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Abstract

As workforces age and life expectancy grows, understanding what motivates workers to
strengthen or weaken their labor force attachment is a matter of growing policy concern.
This paper asks how grandparents change their labor force attachment when grandchildren
arrive by first using a multigenerational sample from the Panel Study of Income Dynam-
ics (PSID) to study individual-level responses, and then use Current Population Survey
(CPS) data to study how grandparenthood trends change labor force participation rate of
older male workers. Grandchildren’s impact on age of retirement, hours worked, whether
the grandfather is in the labor force, or the grandmother reports non-zero annual hours
worked are estimated. Endogeneity between fertility timing and grandparent characteristics
is instrumented for by exploiting exogenous state-by-year variation in access to reproductive
technologies. I find that grandfathers work 339 fewer hours and become 19.5% more likely
to retire, while grandmothers respond to the marginal grandchild by becoming 10% more
likely to retire and working 132 fewer hours a year if non-retired. This paper shows evidence
that the arrival of grandchildren does change grandparents’ labor supply, but that trends in
grandparenthood have only had a muted impact on trends in older men’s labor force partic-
ipation (LFP) rate. In a predictive exercise simulating labor force participation rates, the
response to grandchildren is specification-sensitive, but interactions between grandchildren
measures and Social Security benefits indicating that a 1 point increase in the fraction grand-
parent decreases the LFP rate by 0.18 points, and by 4.1 points with a 1 child rise in the
average number of grandchildren. Collectively, across alternative fertility and grandchildren
histories, trends in the simulated LFP rates do not meaningfully change from trends in the
observed LFP rate, although the levels of participation would have been between 3-5 points
higher between 1962-1994 if the Baby Boom had not occurred.
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Introduction

Fears of a looming workforce crunch caused by population aging have been partially
allayed by rising labor force participation by older workers. The rise in labor force attachment
in this group since the early 1990’s (from 31% to 40%) has been ascribed to changes in
educational attainment, retirement incentives, and improvements in life expectancy (Maestas
and Zissimopoulos, 2010). However, labor force attachment gains seen between the early
1990’s have stalled out since the Great Recession: the labor force participation rate for
workers 55 and older has remained essentially unchanged at 40% since 2009 While there
are many causes, researchers have largely overlooked the role of the changes in family size
and composition that have occurred across the industrialized world since the 1960’s. This
is a curious omission given the broad reach of grandparenthood: according to a Pew survey,
51% of people aged 50-64 have grandchildren (Taylor et al. (2009)). In spite of these
stylized facts, the economics literature has little to contribute to policymakers wanting to
understand feedback effects between fertility trends, grandparenthood, older workers’ labor
force participation, and retirement timing.

For example, an important but currently unanswerable question is what the net costs
to Social Security are if each additional grandchild prompts the grandparents to work 2
weeks less a year? What about over a 10 year window? Or 20 years? If we want to restore
solvency to Social Security without major changes to revenue-collection or benefits, should
we be hoping for a baby boom or a steady, sustained rise in the birth rate? Is the current
baby bust as worrisome for entitlements if it prompts greater labor force attachment among
current and prospective beneficiaries? Consequently, can policymakers expect older workers’
labor force participation to begin rising again as the birth rate continues to drop?

In this study, I examine how historical trends in grandparenthood have shaped labor force
attachment among older workers. First, I show new evidence that grandchildren’s presence
changes both grandfathers’ and grandmothers’ labor supply. Using the Panel Study of In-
come Dynamics (PSID), an intergenerational extended survey of US families, to empirically
test how individuals respond to grandchildren, I find that grandmothers have both an ex-
tensive and intensive margin response: becoming 24.8% more likely to retire and work 131.7
fewer hours if non-retired with each additional grandchild. This complements a recent study
by Rupert and Zanella (2017) also using PSID data showing only grandmothers’ labor supply
decreasing upon the arrival of the first grandchild. Since a naive model might yield biased

results from endogeneity between grandparents’ labor force characteristics and fertility tim-

2U.S. Bureau of Labor Statistics, Civilian Labor Force Participation Rate: 55 years
and over |[LNS11324230], retrieved from FRED, Federal Reserve Bank of St. Louis;
https://fred.stlouisfed.org/series/LNS11324230, April 24, 2017.



ing by their adult children, they instrument for fertility using the sex of the first born adult
child, under the assumption of random assignment, and exploit the fact that conditional on
the adult child’s sex, older workers with a first born daughter will become grandparents on
average two years earlier than those with a son. However, in their paper, they acknowledge
that this approach may introduce bias because the grandparent’s own outcomes will change
in response to the sex of the first born. The same endogeneity concerns are addressed in this
paper instead via an alternative instrumental variables approach more robust to these kinds
of validity concerns: the repeal of barriers to women’s access to reproductive technologies
in the 1960’s and 1970’s. I find a labor attachment decrease effect for both grandmothers
and grandfathers: I document for the first time in the literature that grandfathers are 18.3%
more likely to be retired, and each additional grandchild makes them 15.6% less likely in the
labor force.

Second, after establishing a labor attachment effect for both men and women, I analyze
the changes in older men’s labor force participation (LFP) rates are a function of the post-
1960’s fertility transition. This section has the additional research benefit of testing a novel
hypothesis to the persistent question of why older men’s labor force participation fell steadily
from about 1970 to 1994: the grandparents of the baby boomers phased in to the 55 and
greater cohort within this time period, and I examine whether the grandparenthood surge
contributed to the LFP drop. I use the Current Population Survey (CPS) to generate
estimates of national-level labor force participation rates by age. I then use Centers for
Disease Control and Prevention (CDC), Vital Statistics, Health and Retirement Study, and
Retirement History Longitudinal Survey data to create grandparenthood measures that are
merged on to the CPS data to test how LFP rates responded to changes in grandparenthood.

The individual level results point to a differential grandparent response over non-grandparents,
but the deduction that grandchildren might have played a roll in the fall and rise in labor
force participation of older men between the 1960’s to the Great Recession is not supported
by the data. I find that whether grandchildren change older men’s LFP in the aggregate is
sensitive to the specification of birth cohort controls, but that there is robust evidence for
economically meaningful interaction effects between grandparenthood and Social Security
benefit levels. Each additional average grandchild lowers their national labor force partici-
pation rate by between 2.5-4.1 points (assuming average values of other controls). Similarly,
a 1% increase in the fraction who are grandparents would decrease the LFP rate by 0.19
points.

The paper proceeds as follows: Section I reviews the existing literature on grandparents,
their labor supply, and trends in both phenomena and how they may be interrelated. Section

IT describes the PSID and its grandparent samples, the CPS, and other data sources used to



estimate national trends in LFP and grandparenthood. The research design and empirical
approach for the individual-level PSID estimations and the results of those estimations are
discussed in Section III. Section IV discusses the empirical approach and results for the
national-level trends chiefly from the CPS data. Section IV presents various robustness

checks on the results from Sections III and IV and Section V concludes.

1 The Case for Grandparenthood’s Effect on Labor

Force Participation

1.1 Trends in Labor Force Participation Among Older Workers

Recent trends offer some optimism because population aging’s pressure on social in-
surance systems’ solvency is being offset by rises in older worker’s LFP (Organisation for
Economic Development and Cooperation (2006))f| Figure [I] shows the national trends in
labor force participation among workers 55 and older. Since World War II, LFP among
workers 55 and older steadily declined from 1948 to 1970 from 43.3% to 39.0% (-0.2% per
year), before more steeply dropping off between 1970 to 1987 from 39% to 30% (-0.5% per
year)f_f] However, since the late 1980’s and early 1990’s, LFP for older workers reversed and
rose until the Great Recession (from 30.1% in 1994 to 40.0% in 2009), and essentially leveled
off at about 40% until the present.

