative and quantitative information in the disclosure be-

comes a much easier task. I use a ratio of numbers and total counts of numbers and words as

a proxy for the ratio of quantitative to qualitative information (hereafter PCTNUM). First,

I show that financial and operating performances are positively related with PCTNUM. In

contrast, the tone of the conference call is negatively correlated with PCTNUM. These re-

sults may indicate that managers are more willing to disclose subjective information when

they use more words in the disclosures. In addition, a higher proportion of qualitative dis-

closure is accompanied by soft talks aiming to influence investors’ perception of the financial

results. PCTNUM is also related to other strategic considerations. Managers disclose more

quantitative information prior to SEO. Nevertheless, the firms with better operating perfor-

mance tend to issue more quantitative information depending on share issuance in the next

quarter. Second, I examine how investors react to the use of qualitative and quantitative

information. The results indicate that the proportion of qualitative information and quan-

titative information also carries important information: high PCTNUM is correlated with

positive market reaction. In addition, PCTNUM further predicts positive price reaction in

the quarter after earnings announcement. I also find that the information in the PCTNUM

measure is more valuable when the firm has small market cap or low analyst coverage. In ad-

dition, PCTNUM predicts next quarter forecast errors, indicating that PCTNUM captures

fundamental-related information not incorporated by sell-side analysts. Finally, confirm-

ing that the PCTNUM measure is a proxy for the precision of the information release, I

find that this measure is positively correlated with analyst forecast dispersion and analyst

forecast error for the incoming quarter.

This paper contributes to the existing literature in the following ways. First, this paper
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synthesizes the previous literature on the information content of qualitative and quantitative

information. Prior literature documents that both qualitative (e.g., Li (2010), Price et al.

(2012), Jegadeesh and Wu (2013), Demers and Vega (2014)) and quantitative information

(e.g., Bernard and Thomas (1989), Richardson et al. (2005), Novy-Marx (2013)) disclosed by

executives contain value-relevant information to investors. This paper shows that in addition

to qualitative and quantitative information in the corporate disclosures, the proportion of

qualitative and quantitative information itself also provides value-relevant information.

Second, this study contributes to a body of literature on disclosure. Previous literature

documents that various incentives and investors’ behavioral characteristics drive executives’

reporting decisions. Related to previous literature, this is the first paper that shows the

proportion of quantitative information in the voluntary disclosure is driven by managers’ in-

centives. For example, Kothari et al. (2009b) find that executives tend to delay the disclosure

of negative information. So and Weber (2015) document that the bad news are generally

announced later in the quarter than usual. Burgstahler and Dichev (1997) document that

earnings are managed upward to meet certain thresholds. Huang et al. (2013b) find that

executives may use tone to manipulate the perception of investors. Cohen et al. (2013)

document that this behavior is related to executives trying to mask their bad performance.

Overall, this literature indicates that executives tend to hide bad news and try to delay the

disclosures of bad news hoping for the results to improve in the future. This paper shows

that by changing the proportion of qualitative and quantitative information, managers can

adjust the precision of their information disclosure. By disclosing less precise information

when they experience bad performance, executives attempt to manage people’s perception

of the company’s performance. Because of these incentives, the precision of information in

the conference call itself contains value-relevant information. Imprecise information signals

negative information to investors. Similar to this idea, there are a number of studies that

examine the information precision and soft talk versus verifiable information in the manage-

ment forecast (e.g., Baginski and Hassell (1997), Baginski et al. (1993), Hutton et al. (2003)).
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In addition, Huang et al. (2013a) find that investors tend to underreact to earnings-related

news when managers do not use numbers in the headline of their press releases and interpret

the use of number in the headline as “salience” of information. The price reaction to this

variable is distinctive from the variables examined in the prior research. In particular, Huang

et al. (2013a) find that stock price responding to headline salience reverse after the initial

reaction, while this paper finds that the prices continue to drift after the initial reaction to

the ratio of number and words, which indicates that the ratio carries information as opposed

to salience. Finally, in addition to the incentive to delay bad news, managers’ decision to

use qualitative or quantitative information in their disclosure can also be driven by strategic

considerations such as share issuance (e.g., Hughes and Pae (2004)).

Third, this study contributes to the literature on how investors respond to information in

disclosures. Bernard and Thomas (1989) document the post earnings announcement drift,

indicating that investors underreact to quantitative information from the earnings announce-

ments. Li (2010) and Tetlock et al. (2008) show that investors do not fully incorporate the

qualitative textual information from regulatory filings and news reports. This paper further

shows that although investors react in the right direction initially to managers’ choice of

qualitative and quantitative information in the disclosure, the price continues to drift af-

ter the conference call date. Thus, the evidence indicates that investors underreact to the

information in PCTNUM.

Fourth, this paper provides supporting evidence that the proportion of qualitative and

quantitative information measures the precision of information. Although not directly related

to textual readability measures proposed in previous literature (e.g., Lehavy et al. (2011)

and Loughran and Mcdonald (2014)), the measure used in this paper is also a direct measure

of the difficulty in interpreting the disclosure material. The higher the percentage of numeric

information the lower the difficulty in understanding disclosure texts. In addition, this paper

provides supporting evidence to Chuprinin et al., who use the percentage of numbers in news

coverage to proxy information tangibility. A high percentage of numbers is associated with
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more tangible information, since tangible information refers to information that is more

precise and is easier to interpret and the proportion of numbers is positively correlated with

information precision.

Finally, this paper is also linked to a literature on the information from earnings conference

calls. This paper shows that the linguistic choices in conference call contains information in

addition to previously documented variables. Existing papers find that conference calls are

an informative disclosure channel (Matsumoto et al., 2011). In addition, investors react to

various behavioral patterns such as whether executives stay silent over Q&A part (Hollander

et al., 2010), structure of conference call narratives (Allee and DeAngelis, 2014) and attribu-

tion behavior (e.g., Zhou 2014). Mayew and Venkatachalam (2012) also show that the tone

of voice is a useful signal for investors and investors underreact to that information. Larcker

and Zakolyukina (2010) find that conference call can also help investors detect accounting

irregularities.

The rest of the paper will proceed as follows. Section 2 develops empirically testable

hypotheses. Section 3 provides a detailed description of textual and other data used in this

study. Section 4 presents the main empirical findings of this paper. Section 5 concludes the

paper.

