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Honoring One’s Word: CEO Integrity and Accruals Quality 
 
 

Abstract 

 

We forward and validate using survey data a linguistically derived measure of CEO integrity by 
documenting a negative association between CEO use of causation words and employee 
perceptions of the extent to which their CEOs honor their word.  Using causation words from 
annual shareholder letters, we then create CEO integrity scores for a large archival sample.  
Accounting accruals capture the CEOs word regarding firm cash flows, and we find that high-
integrity CEOs report accruals that better map into cash flows. Given that poor accruals quality is 
costly, we also find boards rationally respond by increasing governance over low-integrity 
CEOs.  
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“Integrity is a matter of a person’s word – nothing more and nothing less.” 

Jensen (2009) 
 

An emerging literature beginning with Bertrand and Schoar (2003) has suggested 

personal characteristics of managers play an important role in firm policies. The common 

empirical specification to establish the importance of individual manager attributes is to include 

manager fixed effects into standard determinant models of, for example, compensation (Graham 

et al. 2012), and corporate disclosure (Bamber et al., 2010).  Such a specification is by nature 

silent on the particular attribute that matters, and as a result researchers have also investigated the 

effects of various manager-specific traits ranging from education background, to military 

experience, to the CEO’s network, to risk preferences (Malmendier and Tate 2005, Benmelech 

and Frydman 2012, Engelberg et al. 2013, Bouwens and van Lent 2010).  Despite progress in 

understanding why CEOs matter, Bertrand (2009) notes “a lot remains to be learned” about 

CEOs and the roles they play in their organizations.  

 We advance the literature on understanding CEOs by investigating a CEO trait forwarded 

by Erhard et al. (2009) as a necessary condition for maximum firm performance: integrity.  A 

recent IBM survey of over 1,500 CEOs in 60 countries and 33 industries indicates that CEOs 

themselves see integrity as the most essential leadership quality (Carr, 2010; IBM, 2010), second 

only to creativity.1  While conceptually an important characteristic, measuring a CEO’s integrity 

is an extremely difficult task.  The purpose of this study is to first develop a measure of integrity 

that can be implemented in large samples, and then to examine whether firm outcomes and 

governance structures that should be influenced by integrity vary in a manner consistent with our 

                                                      
1 60% of all respondents chose creativity as a top quality, and 52% chose integrity. Of the remaining qualities 
chosen, none received more than 35%, indicating integrity’s importance. Interestingly, integrity seems to be even 
more important among North American CEOs. 65% of them chose integrity as a top quality, while only 29-48% of 
CEOs in other territories did. 
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measure capturing variation in integrity across CEOs.   

To formulate our integrity proxy, we focus on the key feature of integrity forwarded in a 

series of studies starting with Erhard et al. (2009), then Jensen (2009) and most recently Erhard 

and Jensen (2012), called “honoring one’s word.” One’s word is honored in one of two ways. 

First, one does what one says they will do by the time they say they will do it. Second, if one 

cannot do what one says they will do by the time they said they would do it, one immediately 

informs all parties involved and “cleans up any mess” that was caused.  Erhard et al. (2009) go 

on to describe actions of a person with low integrity: “Faced with the messes resulting from out-

of-integrity behavior, people and organizations regularly avoid confronting the role of their out-

of-integrity behavior as cause in the matter. Instead, they supply explanations, rationalizations, 

justifications and excuses that masquerade as causes for the messes actually created by out-of-

integrity behavior” (emphasis added).  

Given this definition and explanation of how one might identify a low integrity 

individual, we propose a text-based empirical measure of CEO integrity: the percentage of 

causation words used in CEOs’ prose.2 The theoretical argument for this proxy is that causation 

words are used to make excuses and provide explanations, which are more necessary when one’s 

word has not been honored. Thus, we forward that relatively higher (lower) usage of causation 

words proxies for relatively lower (higher) CEO integrity. 

 To validate this proposed integrity proxy, we make use of survey data from a consulting 

company that assesses CEO integrity directly. In the survey, a group of each CEO’s top-level 

employees numerically rate how well the CEO honors his or her word. We aggregate these 

employee responses, which serve as an independent assessment of the CEOs integrity.  In 

                                                      
2 Examples of causation words include: because, effect, hence, affect, attributed, based, consequence, since, and 
therefore. 
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addition, each sample CEO also responds to a series of open-ended questions. We find that the 

percentage of causation words in the CEOs’ open-ended responses to these questions is 

negatively associated with their employees’ integrity perceptions. We interpret this association as 

evidence that causation word frequencies are legitimately linked to the construct of CEO 

integrity. 

 After demonstrating the validity of the textual measure of integrity within the survey data 

sample, we then build a text-based integrity proxy in a broader archival setting.  We calculate 

CEO integrity by measuring the proportion of causation words in a sample of over 16,000 CEOs’ 

shareholder letters from annual reports.  Since some causation words used by a CEO in a 

shareholder letter likely stem naturally from the economic conditions the firm faces, we also 

consider the proportion of causation words in the Manager Discussion and Analysis (MD&A) 

portion of the firm’s annual 10-K filing.  The MD&A causation word proportion is a firm-and 

year-specific control variable, which in addition to other firm characteristics, serves as an 

independent variable in a regression model that establishes the expected level of causation words 

in the shareholder letter based on economic conditions.  The residuals from this model serve as 

our integrity metric, with higher values indicating excessive use of causation words and hence 

lower integrity. 

We then examine the association between CEO integrity and one particular firm outcome 

that by its nature should be affected by the extent to which the CEO honors his or her word:  

accruals quality.  Accruals are placeholders in financial statements for cash flows, and as such 

represent a numeric representation of the CEO’s word regarding the firm’s cash flows.  

Arguably, any statement by a CEO could be assessed for whether the CEO honored his or her 

word. The difficulty from a research perspective is obtaining a common set of statements across 
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CEOs that can be investigated as well as assessing ex post whether the one’s word was honored 

or not.  Accounting accruals overcome both of these obstacles as they are effectively 

standardized “statements” that exist for all firms each year, and one can assess whether the 

“accrual statement” was honored or not by simply comparing accruals to the cash flows they 

purport to represent.  We hypothesize that CEO integrity will manifest in the financial statements 

via high quality accruals (i.e. accruals that map better into cash flows), and in turn expect the 

association between CEO integrity and accruals quality to be positive.  We find evidence 

consistent with this hypothesis.    

 Given the negative ramifications of poor accruals quality on the cost of debt and equity 

capital (Francis et al. 2005), one might question why a board of directors would ever hire a low-

integrity CEO.  CEOs are certainly a bundle of many attributes, including but not limited to their 

integrity level.  Rational boards presumably consider the complete bundle of CEO attributes 

when making hiring decisions and put mechanisms in place to supplement deficiencies in 

character traits.   If a CEO lacks integrity, we expect owners to establish governance mechanisms 

so as to minimize the any costs associated with low-integrity CEO behavior.  Empirically, we 

find that low-integrity CEOs have less stockholdings and are overseen by boards comprised of 

more independent directors and that meet with the CEO more often.  These findings are 

consistent with owners rationally responding to CEO integrity.  

Collectively, this paper contributes to the extant literature in two main areas. First, we 

forward and provide validity tests for an empirical measure of CEO integrity based on causation 

words in CEO prose. By linking our empirical proxy to survey data and showing that it is 

significantly related to accruals quality in the predicted direction, we provide support for a 

measure of integrity, which can be readily applied to large samples. Second, we contribute to the 
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growing literature on the role of specific manager traits in the analysis of firm outcomes.  That 

CEOs who honor their word exhibit improved mappings of accruals into cash flows suggests 

integrity can impact corporate outcomes.  Whether and to what extent integrity matters for other 

firm outcomes remains an important area of inquiry for future research. 

Our examination also has several limitations.  First, as a study of association, it is 

possible that an unspecified but omitted factor is responsible for our results.  Second, the 

integrity of an individual is ultimately unobservable and as such our proxy for integrity may 

capture other personality traits beyond integrity.  Finally, it is plausible that integrity is not 

completely an innate time invariant CEO trait.  We find that CEO fixed effects explains 69% of 

identified variation (i.e. 38.5% out of a total R2 of 55.8%) in a determinant model of our integrity 

measure, suggesting a substantial portion of CEO integrity is innate.  How and when time-

varying integrity influences firm outcomes is something our empirical assessment cannot 

currently address. 

1. Prior Work and Hypothesis Development 

1.1  The Effects of Managerial Traits 

Prior studies have documented the effects of individual managerial traits on the economic 

outcomes of the firms they manage. Beginning with studies such as Bertrand and Schoar (2003), 

prior work has found that managerial fixed effects, in general, affect economic outcomes, 

investment policy, financial policy, and firm strategy. Graham et al. (2012) also find that 

managerial fixed effects are sizable in explaining the variation in executive pay. In a financial 

reporting context, Bamber et al. (2010) and Ge et al. (2011) find that individual manager traits 

play a significant role in their firms’ voluntary disclosure decisions and accounting practices.  

