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Abstract

Media coverage has been one of the main channels througl whiers acquire informa-
tion about public officials’ behavior in modern democragythis research, we investigate the
influence of newspaper coverageaurts the branch of government that is often regarded as
the most insulated from public opinions. Specifically, weus on the influence of newspaper
coverage on criminal sentencing decisions in U.S. staéddurts. We pose three questions
that are essential to understanding the relationship lestweedia and court decisions: (1)
how often do newspapers convey information about judgestiers?; (2) does the likelihood
of press coverage affect harshness of sentencing dectsiand (3) does media influence on
court decisions depend on the mechanisms through whiclegude selected?

To address these questions, we usewaly collected data sen the frequency of newspa-
per coverage of approximately 10,000 state trial court ésdigom 45 states. In addition, we
construct a proxy measure of active media coverage — thedeagiroverlap (€ongruenc®
between judicial districts and circulation areas of newsps — for more than 1,000 judicial
districts in the nation, in order to address the endogermdipress coverage.

First, we find that there are on average 80-90 newspapeleartibout judges in a district in
the trial court per year and newspaper. Second, active nced&age does not influence court
decisions independently of voter preferences, but it suitisily magnifies the influence of
voter preferences on court decisions. Third, media inflaemccourt decisions depends very
much on judicial selection mechanisms. Active newspapeerege significantly magnifies
the influence of voters’ preferences on court deicisionyg wifilen judges are elected.
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1 Introduction

Media coverage has been one of the main channels throughhwbters acquire information
about public officials’ behavior in modern democracy. Irstbiudy, we investigate the influence
of newspaper coverage aourts the branch of government that is often regarded as the most
insulated from public opinions. Specifically, we focus oa thfluence of newspaper coverage on
criminal sentencing decisions B S. state trial courts

There are several reasons why U.S. state courts is an impadatext for analyzing media
influence. First, they play an important role in the Americagiety. State courts deal with more
than 90 percent of civil and felony cases in the U.S. In 20@&escourts handled 21.6 million
felony cases and 17.3 million civil cases. In 2005, statetsospent 17.7 billion dollars while
federal courts spent 10.8 billion dollars. Second, the stsks handled by state trial court judges
is quite homogenous across states. Therefore, their desiserve as a good measure of “behavior
of public officials” in analyzing government accountalyilitThird, judiciary is often regarded
to be highly insulated from public opinions compared withestbranches of the government.
Estimating the effect of media on judiciary can give us a gaaderstanding of the potential
“lower bound” of the overall media influence on governmenEaurth, there is an interesting
variation in the mechanisms by which state court judges @exted: in many states, judges are
initially appointed by the governor or the legislature, ahdn either get life-tenured or face a
non-competitive approval (yes-or-no) vote by voters fdissquent terms; in other states, judges
are selected and retained through competitive electionalyZing media influence on state courts
provides us with a unique opportunity to understand theaateon between selection systems of
public officials and voter information.

We address three questions that are essential to unddrgjdhd relationship between media
and court decisions: (1) how often do newspapers conveynrdbon about judges to voters?; (2)
does the likelihood of press coverage affect harshnessidseing decisions?; and (3) does media
influence on court decisions depend on the mechanisms threhigh judges are selected?

To capture a factor that causes newspaper coverage of cowadsy across jurisdictions, we
construct a measurepngruencda la Snyder and Stromberg (2010)), which captures theedef
a fit between judicial districts and local newspaper markete basic premise behind the usage of
congruence measure, which is empirically validated in oaifysis, is that newspapers cover more
stories about court cases in a jurisdiction (trial courtrai§ when a large share of readers reside
in the jurisdiction. That is, if a jurisdiction constitutadarge share of readers of the newspapers
sold in it, voters can get more information about court casdbat jurisdiction, compared with



those who live in a jurisdiction that does not.

In order to document the amount of press coverage about$uatgeto ensure that our congru-
ence measure captures significant variation in press cgeevee use aewly collected data set
on thefrequency of newspaper coveragfeapproximately 10,000 state trial court judges in the na-
tion. We also construct theongruence measufer more than 1,000 judicial districts in 45 states,
combining a newly collected data on the composition of jiadidistricts and the county-level
newspaper circulation data from the Audit Bureau of Cirtiata In the main analysis, we build
an empirical linkage between congruence and harshnesgmhaf sentencing, using a detailed
data set on 2.5 million sentencing decisions from the Natidadicial Reporting Program.

Our result shows that there are on average 80-90 newspdpdesathat mention state trial
court judges’ name, per district, newspaper and year. \efaild a salient positive relationship
between the congruence measure and the amount of newspapeage on state trial court judges.
In addition, we compare the amount of press coverage foriafgmband elected judges, and we
find that selection mechanisms of judges do not significaftct the amount of press coverage.

Secondly, we find a substantial media influence on court egs Specifically, we find that
press coverage do@est influence sentencing decisiomglependently of voter preferenceBut,
it magnifies the effect of voters preferenoescriminal sentencing decisions by about two-folds.
Additionally, this effect is present mainly in violent crexcases, and it is insignificant in property
crime cases or drug cases.

Lastly, media influence on court decisions is very dependanthe mechanisms by which
judges are selected. Specifically, we find that the degreeedfarinfluence on criminal sentencing
decisions is substantially larger when judges are elected.

The remainder of this paper is organized as follows. In thd section, we introduce the
political economy literature on media and the literaturelbB. state courts. In Section 3, we
introduce the institutional background of the U.S. staterceystem. In Section 4, we introduce
our congruence measure and document its major feature idatar In Section 5, we describe
our data on the amount of press coverage on judges, and weneactthe relationship between
congruence/reader-share and the amount of coverage. tinoisécwe discuss the measure that we
use for voter preferences for crime and punishment. In &ati we document the main results.



2 Related Literature

Our study contributes to the growing political economyriterre on the impact of media on public
policy outcomes. Recently, there has been significant rels@dout media impact on government
spending such as studies by Stromberg (2004) and BesleBungess (2002). While the focus of
this stream of research has been on media penetration, we dodhe likelihood of press coverage
holding media penetration constant. In this sense, ourarekds an extension of Snyder and
Stromberg (2010). There has also been evidence on mediarnct on elections, e.g., DellaVigna
and Kaplan (2007) and Gentzkow (2006). We contribute to itieeakure by documenting the
interaction between political process, specifically seb@cmechanisms and media.

This study also contributes to the growing literature of panng the behavior of non-elected
and elected public officials. Recent studies by Alesina aaokllini (2007, 2008) theoretically
analyze what types of policy tasks are better performed lnyatiected bureaucrats as opposed to
elected politicians, focusing on the reelection conceifngotiticians vs. the career concerns of
bureaucrats. In another important paper, Besley and C2863J compare policy outcomes from
appointment and election as selection procedures. Sglifithey show that selecting regulators
through election as opposed to appointment leads to issbendling and leads to selecting the
types of regulators who will conform to voter preferencelsere have also been numerous efforts
to document the politico-economic causes and consequend#erent judicial selection mech-
anisms, such as Hanssen (2004a, 2004b), Hall (2001), Bastei?ayne (2003), Bohn and Inman
(1996). Several studies in this stream of research docutnemimpirical relationship between the
selection mechanisms and court decisions, e.g, Lim (2608)er and Gordon (2004, 2007), Gel-
man et al. (2004), Blume and Eisenberg (1999), Tabarrok aiidirtl (1999). Our study deepens
understanding of this issue further by providing empirieadence on the role of voter informa-
tion in the mechanism through which the difference betwggroated and elected public officials
behavior is generated.