Nonetheless, while participation has recovered from its early 1990’s lows, LFP in this
age group was higher even as late as 1960. This is in spite of life expectancy at age 65
being 5 years higher in 2014 (79.3 versus 84.3 years, National Center for Health Statistics
(2015)). Further, existing evidence indicates that older workers are as healthy or healthier
now than they were 50 years ago. The fraction of adults aged 55-64 and 65 and over who
smoke is one-third of what it was in 1965 (National Center for Health Statistics, 2015). The
fraction of adults ages 40-59 reporting a work-limiting health condition or a disability has
been roughly stable since 1988 (Autor (2015)), and the rate of adults claiming disability
insurance for heart disease and cancer declined between 1983 and 2003 (Autor and Duggan,
2006).

3In the United States as of 2015, 24% ($888 billion) of the federal budget goes to Social Secuirty alone,
with another 17% ($546 billion) going to Medicare, the old age health insurance program for people 65 and
older (Center for Budget and Policy Priorities, 2016). Thus, collectively, spending on retirees is now over
40% of the federal budget, so that the future of federal expenditures is sensitive to trends in labor force
participation among current and future retirees.

4Policymakers responded in 1977 and 1983 by decreasing the generosity of Social Security with seemingly
little impact on labor force participation according to Kreuger and Pischke (1992).



Several papers have tried to explain these shifts in LEP. The LFP rise since the 1980’s has
been ascribed partly to a society-wide shift from defined benefit to defined contribution re-
tirement plans (Hurd and Rohwedder, 2011; Heiland and Li, 2012), changes in Social Security
rules (Behaghel and Blau, 2012; Blau and Goodstein, 2010; Gustman and Steinmeier, 2009;
Hurd and Rohwedder, 2011), trends in technical skill accumulation among older workers
(Burlon and Vilalta-Bufi, 2016), gains in educational attainment in successive birth cohorts
(Burtless, 2013; Maestas and Zissimopoulos, 2010), and rising female labor force participa-
tion causing men coordinate retirement timing with their wives (Schirle, 2008; Gustman and
Steinmeier, 2000)[]

The paper closest to this one is Blau and Goodstein (2010), who explore a variety of
factors to explain the post-war fall and rise in labor force participation among older workers.
While they ascribe the post-1990 rise largely to greater educational attainment and reduced
Social Security-generosity, reasons why labor force participation fell remained unaccounted
for. Ultimately, the problem, as stated by Blau and Goodstein (2010, p. 356), remains:

“Two key points remain unresolved by the findings reported here: what caused
the long decline in LFP among older men and why is Social Security more im-
portant in accounting for recent LFP increases than in explaining the previous
decline? The first question has been studied for many years without much suc-

cess, and unfortunately, our results do not suggest any new avenues of research.”

The nearly 40 year fall in labor force participation among older workers seems to have pro-
gressed independently of both increases and decreases in Social Security generosity (Kreuger
and Pischke (1992); Blau and Goodstein (2010)). Nor can rising educational attainment
explain the four decade fall, because attainment increased steadily during this time period.
Mean years of schooling for native-born workers was at about 9.5 for those turning 62 in
1970 (born in 1908), and for those turning 62 in 1994 (born in 1932), this had increased to
nearly 11.5, at an implied rate of 0.08 years of schooling per birth cohort (Goldin and Katz
(2007)). Omne major trend that has not been explored to answer this question is what role

changes in grandparenthood have played in the fall and rise of older worker’s LFP.

1.2 Trends in Grandparenthood

Over the same post-WWII period, grandparenthood has risen and fallen with the national
birthrate. Figure [2| shows that births fell through 1920’s and into the Great Depression,

SWives are often younger than husbands, so a preference for a joint retirement would prompt men to
delay retirement until their wives were also eligible.



before rising after World War II and spiking in the late 1950’s as part of the Baby Boom.
Thereafter, the birthrate flattened in the 1970’s and except for minor fluctuations over the
intervening years, has largely hovered around 65-75 births per 1,000 women aged 15-44.

Not only are the implied number of grandchildren changing over time, but when people
become grandparents is, too. Couples throughout the world are choosing to have fewer
children and to have them later (Morgan (2003); Bloom et al. (2009); Caldwell (2004)). For
context, Livingstone and Cohn (2010) found that in the United States in 1990, a greater
share of births were to teenagers than to women 35 and older, but by 2008, the reverse was
true. The Centers for Disease Control and other agencies do not track grandparenthood,
but published birth and marriage data give strong clues as to how older workers’ families
are evolving.

First, the age of first marriage declined for men and women between 1890 (26.1 and 22)
and 1949 (22.7 and 20.5), flattened out around 23 for men and 20.5-21 for women, before
starting to rise steadily from about 1975. Figure [3| shows these trends, and that median age
of first marriage recently overtook 29 for men and 27 for women. These shifts are significant
because the married fertility rate has always been higher than the unmarried fertility rate,
and that until about 1970, over 90% of all births were to married women (Kendall and
Tamura (2010)). Marital shifts in turn impacted both the age of first birth and the fraction
of women remaining childless. The median women born in 1910 was first married at 22 (in
1932) and had her first baby at 23 (in 1933), and about 20% reached 45 (in 1955) childless.
In contrast, the next generation of women born in 1935 was first married at 21 (in 1956),
had her first baby at 22 (in 1957), and only 11.4% reached 45 (in 1980) childless (Kirmeyer
and Hamilton (2011)). Since the average man married a woman roughly three years younger
than himself between 1920 and 1940, these figures can be extrapolated to imply that the
average man born in 1907 had at least a 20% childless rate versus a man born in 1932 had
roughly a 12% childless rate. By extension, at minimum, the grandchild-less rate for both
cohorts is 20% and 12%, respectively. Comparing these statistics to the LFP rate in Figure
[1, a man born in 1907 turning 55 in 1962, when the LFP rate for those 55 and older was
40%, but a man born in 1932 turning 55 in 1987, the corresponding LFP rate was 30%.

The next generation of men and women show a different pattern: the median woman
born in 1960 was first married at 22-23 (in 1982-1983), and had her first baby at 25 (in
1985), and about 15.6% reached 45 (in 2005) childless (Kirmeyer and Hamilton (2011)).
When their likely partners (born in 1958) reached 55 (in 2013), the LFP rate was back up to
40%. However, these rough statistics cannot accurately convey either what fraction of older
workers were actually grandchildless and what the joint distribution of grandchildlessness

and labor force participation was, but these numbers help motivate the potential connection



between grandparenthood and labor force attachment.

The descriptive evidence on time transfers between grandparents and adult children in-
dicates that the above-mentioned trend co-movements are not at odds with the microdata.
Descriptive statistics on grandparent-to-adult child time transfers is presented in Table
courtesy of the PSID’s 2013 Family Rosters and Transfers module. Adult children with their
own children received on average about 25 more hours in time transfers a year from both
sets of grandparents than childless households. The grandparent’s marital status and sex
matters, as does the sex of the adult child. Married grandparents are more time-generous
than unmarried grandparents, and the mother’s parents are more generous than the father’s.
In almost all cases, except for single grandfathers, potential or actual grandparents indeed
give more time transfers to adult children with their own children than those without.

Figures and plot the LFP rates by selected age groups against the fraction that
are grandparents in each age group by year and the average number of grandchildren in
each age group by year, respectivelylf| The figures here do not show a particularly tight link
between grandparenthood trends and the labor force participation for those 50-61, partly
because it is not possible to look at LFP trends in these age brackets before and during the
Baby Boom. Neither, however, do they contradict the idea that there might be some causal
connection. However, for those 62-64, 65-66, and 67-69, grandchildren peak just before LFP
rates in those groups reaches its nadir. Although the alignment in trends is not exact, the
graphs strongly suggest that at least for workers 62 and older, some relationship might exist

between grandchildren trends and their labor force attachment.