2 Hypotheses Development

The first set of hypotheses are related to the determinants of the proportion of numbers

used in conference calls. It is documented in the past that managers tend to delay revelation

of bad news (e.g., Kothari et al. (2009b)). Managers also tend to spin bad news when the

performance is unsatisfactory (e.g., Solomon (2012), Cohen et al. (2013)). I first hypoth-

esize that managers reduce the use of quantitative information when their performance is

less satisfactory. Thus, firm performances should negatively correlate with the proportion

of quantitative information in the conference call. This prediction also echoes the higher

7



likelihood of salience when announcing good news documented in Huang et al. (2013a). The

first hypothesis is stated as follow:

- H1a: Operating and financial performance measures (such as SUE, ROA and lag return)

are positively correlated with the use of quantitative information.

In addition, by increasing the proportion of qualitative information, executives will have

higher ability to engage in tone management (e.g., Huang et al. (2013b)). In other words,

managers can use positive tones to influence investors’ perception of the performance of their

companies. The second hypothesis is

- H1b: The tone of the overall transcript is negatively correlated with the proportion of

quantitative information.

In addition to the incentive to delay the revelation of bad news and tone management,

executives’ decisions to use qualitative or quantitative information in disclosure can also

be driven by other strategic considerations. For example, managers may strategically reveal

more quantitative information to reduce information asymmetry. However, this effect should

only concentrate in the firms with good operating and financial performance. Hughes and Pae

(2004) model firms’ disclosure behaviors and find that companies disclose precise information

when their value is high and less precise information when the value is low. Thus, firms that

experience poor performance prefer to use qualitative information even if they need to issue

shares. The testable hypothesis is that

- H1c: Firms that engage in SEO in the following quarter use more quantitative in-

formation. The effect is stronger for the firms with strong financial and operating

performance.

The second set of hypotheses are related to investor responses to the use of qualitative

and quantitative information. In order to hide certain unsatisfactory results, managers

may simply choose to disclose using qualitative information even if they possess precise
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quantitative information. If executives choose to use less precise qualitative information

when they experience bad performance, the ratio of qualitative and quantitative information

itself can be informative about the performance of the company. A high percentage of

qualitative information signals negative performance information about the firm to investors.

On the other hand, high level of quantitative information shows executives’ confidence in

their numbers. Thus, a high percentage of qualitative information should receive negative

investor responses. I hypothesize that

- H2a: A high proportion of quantitative information leads to positive stock price reaction

at the announcement date.

Past research shows that investors do not fully react to information in the earnings num-

bers (Bernard and Thomas, 1989) and the tone of 10-K (e.g., Li (2010)). It is shown that

investor inattention may explain the documented predictability. Investors tend to react more

slowly to less salient information and less tangible information (e.g.,Cohen et al. (2010)). The

ratio of quantitative information is arguably not salient or tangible. Thus, investors are less

likely to fully incorporate the information in the stock prices immediately. If investors do

not react to the information in the ratio of qualitative and quantitative information or un-

derreact to this information, a low ratio of quantitative information will predict lower future

stock returns. Thus

- H2b: A high percentage of quantitative information leads to positive stock returns after

the earnings announcement date if investors underreact.

Furthermore, the value of information delivered by the ratio of number and words is

likely to vary with the information environment firms. In particular, when the shareholders

have limited additional sources of information, the ratio of number and words may be more

valuable to investors, since investors would have to more heavily rely on the disclosure from

the company. The availability of external information can be measured using the market

capitalization of the firm or the number of analysts covering the firms. Thus,
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- H2c: Prices will react more (less) positively both in the short term (around the earnings

announcement) and the long-term (60 trading days after the conference call) for the firm

has a lower (higher) market capitalization or lower (higher) analyst coverage.

There are two potential channels that links the ratio of number and words in conference

calls and the prices of stocks. First, the association between the increase in stock prices

and high fraction of numbers in conference call may be a result of investors’ perception.

Heavy use of numbers in conference calls may improve investors’ perception of the company’s

transparency. Thus, they may be willing to assign a higher valuation to the firm. Second, it

is also possible that the linkage between fraction of numbers in conference call and the stock

prices is driven by fundamental information. In other words, high fraction of numbers is

informative about companies’ future earnings. These explanations can be distinguished by

investigating the analyst forecast error in the following quarter. So I propose the following

hypothesis:

- H3: If the fraction of numbers indeed capture fundamental-related information, we

should expect that high fraction of numbers in conference calls.

The final hypothesis is related to how the release of qualitative versus quantitative infor-

mation affects the information environment. Prior studies have established that the style of

disclosure can affect the precision of information received by the participants. The existing

literature proposes several measures of readability of regulatory documents. For example,

Lehavy et al. (2011) use FOG index to analyze 10-K documents. Their results indicate that

a higher FOG index is associated with higher forecast error and analyst forecast dispersion.

Loughran and Mcdonald (2014) propose the file size of the 10-K document submitted to

the SEC is a better proxy for readability. They document that greater 10-K file size is also

associated with larger analyst forecast dispersion and higher forecast error. I hypothesize

that the high percentage of numbers in the conference call transcript has a similar effect on

market participants. Quantitative information disclosed in conference calls generally reflects

10



an accurate statement (e.g., 5%) or a specific range of band (e.g., 5% to 7%). In contrast,

qualitative information only reflects a normative statement and can imply a broad range

of values (e.g., the segment is expected to have strong growth in the following quarter).

Therefore, a higher percentage of numbers in the conference call should associate with more

precise information. This leads to the following hypothesis:

- H4: A higher percentage of numbers is negatively associated with analyst forecast

dispersion and analyst forecast error.

3 Data

The conference call transcripts come from two sources: Thomson One’s StreetEvent and

Factset’s Call Street. The sample period is 2003 to 2012. The combined sample covers

roughly 60,000 firm-quarters. For each transcript, I extract the number of positive and

negative words. In addition, I count the total number of words in the text. A word is

only counted when it is included in the 10-K dictionary by Loughran and Mcdonald (2011).

This information allows me to calculate the overall tone of the transcript. I also extract the

numerical phrase in the transcripts. Both StreetEvents and Call Street record numbers in

numeric form (i.e., 9% instead of nine percent) in their transcripts. I look for any number

with a space or a dollar sign in the front. The rest of the number can consist of numeric

characters (0-9), comma (,) and period (.). These requirements can effectively rule out

many numbers in company names (such as L-3 Communications) and other non-informative

numbers (e.g., FY09). At the same time, they can pick up most value-relevant numbers in

the discussion (such as growth rate, EPS, revenue and so on). In addition, I exclude whole

numbers from 1950 to 2020 to exclude the mention of year in the conference call discussions.