While this first stream of work typically finds significant managerial fixed effects, the 
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reasons why the managerial fixed effects matter are often left unresolved.  As a result, a second 

stream of literature has evolved that investigates why managerial fixed effects matter.  Economic 

firm outcomes have been modeled as a function of transparent screening traits such as 

educational background, prior performance accomplishments, military experience, age and a 

CEO’s network (e.g., Chevalier and Ellison 1999; Bamber et al. 2010, Malmendier and Tate 

2009; Engelberg et al. 2013).  Other less transparent and more difficult to measure traits such as 

CEO narcissism, reputation, and overconfidence, have also been shown to impact firm outcomes 

(Chatterjee and Hambrick 2007; Francis et al. 2008; Schrand and Zechman 2012).  

1.2 The Direct Effects of CEO Integrity 

 While the studies discussed above suggest a role for a wide variety of CEO 

characteristics to impact firm outcomes, recent survey evidence suggests that CEOs themselves 

view integrity as a premier leadership attribute (Carr 2010, IBM 2010).  Relatedly, academic 

research by Erhard and Jensen (2012), Erhard et al. (2009), and Jensen (2009) considers the 

theoretical importance of integrity and forwards an implementable framework for 

operationalizing the concept of integrity. This work relies heavily on a definition of integrity as 

“honoring one’s word,” which implies that an individual does what he or she says they will do by 

the time they say they will do it, or, if not, the individual immediately informs all parties 

involved and resolves any problems that may subsequently arise. 

Most importantly for our purposes, Erhard et al. (2009) further describe actions of an 

individual with low integrity. “Faced with the messes resulting from out-of-integrity behavior, 

people and organizations regularly avoid confronting the role of their out-of-integrity behavior as 

cause in the matter. Instead, they supply explanations, rationalizations, justifications and excuses 

that masquerade as causes for the messes actually created by out-of-integrity behavior” 
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(emphasis added). A key reason why this definition is important is that it is implementable 

empirically. Advances in the textual analysis literature (for a summary see Li 2011) suggest that 

we can measure the supply of words that correspond to the explanations, rationalizations, 

justifications, and excuses proposed by Erhard et al. (2009) as indicators of low-integrity 

behavior. 

1.3 Hypothesis Development 

 Taken together, the aforementioned studies provide three key insights that are relevant to 

the hypothesis development in our study. First, CEO fixed effects associated with behavioral 

traits matter in decisions that affect firm outcomes, policies, and strategies.  Second, the literature 

currently demonstrates how a variety of CEO traits might explain the fixed effect findings, but “a 

lot remains to be learned” (Bertrand 2009). Third, research forwarding the positive theory of 

integrity (e.g. Erhard and Jensen 2012), in addition to suggesting the need for research on this 

particularly important characteristic, also provides a basis for operationalizing the integrity 

construct through “honoring one’s word.”  

For our hypothesis development, we focus specifically on the association of CEO 

integrity with one particular firm outcome:  accruals quality.  We focus on accruals quality for 

two reasons.  First, accruals quality is a particular outcome that should be a function of how 

much a CEO honors his or her word.  Accounting accruals can be described as “placeholders for 

cash flows” (Wahlen et al. 2010, p. 114).  A firm’s reporting of an accrual, then, can be viewed 

as the CEO’s word regarding the amount of cash represented by the accrual in the financial 

statements.  We view an accrual that is not appropriately replaced with cash as an illustration of a 

CEO not honoring his or her word. Of course we could consider other statements made by 

managers and examine whether such statements come to fruition, but the accounting system 
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offers a standardized and regularly recurrent numeric “statement” that facilitates systematic 

analysis empirically. 

Second, Erhard and Jensen (2012) specifically argue that CEOs who honor their word are 

less likely present financial statements that do not depict economic reality.  Poor quality accruals 

in financial statements increase the costs of debt and equity (Francis et al. 2005), and are 

established precursors for extreme negative outcomes like financial restatements and class action 

lawsuits, which stem from managerial misrepresentations of financial information (Ecker et al. 

2006). 

High-integrity (low-integrity) CEOs should therefore report accruals that are more (less) 

representative of the cash flows whose places the accruals are holding.  This implies that accruals 

quality, defined as the mapping of accruals into cash flows, should be higher for high-integrity 

CEOs (i.e., those CEOs who are more likely to honor their word) relative to low-integrity CEOs. 

Stated formally: 

H1:  Accruals quality is increasing in CEO integrity defined as honoring one’s word. 

2. Measuring CEO Integrity 

 CEO integrity is ultimately unobservable; hence, the ability of our empirical tests 

(described in Section 3) to accurately detect an association between CEO integrity and accruals 

quality depends on the use of a valid empirical proxy for integrity. Relying on a definition of 

integrity as “honoring one’s word” (Erhard and Jensen 2012; Erhard et al. 2009; and Jensen 

2009) we assume that statements made by CEOs of relatively low and high integrity will be 

fundamentally different.  If low-integrity CEOs honor their word less than high-integrity CEOs, 

then we follow Erhard et al. (2009) and assume low-integrity CEOs will offer relatively more 

excuses for why certain actions were (or were not) taken, or will offer explanations for why 
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stated objectives were not achieved.  This intuition is also consistent with Schlenker et al. (2001) 

who also suggest excuses can identify individuals with low integrity. 

2.1 CEO Integrity Variable Measurement 

 In developing a measure of excuses to operationalize honoring one’s word, we rely on (1) 

the notion that the written words can reveal personality traits of the author (Webb et al. 1966; 

Webb and Weick, 1983) and (2) recent work that shows significant relations between constructs 

formed from the textual analysis of corporate reports and economic outcomes (for a summary, 

see Li 2011). To derive our integrity measure, we require a text source. Arguably the most 

commonly studied text corpus is the mandatory MD&A disclosure in annual SEC filings (Li 

2011).  However, because the MD&A is subject to regulatory oversight, corporate lawyers play a 

role in the word choices (Choudhary et al. 2012).  Because we intend to measure CEO integrity, 

we require text that is most likely written or influenced directly by the CEO.  To meet this 

criterion, we use the annual shareholder letter, which the CEO typically signs and which is less 

regulated than other narratives such as the MD&A (Abrahamson and Amir 1996). 

Personal conversations with a former corporate attorney have indicated that while firms’ 

legal teams are heavily involved in writing other sections of the annual report that are regulated 

by the SEC (such as the MD&A), attorneys “almost never even comment on the shareholder’s 

letter.”  Using the annual shareholder letter offers a distinct advantage in our archival tests – it 

summarizes the same economic period as the MD&A. As the MD&A is a mandatory disclosure, 

it can serve as a benchmark for establishing the amount of causation words that corporate 

lawyers believe is necessary to describe the unique economics facing each firm to meet SEC 

reporting requirements.  This allows us to make inferences about CEO integrity by comparing 

CEOs’ own use of causation words to the MD&A benchmark. 
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To calculate CAUSE, our measure of CEO integrity, we use Linguistic Inquiry and Word 

Count (LIWC) textual analysis software to calculate the percentage of causation words in CEOs’ 

shareholder letters. The causation words category is defined according to LIWC’s 2007 internal 

dictionary and consists of 108 words.3  CAUSE is defined as ln(1+percentage of causation 

words). Because higher values of CAUSE indicate relatively higher levels of excuses and 

explanations, higher values proxy for lower values of CEO integrity.   

2.2 Validation of CAUSE as the Empirical Proxy for CEO Integrity 

 Before proceeding to implement CAUSE as our integrity proxy, we first examine the 

construct validity of CAUSE by using a unique survey dataset that captures a direct and 

relatively precise measure of CEO integrity as conceptualized in this study.4 The survey data 

comes from the KRW Research Institute’s CEO Beliefs Research Project, the overall intent of 

which is to assess executives’ beliefs, attitudes, and characteristics (e.g., Kiel and Lennick 2012). 