1.3 The Literature on Grandparents and Grandchildren

While the past 70 years has witnessed large shifts in grandparenthood and older workers’
labor force activity, the labor economics literature on grandparenthood is thin. Existing work
offers mixed indications on what kind of labor market response by grandparents is most likely.
Ho (2015) found using Health and Retirement Survey (HRS) data that grandparent responses
seem to vary according to their marital status and financial resources. Grandparents are most
likely to help with newborns, and grandparents living in close proximity provide larger time
transfers. Married grandparents are both more likely to be employed and to give financial
help, although to what extent that is due to married couples having more resources or
being able to provide both time and financial assistance to the new parents is unclear. In
comparison, single grandparents made no time or financial adjustments in response to new

grandchildren. Because the study did not attempt to instrument for the adult children’s

6The grandparent statistics reported here were generated from the methods described in Appendix



fertility, it is hard to know which of these results might be significant when endogeneity bias
is removed from the estimates.

Most other studies have focused just on questions of time transfers. In part, this re-
flects what grandparents desire themselves. A Pew Survey (Taylor et al (2009)) reported
that spending time with grandchildren is what the elderly most value about getting older.
Hochman and Lewin-Epstein (2013) found from survey data of elderly Europeans that grand-
parents are more likely to report a desire to retire early. This result was higher in countries
that have less generous public childcare policies, suggesting that grandparents do respond
to the childcare needs of their children by decreasing labor force attachment. The intu-
ition behind the second finding is confirmed in Compton and Pollak (2014), Posadas and
Vidal-Fernandez (2013), and Aparicio-Fenoli and Vidal-Fernandez (2015) who each find that
grandmothers providing childcare for new parents increases the mother’s labor supply. This
help may not make much difference in the grandmother’s own labor supply, as Whelan (2012)
found that as long as the grandmother’s help was for less than 12 hours a week, labor supply
was not affected.

However, these studies do not account for the possibility that fertility timing and grand-
parent labor force characteristics are jointly determined. Namely, adult children’s fertility
decisions may be based on the likelihood they will receive grandparent assistance. If adult
children believe they will need assistance, they could time their childbearing to correspond to
the grandparent’s ability to help. This possibility could bias estimates of the grandparents’
labor response, because it is then unclear if the arrival of grandchildren causes a change in
grandparent’s behavior or the grandparent’s willingness to provide financial or childcare help
influences adult children’s decision on when to have their own children.

Two previous studies attempt to address the endogeneity bias by using instrumental
variables to estimate how grandchildren affect grandparent labor force attachment. First,
Wang and Marcotte (2007) use PSID survey data to study how grandparents who are raising
grandchildren change their labor force behavior when the grandchildren move in. Their in-
terest is chiefly in comparing three-generation versus skipped-generation households, so their
instrument includes the existence and number of grandchﬂdren[] They find that compared
to independent-living grandparents, grandparents co-residing with grandchildren are more
likely to increase their labor force participation. However, the narrowness of the research
question means that it is of limited use for understanding the relationship between grand-
children and grandparents labor force attachment, as only about 7% of grandchildren live in

a grandparent-headed household according to the Population Reference Bureau ]

"The rest of their excluded instruments are state-level characteristics: teenage pregnancy and incarcera-
tion rates plus the generosity of state kinship foster care arrangements.
8Paola Scommengna, Population Reference Bureau, ”More U.S. Children Raised by Grandparents” http:


http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx

The second and more comparable study is by Rupert and Zanella (2017), which also
estimates the impact of grandchildren on grandparents using the PSID. Their study finds
that becoming a grandparent reduces the annual number of hours worked for grandmothers
by at least 150 hours (< 4 work weeks), but no significant effect was found for grandfathers.
Rupert and Zanella instrument for arrival of the first grandchild by exploiting variation in
the sex of oldest adult child of the grandparents. Their empirical strategy rests on the fact
that, on average, women marry and bear children at younger ages than men, meaning that
parents of adult daughters will then be more likely to become grandparents at younger ages
than parents of adult sons.

Their paper is informative but my proposed strategy overcomes several empirical difficul-
ties that the Rupert and Zanella approach encounters. The first is that the authors eschew
the PSID’s sampling weights, arguing that conditioning on the covariates that the sampling
weights account for is preferable to weighting directly. Chiefly, the authors condition on the
tamilies’ 1967 income. This approach ignores that the oversample of low-income households
was done on additional characteristics, such as race and location. Their results thus risk
introducing selection bias on properties not accounted for in the covariates but are otherwise
accounted for in the sampling weights. This study accordingly uses the PSID’s sampling
weights.

The second is that they have to use pooled 2SLS instead of a panel fixed effects model
and, as they acknowledge, they cannot non-parametrically account for time-invariant factors.
Since my instrument’s variation occurs at the state-by-year level, I am able to include indi-
vidual fixed effects in all results. A third difference is the first stage’s difference-in-difference
framework ensures that the local average treatment effect (LATE) will exploit more variation
in the compliers’ characteristics. Their model has to account for the fact that the compliers
are restricted to the maternal grandparents, who are likely to bequeath greater time transfers
than paternal grandparents. Since [ use both the daughter and daughter-in-law’s charac-
teristics, I can calculate separate LATE’s for maternal and paternal grandparents. The last
significant difference is that when looking at the impact of a marginal grandchild (i.e., the
impact of each additional grandchild), they hold that the endogenous decision is to become
a first-time parent, but subsequent children and siblings’ fertility are both exogenous. How-
ever, there is no justification given for this assumption, so that their consequent finding that
additional grandchildren increase labor force participation possibly has endogeneity bias.

This study explicitly accounts for endogenous fertility of grandchildren regardless of birth

//www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx, last accessed January
30, 2016. The PSID likely has a substantial subsample of these families due to the low-income OEO over-
sample that was originally included.


http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx
http://www.prb.org/Publications/Articles/2012/US-children-grandparents.aspx

order.

Lastly, their instrument’s validity with respect to the exclusion criterion is undetermined.
As they openly acknowledge, the literature is inconclusive on whether it can be assumed that
the sex of the first-born child exerts no impacts on the parents’ labor supply. They run several
empirical tests to support the instrument’s validity but due to the sampling issue discussed
above, it is not clear that the matter is settled. Thus, it is a clear innovation to use instead

state policies which more clearly satisfy the exclusion criterion.

2 Data Description

The sample of grandparents and their families is drawn from the PSID, a dataset that
follows about 4,800 households initially sampled in 1968 and their lineal descendants. The
original sample is composed of two subsamples: a nationally representative sample of 2,930
families (called the SRC Sample) and an oversample of 1,872 low-income families (the SEO
Sample)ﬂ The PSID follows the family members of the original sample households as they
move out, marry, and form families of their own, resulting in about 70,000 individuals ap-
pearing in at least one survey. This survey design makes the PSID a uniquely rich source
of information on intergenerational dynamics, especially because the PSID supplements the
main survey with auxiliary datasets on marriage and childbirth histories. Between 1968 and
1997, the survey was conducted annually, and from 1999 to the present has been conducted
biennially.

The PSID makes available a series of files that enable identification of all surveyed de-
scendants of a given individual through their Family Identification Mapping System (FIMS).
Using the FIMS, I have identified the adult children and grandchildren of each grandparent,
and then merge on the survey responses of each respondent. My panel has 2,373 grandmoth-
ers and 1,712 grandfathers across 38 survey years. Location and age information in the PSID
also allows me to code with a high level of precision the likely abortion and contraception
access status that the female respondents had. For a complete overview of how abortion and
contraception access was encoded, see Appendix [Al[[7] In addition to observing demographic

characteristics, such as marital status, age, race, and educational attainment, the dataset

9In 1990, the sample was updated to include 2,000 post-1968 immigrant families (exclusively of Latino
origin), but they were dropped in 1995. In 1997, the sample was again refreshed by adding 500 post-1968
immigrant families. Because the instrument is dependent on the individual being observed between 1968-
1980, these families are not included in this study.

10Ag detailed below, most states regulated access on the basis of age, but a few did so on the basis
of educational attainment (minor HS graduates can buy contraceptives in Alabama and Pennsylvania) or
marital status (Alabama, Florida, Maine, Missouri, New Jersey, Texas, West Virginia). Coverage can thus
be ascertained with a high degree of accuracy in the PSID that other studies might overlook.



also measures respondent’s key labor market characteristics: retirement status, annual hours
worked, and labor force and employment status.