3 Institutional Background of the State Court System

In this section, we introduce basic institutional backgrdsiof the U.S. state court system. In most
states, state court system has three layers: state supoemgestate appellate court, and state trial
court. State trial courts are often called district courguit court, or superior court.

State trial courts are courts of general jurisdiction: thaye original jurisdiction over civil
cases with non-trivial amount in dispute and felony crimgesa That is, civil cases with nontrivial
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amount in dispute and felony crime cases are initially fitettial courts. Traffic cases and misde-
meanor cases are typically handled local courts, usuallgccaounty courts or municipal courts,
and they areot usually by state trial courts.

3.1 Judicial District

In most states, the state trial court is divided to multipiéi¢ial districts. Usually, the geographic
basis of judicial districts is county, in the sense that laures of a judicial district do not usually
cut through the boundaries of a county. In most states, aipldlistrict has multiple judges.

There are approximately 1,700 judicial districts of statal ttourts nationwide. As for the
average size of a judicial district, there are 1.8 countezgymlicial district and they hold an average
population of just under 170,000. On average there are ®gideesiding in each district.

We have collected information on the geographic boundarigbese judicial districts from
1982 to 2004. We did not collect data for Alaska, Connectiglassachusetts, Texas and Virginia,
where the county is not the primary geographical unit of titkgial districts. In total, we have data
on 1,181 judicial districts. Of the 544 districts for whickewdo not have geographical information,
452 are in Texas. The procedure we used was to first allocatecsnty to a court usinghe
American Benc2004-2005 edition. To find out if and when each state’s jdidistrict lines were
redrawn, we contacted various state officials, typically director of the administrative office of
the judicial branch. We then used the data in the annualssefi€he American Bencto track
each such change.

Table 1 on page 6 shows the number of judicial districts anohties in each state by census
regions. There are clear regional patterns in the geograpthe judicial districts. Small states
in New England (e.g., Maine, New Hampshire) tend to havequstjudicial district covering the
whole state. States in Pacific region (e.g., California) kind-Atlantic region (e.g., New Jersey,
Pennsylvania) tend to have one judicial district covering or two counties. The Southern and
Midwestern states have judicial districts covering mugtifthree or four) counties.

We also have data on a number of demographic charactergtibe court level. These have
been aggregated from the county level, using data from tBeCensus Bureau. We have this data
for the censuses of 1980, 1990 and 2000.



Table 1: Number of Judicial Districts and Counties by State(004)

Region 1 : Northeast

Region 2 : Midwest

State Number of Number of Number of Number of

Judicial Districts| Counties || State Judicial District| Counties
Connecticut 8 8 Illinois 22 102
Maine 1 16 Indiana 92 92
Massachusetts 62 14 lowa 8 99
New Hampshire 1 10 Kansas 31 105
New Jersey 15 21 Michigan 57 83
New York 12 62 Minnesota 10 87
Pennsylvania 60 67 Missouri 45 115
Rhode Island 1 5 Nebraska 12 17
Vermont 1 14 North Dakota 7 53
Ohio 88 88
South Dakota 7 66
Wisconsin 69 72

Region 3: West Region 4: South

Number of Number of Number of Number of

State Judicial Districts| Counties State Judicial District| Counties
Alaska 4 18 Alabama 41 67
Arizona 15 15 Arkansas 28 75

California 58 58 Delaware 1 3
Colorado 22 64 Florida 20 67
Hawaii 4 5 Georgia 49 159
Idaho 7 44 Kentucky 57 120
Montana 22 56 Louisiana 41 64
Nevada 9 17 Maryland 8 240
New Mexico 13 33 Mississippi 22 82
Oregon 27 36 North Carolina 47 100
Utah 8 29 Oklahoma 26 77
Washington 31 39 South Caroling 16 4

Wyoming 9 23 Tennessee 31 95
Texas 424 254
Virginia 31 134
West Virginia 31 55




3.2 Judicial Selection Mechanisms

In this section, we describe the selection mechanisms bghjbodges are selected and retained
for U.S. state courts. Currently, there are three majocielemechanisms: 1) In ‘merit selection’
system, judges are appointed by the governor. And, whenitlgeep’ term expires, they have to run
for a non-competitive reelection process with approvas{geno) vote for subsequent periods. 2)
In ‘partisan election’ system, judges are selected by usmalpetitive elections. That is, judicial
candidates seek nomination from political parties in priesgg and candidates nominated by parties
compete in general elections. 3) In ‘non-partisan eletsystem, multiple candidates compete
without party identification on the ballot, and the top twdeAgetters compete against each other
in general elections (i.e., there are runoff electionserétare states that use a system that does not
fall into one of the above three categories. For exampldljmols, New Mexico, and Pennsylvania,
judges have to run for partisan election for their initiahteand they run for reelection with voters’
approval (yes-or-no) vote for subsequent terms. Therelsodlaree states in New England region,
New Hampshire, Rhode Island, and Massachusetts, in whidepiare selected by gubernatorial
appointment and life-tenured.

Table 15 and 16 on pages 30 and 31 in the appendix show thestudifljudicial selection
mechanisms used by state trial courts.

4 Congruence

In this section, we introducongruencethe main variable we use to capture active media cover-
age on judges. Conceptually, congruence of a judicialidissraweighted average reader share
that the judicial district has for newspapers sold in thériis where the weight is thearket share
of a newspaper in the district.

Consider a judicial districtd, with N judges. Letgmqj be the number of stories newspaper
m prints about each judgg and letdmg = (1/N) ¥ dmaj be the average number of stories that
newspapem prints per judge in the district. We relate this to the shdneesvspapem’s readers
that lives in districd, ReaderShargy. For simplicity, we assume a linear relationship,

Omd = Op + a1ReaderShargy. (1)

Most judicial districts have more than one newspaper. Tiweswill often be interested in the
average news coverage across newspapers. We use the sagjated average number of stories



about a judge in judicial distriat. If there areM papers that sell in distrid,

M
Qd = Z MarketShargqQmd, (2)
m=1

whereMarketShargq is newspapem's share of newspaper sales in distdctNote that we can
write this as
gg = ap+ asCongruence, (3)

where

M
Congruencg = Z MarketSharggReaderShargg. (4)
m=1

We use variation itCongruencg to identify effects of newspaper coverage of judges on state
courts. Note that sincBongruences defined using market shares, it is not dependent on thle tota
newspaper penetration in the judicial district. This is artpnt since total newspaper readership
in an area is related to characteristics such as educatibmeome levels.

Figure 1 illustrates cases of high congruence and low camget The left panel in the figure
shows a case of perfect match between judicial districtsthacirculation area of newspapers.
The right panel in the figure shows a case of poor match. Indimedr case (perfect match), court
cases in a judicial district are relevant to all of the read#rthe newspaper sold in that district.
Hence, newspapers will cover court cases often. In coniratie latter case (poor match), court
cases in a judicial district are relevant to only a small iporiof the readers of the newspaper
sold in that district. Therefore, newspapers in low congogeareas cover court cases relatively
infrequently.