Fifty-six CEOs responded to all of the questions in the survey; they come from small, large, 

public, and private firms in various industries.5 The survey consists of 154 questions in several 

                                                      
3 The 108 cause words (and derivatives) are as follows: activat* affect affected affecting affects aggravat* allow* 
attribut* based bases basis because boss* caus* change changed changes changing compel* compliance complie* 
comply* conclud* consequen* control* cos coz create* creati* cuz deduc* depend depended depending depends 
effect* elicit* experiment force* foundation* founded founder* generate* generating generator* hence how 
hows how's ignit* implica* implie* imply* inact* independ* induc* infer inferr* infers influenc* intend* intent* 
justif* launch* lead* led made make maker* makes making manipul* misle* motiv* obedien* obey* origin 
originat* origins outcome* permit* pick  produc* provoc* provok* purpose* rational* react* reason* response 
result* root* since solution* solve solved solves solving source* stimul* therefor* thus trigger* use used uses using 
why. 
4 The only paper we are aware of that uses the LIWC causation dictionary is Li (2008), who, as part of an 
exploratory analysis, finds that the extent of causation words in the MD&A section is associated with lower earnings 
persistence.  In our analysis, we purge our causation scores derived from shareholder letters of the causation scores 
from the MD&A, which helps provide assurance that higher causation scores in the shareholder letter are not simply 
an indirect repackaging of the Li (2008) results. 
5 While 58 CEOs originally agreed to complete the survey, two CEOs did not answer all of the questions and in 
particular, only partially answered the open interview questions, which are essential to the development of our 
CAUSE score. These two CEOs observations were dropped from the analysis. 
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categories, as well as 61 open-ended interview questions on various subjects.6 Each of the 56 

firms provided a sample of top-level employees to complete the survey questions about the CEO 

from the employee’s perspective, from a minimum of five employees up to a maximum of 131 

employees.  

The KRW survey data has two critical aspects that allow for an assessment of construct 

validity.  First, a group of each executive’s employees jointly respond to a set of survey 

questions related to integrity that are scored on a numeric scale. 7  We expect that using 

subordinate responses provide a less biased assessment of CEO integrity relative to CEO self-

reported scores.8 Second, the CEOs respond to a set of open-ended questions, which provides a 

rich source of text from which we can measure their use of causation words.   

Although the KRW survey is extensive, for purposes of this study we focus on three 

questions that address directly this study’s definition of integrity that is based on honoring one’s 

word (Jensen 2009; Erhard et al. 2009; Erhard and Jensen 2012). We list these three integrity 

questions in Appendix A. We construct the integrity score for each CEO by first calculating the 

mean employee response for each of the three integrity questions. Table 1 provides descriptive 

statistics on three questions, labeled Q1, Q2, and Q3. Higher scores imply higher levels of 

integrity. Answers to the three questions exhibit high degrees of intercorrelation as noted in 

Table 2. As such, we construct a factor score labeled FACTOR, which represents the first 

principal component of Q1, Q2, and Q3. Only one factor with an eigenvalue greater than one 

emerges from these three questions (the eigenvalue equals 2.52), consistent with the intent of 

                                                      
6 The survey categories are: CEO role, fears, family life, human nature, CEO behavior, compassion, forgiveness, 
integrity, responsibility, organization life, the world and purpose. 
7Table 1 shows descriptive statistics on the per-CEO number of employees responding to the survey questions. The 
mean (median) is 42 (40) employees per CEO.   
8 In untabulated analysis, we find that CEOs self-report statistically significantly higher levels of integrity than their 
employees report about them. 
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each question to assess the nature to which the manager honors his or her word. We use 

FACTOR as our summary statistic for CEO integrity, and proceed to examine its association 

with the use of causation words.   

To measure causation words, we require a source of textual data attributed directly to the 

CEO survey respondents. In addition to the survey questions, KRW asks the CEO respondents a 

series of open-ended questions. These questions consider a variety of subjects, and we focus on 

22 questions that relate to business contexts and those that give the CEOs an opportunity to 

express opinions and make subjective assessments.9 The responses to these 22 questions were 

combined into one text file per CEO to ensure a sufficient amount of text was available for 

analysis in the LIWC software.10 Table 1 shows that the mean (median) number of words 

analyzed for each KRW-sample CEO is 776 (744). 

2.3 Relations between CAUSE and Integrity Benchmarks 

 The scatterplots depicted in Figure 1 allow for visual inspection of the association 

between CAUSE and employee perceptions of CEO integrity.  For each integrity measure the 

best fit OLS line is negatively sloping, indicating that CEOs who use more causation words are 

assessed by employees as having lower integrity.  To assess statistical significance, the 

correlation matrix in Table 2 shows that CAUSE exhibits a negative Pearson (Spearman) 

correlation with FACTOR, with a coefficient of -0.2529 and p-value of 0.0601 (coefficient of -

0.2411 and p-value of 0.0734). For the Pearson correlations, CAUSE is also significantly 

                                                      
9 See Appendix B for a list of the 22 interview questions. In all, the interview portion of the KRW survey contains 
61 open-ended questions. We drop questions that were only asked to some CEOs or questions that do not give the 
CEOs opportunity to express opinions or assessments.  Examples of dropped questions include “What two or three 
adjectives best describe your family and home life when you were growing up?” and “What did your father do 
occupationally?” 
10 We do not use shareholder letters for the KRW survey CEOs because only ten of the CEOs have shareholder 
letters from the survey year, representing an 82% loss in sample size, which in turn severely undermines the power 
of our tests. 



13 
 

 
 

negatively related to Q1 (p<.08) and Q3 (p<.02), respectively, consistent with the interpretation 

of the relation between CAUSE and FACTOR. CAUSE is negatively but not significantly 

correlated with Q2 (p<.30), highlighting the advantage of combining the responses to different 

questions to reflect a more complete proxy of honoring one’s word.  Taken together, the results 

shown in Figure 1 and Table 2 provide support for the use of CAUSE as an empirical proxy for 

CEO integrity, where higher (lower) values indicate less (more) integrity. 

3. Empirical-archival Research Design and Data Sources 

3.1 Research Design 

In our large-sample archival analysis, we will assess the extent of causation words used 

in the annual shareholder letter, which we denote as SL_CAUSE, under the assumption that 

higher levels of causation words proxy for more excuses by the CEO. Because it is likely the 

case that not all uses of causation words are due to excuses, we decompose SL_CAUSE into (1) 

the portion of causation words stemming from firm-specific economic factors and the role of 

corporate counsel, and therefore likely not representing excuses; and (2) a residual, which is 

purged of these factors. To execute this decomposition, we estimate the following determinant 

model of SL_CAUSE via ordinary least squares for firm j in year t: 

SL_CAUSEj,t = β0 + β1MDA_CAUSEj,t + β2SIZEj,t + β3MTBj,t + β4stdCFOj,t + 
β5stdSALESj,t +β6OPCYCj,t + β7NEGEARNj,t + β8ROAj,t + β9FIRMAGEj,t + 
β10FIRMAGESQj,t + β11SL_WCj,t + Year Fixed Effects + Two Digit Industry Fixed 
Effects + εj,t             (1) 

 
where SL_CAUSE (MDA_CAUSE) equals ln(1+number of causation words) in the annual 

shareholder letter (MD&A section of the 10-K filing); SIZE is the natural log of total assets; 

MTB is the market value of equity divided by the book value of equity; stdCFO is the standard 

deviation of cash from operations over the years t−1 to t−5; stdSALES is the standard deviation 

of sales over the years t−1 to t−5; OPCYC is the natural log of the average operating cycle over 
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the years t−1 to t−5; NEGEARN is the proportion of years from t−1 to t−5 in which income 

before extraordinary items is negative; ROA is income before extraordinary items; FIRMAGE is 

the number of years the firm has been listed on Compustat as of the fiscal year end; 

FIRMAGESQ is the square of FIRMAGE to capture diminishing marginal effects; and SL_WC 

is the natural logarithm of the number of words in the shareholder letter. 

In equation (1) we expect a positive coefficient on β1, since both the shareholder letter 

and the MD&A describe the same fiscal year for the same firm.  Additionally, larger and in turn 

more complex firms, firms with higher growth options, more volatile operations, longer 

operating cycles, poor performance and younger firms likely face higher demand for information 

from investors.  If managers meet this demand, in part through the shareholder letter, we expect 

β2-7>0 and β8,9 <0.  Diminishing marginal effects of FIRMAGE implies an opposite sign to the 

main effect; thus we expect β10>0. We control for the length of the shareholder letter as an 

additional control to capture informational demand effects not sufficiently captured by the other 

regression variables, under the assumption that longer letters provide more information.  This 

implies β11>0.   

To test our proposed hypothesis, we model accruals quality following Francis et al. 

(2005) and Francis et al. (2008), and add our proxy for CEO integrity (SL_CAUSE_RES). 

Specifically, we estimate the following equation for firm j in year t:  

ACCR_QUALj,t = β0 + β1SL_CAUSE_RESj,t + β2SIZEj,t + β3MTBj,t + β4stdCFOj,t + 
β5stdSALESj,t +β6OPCYCj,t + β7NEGEARNj,t + Year Fixed Effects + Two Digit Industry 
Fixed Effects + εj,t           (2) 

where all variables are as defined previously, SL_CAUSE_RES is the residual from equation (1), 

and ACCR_QUAL is one of two proxies for accruals quality utilized in Ecker et al. (2006), i.e., 

the non-market based measure, accruals quality (AQ) or market perceptions of accruals quality 

(ELOAD).   
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AQ is derived from the following Ecker et al. (2006) annual industry cross-sectional 

regression specification, which models how current period accruals map onto current, lagged and 

future cash flows from operations: 

TCAj,t = φ0 + φ1CFOj,t−1 + φ2CFOj,t + φ3CFOj,t+1 + φ4ΔREVj,t + φ5PPEj,t + εj,t , (3) 
 
where TCA is total current accruals, CFO is cash flow from operations, REV is revenue 

growth, and PPE is the level property, plant and equipment in place.  Equation (3) is estimated in 

annual industry cross-sections based on the 48 Fama and French (1997) industries, with at least 

20 firms available in each industry-year. This estimation procedure results in firm-year residuals, 

whereby AQj,t equals the standard deviation of these residuals over years t-1 through t-5.   