Individuals who were between the ages of 22 and 54 in 1968 and were the current or
future parents of at least one child were chosen as the sample of potential grandparents.
Being aged 22 in 1968 as the minimum age cutoff was chosen to limit confounding variation
between education and labor force characteristics. In 1968, the vast majority of adults had
at most a college education, so almost all in-sample individuals would have completed their
educations and moved into the workforce. The maximum 1968 age of 54 was chosen because
it permits me to observe most individuals’ labor force participation before they retire. The
only other condition put on the sample was to exclude observations from Kansas from the
grandfather analyses because only 3 grandfathers were initially sampled.

Table[2]shows selected summary statistics on grandfathers and grandmothers. Individuals
in the sample were observed to become first-time grandparents in their late 40’sE] which is
still within the prime working years, and then retire about 10 years thereafter. Differences in
mean ages between grandfathers and grandmothers reflect that families were usually sampled
as a household, so that the age gap between husbands and wives got “passed through” into
the sample.

For national-level labor force participation trends, I use March Current Population Survey
(CPS) micro-data to create a synthetic panel dataset, and supplement it with data drawn
from Social Security Administration (SSA). As in Blau and Goodstein (2010), I aggregate
individual-level records on men aged 55-69 from the CPS into cells defined by year, birth
year, and Census Division. I then supplement it with men aged 50-54 to provide more
data on the impact of grandparenthood on the labor force attachment in this cohort. The
resulting panel covers 74 birth cohorts (1892-1965) between 1962 to 2015.

For each birth cohort, I calculated the fraction who were grandparents and their average
number of grandchildren at both the birth cohort-age-education group and birth cohort-
age-state level using Health and Retirement Study and Retirement History Longitudinal
Survey data. I was not able to use PSID data, primarily because it is not a large enough
sample of older individuals to generate credible grandparent statistics at the birth cohort
level. Instead, I combined two data sources that oversample older individuals longitudinally
to estimate this fraction. The first is the Health and Retirement Study (HRS) data which
sampled roughly 20,000 older individuals in successive birth cohorts from 1992 to 2014. The
second is the Retirement History Longitudinal Survey (RHLS), the predecessor of the HRS,
which sample 11,000 plus individuals chiefly born between 1906 and 1911 biennially from

1 Adult children who were not living with the Head and Wife of household in 1968 are not consistently
surveyed by the PSID, so this statistic is biased upwards somewhat.
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1969 to 1979. Unfortunately, only the 1975, 1977, and 1979 questionnaires asked about the
number of living grandchildren but the two datasets combined provide important evidence
on the evolution of grandparenthood over time. Appendix |[B| has more detail on how this
measure was constructed by using the data points to estimate the fraction grandparents and
their average number of children for the various crosstabs.

I then use Blau and Goodstein’s method to create simulated work lifetime earnings his-
tories and use these to generate expected Social Security old age and disability benefits
payments for either retiring at ages 62, 65, and 70, or dropping out of the labor force and
claiming disability payments from ages 50-64. More detail on how these were performed can

be found in Appendix ?7.

3 Individual-Level Estimation with the PSID

In this section, I test whether and how grandchildren alter grandparents’ behavior by
means of a fixed effects panel regression. Regressions for grandmothers and grandfathers are
estimated separately. The left-hand side variable is the grandparent’s labor market outcome:
retirement status, annual hours worked, labor force status (grandfathers) and non-zero hours
reported (grandmothers)[?|

I examine here three main effects of grandparenthood. First, I create an indicator to test
for the impact of being a grandparent on the labor market outcomes of interest. I study total
fertility effects by estimating the grandparent response to the marginal grandchild each adult
child provides. The last channel is whether grandparenthood has the strongest impact on the
retirement decision, in the spirit of a Gustman and Steinmeier (2000)-type structural model
whereby grandparenthood raises the reservation wage by increasing the value of leisure. In
that case, there should be only a small effect for workers who are not eligible yet for Social
Security’s early or full retirements and bigger impacts differentially at 62 and onwards["|
This effect would also explain why there would be a “lag” between when people become
grandparents (typically in their early 50’s) and an effect a decade or more later. I thus

interact grandparenthood status with early and full retirement eligibility indicators.

12Labor force status is not reported for wives in every year in the PSID, so an indicator for whether the
grandmother reported some working hours is used as a stand-in. Compared to a measure of being in the
labor force, it codes to zero grandmothers who were unemployed and looking for work (and are technically
in the labor force), and it will code to 1 grandmothers who report some hours worked, but are students,
retired, or homemakers. For those years where labor force status is available (1976 onwards), the correlation
between a indicator for being in the labor force and an indicator for reporting non-zero annual workings
hours is 0.5468.

13Some people do retire earlier, particularly if they have defined benefit pension plan. See Hurd and
Rohwedder (2011) in particular for more discussion.
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3.1 Empirical Strategy for Individual-Level Estimates

The first grandchildren impact channel is whether becoming a grandparent influences

labor force attachment. The equation to estimate this channel takes the form of

Outcomeyss =Py + P11{Grandparent,s} + foGPDemV ars,s + B3Y eary (1)
+ B4 Statel968, + B5(Statel968; * Year;) + BsG Py + tgst-

The unit of observation is the grandparent and the key variable of interest is the indicator
for grandparent status, 1{Grandparent,s}, which was created by finding the birth year of
the oldest grandchild. Qutcome;gs is either grandparent g’s annual number of hours worked,
retirement status, age of retirement, age of death, or whether the grandparent is in the labor
force in year t in state s with adult child 7. Each regression can thus be thought of the
adult child’s fertility choice’s effect on the grandparent. The right hand side is populated
with the demographic information of both the grandparent and the eldest adult child, plus
state, year, state-by-year, and grandparent fixed effects. I use only the eldest daughter or
daughter-in-law’s controls, under the assumption that the eldest grandchild will be born to
the eldest daughter(-in-law) female in the family.

GPDemVars;4s is a vector of demographic information about the grandparent, which
includes a dummy for whether the father or mother of the adult daughter is eligible for full
Social Security benefits; a dummy for whether the head of household became age-eligible
for early Social Security beneﬁtsﬂ age and age-squared, reflecting that often labor force
attachment first rises and then falls with age; and marital status. Time-invariant grandparent
characteristics are not included, because the grandparent fixed effects cause them to drop
out [

ACDemVars;zs is a vector of the adult child’s demographic information. It includes
age, marital status, the adult child’s sex and age, and the wife’s age if the adult son is
married. Statel968;, and Year; are vectors of state and year dummiesH State fixed effects
control for time-invariant characteristics common to all residents who lived in state s in 1968,

year fixed effects control for year-specific shocks, and state-by-year fixed effects thus control

4People can become eligible for partial benefits at 62 as long as they have worked a sufficient number
of quarters, but the work requirement is difficult to accurately estimate in the PSID, so this dummy is
measured only as a function of age. It’s less likely that grandmothers would have been eligible to receive
early retirement benefits, in particular, so in their regressions, this is changed to be the head of household’s
eligibility. The head of household is the husband if present, and the wife or single woman if not.

15To avoid endogeneity bias between education level and labor supply, educational attainment measures
are not included, but by construction, there is very little change in educational attainment in sample, so
that the individual fixed effects will effectively be conditioning for the requisite education levels.