Figure 1: Example - High Congruence and Low Congruence

% Circulation Area of Newspaper A
l ‘ Circulation Area of Newspaper B

== Judicial District Boundary



To measur€ongruencewe use county-level newspaper sales data. Each year, tttie Bureau
of Circulation (ABC) collects data on each newspaper’sutation in each county, for almost all
U.S. newspapers. We have this data for 1982 and for the p£8i@t-2004. We complemented this
with county-circulation data for non-ABC newspapers foB1@nd 2004, and interpolated values
between those years. The non-ABC data were mainly for snaaleerst In our data, the average
number of newspaper copies sold in a year is 56 million. Tlezaae number of copies sold per
household is 0.58, falling from around 0.70 in 1982 to 0.5R0064. For the years 1983-1990 when
we do not have circulation data, we interpol@engruence

Figure 2 shows the overall distribution of congruence vgimel Figure 3 shows the distribution
of congruence in the nine most populous states. Figure 3 sltioat most of large states have
substantial degree of within state variation in congruerioethe main analysis, we will mainly
exploit within state variation in congruence.

4 d
congruence

Figure 2: Distribution of Congruence (45 states)

5 Newspaper Coverage

In this section, we examine how the number of stories thatvespaper writes about a judge is
related to the fraction of the newspaper’s readers thatitiibe associated judicial district, the
ReaderShare

1The non-ABC data was provided by SRDS. On average there are 40,900 observations each year in the ABC
data, and about 500 observations in the non-ABC data. Theratsout 3,000 counties in the U.S., so the average
number of observations per county in each year is slightly than 4.
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Figure 3: Distribution of Congruence in Large States

Our sample of judges consists of 9,828 judges who are stateturt judges in the U.S in
2004 and 2005. Our sample of newspapers consists of all h&@6papers for which the articles
published in 2004 and 2005 are searchable through Newslibomn. For each judge in our
sample, and each newspaper with positive sales in the steeewhe judge presides, we count
the number of articles that appeared in 2004 and 2005. Wehesgetirch string“judge N1” OR
“judge N2"}, where N1 is the judge’s full name including middle initialhd N2 is the judge’s
first and last name only. This yields the frequency of coverfag approximately 1 million judge-
newspaper combinations, and constitutes our measugqf Since our key variables vary at the
judicial district level, we aggregate the frequency of gage to the judicial district-newspaper
level, to make&gmg.

Variable Obs Mean Std. Dev
Article Share 15929 0.024 0.116
Articles per Judge 18760 1.162 8.518
Articles per Judge 1224 9.047  18.597
(circulation weighted)

Reader Share 18760 0.024 0.133
Circulation in Court (1000) 18760 1.442 11.232
Total Circulation (1000) | 18760 63.423  94.292
Congruence 1224 0.227 0.317

Table 2: Summary Statistics of Press Coverage (All Sample)

Summary statistics of the basic data are shown in Table 2. v@rage, a newspaper in our
sample writes 9 articles about each judge per year. Covesages considerably — the standard
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deviation in coverage is 19 articles. When we include all neevspapers sold in a state, the
average reader share is around 2.4 percent. When we inallyla@vspapers sold in the district,

the average reader share of a newspaper in a judicial distidi® percent (not shown in Table 2).

The average circulation in a district is 14,420.

A few other comments about coverage are worth noting. Rogistimate the degree to which
coverage of judges focuses on especially violent crime,amesearches that included the search
string {AND (murder* OR rape*}. In our sample, about 20% of the stories contain the added
string. Thus, while murder and rape are over-representegwspapers, relative to the share of
criminal acts they represent, they do not dominate the eqer

Second, to estimate the degree to which coverage of judgasds on their sentencing behav-
ior, we ran searches that included the search stfAlgD sentenc’}. About 33% of the stories
contain this added string.

Third, inspection of a sample of 200 articles reveals thatie$ that are not about sentencing
cover a wide range of topics, including: election campajignsl candidates’ backgrounds, qualifi-
cations, and endorsements; election results; judicialgaores and reforms; prison overcrowding
and building new prisons and jails; crime rates; laws on thtute of limitations; appellate court
rulings; other judicial decisions such as restraining sdand articles describing ongoing court
proceedings in particular high-profile cases.

Fourth, based on the stories in thecal TV News Media Projecthere appears to be very
little coverage of local judges on local television nevsSearching for news stories using the
word “judge” yielded just 12 hits, none of which were aboutteecing® Searching for the word
“sentence” or “sentenced” or “sentencing” yielded 35 &®m@bout criminal sentencing decisions
or appeals, but none of these mentioned the name of the judg@assed the sentence.

We also analyze whether the amount of newspaper coverage tiab court judges depends
on the selection mechanisms by which judges are selectddle Isshows the summary statistics
of the amount of coverage by selection mechanisms. Therelifée in the amount of newspaper

2TheLocal TV News Media Projecat the University of Delaware, contains a database with #0500 individ-
ually digitized stories from over 600 broadcasts of 61 statiin 20 local television markets around the country that
aired during the spring of 1998.” See http://www.localtwseorg/index.jsp for more information.

30ne these stories was about election judges rather thamtrappellate judges, and one was about a judge’s
funeral, so only 10 stories were actually about judgesoactior decisions, or judicial elections. Of these, 3 were
about a judge who was sentenced to jail for fraud, 2 were alibather a candidate met the residency requirements to
run for a judicial office (the candidate was not a sitting jejd was about a federal judge’s decision to struck down
Chicago’s ban on tobacco and alcohol billboards, 1 was abataite supreme court’s decision that a judge had not
violated a state ethics law but had simply exercised hisdpeeech, 1 was about a judge’s decision not to quit a trial
against tobacco companies, 1 was about the dismissal of plamagainst a judge for using a racial slur, and 1 was
a retraction by the station of an error in an earlier broaidcas
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coverage about judges, between states with elected judgdatase with appointed judges, is not
statistically significant.

: Elected Appointed
variable Obs Mean Std. Dey Obs Mean Std. Dev
Article Share 12118 0.02 0.10 3811 0.04 0.15
Articles per Judge 14515 1.12 8.83 4245 1.32 7.33
Articles per Judge 916 8.682 18.69| 308 10.13 18.31
(circulation weighted)

Reader Share 14515 0.02 0.12 4245 0.04 0.17
Circulation in Court (1000) 14515 1.26 10.66 4245 2.08 12.98
Total Circulation (1000) 14515 64.37 96.64 4245 60.18 85.70
Congruence 916 0.205 0.305| 308 0.294 0.347

Table 3: Summary Statistics of Press Coverage by Selecterhihism

We now show the relationship between the share of articlé@sewrabout judges in a judicial
district by a newspaper and tiReaderSharef the newspaper in the district. Figure 4 shows

Figure 4: Reader Share and Share of Articles

© - ®

4 .6
I I

(mean) hits_share
-

2
|

T T T T T
0 2 4 8 8 1
{mean) reader_share

(unit: judicial district - newspaper)

the basic relationship betwe&eaderSharef a judicial district for a newspaper and the share of
articles of a judicial district for a newspager.

4To elaborate the definition of the article share, the vaeiabkhe y-axis of Figure 4, the denominator is the total
number of articles written about state trial court judgesahbyewspaper, and the numerator is the number of articles
written about state trial court judges in a particular jugidistrict by the given newspaper.
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In the figure, we divide data points to 200 groups based onahewfReaderSharéx-axis),
and average olReaderSharand the article share of a district within a group. (l.e.,lepaint in
Figure 4 represents 0.5% of the data points.) The figure shalesar positive relationship between
reader share and share of coverage of judicial districts.

Newspapers with low values &eaderShare a given judicial district (values near .01) print
about one article per judge. This number increases to abaudrticles per judge for newspapers
with ReaderSharealues in a district near one — i.e., newspapers whose reaédarly all live in
the given judicial district.