ELOAD is a market-based measure that represents investor perceptions of the firm’s 

accruals quality exposure in a given year (Ecker et al. 2006). To calculate ELOAD, we follow 

Ecker et al. (2006) by estimating the following equation for each firm-year in the sample, where 

d indexes trading days in year T for firm j: 

Rj,d − RF,d = αj,T + j,T (RM,d − RF,d)+ sj,T SMBd +hj,T HMLd + ej,T AQfactord + υj,d  (4) 

Firm j’s measure of accruals quality in year T is ELOADj,T, which equals the estimated value of 

ej,T. We obtain data for the variables SMB, HML, AQfactor, RM, and RF from Frank Ecker, and 

the firm-specific daily returns Rj,t from CRSP.  

Both AQ and ELOAD are measured such that higher (lower) values indicate worse 

(better) accruals quality. SL_CAUSE_RES is measured similarly, with higher (lower) values 

indicating more (fewer) excuses, and in turn lower (higher) values of CEO integrity. We 

therefore expect β1 to be positive under H1 in equation (2).  The remaining control variables are 

standard determinants of accruals quality in the literature (Francis et al. 2005; Francis et al. 

2008), and are examined only to ensure that our sample depicts the standard associations 
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between AQ and innate factors that drive accruals quality. 

3.2 Sample and Data 

To construct a sample to estimate equations (1) and (2), we first extract shareholder 

letters and related MD&A from 188 monthly Compact Disclosure database discs from 1989 to 

2006 available from the Wharton Library at the University of Pennsylvania.  We use Compact 

Disclosure as our source for text because the discs contain both the shareholder letter and 

MD&A in machine readable text formats, which is necessary for our measurement of causation 

words with the LIWC software.  Each disc contains historical reports of prior periods up to and 

through the monthly disc, and with diminishing coverage of firms as the database approached 

phase out to discontinuation in 2006. We retain only those shareholder letters where executive 

signatures are non-missing.  Due to data restrictions for the necessary dependent and control 

variables in Equations (1) and (2), the final sample size is 16,637 firm year observations, 

representing 3,583 firms from 1988 to 2002.   

Table 3 presents descriptive statistics on the sample variables, where all variables are 

winsorized at the 1% and 99% levels to help ensure our results are not outlier driven. The median 

length of the shareholder letter (MD&A) is 1,007 (2,303) words and contains 2.4% (2.5%) 

causation words.  Table 4 provides correlations for the variables used to estimate Equations (1) 

and (2). Shareholder letter causation words (SL_CAUSE) are positively correlated with both AQ 

and ELOAD, consistent with H1.  However, MDA_CAUSE is also correlated in a similar 

fashion with AQ and ELOAD, and also positively correlated with SL_CAUSE.  Moreover, 

innate firm characteristics like size, growth options, cash flow volatility, profitability, operating 

cycle and firm age exhibit correlations in the same direction with SL_CAUSE as with AQ and 

ELOAD.  To draw more definitive insights, we turn to our multiple regression analysis. 
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3.3 Determinant Model Estimation and Results of Hypothesis Test 

In Table 5, we estimate the equation (1) to establish the expected level of shareholder 

letter causation words.  In Column 1 of Table 5, we introduce the first determinant, 

MDA_CAUSE, and note that this variable exhibits a positive and significant association with 

SL_CAUSE (coefficient = 0.440, p<.01), and explains 13% of the variance in SL_CAUSE.  The 

fully specified model in Column 2 explains 26.1% of the variance in SL_CAUSE, and the 

variables that provide incremental explanatory power over MDA_CAUSE include operating 

cycle, profitability, firm age, and the length of the shareholder letter.  Longer operating cycles 

result in more causation words (coefficient on OPCYC = 0.001, p<.001).  Shareholder letters 

contain more causation words when performance is poor (coefficient on ROA = -0.003, p<.001), 

consistent with increased demand for information when performance is poor.  Younger firms 

provide more causation words (coefficient on FIRMAGE = -0.0002, p<0.001), and the positive 

and significant coefficient on FIRMAGESQ indicates a diminishing marginal effect of firm age.   

We note that including MDA_CAUSE and SL_WC in a determinant model of 

SL_CAUSE may be conservative. Although we believe the annual shareholder letter better 

captures language usage by the CEO than the MD&A, if the MD&A reflects a sufficient portion 

of CEO language, this specification will work against the residual from equation (1) capturing 

CEO causation words and bias against finding results consistent with H1. Additionally, longer 

shareholder letters have more causation words. To the extent that longer letters simply have more 

excuses as opposed to representing the meeting of genuine investor demand for causation words, 

important integrity-based variation in the residual will be removed and bias against finding 

hypothesized results.     

Turning to determinants of accruals quality, in Column 1 of Table 6, we provide a 
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benchmark model of AQ and note that innate AQ determinants exhibit the standard associations 

with AQ in our sample (Francis et al. 2004; Francis et al. 2005; Francis et al. 2008).  That is, 

SIZE (stdCFO, stdSALES, OPCYC, NEGEARN) exhibits negative (positive) and statistically 

significant associations with AQ.  Turning to our formal hypothesis test, in Column 2, we 

introduce the unexpected amount of causation words, and note that the coefficient on 

SL_CAUSE_RES is positive and statistically significant (coefficient = 0.105, p<0.01).  This 

result suggests that the financial reports of firms with low-integrity CEOs, who offer excessive 

excuses, exhibit lower accruals quality.  The remaining coefficients are identical to Column 1 by 

construction, as SL_CAUSE_RES is already orthogonal to standard AQ determinants as a result 

of estimating equation (1).   

Because our variable of interest, CEO integrity, is constructed based upon patterns in 

word usage that might capture an overall linguistic style, in column (3) we introduce control 

variables for the following linguistic based variables studied in the extant literature: the relative 

use of first-person pronouns to second-and third-person pronouns, the relative use of exclusive to 

inclusive words, the general prediction equation for deception, and extreme positive emotion 

words.  These variables have been used primarily in the accounting literature as predictors of 

firm performance, properties of earnings, deception and financial fraud (see Li 2008; Newman et 

al. 2003; and Larcker and Zakolyukina 2012, respectively).11  We note that controlling for these 

                                                      
11 In terms of formal definitions for these four classes of linguistic variables, SL_IVSU captures the use of first-
person pronouns relative to the use of second-and third-person pronouns: SL_IVSU = ln((1 + Self)/(1 + You + 
Other)), where Self, You, and Other are the LIWC percentages of first-, second-, and third-person pronouns, 
respectively.  Similarly, SL_EVSI captures the relative use of exclusive and inclusive words: SL_EVSI = ln((1 + 
Excl)/(1 + Incl)), where Excl and Incl are the LIWC percentages of exclusive and inclusive words, respectively. 
SL_IVSU and SL_EVSI are used by Li (2008) in his examination of MD&A content’s relation to firm performance 
and earnings persistence. SL_GPE comes directly from Newman et al. (2003) and is a general prediction equation 
for deception based on textual analysis. SL_GPE = (0.26 × Self) + (0.25 × Other) − (0.217 × NegEmo) + (0.419 × 
Excl) − (0.259 × Motion). Self, Other, and Excl are defined as above; NegEmo and Motion are the LIWC 
percentages of negative emotion words and motion verbs, respectively. SL_POSEMO is based on a word category 
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linguistic features does little to the coefficient on SL_CAUSE_RES, which remains positive and 

statistically significant (coefficient = 0.088, p<0.05) at levels similar to column (2).   

In column (4) we add, in addition to linguistic controls, a control for managerial ability, 

which has been shown to be increasing in accruals quality (Demerjian et al. 2012).  This ability 

measure captures the efficiency with which managers use their firm’s resources, and including 

this control variable has virtually no impact on the point estimate for our variable of interest, 

SL_CAUSE_RES. 