16 As stated in the data description, the state here is the individual’s 1968 state. These also fall out of the
model when grandparent fixed effects are added.
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for state-specific yearly shocks . These could include state-specific employment or economic
shocks common to all individuals in a given year that would influence labor force attachment
coincident with fertility timing, also affected by economic conditions (Amialchuk (2011);
Black et al. (2013); Schaller (2016)). Each regression is run separately for grandmothers
and grandfathers. Grandparent fixed effects, GF,, are included to control for unobserved,
time-invariant characteristics of grandparents and their relationships with their children.
Since the greatest impact of being a grandparent may be observed when older workers are
retirement-eligible, Equation can be augmented by interacting the grandparent indicator

with the indicators for being Social Security-eligible:

Outcomeyss = By + frl{Grandparent s} + P2 1{Grandparent , } 1{ EarlySSEligible s }
+ B31{Grandparent s } 1{ FullSS Eligibleys } + 4GP DemV arsgs (2)
+ B5(Statel968, x Year,) + BeG Py + ugst.-

Total fertility effects are analyzed with the panel fixed effects model below:

Outcome;ge = Po + S1ChildCount;gsy + BoGPDemVars;ge + f3ACDemVarsigs — (3)
B1ACSex «* ACBirthOrder;gs + (Statel968;, x Year,) + GPy + g

The unit of observation in these regressions is at the adult child level rather than the grand-
parent level, to reflect the fact that the fertility decision is made by the grown children.
This design also makes instrumenting for fertility more tractable. If instead I attempted to
instrument for the total number of grandchildren, each adult child would require an age and
birth year-dependent instrument for their fertility, so that the number of covariates would
change grandparent to grandparent which is not feasible in this setting. This design allows
for consistent instrumenting for total fertility and fertility timing while preserving the ability
to observe the labor supply change from the marginal grandchild.m

The other advantage is that it allows me to include adult children of any birth order,
in contrast to the panel in Equation ((1}). Grandparents may give the most to the first
grandchild (usually born to the eldest adult child) and less with each subsequent grandchild
as the novelty wears out or the family arrangements elasticity of labor shrinks as one moves
further down the individual’s labor supply function. I therefore identify different effects
that adult child sex and birth order interactions might have in the AC'Sex * AC BirthOrder

vector of dummies, where AC'Sex = 1 if the adult child is female, and there are a series of

170ne alternative is running the estimation strategy on just 1, 2, or 3 adult child families at a time, but the
PSID is not a large enough national sample to permit cross-sections at this fine of a level without creating
too many small cell sizes.
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dummies for each birth order between 1 to 6+.

The family’s PSID-provided 1968 sampling weight is adjusted to reflect the number of
times a grandparent appears in this dataset, which is simply equal to the number of adult
children they have. All other variables in this regression are otherwise the same as in Equa-
tion ({1)).

3.1.1 Endogeneity of Timing and Number of Grandchildren

If, however, adult children are basing the fertility decisions on anticipated changes in
grandparent’s labor supply, then Equations , , and ([3) cannot be consistently estimated.
As discussed in the introduction, parents might time their fertility with anticipated changes
in their parents labor force status, so that a panel fixed effects model would overestimate the
impact of grandchildren. Similarly, they might wait to have children for when their parents
achieve financial stability, so that the models underestimate the impact of grandchildren.

My identification strategy in light of this likely endogeneity is based on changes in legal
barriers to abortion and contraception access that occurred throughout the US in the 1960’s
and 1970’s. The identifying assumption is that there were no other state-by-year variables
that also affected fertility coincident with the repeal of the access barriers. The number of
children an adult woman has is modeled as being a function of access to oral contraceptives
and abortion on-demand, the distance to an abortion early-legalization state, and eight lags
on each policy.ﬁ

These policy changes are used to instrument for all three key variables discussed in the

previous section. The first-stage regression for ChildCount;zq is:

ChildCountigsy = mo + m Pill Access; s + moAbortionAccess; s + mg AbortionAccess_LT250;
+ myAbortion Access GT250;4 + w5 Pill AccessLags; s + mgAbortion AccessLags;g (4)
+ mr AbortionAccLags_L'T250;5 + mgAbortionAccessLags-GT250; + Vigst,

where PillAccess;gs is the fraction of year ¢ that adult daughter 7 in state s could buy oral
contraceptives under the age of 21; similarly, AbortionAccess;qs codes the fraction of year ¢
that an undesired conception could occur and then later aborted. AbortionAccess_LT250;45
and AbortionAccess_GT250,45 are used to code access by grouping the distance a state is

to either California, New York, or Washington D.C.H because non-residents who were age-

8More information on the policy changes can be found in Sections and

The categorizations were done by Levine et al. (1999) and Ananat, Gruber, and Levine (2007) on
the basis of how the maximal distance a person would have to drive to get an abortion within half a day
(<250 miles) or greater. Those papers do not code DC as a repeal state, as I do, so I made the requisite
recategorizations. Joyce, Tam, and Zhang (2013) offers compelling evidence that New York’s lack of residency
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eligible could get an abortion. The three variables measure how far a pregnant woman
would have to travel for an abortion, under the assumption that legalization’s impact would
be strongest in neighboring states. Pill AccessLags;s, AbortionAccessLag;s,
AbortionAccessLags_LT250;s, and AbortionAccessLags_GT250,, is a vector of one- to
eight-period lags for each policy variable.

To illustrate the intuition behind the lags, recall that Roe was decided in January 22,
1973. Women who conceived in all of November or December 1972 (and part of October)
were eligible to end those pregnancies. Thus, for eligible women living in states whose
statutes were invalidated by Roe are coded as having access for 71/366=19.4% of 1972.
Conceptions between October 1972-January 1973 would have resulted in births in July 1973-
October 1973, just after the PSID had concluded most of its 1973 interviews. Thus, had
those conceptions been carried to term, the children would have first “appeared” in the 1974
survey. Especially for the young grandchild measure, whether you had access 5 years ago
to abortion or contraception will partly determine whether you have a 4 year old in year
t. Including the coding for the consecutive lags going back eight years accounts for all the
possible timing combinations between conceptions, the ability to abort them, and when the
PSID surveys were conducted, and allows for a fertility delaying effect that abortion and
contraception permit.

The grandparenthood indicator, 1{Grandparent,s }, is instrumented for after accounting
for the change in the unit of observation. Grandparenthood status is now a function of the
eldest daughter or daughter-in-law’s exposure to changes in contraception and abortion access

barriers. This takes the form of

L{Grandparent o} = mo + m Pill Accessgs + maAbortionAccess s + w3 AbortionAccessLT25045
+ myAbortion AccessGT2504s + m5 Pill AccessLags s + e AbortionAccessLagsgs (5)
+ w7 AbortionAccessLagsLT2504s + mgAbortionAccess LagsGT250gs + Vigst,

where the policy variables described in Equation (4) are now the exposure for the eldest

daughter or daughter-in-law for grandparent g to the changes in access.

requirement, in particular, acted as an exogenous shock on birth rates in neighboring states. In my study,
women are coded by age on the basis of how close they are to the closest early legalization state they
are eligible to get an abortion at. For example, Washington State legalized abortion in December 1970,
but minors needed parental permission. In May 1971, California legalized access for minors, so minors in
Washington in 1971 are coded as having AbortionAccess_ GT250;5; = 319/365 = 0.874 while their adult
counterparts are coded AbortionAccess;s; = 1. Washington State’s policy had a residency requirement, so I
assume that its legalization had no impact on women in neighboring states.
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3.2 Individual-Level Results
3.2.1 Panel Fixed Effects Estimates

Estimation results for Equations (I))-(3) are in Table[3] which reports the effect of being a
grandparent, the marginal effect of an additional grandchild, and interactions between these
measures with grandparent g¢’s Social Security eligibility on five labor market outcomes:
being retired, annual number of hours worked, annual number of hours worked conditional
on not being retired, and being in the labor force (grandfathers) or reporting non-zero
working hours (grandmothers).

Being a grandparent does have a significant labor force detachment effect. Retirement
propensity increases for both grandfathers (by 8.2%) and grandmothers (3.5%), and annual
hours worked decreases for grandfathers by 138.1 hours and for grandmothers by 43.9 hours.
The larger effect for grandfathers seems to be driven mostly by retirement switching hours
worked to zero, because the conditional hours worked effect for grandfathers shrinks to -
49.6 hours (statistically significant at the 1% level) and to -33.9 hours (not significant) for
grandmothers.