Table 4. Regression of Frequency of Judge-related Covenagreader Share (All Sample)

Article Article Articles Articles
Share Share per Judge per Judge
Share Readers 0.761 0.766 21.296 22.508
(0.004)** (0.003*** (0.441)** (0.318***
Controls No Yes No Yes
Observations 15929 14601 18760 17120
R? 0.742 0.808 0.112 0.246

Note: Unit of observation is newspaper by judicial distiicR004.
Standard errors in parenthesgs;significant at 1%.
Controls: State-FE, demographic characteristics, palitbrientation, and crime rates.

Table 4 investigates this relationship more closely, viatao§ OLS regressions. In Columns 1
and 2, the dependent variable is gt@reof articles from a particular paper that is about judges on
a particular courtgmg/gm. In Column 1, the only independent variabl&isaderShargy. Column
2 adds a number of controls: state-fixed effects, crime fate® crime categories, population, per
capita income, average education levels (share with 1-atsyeshare with 12 years, and share
with more than 12 years), share black, share urban, areaiaresiles, employment, turnout in
presidential election, the Democratic vote share in theigeatial election, and the share religious
adherents.

The dependent variable in Columns 3 and 4}ig, the numberof articles per judge in the
court. Thus, these columns estimate equation (1) on pagenfindkease irReaderSharérom
zero to one is associated with 21 more articles per judge.

In Table 5, we collapse the data at the judicial district lezed study the overall measure of the
circulation-weighted average newspapers articles almigtgs in each courty. These columns
estimate equation (3) on page 8. An increaseéamgruencdérom zero to one is associated with an
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Table 5: Regression of Frequency of Judge-related Covera@ongruence

Articles per Judge Articles per Judge
(circulation weighted) (circulation weighted)
Congruence 24.379 25.369
(1.527)* (1.948)*
Controls No Yes
Observations 1224 1110
R 0.173 0.285

Note: Unit of observation is judicial district in 2004.

additional 24 more average newspaper articles per juddesijuticial district.

What do these numbers imply for the expected number of astitlat an average person actu-
ally reads? A back-of-the-envelope calculation is illuating. The question can be separated into
two: who gets the newspaper, and who reads the article ¢onditon having the paper. To an-
swer the first question, one can either look at householdtpaitn rates, or readership numbers.
Both are around 60 percent in our period of st@dsince an increase i@Bongruencdrom zero to
one is associated with an increase of 24 articles publish@apers that reach about 60% of the
households, the number of articles reaching an averagesholasis 14 (24*0.6).

Regarding the second question, studies typically find tleapfe read between a third and a
fourth of all articles in a newspaper, and that around hathefarticles that are read are read in
depth (see e.g. Graber (1988), and Garcia and Stark (19%h)s, an increase i@ongruence
from zero to one would be associated with an average peradinggaround four more newspaper
articles about their judge each year.

Summing up, an increase @ongruencdrom zero to one is associated with 24 more articles
about the judge appearing in an average paper selling inrtigrodistrict. It is associated with
about 14 more articles reaching an average household, and dbnore articles being read. A
one standard deviation increasédongruencemplies effects about a third as large, for example,
about 1.3 more articles read.

We also analyze whether the relationship between readee,st@ngruence and the amount

5In our sample, the average number of newspapers sold peeholdsis 0.58. The average total U.S. daily
newspaper readership reported by the Newspaper Assaciaftidmerica is 60% of people aged above 18 for the
period 1982 to 2004. Readership is measured by the sharevefysespondents who say that they read a newspaper
yesterday. See, the Newspaper Association of America,lyNdewspaper Readership Trend - Total Adults (1964-
1997),” 2004, and “Daily Newspaper Readership Trend - TAthllts (1998-2007)."

14



of coverage depends on judicial selection mechanisms,nimg OLS regressions separately for
different selection mechanisms. Comparison of Table 6 aidelT7 shows that judicial selection
mechanisms do not significantly affect the relationshipveen reader share, congruence and the
amount of coverage about judges.

Table 6: Regression of Frequency of Judge-related Covenagieader Share (Elected Judges)

Article Article Articles Articles
Share Share per Judge per Judge
Share of Readers 0.754 0.749 21.730 22.274
(0.004)** (0.004)*** (0.576)*** (0.366)***
Controls No Yes No Yes
Observations 12118 10883 14515 12973
R? 0.750 0.786 0.090 0.242

Note: Unit of observation is newspaper by judicial distnmc004.
Standard errors in parenthesgs; significant at 1%.

Table 7: Regression of Frequency of Judge-related Coverageader Share (Appointed Judges)

Article Article Articles Articles
Share Share per Judge per Judge
Share of Readers 0.771 0.798 20.586 23.019
(0.008)*** (0.006)*** (0.599*** (0.647)***
Controls No Yes No Yes
Observations 3811 3718 4245 4147
R? 0.728 0.847 0.219 0.257

Note: Unit of observation is newspaper by judicial distnmc004.
Standard errors in parenthesg&s; significant at 1%.

6 Local Penal Attitudes

The primary purpose of this study is to investigate whetlotiva press coverage makes judges
more accountable to local penal preferences. To measueesigienal preferences, we use the
share of voters who vote for harsher crime punishment olwatballot propositions. Specifically,
we use all available statewide ballot propositions that aheanly with the punishment of criminals,
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the rights of the accused, and victim’s rights. These pribjpos are listed in Table 17, 18, 19 on
pages 32-34 in the appendix. Note that in virtually all casesajority of voters voted for an
increase in harshness towards criminals or the accuseu favar of victim’s rights. On average,
more than 65% of voters took the harsher position. This isistent with the widespread view
that most Americans believe the criminal justice systernasiénient.

We collected county-level voting data from states’ elatticebsites and/or election officials.
We code all propositions so that higher vote-shares reptggeater support for increased harsh-
ness towards criminals or the accused. For states with rharedne proposition, we average the
vote shares across the available propositions. We thenederthe vote shares so that in each state
the mean score is zero. We call the resulting variavigfor “harshness vote share.”

To validate our measure, we explore how it correlates witipoeses to survey questions of
penal attitudes in the National Annenberg Election Surd4ES) 2000. The NAES 2000 inter-
viewed 79,458 US residents living in 2,898 counties for 1the during the 2000 US presidential
campaign and after the election. The survey includes the itdhe number of criminals who are
not punished enough — is this an extremely serious problesariaus problem, not too serious or
not a problem at all? We scale the answers to this question from one to four, whaeeis “not
a problem” and four is “extremely serious.” The distributiof answers is as follows: “extremely
serious” (34%), “serious” (47%), “not too serious” (14%inda‘not a problem” (3%) (Table 8).
This again suggests that most Americans would prefer a @acsiminal justice system.

Table 8: NAES Question on Penal Attitudes
Freq. Percent Cum.
extremely serious 26,604  33.89 33.89
serious 36,755 46.82 80.71
not too serious | 10,661 13.58 94.29
not a problem 2,106 2.68 96.97

don’t know 1,953 2.49 99.46
no answer 425 0.54 100.00
Total 78,504 100.00

Table 9 shows the results from the regression of the penaldds expressed in the NAES
survey responses on our measure of penal attitudes exgriesgeting on ballot measures. The
dependent variable is the survey response to the questiethethunderpunished criminals is a
problem. The main independent variable is the share of setho voted for harsher punishments
on ballot propositions. Table 9 shows the OLS regressiounlteewith three specifications: one
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Table 9: OLS regression results based on NAES survey 2000.
Dependent Variable: Under-punishing criminals is a proble

I Il 11

“Harsh” vote share (hvs) 0.062 0.638 0.409
(0.09)  (0.174** (0.131)***
Democratic vote share -0.579 -0.345 -0.268
(0.200*** (0.085** (0.097)***

demographic controls no no yes

state FE no yes yes
Observations 25558 25558 18886
R 0.011 0.019 0.062

Standard errors, clustered by county in parenthesis.

without state fixed effects (FE) and demographic controiaddes (column 1), another with state
FE but without demographic control variables (column Ihdahe other with both state FE and
demographic control variables (column Ill). In all threesfhications, we control for Democratic
vote share of the two-party vote in the presidential elect@emographic control variables include
a number of respondent controls (race, party id dummy viasatn a seven-point scale, ideology
dummy variables on a five-point scale, and dummy variablesidav frequently the respondent
attend religious services on a five-point scale). It alsduithes county-level controls: crime rates
for murder and rape, population, per capita income, aveeayeation levels (share with 1-11
years, share with 12 years, and share with more than 12 ysaegk black, share females, share
urban, share younger than 20, share older than 65, empldyarehthe share religious adherents.