A limitation of the analysis in columns (1) to (4) is that construction of the dependent 

variable requires a 5 year time series of data (from years t-1 to t-5), and we cannot be sure the 

same CEO writing the annual report in year t was employed during each of these years.  If a 

different CEO was employed during the estimation of accruals quality, it should bias against 

finding an association with CEO integrity.  An alternative specification is to replace the 

dependent variable with market based perceptions of accruals quality (ELOAD).  While the 

measurement of ELOAD corresponds to the same year in which the CEO writing the shareholder 

letter is employed, it reflects investor perceptions of accruals quality derived from stock prices, 

which makes its estimation noisier than AQ.  In columns (5) – (8) we replicate the analysis from 

columns (1) – (4) but simply replace AQ with ELOAD.  We find our inferences are unchanged, 

in that we observe a positive and statistically significant association with CEO integrity, although 

the significance levels are lower than the specifications using AQ as the dependent variable.   

As a collection, the results in Table 6 are consistent with our hypothesis that higher 

integrity CEOs report accruals that better represent a firm’s cash flows after removing standard 

                                                                                                                                                                           
from Larcker and Zakolyukina (2012), who find that the use of extreme positive emotion words is associated with 
deception in earnings conference calls. As with the other textual variables, we use the LIWC software to calculate 
SL_POSEMO, but the word list comes directly from Larcker and Zakolyukina (2012) instead of from LIWC’s 
internal dictionary. SL_POSEMO = ln(1 + percentage of extreme positive emotion words).  
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business condition determinants of accruals quality, and other potential correlated factors.  This 

finding also adds to the literature suggesting that an explicit link between integrity and earnings 

quality may exist (Hunton et al. 2011; Feng et al. 2011; Johnson et al. 2012), although no study 

operationalizes integrity explicitly.   

4. Governance Mechanisms and CEO Integrity 

 Poor quality accruals are costly in terms of the cost of debt and equity capital (Francis et 

al. 2005).  More generally, firms should face more adverse selection costs if CEOs do not honor 

their word.  Given such costs, why would a board of directors ever hire a low integrity CEO?  

CEOs are ultimately a bundle of attributes, including but not limited to their integrity level.  

Presumably, boards decide based on the complete bundle of attributes to hire a given CEO, and if 

the CEO has certain character traits that may be costly to the firm, the board implements 

governance structures that minimize the related costs.   

To test this conjecture, we examine whether low-integrity CEOs face a heightened level 

of corporate governance. We estimate the following pooled-cross sectional model: 

CORP_GOVj,t = β0 + β1SL_CAUSE_RESj,t + CONTROLS + εj,t    (5) 

where CORP_GOV is a set of governance mechanisms including the number of board meetings 

held (NUMMEET), the percentage of independent directors on the board (%INDEP), the 

percentage of the firm’s stock held by firm directors excluding the CEO if the CEO is on the 

board (BHOLDING), the percentage of the firm’s stock held by the CEO (HOLDING), an 

indicator variable for whether the CEO is also the Chairman of the board (CHAIR), the size of 

the board of directors (BSIZE) and the percentage of independent board members who hold a 

significant fraction of outside directorships (%OUTSIDEDIR). Governance variables are derived 

from IRRC and are only available for a subsample of the firm-years we examine, which is 
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available from 1996 to 2005. CONTROLS are the same set of firm characteristics used in other 

specifications, in addition to controls for the age of the firm, and CEO age and tenure (Dikolli et 

al. 2013).   

 We expect the coefficient on our CEO integrity proxy (SL_CAUSE_RES) to be positive 

when NUMMEET, %INDEP and BHOLDING serve as the dependent variable.  More board 

meetings imply more monitoring, which we conjecture would minimize the cost of a CEO not 

honoring his or her word.  Additionally, we conjecture that independent board members and 

board members with more equity holdings will offer higher quality monitoring of the CEO.  

Results generally support these expectations. Table 7 reveals that CEOs who offer excessive 

causation words (i.e. low integrity) are subjected to more board meetings (coefficient = 1.498, 

p<0.10) and their boards contain more independent members (coefficient = 1.762, p<0.01).  

However, board members hold less of the firm’s shares, not more as we expected. 

 In addition, we expect boards to extend less power to a low-integrity CEO, which 

suggests that CEOs who use excessive causation words will be granted less of the firm’s shares 

and or be appointed chairman of the board.  This implies a negative coefficient on HOLDING 

and CHAIR.  We observe a negative coefficient on HOLDING (coefficient -50.574, p<.05 in a 

one tailed test) and observe no statistically significant association between CEO integrity and 

CHAIR. 

Finally, we also consider board size and how “busy” independent directors are.  We are 

unable to sign our predictions and consider these governance metrics for completeness.  Larger 

boards may provide better monitoring due to their scale.  On the other hand as boards increase in 

size, board monitoring become less effective due to free riding problems (Boone et al. 2007).  

With respect to how engaged independent board members are on other boards, such engagement 
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may assist in CEO monitoring if it generates important information flow (e.g., Ferris et al. 2003, 

Carpenter and Westphal 2001).  On the other hand, independent board members involved with 

many other boards may not be able to dedicate the required time to effectively monitor (Fich and 

Shivdasani 2006, Fracassi and Tate 2012).  Empirically, we find that low-integrity CEOs are 

governed by smaller boards (coefficient -13.392, p<0.05) whose independent directors are not as 

busy (coefficient -0.645, p<0.05).   

Notwithstanding the difficulty in measuring governance mechanisms, the results in Table 

7 collectively suggest that low-integrity CEOs face heightened scrutiny via more meetings from 

smaller boards with more independent directors who are less distracted by other duties pertaining 

to other firms.  These imply rational responses by firm owners to minimize the potential costs a 

firm may face from a CEO who does not honor his or her word.   

5. To What Extent is CEO Integrity Fixed Versus Fleeting? 

 Our final analysis investigates the extent to which CEO integrity is an innate, unchanging 

feature of management.  That is, do CEOs with high integrity always behave with high integrity, 

or do circumstances dictate when a generally high-integrity CEO will not honor his or her word?  

We cannot easily specify empirically the ex ante set of conditions that might trigger high or low 

integrity behavior; however, we can decompose the variation in CEO integrity following Graham 

et al. (2012) in order to ascertain the contribution of CEO fixed effects in explaining integrity, 

thereby uncovering the extent to which integrity is an innate CEO trait. 

Graham et al. (2012) begin by examining the explanatory power of a standard 

compensation determinant model when firm fixed effects, manager fixed effects, and firm-

manager fixed effects (i.e. a “spell” fixed effect) are individually introduced. Significant 

explanatory power from CEO fixed effects and “spell” fixed effects indicate the importance of 
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CEO personal characteristics.  We execute the same analysis by estimating the following three 

specifications: 

SL_CAUSE_RESj,t = 0 + FIRM FIXED EFFECTS + j,t     (6a) 

SL_CAUSE_RESj,t = 0 + CEO FIXED EFFECTS + j,t     (6b) 

SL_CAUSE_RESj,t = 0 + FIRM-CEO FIXED EFFECTS + j,t    (6c) 

Since our CEO integrity proxy, SL_CAUSE_RES, is already orthogonal to time varying 

firm effects and year fixed effects, we do not include them in the above specifications.  To 

identify the CEO in place at each firm in each year for estimating CEO fixed effects, we use the 

title of the CEO as listed on each shareholder letter.12  Panel B of Table 8 reveals the estimation 

of equation (6a), (6b), and (6c) in columns (1), (2) and (3), respectively.  The adjusted R2 is 

27.4% from model (6a), 30.6% from model (6b) and 31.0% from model (6c).  This suggests that 

both unobservable static firm and manager effects play an important role in explaining CEO 

integrity. That CEO fixed effects provide substantial explanatory power is not surprising given 

our theory that integrity is itself a CEO-level characteristic.  However, the explanatory power of 

firm fixed effects is of similar magnitude to CEO fixed effects and to firm-CEO fixed effects 

estimated via the spell method.  To more precisely disentangle the magnitude of the firm effect 

from the CEO effect requires a decomposition of the explanatory power of the spell method R2 

following Abowd, Kramarz and Margolis (1999, hereafter the AKM method). 

To execute this decomposition, we follow Graham et al. (2012) and first condition the 

sample in Panel B down to a “connectedness” sample, which represents all available sample 

                                                      
12 In the event that the title of the individual signing the shareholder letter does not include explicitly the term “chief 
executive officer” or a variant thereof, we assume that the signer is the highest ranking official of the firm.  
Conceptually we are interested in the integrity of the executive has most authority in the organization, which in most 
instances is the individual with the title CEO.  In instances where multiple individuals sign the shareholder letter and 
none are identifiable as CEO from the title provided, we use the first author for identifying CEO fixed effects in 
equation (6b) and (6c). 
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observations for firms with more than one CEO within the sample.  Panel A of Table 8 reveals 

that 97% of sample CEOs are “nonmovers” and only worked for one sample firm, similar in 

magnitude to the 95% documented in Graham et al. (2012).  The remaining 3% of CEOs are 

movers who worked as a CEO in more than one company in the sample.  There are 344 sample 

firms who employed a “mover” CEO.  These firms correspond to 1,897 firm-year observations, 

which comprises the “connectedness” sample, as discussed in Graham et al. (2012).  Isolating the 

“connectedness” sample allows for application of the AKM method. 