When Social Security eligibility is factored in, neither grandfathers nor grandmothers
seem to have a differential response to grandchildren when their ability to retire and their
reservation wages change. If grandchildren increase the utility of leisure, then the coeffi-
cients on the interactions between grandparenthood and Social Security eligibility should be
positive for retirement and negative in the hours worked and labor force regressions. The
main effect point estimates change slightly, but almost all of the interaction terms are not
statistically significant, although most have the expected sign. Significant exceptions here
are that non-retired grandfathers age-eligible for early Social Security work 142.5 fewer hours
(significant at the 10% level), and non-retired grandmothers work 245.3 hours more when
age-eligible for full Social Security. The first effect could well be driven by expected changes
in the value of leisure, but the second is almost surely explained by idiosyncratic behavior
from the relatively small pool of women still working after age 65.

The marginal effect of each additional grandchild for grandfathers is that they are 3.5%
more likely to be retired, 1.1% less likely to be in the labor force, work about 41.9 hours less
annually, and if non-retired, work 7.4 hours less annually with each additional grandchild.
All of these except the conditional annual hours worked regression are significant at the
1% level, and the conditional hours coefficient is not significant at all. Grandmothers have
a similar labor market response to the number of grandchildren: working 41.3 fewer hours
annually for each additional grandchild, 32.1 hours fewer if non-retired, becoming 1.9% more

likely to retire, and 1.8% less likely to report non-zero annual hours worked. The “In Labor
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Force” measure and “Non-Zero Working Hours” measure are not directly comparable, but
broadly speaking, both grandmothers and grandfathers decrease their labor force attachment
and labor supply with each additional grandchild.

There are two main contrasts between the grandparent status regressions and the grand-
child count regressions. The first contrast is that the grandparent status regressions suggest
that grandfatherhood exerts a stronger intensive and extensive margin effect than grand-
motherhood, likely because grandfathers have more labor supply to relinquish in the first
place. The grandchild count regressions, on the other hand, suggest that while grandfathers
have a stronger extensive margin response, the intensive margin response is stronger for
grandmothers, particularly once conditioned on not being retired.

The second contrast is that a grandchild’s marginal effect is expressed differentially on
the grandparent’s Social Security eligibility status, unlike grandparenthood status itself. Not
only are most of these interactions now statistically significant, but the expected relationship
between Social Security eligibility and grandchildren works in opposite directions for men
and women. The grandfather retirement differential shrinks at each eligibility point: the
propensity to be retired is 5.3% when the grandfather is younger than 62, but men are only
3.6% more likely to retire when the grandchild arrives between ages 62 to the full retirement
age (FRA), and just 1% more likely to retire when the marginal grandchild arrives after the
FRA. Grandmothers, on the other hand, are 1.1% more likely to retire when a grandchild
arrives, 4.6% more likely to retire if the grandchild arrives after the early retirement age,
and 2.2% more likely at their FRA.

This shrinking grandchild effect is likely driven by two forces. The first is that the
cumulative differential effect of retirement might have pushed out most of the people who
would respond to grandchildren before age 62. Recall that this is a person-by-year panel, so
that the result holds that, on average, a grandfather is 8.3% and a grandmother 3.7% more
likely to retire in a given year prior to age 62 than the grandchildless. If grandchildren start
arriving around ages 40-45, this effect adds up. The second force is that so many people
uptake retirement upon hitting either age 62 or their FRA that the remaining variation

attributable to grandchildren may be relatively small.

3.2.2 First-Stage Results

The results in Table [3] cannot be understood as a causal labor supply effect until the
endogeneity concern is addressed. Table 4] shows the first-stage estimates for Equations
and . For the access to contraception and abortion to be a valid instrument for the
number and timing grandchildren, the results should show evidence that exposure to the

policies changed fertility timing and total parity. Reported is the effective F-statistic for
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the result of a weak instrument test estimated with cluster-robust standard errors using the
procedure described in Kleibergen (2007). To date, there are not formal critical values used
for the Kleibergen-Paap rk Wald F statistic. Some sources use instead the Stock and Yogo
(2005) critical values for the Cragg-Donald Wald F statistic, which assumes i.i.d. errors.
Nonetheless, the F statistics reported in the table substantially exceed the threshold for 5%
maximal IV relative bias, which is usually between 20-25. As the smallest F-statistic in the
table is 1,465.84, the weak instrument hypothesis can be safely rejected.

The coefficient estimates on the policy variables largely affirm the intuition that the pill
and abortion decreased fertility and also induced delayed childbearing. Importantly, the
coeflicients for predicting 1{Grandparent,s} are negative on all contemporaneous policy
variables. Having access to the pill in year ¢ decreases the chance of being a grandfather by
4.8% and a grandmother by 3.3%. For abortion, these figures are 5.6% for both, but neither
coefficient is statistically significantly different from zero. This can be straightforwardly
interpreted as evidence for a fertility suppressant effect.

The induced change in fertility timing is more subtle. In the lags, all policies’ coefficients
are positive for grandparenthood status, and become larger in further lags. By the 8th
period lag, both the pill and abortion indicators are positive, significant at the 1% level,
and larger in magnitude than the contemporaneous effect. For the pill, the sum of the lags
switches from negative to positive after the second lag for grandfathers and after the first
lag for grandmothers, so that the total fertility suppressant effect is negligible, but there is
at least a 1-2 year delay induced by the pill. For abortion, the fertility suppressant effect
only dwindles to zero between the 5th and 6th lag for grandfathers, and at the 5th lag
for grandmothers. The large, positive, statistically significant coefficients on the last policy
lags indicates that these technologies mostly delayed childbearing in this sample rather than
induced a permanent fertility decrease. One way to look at this was that everyone who was
“supposed” to be a grandparent eventually became one, just sometimes years later than they
otherwise would have.

If anything, this pattern is even stronger in the grandchild count regressions. Here, the
fertility suppressant effects of the policies for the pill and abortion extend all the way out to
the 7th lag for grandfathers and out to the 6th lag for grandmothers. For abortion, out to
the 7th lag for both grandfathers and grandmothers. While the cumulative sum of the lags
in all cases is positive, so that total fertility was effectively unchanged, these policies clearly
induced a substantial fertility delaying effect and at least a temporary fertility drop. For the

purposes of this analysis, the instruments clearly work as intended.
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3.2.3 Second Stage Results

The results of the instrumental variables regressions reported here offer several insights
into how the evolution of grandparenthood in the past seven decades may have influenced
older workers” LFP trends. Results with the instrumented values of 1{Grandparent,s} and
ChildCount;gs are reported in Table . It’s clear from a comparison with the results in Table
[3, that a panel fixed effects model understates grandchildren’s impact. In broad strokes, there
is strong evidence that the grandparenthood/grandchildren channel exists most strongly for
men at the extensive margin, and in both margins for women.

Beginning with the grandparenthood status regressions, grandfathers and grandmothers
are substantially more likely to be retired, at 18.3% and 7.8%, respectively, and this effect is
reinforced for grandmothers as retirement becomes more feasible. Grandmothers are gener-
ally 10.3% more likely to be retired, but this rises to 47.8% when they become age-eligible for
early Social Security benefits. Otherwise, interactions between grandparenthood and Social
Security benefits remain statistically insignificant with no obvious patterns in signs.

The evidence from annual hours worked and labor force status also shows that grandfa-
thers supply less labor than grandchildless men. Grandfathers work unconditionally 302.5
fewer hours a year (significant at the 5% level) compared to the grandchildless. However,
among non-retired grandfathers, this shrinks to 127.9 fewer hours a year and becomes sta-
tistically insignificant. Grandmothers have no significant intensive margin response, but are
12.3% less likely to report non-zero working hours.

The child count regressions, in contrast, report a more robust response to grandchildren.
The marginal grandchild here induces grandfathers to be 18% more likely to retire, work 224.5
fewer annual hours (regardless of retirement status), and be 9.6% less likely to be in the labor
force. The key result, however, is that unlike the panel fixed effects results, grandmothers
report an overall stronger response to the marginal grandchild than grandfathers: 21.4%
more likely to retire, work 419.9 fewer annual hours (regardless of retirement status), 169.5
fewer annual hours if non-retired, and be 18.4% less likely to report non-zero working hours.