The lack of statistical significance of our measure in columeflects that questions on ballot
measures are state-specific. The results with state-FE #raivthere is a statistically signifi-
cant correlation between voters’ penal attitudes in suresponses and our measure from ballot
propositions. The correlation is still significant afteclmsion of a large set of demographic control
variables.

7 Sentencing

We use sentencing data from the National Judicial RepoRiogram (NJRP). This program col-
lects felony sentencing data from a national sample of statets. The information collected
includes: age, race and gender of offenders; dates of armstiction and sentencing; offense cat-
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egory and penal codes applied; mode of conviction and typemtfence imposed. Data has been
collected every 2 years since 1986 by the Census Bureaue 8irooffense classifications were
changed in 1990, we only use observations starting in theat yidne total number of observations
is 2.65 million, of which 2.5 million are after 1990. The nuemnlof observations is around 55,000
in 1986, around 100,000 per year for the period 1988-199% naore than 400,000 per year for
the period 1996-2004. Each survey year, approximately 800tes are sampled, except in 1986
were 100 counties were sampled. The counties are selectmeythstratified sampling. Within
each court, cases are randomly sampled within crime types.

In the main analysis, we focus on the three most serious sé#féypes: homicides, sexual
assaults and robberies, because these are most likelyrdotatiedia attention. These types of
crimes also give the longest sentences. (We will compardtsesom these offense types with
results from other offense types.) Table 10 lists the 12nstecategories used in the NJRP data,
the number of sentences in each category.

Most serious offense
12 categories Freq.| Percent Cum.
Violent crimes
murder 36,122 1.44 1.44
sexual assault 80,863 3.21 4.65
robbery 132,786 5.28 9.93
aggravated assault| 213,818 8.50| 18.43
other violent 39,657 1.58| 20.01
Property crimes
burglary 224,705 8.93| 28.94
larceny 285,226 11.34| 40.28
fraud 188,967 7.51| 47.79
Drug crimes
drug possession 350,688 13.94| 61.73
drug trafficking 527,998 20.99| 82.72
Weapons and other|
weapon offenses 113,018 4.49| 87.21
other offenses 321,627 12.79| 100.00
Total 2,515,475/ 100.00

Table 10: Most Serious Offenses - 12 Categories in NJRP Data

Our main dependent variable is a measure of the harshnesningsing, relative to other
sentences in the same state, year and penal code citatim@n(tBat a felon has been convicted
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under a certain penal code citation, it is typically undez thscretion of the judge to set the
sentence. Our measure is supposed to capture the disargtioart of sentencing by judges.) To
construct this measure, we first generate a variable, pewla, ¢hat takes the same value for all
crimes in each state in each year that has the same penal itatilencfor the 1st, 2nd, and 3rd
most serious offense. We then identify the minimum and marisentence given for that penal
code. The variablbarshnesss defined as

sentence- minimum
maximum- minimum

harshness=

Our main independent variableiighCongruencea dummy variable for whether congruence is
higher than the sample median.

If judges are responsive to local penal attitudes, then wweesentences to be harsher in ar-
eas where more support the harsh side in ballot proposibangime. If media coverage make
judges more responsive, then we would expect an even stroglgéionship between these vari-
ables where the press covers the judges more. To test thiegness harshness on our measure of
penal attitudes;lighCongruencgand the interaction betweéhighCongruencand the penal atti-
tudes. We demeamvsbefore computing the interaction variables, so that therefiects measure
the effects at the sample means.

7.1 Basic results

Table 11 shows regression results from three specificatioms without state fixed effects (FE)
and control variables (column 1), another with state FE bittheut control variables (column 1),
and the other with both state FE and control variables (coluin In column Ill, we include an
extensive set of controls. Individual-level controls umbé dummy variables for male, black, His-
panic defendants, age, age squared. Court-level contrdlsdie the population (logged), income
(logged), share religious adherents, area, share fenslase younger than 20, share older than
65, share black, share Hispanics, share urban, educatiare(svith 1-11 years, share with 12
years, and share with more than 12 years), turnout in presadelection, number of aggravated
assaults, property crimes, burglaries, larceny-theftégpmvenhicle thefts, violent crimes, murders
and non-negligible manslaughters, forcible rapes andenoéd known to police.

After including state-fixed effects, sentences are hatistjadicial districts where people have
harsher penal attitudes (capturedtoyg, and even more so where we expect more press cover-
age (captured by interaction BfighCongruencendhvg. These effects are not very sensitive to
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Table 11: The Effect of congruence and penal attitudes oteseimg

Dependent Variabledarshness I Il [l
Harsh vote share (hvs) -0.041 0.337 0.332
(0.056) (0.070*** (0.121)***
HighCongruence -0.035 -0.032 -0.015
(0.013** (0.008**  (0.010
HighCongruence*hvs 0.449 0.331
(0.089** (0.092)***
Newspaper penetration 0.132 0.150 0.007
(0.044)** (0.038**  (0.039)
state-year FE no yes yes
controls no no yes
Observations 75008 75008 68587
R 0.003 0.032 0.094

Standard errors in parenthesgs;significant at 1%;

the inclusion of the control variables. Interpreting theulés in terms of normalized harshness
of sentencing, increasing the district-level vote sharehfirsh punishment from 0 to 1 increases
the normalized harshness of sentencintafshnesy by 33.2% of overall discretion in low con-
gruence areaHighCongruence= 0). In high congruence are&l{ghCongruence= 1), i.e., in
the presence of active press coverage, an increase in \arte fsbm 0 to 1 is associated with an
increase in normalized harshness of sentencing by 66.3%4%3-33.1%) of overall discretion.
Therefore, we conclude that the active press coveragealzly magnifies the influence of voter
preferences on harshness of sentencing (by about two}folds

In addition, we find that there iso influenceof press coveragmdependently of voter prefer-
ences In theory, one can conceive a situation in which judges w@avoid press coverager se
For example, a critical press coverage of judges may atffett teputation among their peers and
negatively affect their prospect of promotion. If newspapmver a particular kind of sentencing
decisions (e.g., lenient sentencing) more often and judgesto avoid press coverager se then
judges would avoid making decisions that are likely to beeted, independent of voter prefer-
ence. Such effect, if any, would be captured in the aboveifsgpgon by HighCongruenceOur
result shows that there is no such effect.

Our finding that press coverage magnifies the influence ofr yferences on sentencing
leads to the following question: Would press coverage infteeharshness of sentencing only in
the political environments where voters can elect judgesctdy? This is the question that we
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answer in the next section.