In Panel C, we replicate Panel B, but use only the “connectedness” sample.  The 

magnitude of the explanatory power in terms of adjusted R2 is similar to Panel B, suggesting the 

“connectedness” sample is similar in nature to the full sample.  Of interest in Panel C is the 

overall R2 from the firm-CEO fixed effects model of 55.80% in column (3), which can be 

decomposed via the AKM method.  Panel D provides the decomposition, and reveals that the 

55.80% is comprised of 17.27% firm fixed effect and 38.53% CEO fixed effect, with the 

remaining 44.20% residual effect pertaining to unspecified time varying firm and CEO effects.  

This estimation suggests that the largest fraction of explanatory power for CEO integrity comes 

from innate CEO effects. That is, 69.1% (.3853/.5580 = .691) of identified variance comes from 

CEO fixed effects. We conclude from this analysis that a substantial fraction of measurable CEO 

integrity is an innate CEO trait.  Understanding the time-varying CEO and firm-specific factors 

is beyond the scope of this analysis, but is an important area of inquiry for future research.  

6. Conclusion 

Recent research suggests the importance of CEO characteristics in explaining firm 

outcomes.  We extend this line of inquiry by investigating CEO integrity, a particularly 

important CEO trait that is inherently difficult to measure.  We forward a measure of individual 

CEO integrity derived from textual analysis of causation words found in annual shareholder 
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letters.  Our measure is grounded in the theoretical conjectures of Erhard and Jensen (2012), 

Erhard et al. (2009), and Jensen (2009), that link integrity to excuses. We first validate our 

linguistic based integrity measure in a small proprietary sample by showing a significant 

negative correlation between the use of causation words and employee perceptions of their 

CEO’s integrity. We then show that when a CEO uses an unexpectedly high level of causation 

words in shareholder letters, the actual and perceived mapping of accruals into cash flows is of 

lower quality when compared to firms with CEOs that honor their word. 

We also find that governance mechanisms associate with CEO integrity in ways that 

suggest boards rationally attempt to minimize the effects of low integrity behavior.  Specifically, 

we find low-integrity CEOs face heightened scrutiny via more meetings from smaller boards 

with more independent directors who are less distracted by other duties pertaining to other firms.   

Finally, we consider the possibility that integrity may not be solely an innate 

characteristic, but rather may have a time varying component.  CEO fixed effects estimations 

show that while CEO fixed effects explain a substantial fraction of the variation in CEO 

integrity, a time varying component also exists.  Identifying the factors that explain when a CEO 

may or may not behave with integrity is an important issue for future research.  

We conclude by noting that in research that operationalizes an unobservable construct like 

integrity, inferences critically hinge on how well the proxy measures the construct of interest. It is 

possible that some unmodeled factor influences both the unexpected number of causation words 

and accruals quality. However, we believe our use of causation words from the MD&A as a firm-

specific control helps mitigate the potential for such a correlated omitted factor. With this caveat in 

mind, this study provides initial evidence on the important construct of CEO integrity. 
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Appendix A: Integrity Survey Questions Pertaining to “Honoring One’s Word”  
Question ID Question 
Q1 If I agree to do something, I follow through. 
Q2* When I agree to do something, I don’t follow through, especially if I agreed 

under pressure or agreed in order to get out of a tight spot. 
Q3* I believe that sophisticated people know that not all promises are meant to be 

kept. 
* indicates questions for which the responses have been normalized so that higher scores 
indicate higher integrity for all three questions 
 
Appendix B: Open Response Survey Questions 
Number Question 
1. Tell us in a few words how well you think your company performs compared to the 

best of your competitors. 
2. Tell us in a few words what it feels like to work in your company. 
3. What words or phrases best describe your current corporate culture? 
4. Would you have described your culture any differently two to five years ago? Five 

to ten years ago? If so, why? 
5. Has the culture helped your firm’s performance over the past few years? Or hurt it? 

Or both? Or neither? How has it helped or hurt? 
6. If part of the culture helped or hurt the firm’s performance, how did the culture get 

to be this way? 
7. What are the one or two things the board could do to increase its overall 

effectiveness? 
8. What's stopping the board from taking these steps to increase their overall 

effectiveness? 
9. How did your father relate to you? 
10. How did your mother relate to you? 
11. How did your parents discipline you? Were you ever spanked or physically 

punished? 
12. What’s the best thing that happened to you while growing up? 
13. What’s the worst thing that happened to you while growing up? 
14. Comment on your religious background. 
15. Do you believe that a strong religious faith confers an advantage in business 

transactions? That is, do people who bring their personal religious beliefs to the 
office enjoy an edge? 

16. How were you taught to show compassion to other people? 
17. How were you taught to be a person of integrity? 
18. How were you taught to be forgiving to others? To yourself? 
19. How were you taught to be responsible for your personal choices? 
20. Any other experiences you’d like to tell me about? 
21. Any other comments? 
22. What was your first part-time job? How old were you? Did you have continuous 

employment? 
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Table 1 
Descriptive Statistics for KRW Survey Sample 

Variable definitions: WC = per-CEO total number of words in the answers given to open response survey questions 
listed in Appendix B. N_EMP = per-CEO number of employees responding to integrity survey questions in 
Appendix A. CAUSE = ln(1+(percentage of causation words)) in the answers given to open response survey 
questions listed in Appendix B. Q1 = average employee responses to integrity question #1 listed in Appendix A. Q2 
= average employee responses to integrity question #2 listed in Appendix A. Q3 = average employee responses to 
integrity question #3 listed in Appendix A. FACTOR = first principal component factor of Q1, Q2 and Q3. Only one 
factor emerges from these three questions with an eigenvalue greater than 1.0 (the eigenvalue is 2.52). 

 

Variable N Mean Std. Dev Min 25% Median 75% Max 

WC 56 776 309 309 590 744 893 1930 

N_EMP 56 42 22 5 27 40 57 131 

CAUSE 56 0.018 0.006 0.008 0.014 0.017 0.021 0.030 

Q1 56 7.606 0.502 6.340 7.312 7.612 8.024 8.615 

Q2 56 7.385 0.564 6.207 7.022 7.414 7.771 8.440 

Q3 56 7.255 0.705 5.273 6.738 7.279 7.875 8.520 
FACTOR 56 0.000 1.000 -2.463 -0.591 0.135 0.722 2.066 
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Table 2 
Correlation Matrix for KRW Survey Sample 

 
Spearman (Pearson) correlation coefficients are reported above (below) the diagonal. Two-tailed p-values 
are presented below the correlation coefficients. See Table 1 for variable definitions.  

 
 WC N_EMP CAUSE Q1 Q2 Q3 FACTOR

WC  -0.0802 0.0373 -0.0584 -0.0161 -0.0061 -0.0361 
  0.5567 0.7848 0.6688 0.9062 0.9645 0.7915 
        
N_EMP -0.0419  0.0103 0.0913 0.1523 0.0259 0.0777 
 0.7593  0.9397 0.5031 0.2623 0.8500 0.5691 
        
CAUSE -0.0209 -0.0437  -0.2433 -0.1325 -0.2846 -0.2411 
 0.8783 0.7491  0.0708 0.3302 0.0335 0.0734 
        
Q1 -0.0715 0.0970 -0.2364  0.8943 0.6537 0.9429 
 0.6006 0.4771 0.0794  0.0000 0.0000 0.0000 
        
Q2 -0.0634 0.1441 -0.1444 0.9098  0.6200 0.9467 
 0.6426 0.2892 0.2885 0.0000  0.0000 0.0000 
        
Q3 -0.0524 0.0968 -0.3246 0.6852 0.6733  0.7966 
 0.7011 0.4778 0.0146 0.0000 0.0000  0.0000 
        
FACTOR -0.0685 0.1234 -0.2529 0.9501 0.9460 0.8486  

 0.6161 0.3650 0.0601 0.0000 0.0000 0.0000  
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Table 3 

Descriptive Statistics for Shareholder Letter Sample 
 
Variable definitions: AQ = the standard deviation of residuals over years t-1 through t-5 from equation (3). Equation 
(3) is from Ecker et al. (2006): TCAj,t = φ0,i,t + φ1,i,tCFOj,t−1 + φ2,i,tCFOj,t + φ3,i,tCFOj,t+1 + φ4,i,tΔREVj,t + φ5,i,tPPEj,t + 
εj,t, which is estimated in annual industry cross-sections based on the 48 Fama and French (1997) industries, i, with 
at least 20 firms available in each industry-year. ELOAD = AQfactor loading from Ecker et al. (2006). SL_CAUSE 
= ln(1+(percentage of causation words in annual shareholder letter)). MDA_CAUSE = ln(1+(percentage of 
causation words in annual 10-K MD&A)). SL_WC = ln(number of words in annual shareholder letter). MDA_WC = 
ln(number of words in annual 10-K MD&A). SIZE = ln(total assets). MTB = (CSHO*PRCC_F)/SEQ. stdCFO = 
standard deviation of cash from operations for the years t-1 to t-5. stdSALES = standard deviation of sales for the 
years t-1 to t-5. OPCYC = ln(average operating cycle for the years t-1 to t-5), where operating cycle is defined as the 
sum of days receivables and days inventory. NEGEARN = percentage of years from t-1 to t-5 where income before 
extraordinary items is negative. ROA = earnings before interest and taxes (EBIT) divided by beginning of period 
total assets (AT). FIRMAGE = number of years since the firm first appeared on the Compustat database. All 
variables are winsorized at 1% and 99% levels in the pooled sample. 
 