Further, the eligibility interactions reinforce a split in behavior between men and women.
As men age, the difference in labor force attachment between grandfathers and non-grandfathers
steadily diminishes: in the retirement, unconditional hours, and labor force regressions, the
signs on the interactions are all opposite signed from the main effect, statistically significant,
and growing in magnitude from early to full age-eligibility. For grandmothers, the opposite
pattern holds. The interactions are almost all statistically significant, same-signed as the
main effect, and increasing in magnitude from early to full age-eligibility.

A cautious but plausible interpretation comparing the grandchild count results with the

grandfather status results suggests that grandfathers are differentially less likely to be in the
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labor force at all stages, and that the n'® grandchild (i.e. more likely to arrive when the
grandfather is 62 or older) has a less pronounced effect than the first or second grandchild.
By contrast, perhaps, grandmothers become differentially more engaged with their families
the bigger they become, perhaps because childcare needs grow non-linearly with the number
of grandchildren.

A more likely interpretation is that because the grandchild count regressions allow for a
richer set of covariates, namely the birth order and sex interactions, important distinctions
in how grandmothers allot their care are better controlled for and a clearer effect emerges.
The 169.5 fewer hours per year worked by non-retired grandmothers compares favorably with
the 150 fewer hours per year worked among employed grandmothers by Rupert and Zanella
(2017).

From these results, it’s clear that grandparents are less attached to the labor force than
non-grandparents, and those with bigger extended families are even less so. It is also evident
that the most economically significant responses are in the retirement and labor supply
regressions. Pre-retirement, I estimate that grandfathers work between 302.5-353.74 fewer
hours than non-grandfathers, but this comes out to about 7.5-8.25 fewer working weeks a
year. Not a trivial amount, but still consistent with working about 34 hours a week, which
would still qualify many people for benefits associated with working full time. However, I
also estimate that grandfathers are between 18.3%-19.7% more likely to be retired. This
means that if the fraction of men between 55-61 who are grandfathers rises 10% (like what

was seen in the Baby Boom), then approximately an additional 2% will be retired.

4 National Labor Force Participation Trends Estima-
tion

The results of Section [3] suggest that grandchildren alter grandparent’s labor supply at
different rates depending on their retirement eligibility. This results informs the empirical
strategy for national-level trends because it gives a starting place for the expected lag between
the adult children’s fertility decision and the grandparent’s response.

I now build off of Blau and Goodstein (2010) to estimate how changes in the supply of
grandchildren change older workers’ labor supply. They use data from the CPS and the Social
Security Administration (SSA) to model the employment decision rule for older workers.
Their model accounts for how variation in Social Security benefits, disability insurance,
educational attainment, and the labor force participation of spouses impact the fall and rise

in labor force participation among men aged 55-69. Identification in their model occurs from

20



variation at the year-by-birth year-by-education group level.

Their paper also focuses exclusively on older men, and for this analysis, I too will only
analyze the labor force participation of men. Given the sea change in labor force attachment
shown by women between 1962 and the present, credibly estimating a model for women is
an exercise that will be left for future research. I will also use the CPS instead of the PSID,
in part because the PSID sample was unrepresentative of the nation at various points in
its cycle, and the CPS is designed specifically to permit credible estimates of national-level
descriptive statistics from micro data.

I augment their model by extending the time series out to 2015 and by adding two
grandparent measures: the fraction grandparents and the average number of grandchildren.
I run all specifications under the assumption that agents have perfect foresight, because it
is a more “conservative” assumption from an identification standpointF_U]

Addressing endogeneity by means of an instrumental variables approach like the one used
in Section [3] is not straightforward in the CPS. Expanding the panel to the year-by-birth
year-by-age-by-education level-by-state would allow me to identify changes in grandparent-
hood characteristics using state-level birth rate variation. However, this would come at the
cost of generating many small cell counts and thus limits identifying variation in all causal
channels with a dataset like the CPS, which can only survey so many households at a time.
Further, the ability to generate grandparent measures at the state-by-year level is almost
negligible. Thus, this exercise is included mostly as an exploration of grandparenthood’s
effect given observed patterns, and not as a causal exercise. Nevertheless, given how little
is understood about these trends, simulating how grandparenthood trends impacted labor

force participation trends can still help motivate future research on these questions.

4.1 Labor Force Participation Model: Blau and Goodstein Exten-
sion
I begin by modifying the model created by Blau and Goodstein (2010), which looks at

labor force participation among older men by creating a simulated panel of older men by

year by birth year by education grouping and takes the form:

LFPeabt = 50 + (51GP,M€CLSU,’/’66abt + 5QSSB65eb + (53(55362617 — 5536565)
+ 04(SSB62., — SSB65ep,) + 05 AM Eep, + 3¢ Disability Bene fiteqn + 07 Demographicseap
+ dg EducationGroup, + dgY ear; + 019 BirthY eary, + 011 Ageq + Ueapt, (6)

20Papers that have assumed myopic expectations have generated results that are counterintuitive and
specification-sensitive (Kreuger and Pischke (1992); Blau and Goodstein (2010)).
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where GP_Measure.q, the key variable of interest, is either the fraction who are grand-
parents in each age cohort a and birth year b in year ¢t at education attainment level e
or the number of grandchildren; Demographics.,; controls for the fractions married, previ-
ously married, white, black, U.S. Armed Services veteran, or reported being in bad health;
EducationGroup, is a vector of indicators for either having less than high school education,
a high school education, some college, or college-plus; Year, is a vector for year dummies;
Age, is a vector of age dummies; and BirthY ear, is likewise a vector for birth year dummies.

The Blau and Goodstein empirical model approximates the decision rule for labor force
participation at older ages under a life cycle model of employment and retirement where
men seek to maximize the expected present discounted value of remaining lifetime utility,
subject to various constraints!] The decision rule for Social Security participation is es-
timated by means of the retirement benefits a worker could receive at ages 62 (SSB62,
early retirement), 65 (S.SB65., or full retirement), and 70 (S.SB70., or delayed retirement).
Differencing between SSB6.,2 and SSB65,, models the tradeoff between early and full re-
tirmeent, and likewise, the difference between SSB70., and SSB65., the tradeoff between
earning the Delayed Retirement Credit (DRC) and accepting full retirement, or primary in-
surance amount (PIA). To separate the Social Security wealth effect from changes in lifetime
earnings, the average monthly lifetime earnings, AM E,;,, from ages 27 to 65 for the average
worker in birth cohort b at education level e is included. Higher values of SSB70.,—S55B65.
imply a stronger incentive to delay retirement, and likewise, lower (more negative) values of
SSB62, — SSB65,, also imply a stronger incentive to delay retirement.

The model includes the average monthly Social Security Disability Insurance amount
received by a worker in birth cohort b at education level e if they were to work until year
t —2, receive no earnings in year t — 1 and then be on SSDI from year ¢ until age 65. The lack
of earnings in year ¢ — 1 mimics the 5 month waiting period a worker must observe before
receiving SSDI.

The model also includes the fraction of married men whose spouse’s are in the labor
force, pace Schirle (2008) and Gustman and Steinmeier (2000) that men may prolong their
labor force attachment out of a desire to jointly retire with their wives.

The birth year dummies are particularly important with respect to identification of effects
other than grandparenthood. Changes in Social Security can typically be identified either by
exogenous changes in eligibility rules, non-linearities in benefit rules, or variation in lifetime
earnings growth across birth cohorts. The first is perfectly collinear with birth year fixed
effects, and in Blau and Goodstein (2010), they report that relying on variation other than

these exogenous rule changes yields counterintuitive and problematic results that do not seem

2More information on their model can be found on Blau and Goodstein (2010), p. 332.
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to capture the variation in labor force participation. Thus, I anticipate that the results will
be sensitive to what level of birth year fixed effects I include, so I run several specifications
to control for birth year effects: the birth year squared; single year birth year fixed effects;
the birth year squared plus 2 year birth cohort fixed effects; and the birth year squared plus
4 year birth cohort fixed effects/”] In the tables, I refer to the specifications without birth
cohort fixed effects as those with “Timetrends”.