7.2 Electedvs. Appointed Judges

The variation in mechanisms by which state trial court jiglgee selected, introduced in Section
3.2, provides us with a unique opportunity to understandrttezaction between the “accountabil-
ity” of public officials and the amount of information thattess acquire through media.

How the selection mechanisms of judges will interact withdra@nfluence on courts is not
an obvious issue. To be precise, the issue that we investigahis section can be divided to
two different but tightly interlinked questions. One is winer the influence of voter preferences
on court decisions are different under different selectitechanisms. The other is how media
influence affects the answer to the former.

Theoretically, there are two main reasons why judicialdea mechanisms matter. The first
reason is the possibility that the types of judges selecgdtidogovernor can be different from the
types of judges selected through direct elections. On ond,leven when judges are not directly
elected by the voters, the public officials (typically thevgmor) who appoint them are elected
by the voters. If unpopular decisions by judges affect ida prospect of the governor who ap-
pointed them, the governor will want to appoint judges wh®sansitive to public opinions. But,
on the other hand, to the extent that judicial appointmeatislatively minor issue in guberna-
torial elections, governors have the freedom to choosegsidghose views are more in line with
their (governors’) own views as opposed to voters’ prefeesn For example, Besley and Coate
(2003) propose a theoretical model of ‘issue unbundlingduiyh direct election of regulators, and
they provide evidence that selection mechanisms mattdrarcase of public utility regulators,
using panel data on electricity priced.im (2008) explicitly estimates the preference distribati
of judges selected under the two selection mechanisms,rawidssthat there are significant dif-
ferences in the intrinsic preferences of appointed andedgadges. In brief, different selection
mechanisms may yield judges with different preferences, (iselection effecj, and this effect
depends on how salient judicial issues are in gubernateleations.

If there is more active media coverage about courts in ggneseers may acquire better in-
formation about judicial candidates. This would resultéfesting judges whose preferences are
more in line with voters under direct elections. That issgreoverage may strengthen the selection
effect by providing voters with more information about dsur

5The possibility that different selection mechanisms caulten different policy outcomes was investigated in
various contexts. For details, see the literature citedasl®/ and Coate (2003).
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Secondly, appointed and elected judges face differenntiete processes. While appointed
judges typically face a yes-or-no vote without challengelscted judges face reelection processes
that can potentially be competitive. While the presencehallengers in the retention process of
elected judges may encourage voters to acquire informabont judges’ behavior, the absence of
potential challengers in retention process of appointédgs will discourage voters from acquiring
information about incumbent judges. This may result in astarttial difference in the degree of
reelection concerns that appointed and elected judges face

Hall (2001) shows that there is a striking difference in theection rates of incumbents judges
under different reelection processes (yes-or-no veteompetitive elections), using a nationwide
data set on state supreme court judges. In addition, LimgR6stimates reelection probability
as a function of judges’ criminal sentencing decisionspgisheir potential outside payoffs as an
instrument variable for their decisions, and provides adence that elected judges face strong re-
election concerns. In brief, even for judges with the saneégpences, the differences in reelection
process results in a substantial variation in their seimgraecisions (feelection effed).

Active media coverage may strengthen elected judges’aeeteconcerns by providing more
information that potential challengers can use to attacknmbent judges.

In Table 12, we run regressions separately for elected pidgd appointed judges, with cases
on three most severe crimes (homicides, sexual assauttspbberies). The specification of re-
gressions in column L 1I, and Il in each panel is identicakhat of Table 11. Our results have
several notable features. First, when we run regressiolysf@nelected judges (left panel), the
influence of voter preferences on sentencing is more prarexithan for the whole sample. In
contrast, for appointed judges alone (right panel), thenitade of voter influence on court deci-
sions is much smaller, and it is not statistically significan

Second, for elected judges, the presence of active pressage substantially magnifies the
influence of voter preferences on sentencing decisions ljbytawo-folds). In contrast, for ap-
pointed judges, there does not exist any media influence.

In addition, there is no media influence on judges’ decisitbias are independent of voters’
preferences, regardless of whether they are elected apgoin

In brief, press coverage magnifies the influence of voterepeaices on judges’ decisions only
in an environment where voter can directly participate iec®n and retention of judges.
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Table 12: The Effect of Congruence and Penal Preferenceslegtidn Systems

Elected Appointed

Dependent Variablgdarshness | I " | I "
Harsh vote share (hvs) 0.129 0.418 0.403 -0.629 0.089 0.205

(0.065* (0.083*** (0.168** | (0.081)** (0.121) (0.169
HighCongruence -0.049 -0.039 -0.022 0.016 0.020 -0.028

(0.014** (0.011)** (0.012* (0.028) (0.010* (0.015*
HighCongruence*hvs 0.600 0.360 -0.120 -0.026

(0.209** (0.135*** (0.113) (0.139

state-year FE no yes yes no yes yes
controls no no yes no no yes
Observations 62660 62660 56522 12348 12348 12065
R2 0.003 0.032 0.094 0.034 0.117 0.182

Standard errors, clustered at the district-level, in pieses;
** significant at 1%;* significant at 5%} significant at 10%.

7.3 Results by Offense Type and Severity

So far, we have focused on the three most serious crimes ¢iaenj sexual assaults, and rob-
beries) because they are the most likely to get the pressageeln this section, we compare the
influence of press coverage by category of crimes: violentes, property crimes, drug crimes,
and weapons and other. The results are shown in Table 13 ang¥ag There are several no-
table features in the results. First, the influence of votefguences on sentencing decisions is
statistically significant in all categories except for “weas and other”. However, media influence
through magnification of voter preferences, captured byinteraction between penal attitudes
(hveg andHighCongruenceis substantial in magnitude and statistically significanfi%-level
only for violent crimes. The magnitude is only half as largegroperty crimes and is statistically
significant only at 10%-level. For drug crime, the magnitofléhe effect of congruence is only a
quarter of the effect for violent crimes, and it is not stately significant even at 10% level.

We also investigate the effect by severity level of offerigeBable 14. The results by severity
level shows a similar pattern. The effect of congruencelstntial and statistically significant at

5% and 1% level only for class 1-3 offenses out of 12 offenser#ty levels in NJRP.

23



Table 13: The Effect of Congruence and Penal Preferencedfbgse Category

Violent Property
Dependent Variablddarsh | I " | I "
“Harsh” vote share (hvs) 0.007 0.258 0.259 0.154 0.380 0.260
(0.051) (0.063)***  (0.116)** | (0.053)*** (0.071)*** (0.091)***
HighCongruence -0.037 -0.037 -0.020 -0.017 -0.036 -0.022
(0.010)***  (0.008)***  (0.010)** (0.011) (0.007)***  (0.009)**
HighCongruence*hvs 0.345 0.287 0.380 0.146
(0.088)***  (0.101)*** (0.093)***  (0.086)*
Newspaper penetration 0.105 0.127 0.005 0.065 0.133 0.013
(0.038)***  (0.036)*** (0.037) (0.035)*  (0.031)*** (0.025)
State-by-year FE no yes yes no yes yes
Controls no no yes no no yes
Observations 170837 170837 154084 | 269425 269425 245538
R? 0.005 0.025 0.069 0.005 0.032 0.058
Drug Weapons and other
Dependent Variablddarsh | I " | I "
“Harsh” vote share (hvs) 0.145 0.230 0.235 0.042 0.279 0.157
(0.054)***  (0.060)***  (0.113)** (0.056) (0.064)*** (0.119)
HighCongruence -0.001 -0.020 -0.002 0.013 -0.028 -0.023
(0.011) (0.008)** (0.010) (0.011) (0.007)***  (0.009)**
HighCongruence*hvs 0.417 0.077 0.201 0.058
(0.082)*** (0.100) (0.084)** (0.094)
Newspaper penetration 0.148 0.109 -0.013 0.057 0.123 0.050
(0.047)*** (0.032)*** (0.028) (0.043) (0.030)***  (0.030)*
State-by-year FE no yes yes no yes yes
Controls no no yes no no yes
Observations 344204 344204 315101| 137084 137084 123759
R? 0.009 0.043 0.078 0.001 0.035 0.040