Variable N Mean Std. Dev Min 25% Median 75% Max 
AQ 16637 0.047 0.036 0.005 0.022 0.037 0.061 0.191
ELOAD 16637 0.079 0.462 -0.988 -0.184 0.010 0.263 1.883
SL_CAUSE 16637 0.024 0.008 0.007 0.019 0.024 0.030 0.046
MDA_CAUSE 16637 0.026 0.007 0.012 0.021 0.025 0.030 0.044
SL_WC 16637 6.888 0.537 5.489 6.551 6.915 7.243 8.170
MDA_WC 16637 7.748 0.644 6.225 7.283 7.742 8.248 9.238
SIZE 16637 5.419 2.039 1.223 3.908 5.304 6.828 10.244
MTB 16637 2.426 2.422 0.310 1.077 1.698 2.790 15.756
stdCFO 16637 0.069 0.075 0.007 0.027 0.046 0.080 0.477
stdSALES 16637 0.214 0.194 0.013 0.091 0.160 0.265 1.117
OPCYC 16637 4.776 0.641 2.561 4.438 4.843 5.201 6.135
NEGEARN 16637 0.197 0.276 0.000 0.000 0.000 0.400 1.000
ROA 16637 0.086 0.122 -0.401 0.038 0.091 0.148 0.425
FIRMAGE 16637 22.206 12.362 7.000 11.000 20.000 31.000 51.000
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Table 4 
Correlation Matrix for Shareholder Letter Sample 

 
Spearman (Pearson) correlation coefficients are presented above (below) the diagonal. Two-tailed p-values are presented below the correlation coefficients. 
Correlations are based on 16,637 observations. See Table 3 for variable definitions. All variables are winsorized at 1% and 99% levels in the pooled sample. 

 
 

Variable AQ ELOAD SL_CAUSE MDA_CAUSE SIZE MTB stdCFO stdSALES OPCYC NEGEARN ROA FIRMAGE SL_WC 
AQ 0.255 0.122 0.058 -0.443 0.010 0.621 0.379 0.250 0.433 -0.150 -0.316 -0.159 

0.000 0.000 0.000 0.000 0.191 0.000 0.000 0.000 0.000 0.000 0.000 0.000 

ELOAD 0.269 0.055 0.023 -0.250 -0.083 0.222 0.116 0.110 0.241 -0.189 -0.144 -0.100 
0.000 0.000 0.003 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 

SL_CAUSE 0.099 0.061 0.358 -0.047 0.036 0.081 -0.006 0.278 0.076 -0.040 -0.037 0.116 
0.000 0.000 0.000 0.000 0.000 0.000 0.409 0.000 0.000 0.000 0.000 0.000 

MDA_CAUSE 0.040 0.025 0.361 -0.020 0.032 0.037 -0.011 0.211 0.003 0.012 -0.018 0.033 
0.000 0.001 0.000 0.009 0.000 0.000 0.143 0.000 0.675 0.131 0.020 0.000 

SIZE -0.411 -0.259 -0.053 -0.028 0.198 -0.465 -0.264 -0.198 -0.361 0.220 0.467 0.411 
0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 

MTB 0.139 0.002 0.046 0.027 0.067 -0.098 -0.027 -0.032 -0.105 0.462 -0.004 0.158 
0.000 0.835 0.000 0.001 0.000 0.000 0.001 0.000 0.000 0.000 0.620 0.000 

stdCFO 0.564 0.261 0.050 0.010 -0.388 0.074 0.357 0.223 0.482 -0.267 -0.240 -0.183 
0.000 0.000 0.000 0.184 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 

stdSALES 0.348 0.147 -0.031 -0.035 -0.243 0.008 0.418 -0.030 0.098 0.014 -0.235 -0.134 
0.000 0.000 0.000 0.000 0.000 0.336 0.000 0.000 0.000 0.067 0.000 0.000 

OPCYC 0.198 0.109 0.277 0.220 -0.155 0.009 0.164 -0.084 0.152 -0.092 -0.058 -0.057 
0.000 0.000 0.000 0.000 0.000 0.234 0.000 0.000 0.000 0.000 0.000 0.000 

NEGEARN 0.430 0.272 0.066 0.000 -0.365 0.111 0.481 0.138 0.134 -0.435 -0.225 -0.118 
0.000 0.000 0.000 0.981 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 

ROA -0.198 -0.224 -0.055 0.002 0.237 0.138 -0.346 -0.076 -0.101 -0.475 0.088 0.065 
0.000 0.000 0.000 0.818 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 

FIRMAGE -0.287 -0.161 -0.037 -0.030 0.520 -0.026 -0.194 -0.188 -0.028 -0.229 0.103 0.204 
0.000 0.000 0.000 0.000 0.000 0.001 0.000 0.000 0.000 0.000 0.000 0.000 

SL_WC -0.147 -0.099 0.109 0.028 0.405 0.102 -0.165 -0.123 -0.039 -0.117 0.060 0.217 
0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 
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Table 5 

Determinants of Causation Words in Annual Shareholder Letters 
 

This table presents pooled OLS regressions of cross-sectional determinants of causation words in annual 
shareholder letters. The dependent variable is SL_CAUSE. All variables are defined in Table 3. ***, **, 
and * represent significance levels, respectively, at the 1%, 5%, and 10% levels (one-tailed for variables 
with predicted signs, two-tailed otherwise). Robust standard errors, clustered by firm, are used to compute 
t-statistics, which are reported in parentheses. All variables are winsorized at 1% and 99% levels in the 
pooled sample. 
 

Variable Predicted 
Sign 

SL_CAUSE 
(1) 

SL_CAUSE 
(2) 

MDA_CAUSE + 0.440*** 0.281*** 
  (32.573) (20.713) 
SIZE +  -0.000 
   (-0.025) 
MTB +  0.000 
   (0.210) 
stdCFO +  0.001 
   (0.599) 
stdSALES +  -0.001 
   (-1.511) 
OPCYC +  0.001*** 
   (3.763) 
NEGEARN +  0.000 
   (1.209) 
ROA −  -0.003*** 
   (-4.762) 
FIRMAGE −  -0.000*** 
   (-5.731) 
FIRMAGESQ +  0.000*** 
   (4.754) 
SL_WC ?  0.002*** 
   (10.798) 
Intercept  0.013*** 0.005* 
  (36.639) (1.694) 

Industry Fixed Effects  No Yes 
Year Fixed Effects  No Yes 

Observations  16637 16637 
Adj. R2  0.130 0.261 
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Table 6 

The Association Between CEO Integrity and Accruals Quality 
 

This table presents pooled OLS regressions of cross-sectional determinants of accruals quality. The dependent variables are AQ and ELOAD, respectively. The 
main independent variable of interest is SL_CAUSE_RES, the residual from the cross-sectional determinants of causation words in annual shareholder letters. 
The linguistic control variables include relative use of first-person pronouns, relative use of exclusive words, the general prediction equation for deception 
(Newman et al. (2003), and proportion of extreme positive motion words. The ability control is from Demerjian et al. (2012). All other variables are defined in 
Table 3. All variables (except for SL_CAUSE_RES) are winsorized at 1% and 99% in the pooled sample. ***, **, and * represent significance levels, 
respectively, at the 1%, 5%, and 10% levels (one-tailed for variables with predicted signs, two-tailed otherwise). Robust standard errors, clustered by firm, are 
used to compute t-statistics, which are reported in parentheses.  