I calculate the following measure to proxy for the proportion of quantitative information in

the text:

PCTNUM =
N(Numbers)

N(Words) +N(Numbers)
,
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where N(Numbers) are the total count of numbers in the whole transcript and N(Words)

is the total count of words in the transcript. In the additional analysis, I divide the tran-

scripts into statement and Q&A components. Matsumoto et al. (2011) document that both

statement and the Q&A components contain significant information about corporate value

and Q&A component delivers more information relative to the statement component. I split

each transcript into the statement and Q&A components by looking for a number of textual

patterns that involve operator and question. I then calculate PCTNUMS and PCTNUMQA

for both statement and Q&A components for further analyses.

To give a sense of the context of these numbers, I have tabulated the word frequencies of

the sentences with at least a number and those sentences without a number. Upon casual

observation, it is clear that sentences with numbers often mention financial-related numbers,

such as sales and growths. In contrast, the frequencies of those words in the sentences without

numbers are lower. At the same time, terms such as “product” have higher frequencies in

the sentences with without numbers.

The summary statistics related to the conference calls are presented in table 1. The key

variable is PCTNUM. On average, numbers account for roughly 2.7 percent of the total

words and numbers. The statement component contains a higher proportion of numbers

than the Q&A components. On average, numbers account for 3.9 percent in statement

components and about 2.2 percent in Q&A components. The mean count of numbers in each

transcript is about 209. Also, more numbers are presented in the statement components

(about 109 numbers). Interestingly, compared with other textual variables listed in the

table, only PCTNUMS and PCTNUMQA are negatively correlated (-0.0472). All the other

textual variables have positive correlations between the statement component and the Q&A

component. This result shows that the quantitative information in the statements and the

Q&A sections are generally substitutes for each other.

The other variables are constructed as follows. Compustat and IBES are merged to obtain

the common financial measures such as market equity, book-to-market ratio, past return and
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Standardized Unexpected Earnings. The cumulative abnormal return (CAR) is calculated

using the Fama-French 3-factor model (Fama and French, 1993). The beta of the factor

loadings are estimated using the daily returns in the interval of [-180,-15] relative to the date

of the conference call. Standardized unexpected earnings or SUEs are calculated as

SUEi,t =
Ei,t − FEi,t

Pi,t

,

where E represents realized quarterly earnings, FE represents the consensus analyst forecast

earnings and P is the stock price at the end of the IBES statistical period when consensus

analyst earnings forecasts are calculated. The consensus analyst forecast expectation is

formed on the closest IBES statistical period end date prior to the conference call. SUE

is winsorized between -0.1 and 0.1. ROA is the return on assets. The analyst forecast

dispersion, DISP, is calculated as the standard deviation of analyst forecast for the next

quarter, scaled by price. CAR is calculated using a 3-factor model, where the loadings on

the Fama-French factors are estimated by returns from the prior 180 days up to 10 days

relative to the earnings announcement date. The results presented in the rest of paper are

robust if market adjusted returns (calculated as firm returns minus market returns) are used

instead of cumulative abnormal returns. Volatility is the estimated daily volatility one year

prior to the conference call date. Share turnover is the monthly turnover in the month

before the conference call date, calculated as the total number of shares traded divided by

the number of shares outstanding. Institutional ownership is formed based on the 13F data

at the end of the quarter prior to the conference call. The summary statistics of these

variables are presented in table 2.
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4 Main Results

4.1 Determinants of PCTNUM

I explore whether executives change the proportion of qualitative and quantitative informa-

tion in their disclosures in response to various incentives in this section. Specifically, I test

the set of hypotheses proposed in H1. I run a set of panel regressions with PCTNUM as

the dependent variable. The results from these regressions are reported in table 3. The first

hypothesis under H1 states that corporate performance influences the choice of linguistic

style in disclosure. Executives are more willing to disclose specific numbers as opposed to

more vague qualitative descriptions when they perform well. I use several measures to proxy

the overall corporate performance. Both standard unexpected earnings (SUE) and lag return

(LAGRET) are measures of firms’ financial performance. SUE measures whether earnings

can beat the analyst forecast. The lag return is a direct measure of the market’s assessment

of the firm’s performance. I use ROA to proxy for the operating performance of the com-

pany, since ROA is a commonly used measure for profitability. I find that both SUE and

LAGRET are strongly positively correlated with PCTNUM. This indicates that executives

use more numbers in the conference call when there is strong financial performance. ROA is

also strongly positively associated with PCTNUM, indicating a positive relationship between

the firm’s operating performance and the use of quantitative information in the conference

call. These results confirm the empirical predictions in H1a that the firm’s financial and op-

erating performances are positively correlated with the use of numbers in the transcripts. In

the same regression, I also include a set of variables related to the company characteristics,

institutional ownership and analyst coverage as control variables. I find that institutional

ownership is positively correlated with the use of numbers. This result is likely to be driven

by institutional investors’ demand more precise voluntary disclosure from the management.

Another possibility is that more precise information disclosure attracts institutional investors

(Bushee and Noe, 2000). Analyst following is negatively correlated with the PCTNUM. This
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result may seem at odds with the previous institutional ownership result, since institutional

ownership is positively correlated with the use of numbers in the conference call. However,

Lehavy et al. (2011) find that 10-K with lower readability is associated with higher analyst

coverage, since there may be greater demand for analysts to interpret the puzzling financial

statements. Similar explanations may explain the positive coefficients in this regression:

low PCTNUM is related to less precise information. Therefore, there is higher demand for

analysts’ services to interpret information releases from the investors.

The second test investigates how other linguistic characteristics relate with PCTNUM.