Standard errors, clustered at the district-level, in piueses;
** significant at 1%;* significant at 5%; significant at 10%.
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Table 14: The Effect of Congruence and Penal Preferences\srig/ Level

Class 1-3 Class 4-5
Dependent Variablddarsh | I " | I "
“Harsh” vote share (hvs) -0.041 0.337 0.332 0.093 0.170 0.203
(0.056) (0.070)***  (0.121)*** (0.061) (0.073)** (0.136)
HighCongruence -0.035 -0.032 -0.015 -0.041 -0.053 -0.042
(0.013)***  (0.008)*** (0.010) (0.010)***  (0.009)***  (0.013)***
HighCongruence*hvs 0.449 0.331 0.208 0.221
(0.089)***  (0.092)*** (0.114)* (0.145)
Newspaper penetration 0.132 0.150 0.007 0.044 0.120 -0.003
(0.044)***  (0.038)*** (0.039) (0.041) (0.041)*** (0.044)
State-by-year FE no yes yes no yes yes
Controls no no yes no no yes
Observations 172716 172716 136696| 180720 180720 141106
R? 0.010 0.062 0.114 0.006 0.052 0.074
Class 6-8 Class 9-11
Dependent Variablddarsh | I " | I "
“Harsh” vote share (hvs) 0.154 0.380 0.260 0.132 0.236 0.230
(0.053)*** (0.071)*** (0.091)*** | (0.054)** (0.059)*** (0.116)**
HighCongruence -0.017 -0.036 -0.022 0.001 -0.021 -0.006
(0.011) (0.007)***  (0.009)** (0.010) (0.008)*** (0.009)
HighCongruence*hvs 0.380 0.146 0.392 0.074
(0.093)***  (0.086)* (0.081)*** (0.102)
Newspaper penetration 0.065 0.133 0.013 0.142 0.105 -0.005
(0.035)*  (0.031)*** (0.025) | (0.046)*** (0.031)*** (0.027)
State-by-year FE no yes yes no yes yes
Controls no no yes no no yes
Observations 533299 533299 420508 | 793297 793297 616414
R? 0.002 0.050 0.077 0.004 0.065 0.093

Standard errors, clustered at the district-level, in piueses;

** significant at 1%;* significant at 5%; significant at 10%.

25



8 Conclusion

Judiciary is often regarded as the branch of the governrhahig the most insulated from public
opinions. In this research, we investigated the amount e$gproverage about U.S. state trial
court judges, its influence on criminal sentencing, andkeraction between press coverage and
the selection mechanisms of judges. Our main results caorbenarized as follows: 1) There is
a substantial amount of press coverage about state trial jcmiges, 2) presence of active press
coverage magnifies the influence of voters’ penal prefeseaneriminal sentencing decisions, 3)
such effect is statistically significant only for severelgit crimes, 4) such effect exists only for
elected judges. The presence of salient effects documabimge shows that public opinions do
influence court decisions to a substantial degree, andhikaintin mechanism is the interaction
of electoral process and voter information on court denssiaffected by the presence of active
media.

Much remains to be done to uncover details of the mechanigmehich the press coverage
affects court decisions. For example, in this paper, we dogumented thamountof press cover-
age (number of articles mentioning judges’ name). If we aajuae information on the timing of
coverage (e.g., electoral cycles) and what type of couiistergets covered, it would further our
understanding of the media influence. In addition, an amabfsmedia influence on the election
of judges will help us better understand the channels threvgch media influence interacts with
selection mechanisms of judges. These issues will be asltiéis our future research.
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Appendix

In Table 15 and 16, we document the details of the judiciacan mechanisms. Further de-
tails can be found on a webpage of the American Judicaturetgplttp://www.judicialselection.us/.
And, in Table 17-19, we list the ballot propositions used t&asure penal preferences.

Table 15: Judicial Selection Mechanisms for State Trial®ou

State || Name of Trial Court] Initial Selection | Reelection
Alabama Circuit Court Partisan Election Partisan Election
Alaska Superior Court | Gubernatorial Appointment  Retention Election
Arizona Superior Court (Variation across counties) (Variation across counties)
Gubernatorial Appointment Retention Election
Nonpartisan Election Nonpartisan Election
Arkansas Circuit Court Nonpartisan Election Nonpartisan Election
California Superior Court Nonpartisan Election Nonpartisan Election
Colorado District Court Gubernatorial Appointment  Retention Election
Connecticut Superior Court | Gubernatorial Appointment Reappointment
Delaware Superior Court | Gubernatorial Appointment Reappointment
Florida Circuit Court Nonpartisan Election Nonpartisan Election
Georgia Superior Court Nonpartisan Election Nonpartisan Election
Hawaii Circuit Court Gubernatorial Appointment Reappointment
Idaho District Court Nonpartisan Election Nonpartisan Election
lllinois Circuit Court Partisan Election Retention Election
Indiana Superior Court Partisan Election Partisan Election
lowa District Court Gubernatorial Appointment  Retention Election
Kansas District Court (Variation across districts) (Variation across districts)
Gubernatorial Appointment Retention Election
Partisan Election Partisan Election
Kentucky Circuit Court Nonpartisan Election Nonpartisan Election
Louisiana District Court Partisan Election Partisan Election
Maine Superior Court | Gubernatorial Appointment Reappointment
Maryland Circuit Court Gubernatorial Appointment Reappointment
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Table 16: Judicial Selection Mechanisms for State Trialf®o{con’d)

State | Name of Trial Court | Initial Selection | Reelection
Massachusetts Superior Court Gubernatorial Appointment Life-tenure
Michigan Circuit Court Nonpartisan Election Nonpartisan Election
Minnesota District Court Nonpartisan Election Nonpartisan Election
Mississippi Circuit Court Nonpartisan Election Nonpartisan Election
Missouri Circuit Court (Variation across Counties) (Variation across Counties)
Gubernatorial Appointment Retention Election
Partisan Election Partisan Election
Montana District Court Nonpartisan Election Nonpartisan Election
Nebraska District Court Gubernatorial Appointment Retention Election
Nevada District Court Gubernatorial Appointment Retention Election
New Hampshire Superior Court Gubernatorial Appointment Life-tenure
New Jersey Superior Court Gubernatorial Appointment Gubernatorial Appointment
New Mexico District Court Partisan Election Retention Election
New York Supreme Court Partisan Election Partisan Election

North Carolina
North Dakota
Ohio
Oklahoma
Oregon
Pennsylvania
Rhode Island
South Carolina
South Dakota
Tennessee
Texas
Utah
Vermont
Virginia
Washington
West Virginia
Wisconsin
Wyoming

Superior Court
District Court

Court of Common Plea:

District Court
Circuit Court

Court of Common Plea

Superior Court
Circuit Court
Circuit Court
Circuit Court
District Court
District Court

Superior Court
Circuit Court

Superior Court
Circuit Court
Circuit Court
District Court

o

D

Nonpartisan Election
Nonpartisan Election
Partisan Election
Nonpartisan Election
Nonpartisan Election
Partisan Election
Gubernatorial Appointmen
Legislative Appointment
Nonpartisan Election
Partisan Election
Partisan Election
Gubernatorial Appointmen
Gubernatorial Appointmen
Legislative Appointment
Nonpartisan Election
Partisan Election
Nonpartisan Election