Lastly, since the results from Table |5 suggest that grandfathers are mostly influenced
through the labor extensive margin, it stands to reason that grandfathers may have higher
reservation wages than the grandchildless. Thus, I interact the employment decision variables
with the grandchildren measures under the hypothesis that grandparenthood induces an

upward shift in reservation wages.

4.2 National-Level Estimation Results

Table |§] presents the results of estimating (@ with and without interactions with retire-
ment eligibility, both for the fraction that are grandfathers and with the average number
of grandchildren as the key variables of interest. I present four different specifications for
controlling for the impact of birth cohort: birth year as a second order polynomial, birth
cohort fixed effects, 2 year birth cohort fixed effects and the birth year squared, and 4 year
birth cohort fixed effects and the birth year squared. Like Blau and Goodstein, my results
are sensitive to how the birth cohort effect is controlled for.

All fractions are multiplied by 100 before the regressions are run, so coefficients for the
remaining regressions (unless otherwise noted) are interpreted as the amount the LFP rate
changes on the scale of (% in LF) % 100. The coefficients in the first four rows represent the
change in older workers” LFP rate in response to a 1 point increase in the fraction of older
men who are grandfathers. Columns 1, 3, and 4 show that 1 point increase in the fraction of
older men who are grandparents lowers the labor force participation rate by between 0.19-0.63
points. Adding interactions for retirement eligibility changes this range to a drop of 0.66 to
0.95. The marginal grandchild likewise decrease older male workers” LFP, either ranging from
a 2.35 rate point drop (Column (3)) to a -7.76 point drop (Column(1)). Adding interactions
with retirement eligibility changes this range from the marginal grandchild causing a 6.833
point drop in LFP (Column (3)) to a 12.71 point drop (Column (1)).

The clear outlier here is Column 2, which finds labor supply drops 29.88 points with no
interactions with each 1 point increase in the fraction grandparent. The results for grandchild

count are likewise implausible: each additional grandchild is found to decrease labor force

22The first order birth year is perfectly collinear with year and age fixed effects, so I omit it.
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participation by 369.5 points. The problem is that the remaining identification after birth
year fixed effects are included comes through year-by-birth cohort, education group-by-birth
cohort, or education group-by-birth year-by-year variation, such that unobserved shocks
only impacting certain segments of a birth cohort or a birth cohort only in certain years are
neither well-motivated nor well-understood in this empirical framework ] Pace Blau and
Goodstein, 2 year birth cohort effects also leave little between-cohort variation, so I will only
present results that either have the birth year squared or 4 year birth cohort fixed effects for
the remainder of the paper.

In Table[7] I present the remaining coefficient estimates for the quadratic birth cohort and
4 year birth cohort effects models from Equation (). Notably, there is practically no differ-
ence in coefficients whether I use % Grandfather (Column (1) and (2)) or Grandchild Count
(Columns (5) and (6)) as my grandparent control. This suggests that grandparenthood is
both an important factor in predicting LFP but that to a striking degree the two measures
capture much the same variation. Also notable is that with a few exceptions, the coefficients
here share the same signs as those reported in Blau and Goodstein. The social security and
monthly disability benefit amounts are scaled down by 100, so that the coefficients represent
the point change in the LFP rate in response to a $100 increase in these benefits. This
interpretation is also true for the lifetime average monthly earnings coefficients. The wealth
effect from Social Security benefits causes the sign on SSB65 to be negative, and a smaller
gap between the PIA and benefit levels available at 62 causes greater labor force detach-
ment, although this is not statistically significant in my model. Likewise, a greater credit for
remaining in the labor force past the FRA (SSB70 — SSB65) prompts a higher LEP rate.

I also find that a 1 point increase in being in bad health lowers the LFP rate by between
0.71 to 0.79 points, and that a 1 point rise in the fraction married or fraction previously
married raises LFP by between 0.11 to 0.17 points and 0.07 to 0.18 points, respectively. A
rise in the fraction who are veterans also decreases labor force participation, but this effect
is small and not always statistically significant, with the significant values ranging between
0.06 to 0.07 points.

In the eligibility interactions (Columns (3), (4), (7), and (8)), combined with the inter-
actions in Table [6] shed some light on whether grandparenthood prompts an employment
decision response commensurate with the findings from the PSID. Namely, that their value
of leisure increases, so that grandfathers would disproportionately respond to increases in

their wealth or reservation wages by dropping out of the labor force. While in these tables

23Blau and Goodstein also find that using birth cohort fixed effects yields counterintuitive and implausible
results, because the remaining policy variation in Social Security benefits comes through non-exogenous rule
changes in benefit calculations.
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cannot be interpreted causally, they do largely agree with this intuition. The coefficients on
the interactions with the social security benefit levels all have the expected signs: negative
(and significant) on the FRA amount, negative (but not significant) on difference between
the early retirement and FRA amounts, and positive (and significant) on the difference be-
tween the delayed retirement and FRA amounts. Similarly, the lifetime average earnings
interaction is negative, suggesting that grandfathers respond to increased wealth by dis-
proportionately leaving the labor force. The log predicted wage interaction is positive and
significant, although the ex ante hypothesis is more ambiguous, it implies that increased
wages draw marginally more grandfathers to remain in (or enter) the labor force.

The only puzzling result is on the interaction with the monthly disability benefit, which
is positive, significant, and of essentially the same magnitude across all specifications. Since
disability benefits can also raise reservation wages, the positive sign is hard to explain in
context of the other results. As the results are descriptive, not causal, it seems likely an
artifact of some heretofore unexplored source of bias. Taking these results at face value,
however, they suggest that grandfathers are less likely to uptake disability benefits than
the grandchildless. This means that grandfathers are saving their grandchild leisure time
consumption for retirement, and perhaps are mindful of the impact on their extended families
while being out of the labor force during their prime working years.

Compared to the regressions without interactions, the main effects on the employment
decision variables (presented in Table (7)) flip signs but retain their significance. Since these
are the main effects after the interaction between two continuous variables, the true net effect
is going to reflect the effect at the mean of the interacted variable. Table [§ thus presents the
marginal effects of both the grandparent measures and the employment decision variables.

It’s important to note that the net marginal impact of the grandparent measures is only
1/3 to 1/2 the size of the grandparent effect reported in the first row of Table[6] with the net
marginal effect from grandchildren consistently smaller in the regressions with 4-year birth
cohort fixed effects, the net marginal effect of a $100 increase in the FRA amount is positive
in these regressions. Since this is highly implausible, I will focus from here on out on the
regressions with just birth cohort time trends (Columns (1) and (3)).

The net marginal effect on the fraction grandparent from Column (1) compares favorably
with the point estimate found from the PSID 2SLS estimates: a 1% increase in the fraction
grandparent decreases the LFP rate by 0.19%. As noted in Section [3.2.3] the PSID results
imply that a 10% rise in the number of grandfathers will induce approximately 2% more
men to retire. Here, I find that a 10% increase in the fraction grandparent would decrease
the LFP rate by 1.9%. The net marginal impact of all variables are as expected, with the

exception of the log predicted wage, which is negative and statistically significant at the 1%

25



level. In a non-causal context, this could be correlated with greater wealth accumulation
and could be entering the results as a wealth effect.

Given that grandparenthood seems to have had a robust effect across specifications, it is
worth seeing whether trends in grandparenthood may have played a role in trends in LFP
rates, even if the net effect was not huge. I present in the next sections simulations based on
the results from Tables [6] and [f] Columns (1) and (5) that iterate over different counterfactual

fertility scenarios to see how LFP rate trends would have been historically altered.

4 Counterfactual Simulations

Given that labor force attachment changes from grandfatherhood seem to be concentrated
around retirement, how did the shrinking in extended families seen since the 1960’s and 1970’s
c