Firstly, if low percentage of numbers are related to managers’ choice to disclose less precise

information in response to poor performance, it leaves more room for executives to tone

up the results. Therefore, high PCTNUM may be negatively related to the tone of the

transcript. In the second regression of table 3, I find that TONE is negatively related to

PCTNUM. This coefficient is highly statistically significant (t-stat = -16). Secondly, the

regression reports that PCTNUM is negatively related to the length of the transcript, indi-

cating that managers tend to be more verbose when they use less quantitative information in

the disclosures. Finally, a high proportion of qualitative information is likely to be linked to

more behavioral biases in the reporting such as self attribution bias. Zhou (2014) proposes

that BLAME measure can proxy managers’ behaviors to attribute negative performance ex-

ternally. Thus, BLAME is predicted to be negatively correlated with PCTNUM. Moreover,

I find that BLAME is negatively related to PCTNUM, indicating that a higher proportion of

quantitative information is related to a lower proportion of sentences that attribute negative

performance to negative factors. These results are consistent with the hypothesis H1b. Sum-

marizing the results, PCTNUM is negatively associated with the tone of the conference call

transcript, the length of conference call transcript and the BLAME measure, indicating that

a high proportion of quantitative information in the conference call disclosure is associated

with reduced tone management, more succinctness in discussions and potentially less biases

in attributing negative performance.
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Finally, I test if share issuance in the recent future can affect executives’ use of quantitative

and qualitative information in the disclosure. The result is reported in the third regression

of table 3. The SEO dummy equals to one if the company engages in SEO activity in the

quarter following the conference call. I find the SEO dummy is strongly associated with

high PCTNUM in the transcript. This is consistent with the idea that executives tend to

disclose more quantitative information prior to the SEOs. By providing more quantitative

information, executives can reduce the information asymmetry between management and

the investors for share issuance purpose (e.g., Lang and Lundholm (2000)). This effect also

concentrates in the firms with better operating performance, since the interaction term of

SEO and ROA is significantly positive. Firms with worse operating performance may prefer

to avoid disclosing precise quantitative information. Because qualitative information is less

precise, disclosing qualitative information may leave more room for managers to manage

investors’ perception of the firm value before share issuance. However, there is no evidence

that the interaction of SEO and financial performance (e.g., SUE) is positively correlated

with PCTNUM.

In the last column of this table, I include all the independent variables. Most coefficients

remain significant in the kitchen-sink regression. The coefficient of log number of analyst

estimate and share turnover become statistically insignificant, indicating that these variables

have less important relationships with the proportion of quantitative information.

In sum, executives choose the proportion of numeric information in response to a number

of incentives. They tend to use more quantitative information and thus increase the pre-

cision of the information disclosure when their financial and operation performances excel.

An increase in qualitative information is oftentimes accompanied by more positive tones,

indicating the possibility that executives engage in tone management (Huang et al., 2013b).

Managers also strategically increase the proportion of quantitative information prior to SEO,

but this effect is stronger in the companies with higher profitability.
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4.2 Investor Responses to PCTNUM

The previous results show strong evidence that managerial incentives strongly affect the

choice of proportion of qualitative and quantitative information in the disclosure. In this

section, I explore the information in the ratio of qualitative and quantitative information in

the conference calls. I start by examining how investors respond to PCTNUM information

around the conference call date. More specifically, I test hypothesis H2a: investors react

positively to the conference call transcripts with a high proportion of quantitative informa-

tion, since a high proportion of quantitative information indicates that executives are not

attempting to obscure negative information from the investors. I test this hypothesis H2a

by running the Fama-Macbeth regression (Fama and MacBeth, 1973) with cumulative ab-

normal return in the 3-day window around the date of the conference call to test investors’

initial reaction to the ratio of quantitative information. The regression takes the following

specification:

CAR[−1, 1] = α + βPCTNUM + γX + ε,

where CAR is adjusted using 3 factor model in Fama and French (1993) and X represents a

vector of control variables. The results are reported in table 4. The reported coefficient is

the average coefficient of quarterly coefficients. The standard deviation is calculated using

time series standard deviation with Newey-West standard error Newey and West (1987) with

four lags. I find that PCTNUM is is positively correlated with 3-day abnormal returns. In

the univariate specification, one standard deviation in PCTNUM is associated with 27 basis

points change in the 3-day abnormal return (t-stat=6). The second regression includes a

set of control variables. Specifically, I include variables such as SUE, ROA and accrual.

These variables summarize the financial and operating performance of the firm during the

fiscal quarter covered by the earnings release. In addition, I control for two linguistic related

variables: TONE (measures the difference between the percentage of positive words and

negative words in the transcript) and BLAME (the percentage of sentences that attribute
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negative performance to industry and economy). The coefficient for PCTNUM is still positive

and statistically significant. This result supports the hypothesis H2b. The positive response

to a high proportion of quantitative information indicates that managers’ providing a high

proportion of quantitative information itself is a positive signal about the firm performance,

since high proportion of quantitative information shows that managers do not need to obscure

negative results using qualitative information.

Previous literature documents that the statement component and the Q&A components

both offer significant information. However, the Q&A component seems to be more informa-

tive. One possibility is that the statement component has high similarity with the earnings

release. In general, the statement component is prepared and the Q&A component may be

more spontaneous, since it is difficult to anticipate the questions from the analysts. I further

explore whether the PCTNUM from these two components of earnings conference calls affect

the stock prices differently. I further split the transcripts into statement component and the

Q&A component. I then examine which component is responsible for the positive relation-

ship of PCTNUM and CAR[-1,1]. While both PCTNUMS and PCTNUMQA are positively

correlated with the cumulative abnormal return, PCTNUMS is much stronger correlated

with CAR, indicating that investors deem the PCTNUM in the statement component to be

more informative.

The second test in this section investigates whether investors fully incorporate the in-

formation of PCTNUM in the stock prices in a timely manner. If investors do not fully

incorporate this information in the stock prices, investors can potentially use the PCTNUM

as a signal for firm performance. The existing literature documents that the market tends

to underreact to certain quantitative and qualitative information. The underreaction tend

to be more severe for less tangible and less salient information. The information contained

in PCTNUM is likely to be intangible and less salient. Few market participants count the

number of words and total count of numbers after each conference call. Thus, there is the

possibility that the information in PCTNUM is not completely reflected in the stock prices.
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I use a similar specification as the short term return regression:

CAR[2, 60] = α + βPCTNUM + γX + ε.

The CAR[2,60] includes the 60 trading days following the conference call, which roughly

matches to the next calendar quarter. Previous research generally uses this time frame to test

investors’ underreaction to the information from earnings announcements (e.g., Hirshleifer

et al. (2009)). The results from this regression are tabulated in table 5. The first column

in the table indicates that one standard deviation change in PCTNUM is associated with

35 basis points change in the abnormal return in the next quarter (t=4). This effect is

economically larger than the effect on the announcement date. Two standard deviations

of PCTNUM implies an 2.9% difference in annualized return. This effect is robust even

after including control variables in the regression. Breaking down the PCTNUM into the

statement component and Q&A component, both components can positively predict future

returns. The economic magnitude and statistical significance are somewhat stronger for

the coefficient in PCTNUMS. These results indicate that the market underreacts to the

information from the proportion of qualitative and quantitative information in both the

statement and Q&A components of the earnings conference call. In sum, these results

indicate a clear pattern of underreaction to executives’ choice of qualitative and quantitative

information in the conference call disclosures. These results confirm the empirical prediction

of H2b.