 
Variable Predicted AQ AQ AQ AQ ELOAD ELOAD ELOAD ELOAD 
 Sign (1) (2) (3) (4) (5) (6) (7) (8) 
SL_CAUSE_RES +  0.105*** 0.088** 0.084**  0.878** 0.808* 0.728* 
   (2.558) (2.104) (1.959)  (1.655) (1.517) (1.317) 
SIZE − -0.003*** -0.003*** -0.003*** -0.003*** -0.034*** -0.034*** -0.034*** -0.035*** 
  (-13.705) (-13.708) (-14.008) (-13.931) (-13.627) (-13.631) (-13.582) (-13.564) 
MTB ? 0.001*** 0.001*** 0.001*** 0.001*** -0.005*** -0.005*** -0.005*** -0.004* 
  (6.625) (6.627) (6.621) (5.933) (-2.672) (-2.673) (-2.617) (-1.910) 
stdCFO + 0.161*** 0.161*** 0.161*** 0.160*** 0.625*** 0.625*** 0.625*** 0.587*** 
  (17.846) (17.851) (17.930) (17.573) (6.521) (6.525) (6.521) (6.017) 
stdSALES + 0.023*** 0.023*** 0.023*** 0.020*** 0.120*** 0.120*** 0.120*** 0.139*** 
  (8.790) (8.789) (8.737) (7.861) (4.298) (4.297) (4.293) (4.860) 
OPCYC + 0.005*** 0.005*** 0.005*** 0.006*** 0.034*** 0.034*** 0.033*** 0.030*** 
  (5.854) (5.855) (5.763) (6.069) (3.709) (3.708) (3.590) (3.193) 
NEGEARN + 0.020*** 0.020*** 0.020*** 0.021*** 0.257*** 0.257*** 0.255*** 0.245*** 
  (11.278) (11.288) (11.291) (11.489) (13.000) (13.008) (12.856) (11.846) 
Intercept  -0.000 -0.000 -0.005 -0.008 -0.073 -0.073 -0.088 -0.093 
  (-0.022) (-0.022) (-0.717) (-1.071) (-1.003) (-1.001) (-1.171) (-1.193) 

Industry Fixed Effects  Yes Yes Yes Yes Yes Yes Yes Yes 
Year Fixed Effects  Yes Yes Yes Yes Yes Yes Yes Yes 
Linguistic Controls  No No Yes Yes No No Yes Yes 
Ability Control  No No No Yes No No No Yes 

Observations  16637 16637 16637 15476 16637 16637 16637 15476 
Adj. R2  0.444 0.445 0.446 0.428 0.127 0.128 0.128 0.124 
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Table 7 
The Association Between CEO Integrity and Monitoring Intensity 

This table presents pooled OLS regressions of cross-sectional determinants of corporate governance levels. The dependent variables are a set of governance variables defined as 
follows:  NUMMEET = Number of meetings held by the board of directors during the fiscal year, %INDEP = The percentage of independent directors on the firm’s board, 
BHOLDING = Percent of the firm’s stock held by the firm’s directors, excluding the CEO if the CEO is on the board, calculated from IRRC data, where holdings of any individual 
less than 1% are coded by IRRC as zero percent held, HOLDING = Percent of the firm’s stock held by the CEO, calculated from IRRC data, where holdings less than 1% are 
coded as zero percent held, CHAIR = indicator variable that equals 1 if CEO is also the Chairman of the board and 0 otherwise, BSIZE = Number of directors on the firm’s board 
of directors, %OUTSIDEDIR = Percent of the independent board of directors who hold either (i) three or more outside directorships, if the director is employed full-time, or (ii) six 
or more outside directorships, if the director is retired.  The main independent variable of interest is SL_CAUSE_RES, the residual from the cross-sectional determinants of 
causation words in annual shareholder letters. TENURE = ln(CEO tenure, as of fiscal year end). AGE = ln(CEO age, in years, as of fiscal year end). FIRMAGE = ln(number of 
years since the firm’s first appearance on Compustat at fiscal year-end).  All other variables are defined in Table 3. All variables (except for SL_CAUSE_RES) are winsorized at 
1% and 99% in the pooled sample. ***, **, and * represent significance levels, respectively, at the 1%, 5%, and 10% levels (one-tailed for the predicted relations with 
SL_CAUSE_RES, two-tailed otherwise). Robust standard errors, clustered by firm, are used to compute t-statistics, which are reported in parentheses.  

 Predicted NUMMEET %INDEP BHOLDING Predicted HOLDING CHAIR Predicted BSIZE %OUTSIDEDIR 
 Sign (1) (2) (3) Sign (4) (5) Sign (6) (7) 
SL_CAUSE_RES + 1.498* 1.726*** -132.970 - -50.475** 1.271 ? -13.392** -0.645** 
  (1.364) (3.074) (-2.183)  (-1.857) (0.164)  (-2.001) (-2.100) 
TENURE  -0.020*** -0.002 -0.450  1.360*** 0.516***  -0.102** -0.004* 
  (-2.846) (-0.615) (-1.287)  (6.685) (8.946)  (-2.053) (-1.778) 
AGE  -0.074 -0.050 0.344  2.553 1.840***  0.787 0.034 
  (-1.057) (-1.327) (0.090)  (1.075) (3.375)  (1.620) (1.523) 
FIRMAGE  0.001 0.002*** -0.049  -0.028 0.013**  0.030*** 0.000* 
  (1.517) (5.590) (-1.132)  (-1.384) (2.212)  (6.068) (1.706) 
SIZE  0.064*** 0.013*** -0.791*  -0.954*** 0.271***  0.800*** 0.023*** 
  (8.630) (2.975) (-1.824)  (-4.752) (4.553)  (15.265) (8.347) 
MTB  -0.006* -0.001 -0.028  -0.136** -0.005  0.004 0.002 
  (-1.850) (-0.741) (-0.176)  (-2.043) (-0.219)  (0.207) (1.224) 
stdCFO  0.426** 0.034 7.500  -5.641 -0.640  -0.593 0.112 
  (2.009) (0.370) (0.562)  (-1.412) (-0.439)  (-0.450) (1.271) 
stdSALES  -0.090 -0.043 -1.696  1.068 0.590  -0.800** -0.022 
  (-1.385) (-1.172) (-0.565)  (0.678) (1.361)  (-2.006) (-1.207) 
OPCYC  0.027 0.001 -1.014  0.045 0.243  0.090 -0.008 
  (1.281) (0.098) (-0.762)  (0.077) (1.473)  (0.598) (-1.169) 
NEGEARN  0.209*** 0.083*** -5.264**  -2.811*** 0.954**  -0.139 0.041** 
  (4.433) (3.126) (-2.354)  (-3.246) (2.570)  (-0.450) (2.450) 
INTERCEPT  1.039*** 0.716*** 2.539  -3.050 0.704  5.277** -0.343*** 
  (3.337) (4.033) (0.155)  (-0.339) (0.267)  (2.546) (-3.589) 
Industry and Year Fixed Effects Yes Yes Yes  Yes Yes  Yes Yes 

Observations  3028 2917 2554  2545 2912  2917 2814 
Adj. R2  0.170 0.207 0.064  0.226   0.455 0.215 
Pseudo R2       0.138    
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Table 8 
The Association Between CEO Integrity and Fixed Effects 

 
This table presents analyses of the association between CEO integrity and both manager and firm fixed effects. 
The descriptive statistics and general approach for the regressions follow Graham et al. (2012). Panels B and C 
employ the “spell method” from Graham et al. (2012) to simultaneously estimate both the manager and firm 
fixed effects. In Panel D, the AKM method detailed in Graham et al. (2012) is used to distinguish the manager 
and firm fixed effects. 

 
Panel A: Descriptive statistics on movers 

Mover managers 
Number of firms per 

manager Number of managers Percent 
No 1 5,171 96.67 
 2 170 3.18 
Yes 3 7 0.13 
 4 1 0.02 
 Total 5,349 100.00 
    

Firms with movers 
Number of movers       

per firm Number of firms Percent 
No 0 3,239 90.40 
 1-5 286 7.98 
Yes 6-10 50 1.40 
 11-20 8 0.22 
 Total 3,583 100.00 
    
Panel B: Fixed effect regressions 
   (Spell Method) 
 SL_CAUSE_RES SL_CAUSE_RES SL_CAUSE_RES 
 (1) (2) (3) 
Firm fixed effects Yes No Yes 
Manager fixed effects No Yes Yes 
Observations 16637 16637 16637 
R2 0.430 0.529 0.540 
Adj. R2 0.274 0.306 0.310 
 
Panel C: Fixed effect regressions on connectedness subsample 
   (Spell Method) 
 SL_CAUSE_RES SL_CAUSE_RES SL_CAUSE_RES 
 (1) (2) (3) 
Firm fixed effects Yes No Yes 
Manager fixed effects No Yes Yes 
Observations 1897 1897 1897 
R2 0.369 0.453 0.558 
Adj. R2 0.230 0.251 0.301 
    
Panel D: Relative importance of firm and manager fixed effects in determining SL_CAUSE_RES 
 Cov(SL_CAUSE_RES, component) 

Var(SL_CAUSE_RES) 
% of model R2 from 

component 
Firm fixed effects 0.1727 

0.3853 
0.4420 

30.9 
Manager fixed effects 69.1 
Residuals 0 
Model R2 0.5580  

 