Gubernatorial Appointmen

t

t

Nonpartisan Election
Nonpartisan Election
Partisan Election
Nonpartisan Election
Nonpartisan Election
Retention Election
Life-tenure
Legislative Appointment
Nonpartisan Election
Partisan Election
Partisan Election
Retention Election
Legislative Appointment
Legislative Appointment
Nonpartisan Election
Partisan Election
Nonpartisan Election
Retention Election
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Table 17: Ballot Propositions Used to Measure Penal Prefese

(A

State]| Year | Prop No. | Percent Yes| Description

AL 1996 | Amendment3 70 Removing the Prohibition on Guilty Pleas within 15 Days ofdst in Non-Capital Felony Cases
AZ 1998 | Proposition 301 48 Relating To Probation Eligibility For Drug Possession OeUs

AZ 2002 | Proposition 103 80 Bailable Offenses; Prohibitions

AZ 2002 | Proposition 302 69 Probation For Drug Crimes

AZ 2006 | Proposition 100 77 Bailable Offenses

AZ 2006 | Proposition 301 58 Probation for Methamphetamine Offenses

CA || 2000| Proposition 18 72 Murder; Special Circumstances; Leg Initiative Amendment

CA || 2000| Proposition 21 62 Juvenile Crime

CO || 1992| Referendum A 80 Rights of Crime Victims

CO || 1994 | ReferendumC 77 Post-Conviction Bail

FL 1998 | Amendment2 72 Preservation of Death Penalty;

US Supreme Court Interpretation of Cruel And Unusual Punéstit

HI 2002 Question 3 57 Initiation of Felony Prosecutions By Written Information

HI 2004 | Amendment1 65 Sexual Assault Crimes

HI 2004 | Amendment2 71 Public Access To Registration Information of Sex Offenders

HI 2004 | Amendment3 53 Rights of Alleged Crime Victims

HI 2004 | Amendment 4 56 Initiation of Criminal Charges

HI 2006 | Amendment 4 69 Sexual Assault Crimes Against Minors

1A 1998 | Amendment 2 63 Eliminate Limitation of Fines For Offenses That May Be

Summarily Tried Without Indictment

ID 1994 H.J.R 16 80 Provide for Rights of Crime Victims

IN 1996 | Public Question 1 89 Victims’ Rights

IN 2000 | Public Question 1 65 Criminal Appeals Process

LA 1998 | Amendment4 69 Provides for Rights of the Victim of a Crime

LA 1998 | Amendment6 68 Make It Easier For Judges To Deny Bail

LA 1998 | Amendment 14 62 Require a Unanimous Verdict in Criminal Trials That Use Sigmber Jury
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Table 18: Ballot Propositions Used to Measure Penal Pnedee(con’d)

State|| Year | Prop No. | Percent Yes| Description
LA 1999 | Amendmentl1 59 Provide That Governor May Not Commute Sentences or PardcoiRe
Convicted Without A Favorable Recommendation By Board QtiBas
LA 1999 | Amendment8 53 Limit Automatic Pardon Provision To Persons Convicted ofanNiolent Crime
Mi 1994 Proposition B 74 A Proposal to Limit Criminal Appeals
MS || 1998| Amendment?2 Victims’ Rights
MT || 1998 C-33 71 Criminal Laws Must Be Based on Principles Of Public Safetgt an
Restitution For Victims As Well As Prevention And Refornuati
NC || 1996| Amendment2 86 Probation, Restitution, Community Service, Work Programs
and Other Restraints on Liberty May Be Imposed Upon Corictif Criminal Offense
NC || 1996| Amendment3 78 Victims’ Rights
NE || 2006 | Amendment4 56 Permit Supervision of Individuals Sentenced To Probat@leased on Parole,
or Enrolled In Court Programs as Provided By Leg
NJ 2000 | Public Question 2 79 To Permit Leg To Auth By Law Disclosure Of Information Coneigrg Sex Offenders
NV || 1996 Question 2 74 To Provide Specifically For Rights of Victims of Crime?
OH || 1997 Issue 1 73 Denial of Bail In Felony Offenses
OH || 2002 Issue 1 32 Treatment in lieu of Incarceration for Drug Offenders
OK || 1994 Question 664 91 Allow the Legislature to set Minimum Prison Terms for All Gacted Felons
OR || 1996 Measure 26 66 Changes Principles That Govern Laws for Punishment of Crime
OR || 1996 Measure 40 58 Gives Crime Victims Rights, Expands Admissible Evidendejits Pretrial Release
OR || 1999 Measure 68 58 Allows Protecting Business, Certain Government Prograoms Prison Work Programs
OR || 1999 Measure 69 58 Grants Victims Constitutional Rights In Criminal Proseoos,
Juvenile Court Delinquency Proceedings
OR || 1999 Measure 71 58 Limits Pretrial Release of Accused Person To Protect Vigtim
OR || 1999 Measure 72 45 Allows Murder Conviction by 11 to 1 Jury Verdict
OR || 1999 Measure 73 46 Limits Immunity from Criminal Prosecution of Person Ordeio Testify
about his or her Conduct
OR || 1999 Measure 74 53 Requires Terms of Imprisonment Announced in Court Be Fudlgv8d, With Exceptions
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Table 19: Ballot Propositions Used to Measure Penal Predese(con’d)

State]| Year | Prop No. | Percent Yes| Description
OR || 1999 Measure 75 57 Person Convicted of Certain Crimes Cannot Serve on Gramesjur
Criminal Trial Juries
OR || 2000 Measure 3 67 Requires Conviction Before Forfeiture; Restricts Prosddsage;
Requires Reporting, Penalty
OR || 2000 Measure 94 26 Repeals Mandatory Minimum Sentences for Certain FeloRequires Resentencing
OR || 2008 Measure 57 61 Increase Sentences for Drug Trafficking, Theft againstiidand
Specified Repeat Property and Identity Theft Crimes
OR || 2008 Measure 61 48 Creates Mandatory Minimum Prison Sentences for Certairit,Tidentity Theft,
Forgery, Drug and Burglary Crimes
PA 1998 | Joint Resolution 1| 72 Adding Categories of Criminal Cases in Which Bail Is Disaiéul
PA 1998 | Joint Resolution 2 69 Granting Commonwealth Right to Trial By Jury in Criminal @as
PA 2003| Amendmentl 68 Amending Right of Persons Accused of a Crime To Meet Witness
against Them Face To Face
PA 2003| Amendment?2 80 Auth Leg To Enact Laws Regarding Way That Children May Tgstif
in Criminal Proceedings
SC || 1996 | Amendment 1 (A) 89 Victims’ Rights
SC || 1996 | Amendment1 (B) 87 Allows Denial of Bail To Persons Charged With Violent Crimes
SC || 1998| Amendmentl 48 Allow Leg To Specify Which Crime Victims Are Protected By Vims Bill Of Rights
SD || 2002 AmendmentA 21 Relating To A Criminal Defendant’s Rights
TN 1998 | Amendment 2 89 Entitles Victims of Crime To Certain Basic Rights To Preseand
Protect Their Rights To Justice, Due Process In All Casdadiireg Criminal Cases
uT 1994 Proposition 1 69 Rights of Crime Victims
WA || 1993 Initiative 593 76 Sentencing of Criminals
Wi 2006 Question 2 55 Reinstate Death Penalty