In the next test, I investigate whether the information in PCTNUM differs in firms with

different information environment. I use two variables to serve as proxies for the information

environment of firms. First, the size of the firm is directly related on the attention from news

outlets and analysts. Thus, investors in large firms have a richer information environment.

Second, I use the direct number of analyst covering the firm as a second proxy for the

richness of information environment. I test the hypothesis H2c, which states that PCTNUM
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will be a less valuable information signal when there is richer information environment. I

test this hypothesis in table 6. The dependent variables are CAR[-1,1] and CAR[2,60].

Our key independent variables are COVDUM*PCTNUM and MEDUM*PCTNUM, where

COVDUM is an indicator variable that turns to 1 if the firm is not among the bottom

quartile in terms of analyst coverage and MEDUM is an indicator variable that equals to

1 if the firm is not among the bottom quartile in market capitalization. Both interaction

terms are negative and insignificant when the dependent variable is CAR[-1,1], indicating

limited difference in the immediate reactions to the PCTNUM signal for firms with different

information environment. However, the coefficients for these interaction terms are negative

and highly significant when the dependent variable is CAR[2,60]. These results show that

the stock price drift associated with PCTNUM is concentrated in firms with smaller market

cap and lower analyst capitalization. Thus, the evidence indicates that the information in

PCTNUM is more important when there are less external information sources and investors

do not fully realize the difference, which leads to the incomplete reaction to PCTNUM among

smaller or less covered firms.

Summarizing the results, the proportion of qualitative and quantitative information in

conference calls contain information about firm performance. A high proportion of quan-

titative information is a positive signal to investors, as it shows that managers are not

hiding negative information behind more ambiguous qualitative descriptions. Furthermore,

investors do not fully incorporate this information in stock prices.

4.3 Predicting Forecast Error

A couple of channels potentially link the PCTNUM and the stock prices. First, high fraction

of numbers could signal firms’ increased transparency to investors and investors may assign

a higher valuation to the firm. Second, high fraction of numbers could also contain positive

information related to firms’ fundamentals, which boosts the stock prices. I distinguish these

two linkages using analyst forecast errors, since analyst forecast errors are a commonly used
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measure for firms’ fundamental performances. If PCTNUM is significantly associated with

future analyst forecast errors, it is likely to indicate that the fraction of numbers in conference

calls is linked to stock prices through fundamental information. The results from the test is

reported in table 7. The results indicate that the PCTNUM positively predicts next quarter

forecast error in both the univariate regression and the regression with additional control

variables. Additionally, the power to predict next quarter forecast error is driven mostly by

the PCTNUM in the statement component. Thus, this test suggests that a high PCTNUM

measure may signal improvement in fundamental in the future that is not anticipated by

analysts.

4.4 PCTNUM and Information Precision

The final set of empirical results explores how the ratio of qualitative and quantitative in-

formation affects the information precision of the analysts. Specifically, I examine whether

higher PCTNUM is associated with higher information precision. Following previous liter-

ature (e.g., Lehavy et al. (2011), Loughran and Mcdonald (2014)), both absolute SUE and

analyst forecast dispersions can proxy for the information environment of the market par-

ticipants. If a high percentage of quantitative information is associated with more precise

information, then a high PCTNUM should be negatively correlated with lower absolute SUE

in the following quarter. In addition, a high percentage of quantitative information should

lead to low analyst forecast dispersion, since more precise information about firms’ funda-

mentals can reduce the disagreement about firms’ fundamentals. I use the following panel

regression specification to test the hypothesis:

|SUE| = α + βPCTNUM + δX + ε

DISPER = α + βPCTNUM + δX + ε
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where X is a number of control variables that includes log size, book-to-market and so

on. The results from these regressions are reported in table 8. The standard errors are

clustered by PERMNO. Consistent with the hypothesis H4, the first regression in the table

indicates a negative relationship between PCTNUM and absolute SUE next quarter (t=-3.8).

PCTNUM is also negatively related to high dispersion (t=-3.12). This result indicates that

the higher the percentage of quantitative information the higher the information precision

on average. Decomposing the PCTNUM for the full transcript into statement and Q&A

sections, I find that the PCTNUM in the statement component is mainly responsible for the

negative relationship. These results indicate that proportion of quantitative information can

affect the ambiguity in the disclosed information. This effect is similar to the readability

measures such as FOG index (Lehavy et al., 2011) and the size of the regulatory filing

(Loughran and Mcdonald, 2014).

The set of regressions indicate a negative relationship between analyst forecast dispersion

and forecast dispersion and PCTNUM. These results are consistent with hypothesis H3.

These results provide evidence that a high percentage of numbers is associated with lower

disagreement among analysts. However, only the statement component of the transcript is

associated negatively with the statement component in the transcript. Taken together, a

high proportion of quantitative information is associated with more precise information in

the information released from the voluntary disclosure.

5 Conclusion

This paper studies the ratio of qualitative and quantitative information in the quarterly

earnings conference call. The research documents that the choice to disclose qualitative or

quantitative information is driven by various incentives of managers. Executives tend to

use more quantitative information when the companies perform well. In addition, a high

proportion qualitative information is related to less positive tone , longer transcript and a

22



lower proportion of external attribution. A high proportion of quantitative information is

likely to be associated with less tone management and more objective reporting. Managers

also tend to increase the proportion of quantitative information in their reporting prior to

share issuance. It is consistent with executives’ aim to reduce information asymmetry prior

to share issuance. The increase is significantly stronger in firms with high profitability.

More importantly, the proportion of quantitative information in the conference call dis-

closure also contains firm value-relevant information. Since firms with lower performance

avoid disclosing precise quantitative information, a high proportion of quantitative infor-

mation indicates managers’ confidence in their own performance. Thus, high proportion of

quantitative information in disclosure is associated with more positive price reaction for the

window around the conference call. Furthermore, I also document that investors underreact

to this information. Therefore, a high proportion of quantitative information leads to subse-

quent positive price reaction. Finally, I find that the proportion of quantitative information

is positively related to the precision of external information environment. Results indicate

that the proportion of numeric information is negatively related with dispersion of analyst

forecast and forecast error measured by absolute SUE.

Previous literature examines qualitative and quantitative information separately. To my

best knowledge, this study is the first one that joins the two lines of literature and shows that

the interaction of qualitative and quantitative information is also informative to shareholders

about corporate value. These results suggest that it may be fruitful to explore how qualitative

and quantitative information interplay in other contexts.
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6 Tables

Table 1: Summary Statistics of Textual Variables

This table presents the summary statistics on conference call linguistic characteristics. PCTNUM is percentage of
quantitative information in the conference call (in %), calculated as N(Numbers)/(N(Numbers)+N(Words)). TONE is
the difference between percentage positive and percentage negative words in the conference call. Positive and negative
words are categorized in the Loughran and McDonald (2013). N(Words) is the number of words. N(Numbers) is
the total count of numbers in the conference call. The subscripts S indicates statement component and QA indicates
question and answer component of the conference call. The last column presents the correlations between the indicated
measures of the statement component and the Q&A component.

Variables Mean Median Std Dev Q1 Q3 CORR(S,QA)

PCTNUM 2.758 2.674 0.722 2.277 3.152 -0.0472***
PCTNUMS 3.933 3.480 3.650 2.786 4.332
PCTNUMQA 2.192 2.144 0.894 1.799 2.520
TONE 2.584 2.553 0.479 2.250 2.882 0.349***
TONES 2.833 2.784 0.742 2.314 3.297
TONEQA 2.405 2.377 0.467 2.084 2.692
N(Words) 7532 7539 2456 5898 8998 0.0185***
N(Words)S 2894 2762 1240 2078 3549
N(Words)QA 4645 4555 2105 3282 5833
N(Numbers) 208.5135 201 80.49659 155 251 0.109*
N(Numbers)S 108.5856 100 54.05513 72 135
N(Numbers)QA 100.7825 95 52.89314 67 128
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Table 2: Summary Statistics of Non-Textual Variables

This table presents the summary statistics of financial variables. CAR[-1,1] is the 3-day event day
return, adjusted by Fama-French 3 factors. CAR[2,60] is the post conference call abnormal returns, also
adjusted using Fama-French 3 factor model. Accrual is the accrued earnings divided by total assets
((IBCY-OANCFY)/ AT). ROA is return on assets. SUE is standardized unexpected earnings. BM is
log book-to-market ratio. MOM is the lag 12 month cumulative return. INSTOWN is the institutional
ownership from the most recent quarter end. VOLATILITY is the annualized daily volatility calculated
using the data from the month preceding the conference call. TURN is the average share turnover in
the month preceding the conference call. NUMEST is the number of analysts who actively cover the
company. |SUE| is the dependent variable. It is the absolute SUE (scaled up by 100) for the quarter
following the conference call. DISP is the analyst forecast dispersion (scaled up by 100) after the earnings
announcement.

Variables Mean Median Std Dev Q1 Q3

CAR[-1,1] 0.269 0.213 8.763 -3.939 4.738
CAR[2,60] 0.363 0.423 17.326 -8.198 9.295
ROA 0.034 0.048 0.139 0.014 0.086
ACCRUAL 0.977 0.980 0.496 0.951 1.001
Log(ME) 14.050 13.873 1.526 12.952 14.946
BM 0.594 0.463 0.753 0.278 0.732
TURN 2.183 1.617 2.149 0.988 2.680
MOM 0.083 0.077 0.372 -0.084 0.239
VOLATILITY 0.249 0.173 0.416 0.099 0.304
INSTOWN 0.560 0.680 0.330 0.343 0.829
BLAME 0.199 0.000 0.319 0.000 0.291
NUMEST 9.057 7 6.571 4 12
SUE 0.010 0.055 1.025 -0.072 0.217
|SUE| 0.444 0.163 1.041 0.060 0.409
DISP 0.479 0.196 0.905 0.090 0.483
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Table 3: Determinants of PCTNUM

This table investigates the determinants of PCTNUM. Accrual is the accrued earnings divided by total
assets ((IBCY-OANCFY)/ AT). ROA is return on assets. SUE is standardized unexpected earnings. BM
is log book-to-market ratio. MOM is the lag 12 month cumulative return. INSTOWN is institutional
ownership. VOLATILITY is the annualized daily volatility calculated using the data from the month pre-
ceeding the conference call. TURN is the average share turnover in the month preceeding the conference
call. TONE is the percentage of positive words minus percentage negative words in the text. LNUMEST
is the log of one plus number of analysts covering the firm. BLAME is percentage sentences attributing
negative performance to industry or economy. SEO is a dummy variable that indicates whether the
company engages in SEO in the following 90 days. The regression controls for year-quarter fixed effects
and fiscal quarter fixed effects. The standard errors are clustered by PERMNO. Significance level: ***
p < 0.01, ** p < 0.05, * p < 0.1.

VARIABLES PCTNUM PCTNUM PCTNUM PCTNUM

Financial Variables
SUE 0.0171*** 0.0101***

(0.00362) (0.00363)
ROA 0.0352*** 0.0298***

(0.00298) (0.00280)
BM 0.00613** 0.0133***

(0.00281) (0.00245)
Log(ME) -0.00421 0.0418***

(0.00883) (0.00774)
LAGRET 0.0255*** 0.0227***

(0.00439) (0.00368)
ACCRUAL -0.0193*** -0.0103**

(0.00353) (0.00392)
VOLATILITY 0.0000 0.000304

(0.00265) (0.00227)
INSTOWN -0.00777*** 0.00827***

(0.00231) (0.00266)
LNUMEST -0.0517*** 0.000518

(0.00658) (0.00647)
TURN -0.00683** -0.00508

(0.00320) (0.00307)
Textual Variables
TONE -0.105*** -0.113***

(0.00657) (0.00590)
LENGTH -0.163*** -0.180***

(0.00898) (0.0130)
BLAME -0.0122*** -0.0121***

(0.00356) (0.00364)
Issuance Variables
SEO 0.115*** 0.0910***

(0.0241) (0.0258)
SEO*ROA 0.0547*** 0.0337***

(0.0114) (0.0119)
SEO*SUE 0.00505 -0.0157

(0.0180) (0.0171)
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Observations 59,411 60,662 60,657 59,411
R-squared 0.146 0.206 0.137 0.212
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Table 4: Investor Reactions to Proportion of PCTNUM

This table tests investors’ reactions to the proportion of quantitative information (PCTNUM) in confer-
ence call disclosures. The dependent variable is CAR (adjusted using FF 3-factor model) from trading
day -1 to 1 relative to the date of the conference call. PCTNUM is percentage of quantitative informa-
tion in the conference call. PCTNUMS is the percentage of quantitative information in the statement
component. PCTNUMQA is the percentage of quantitative information in the Q&A section. SUE is the
standard unexpected earnings, calculated as the difference between realized earnings and analyst forecast
earnings and scaled by price. Accrual is the accrued earnings divided by total assets ((IBCY-OANCFY)/
AT). ROA is return on assets. SUE is standardized unexpected earnings. BM is log book-to-market ratio.
BM is log book-to-market ratio. MOM is the lag 12 month cumulative return. INSTOWN is institutional
ownership. BLAME is percentage of sentences with negative attribution to industry or economy. TONE
is the difference between percentages of positive and negative words in the conference call. VOLATILITY
is the annualized daily volatility calculated using the data from the month preceeding the conference call.
TURN is the average share turnover in the month preceding the conference call. LNUMEST is the log
of one plus number of analysts covering the firm. Significance level: *** p < 0.01, ** p < 0.05, * p < 0.1.

VARIABLES CAR[-1,1] CAR[-1,1] CAR[-1,1]

PCTNUM 0.266*** 0.181***
(0.0446) (0.0435)

PCTNUMS 0.312***
(0.0803)

PCTNUMQA 0.00942
(0.0621)

SUE 2.020*** 2.034***
(0.0880) (0.0898)

ROA 0.156*** 0.152***
(0.0494) (0.0486)

BM 0.0212 0.0215
(0.0524) (0.0541)

Log(ME) -0.161** -0.154**
(0.0695) (0.0698)

MOM -0.242*** -0.239***
(0.0653) (0.0663)

ACCRUAL -0.280*** -0.279***
(0.0584) (0.0587)

TONE 0.399*** 0.390***
(0.0495) (0.0508)

BLAME -0.298*** -0.314***
(0.0410) (0.0414)

VOLATILITY -0.594*** -0.611***
(0.188) (0.194)

INSTOWN 0.0593 0.0684
(0.0415) (0.0431)

LNUMEST 0.0269 0.00726
(0.0578) (0.0571)

TURN -0.130* -0.143*
(0.0746) (0.0744)

Observations 60,297 60,075 59,264
R-squared 0.002 0.063 0.064
Number of groups 40 40 40
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Table 5: Predicting Post Conference Call Returns

This table test whether investors underreact to the proportion of quantitative information (PCTNUM) in
conference call disclosures. The dependent variable is CAR (adjusted using FF 3-factor model) between
trading days 2 and 60 after the conference call date. PCTNUM is percentage of quantitative informa-
tion in the conference call. PCTNUMS is the percentage of quantitative information in the statement
component. PCTNUMQA is the percentage of quantitative information in the Q&A section. SUE is the
standard unexpected earnings, calculated as the difference between realized earnings and analyst forecast
earnings and scaled by price. Accrual is the accrued earnings divided by total assets ((IBCY-OANCFY)/
AT). ROA is return on assets. SUE is standardized unexpected earnings. BM is log book-to-market ratio.
BM is log book-to-market ratio. MOM is the lag 12 month cumulative return. INSTOWN is institutional
ownership. BLAME is percentage of sentences with negative attribution to industry or economy. TONE
is the difference between percentages of positive and negative words in the conference call. VOLATILITY
is the annualized daily volatility calculated using the data from the month preceding the conference call.
TURN is the average share turnover in the month preceding the conference call. LNUMEST is the log
of one plus number of analysts covering the firm.Significance level: *** p < 0.01, ** p < 0.05, * p < 0.1.

VARIABLES CAR[2,60] CAR[2,60] CAR[2,60]

PCTNUM 0.351*** 0.219***
(0.0871) (0.0742)

PCTNUMS 0.330**
(0.139)

PCTNUMQ 0.280**
(0.126)

SUE 0.615*** 0.628***
(0.213) (0.215)

ROA 0.577*** 0.571***
(0.195) (0.195)

BM -0.0681 -0.0832
(0.128) (0.128)

Log(ME) -0.155 -0.157
(0.164) (0.169)

MOM -0.149 -0.157
(0.296) (0.296)

ACCRUAL -1.199*** -1.209***
(0.169) (0.170)

TONE 0.146 0.170
(0.154) (0.157)

BLAME -0.482*** -0.496***
(0.104) (0.106)

VOLATILITY 0.0410 0.0645
(0.665) (0.666)

INSTOWN 0.0295 0.0225
(0.0845) (0.0839)

LNUMEST -0.416** -0.446**
(0.196) (0.199)

TURN 0.0718 0.105
(0.190) (0.195)

Observations 60,296 60,074 59,263
R-squared 0.001 0.051 0.053
Number of groups 40 40 40
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Table 6: Investor Reactions to Proportion of PCTNUM

This table test whether the PCTNUM is more informative informative in a set of firm character-
istics. The dependent variable is CAR (adjusted using FF 3-factor model) between trading days 2
and 60 after the conference call date. PCTNUM is percentage of quantitative information in the
conference call. COVDUM is an indicator variable that turns to 1 when the number of analyst cov-
ering the firm is higher than the bottom quartile of the sample. MEDUM is an indicator variable
that turns to 1 when the firm’s market equity is greater than the bottom quartile of the firm. FE
is the standard unexpected earnings, calculated as the difference between realized earnings and an-
alyst forecast earnings and scaled by price. Accrual is the accrued earnings divided by total assets
((IBCY-OANCFY)/ AT). ROA is return on assets. SUE is standardized unexpected earnings. BM
is log book-to-market ratio. BM is log book-to-market ratio. MOM is the lag 12 month cumulative
return. INSTOWN is institutional ownership. BLAME is percentage of sentences with negative
attribution to industry or economy. VOLATILITY is the annualized daily volatility calculated
using the data from the month preceding the conference call. TURN is the average share turnover
in the month preceding the conference call. LNUMEST is the log of one plus number of analysts
covering the firm. Significance level: *** p < 0.01, ** p < 0.05, * p < 0.1.

VARIABLES CAR[-1,1] CAR[2,60] CAR[-1,1] CAR[2,60]

PCTNUM 0.276*** 0.377*** 0.354*** 0.577***
(0.0631) (0.125) (0.0793) (0.144)

COVDUM*PCTNUM -0.0105 -0.313**
(0.0719) (0.142)

COVDUM -0.0990 0.0110
(0.132) (0.281)

MEDUM*PCTNUM -0.117 -0.570***
(0.0842) (0.158)

MEDUM 0.311*** -0.936*
(0.114) (0.471)

FE 2.027*** 0.547*** 2.028*** 0.556***
(0.0932) (0.185) (0.0934) (0.184)

ROA 0.157*** 0.553*** 0.158*** 0.543***
(0.0487) (0.198) (0.0499) (0.196)

BM 0.0106 -0.0491 0.0169 -0.0598
(0.0533) (0.127) (0.0541) (0.128)

Log(ME) -0.213*** -0.0383 -0.291*** 0.212
(0.0680) (0.164) (0.0601) (0.149)

MOM -0.238*** -0.164 -0.235*** -0.171
(0.0688) (0.293) (0.0697) (0.293)

ACCRUAL -0.282*** -1.206*** -0.286*** -1.189***
(0.0597) (0.175) (0.0594) (0.173)

TONE 0.386*** 0.140 0.385*** 0.122
(0.0467) (0.152) (0.0462) (0.151)

BLAME -0.347*** -0.449*** -0.352*** -0.443***
(0.0416) (0.102) (0.0417) (0.100)

VOLATILITY -0.574*** 0.0366 -0.530*** -0.119
(0.184) (0.670) (0.181) (0.680)

INSTOWN 0.0634 0.0176 0.0740* 0.0205
(0.0421) (0.0881) (0.0416) (0.0875)

LNUMEST 0.0908 -0.448** 0.0519 -0.447**
(0.0663) (0.212) (0.0541) (0.197)

TURN -0.0931 0.0675 -0.110 0.134
(0.0751) (0.200) (0.0751) (0.206)

Observations 58,967 58,966 58,967 58,966
R-squared 0.068 0.055 0.068 0.058
Number of groups 40 40 40 40
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Table 7: Predicting Forecast Error

This table test whether PCTNUM captures information related to firm fundamentals. The dependent
variable is analyst forecast error in the following quarter. PCTNUM is percentage of quantitative infor-
mation in the conference call. PCTNUMS is the percentage of quantitative information in the statement
component. PCTNUMQA is the percentage of quantitative information in the Q&A section. FE is the
standard unexpected earnings, calculated as the difference between realized earnings and analyst forecast
earnings and scaled by price. Accrual is the accrued earnings divided by total assets ((IBCY-OANCFY)/
AT). ROA is return on assets. SUE is standardized unexpected earnings. BM is log book-to-market ratio.
BM is log book-to-market ratio. MOM is the lag 12 month cumulative return. INSTOWN is institutional
ownership. BLAME is percentage of sentences with negative attribution to industry or economy. TONE
is the difference between percentages of positive and negative words in the conference call. VOLATILITY
is the annualized daily volatility calculated using the data from the month preceding the conference call.
TURN is the average share turnover in the month preceding the conference call. LNUMEST is the log
of one plus number of analysts covering the firm.Significance level: *** p < 0.01, ** p < 0.05, * p < 0.1.

VARIABLES FE FE FE

PCTNUM 1.933*** 1.944***
(0.365) (0.406)

PCTNUMS 2.444***
(0.846)

PCTNUMQ 0.221
(0.535)

TONE 0.751* 0.661
(0.419) (0.430)

BLAME -1.116*** -1.119**
(0.409) (0.429)

BM -1.763*** -1.735***
(0.518) (0.514)

Log(ME) 2.072*** 2.001***
(0.429) (0.446)

MOM 4.487*** 4.520***
(0.541) (0.551)

ACCRUAL -12.34* -13.14*
(7.158) (7.387)

VOLATILITY -1,427** -1,437**
(599.6) (597.0)

VOLATILITY 0.294 0.246
(0.264) (0.259)

LNUMEST 2.132** 1.975**
(0.850) (0.838)

TURN -1.451** -1.441**
(0.657) (0.663)

Observations 57,913 57,696 56,943
R-squared 0.001 0.020 0.021
Number of groups 40 40 40
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Table 8: PCTNUM and Information Precision

This table tests whether PCTNUM is significantly related to more precise information environment.
The dependent variables are of |SUEt+1| for the quarter following the conference call and the ana-
lyst forecast dispersion (DISP) after the earnings announcement. BM is log book-to-market ratio.
MOM is the lag 12 month cumulative return. INSTOWN is institutional ownership. VOLATIL-
ITY is the annualized daily volatility calculated using the data from the month preceding the
conference call. TURN is the average share turnover in the month preceding the conference call.
LNUMEST is the log of one plus number of analysts covering the firm. The regression controls for
year-quarter fixed effects. Significance level: *** p < 0.01, ** p < 0.05, * p < 0.1.

VARIABLES |SUEt+1| |SUEt+1| DISP DISP

PCTNUM -0.0319*** -0.0243***
(0.00837) (0.00778)

PCTNUMS -0.0114* -0.0145**
(0.00587) (0.00603)

PCTNUMQA -0.000120 0.0186**
(0.00613) (0.00855)

BM 0.129*** 0.128*** 0.134*** 0.132***
(0.0128) (0.0127) (0.0134) (0.0133)

Log(ME) -0.0947*** -0.0958*** -0.101*** -0.102***
(0.0162) (0.0162) (0.0196) (0.0195)

MOM -0.0904*** -0.0895*** -0.0968*** -0.0971***
(0.0101) (0.0100) (0.0116) (0.0116)

VOLATILITY 0.0616 0.0604 0.107* 0.105*
(0.0416) (0.0408) (0.0553) (0.0543)

INSTOWN 0.000155 0.00166 0.00769 0.00763
(0.00695) (0.00694) (0.00709) (0.00709)

LNUMEST -0.102*** -0.0994*** -0.0332** -0.0302**
(0.0126) (0.0123) (0.0145) (0.0137)

TURN 0.125*** 0.129*** 0.174*** 0.179***
(0.0202) (0.0188) (0.0274) (0.0251)

Observations 58,241 57,457 57,733 56,945
R-squared 0.098 0.097 0.148 0.149
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