
Teachers Tournament Export (Anonymized)/data/eng_base00.dta


Teachers Tournament Export (Anonymized)/data/eng_base01.dta


Teachers Tournament Export (Anonymized)/data/eng_stack_00.dta


Teachers Tournament Export (Anonymized)/data/eng_stack_01.dta


Teachers Tournament Export (Anonymized)/data/math_base00.dta


Teachers Tournament Export (Anonymized)/data/math_base01.dta


Teachers Tournament Export (Anonymized)/data/math_stack_00.dta


Teachers Tournament Export (Anonymized)/data/math_stack_01.dta


Teachers Tournament Export (Anonymized)/data/rate98_collapsed.dta


Teachers Tournament Export (Anonymized)/data/rate99_collapsed.dta


Teachers Tournament Export (Anonymized)/data/teachers questionnaire/compar2.dta


Teachers Tournament Export (Anonymized)/data/teachers questionnaire/treat.dta


Teachers Tournament Export (Anonymized)/programs/bagrut_variance.do
/***************************************************

Creator:	
			Roy

Date:		
			22 August 2007

file name:	
			bagrut_variance
			
Description:

			This file runs a few correlation and variances

Input Data:	
			school_level_raw.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name bagrut_variance
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

******************************* PROGRAMS ***************************
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\${name}_`year'`month'`day'.log", replace


use "data\school_level_raw", clear

**** Settting schools in different samples ****
egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
egen inRD = anymatch(school_code), values(1 3 8 9 11 12       27       30 33    37    42       53    56       70 71 73 74 75 76 78          86 87 88 91    94 96 97)
gen inEL = 1

gen bgrt_error = tmp_bgrt - rate99

local vars "rate99 tmp_bgrt bgrt_error"
local lower = .40
local upper = .52

postfile variances str30 rangeVariable str10 variable N mean std_dev variance using "results\automatic\bgrt_variances", replace

foreach rangeVar of varlist rate99 tmp_bgrt {
	di "Checking variances for `lower' <= `rangeVar' <= `upper'"
	foreach varianceVar of varlist `vars' {
		su `varianceVar' if `rangeVar' >= `lower' & `rangeVar' <= `upper' & rate99 != . & inEL & school_code != 72 & school_code != 10
		local N = r(N)
		local mean = r(mean)
		local sd = r(sd)
		local V = `sd' ^ 2
		di "V(`varianceVar') = `V'"
		post variances ("`lower' <= `rangeVar' <= `upper'") ("`varianceVar'") (`N') (`mean') (`sd') (`V')
	}
}

postclose variances

postfile treatRateCorr str10 sample str20 what rate99 slrate99 using "results\automatic\rates_treated_corr", replace
foreach sample in EL NE RD {
	foreach rate in rate99 slrate99 {
		reg treated `rate' if in`sample'
		local `rate'_b = _b[`rate']
		local `rate'_se = _se[`rate']
		
		corr treated `rate' if in`sample'
		local corr_`rate' = r(rho)
		
		lincom `rate'
		local pval_`rate' = ttail(r(df), (abs(r(estimate) / r(se)))) * 2
	}
	post treatRateCorr ("`sample'")	("regression coefficient") 	(`rate99_b')	(`slrate99_b')
	post treatRateCorr ("`sample'")	("reg. coeff. s.e.") 		(`rate99_se')	(`slrate99_se')
	post treatRateCorr ("`sample'")	("correlation")		 		(`corr_rate99')	(`corr_slrate99')
	post treatRateCorr ("`sample'")	("correlation p-value")		(`pval_rate99')	(`pval_slrate99')
}

postclose treatRateCorr

log close




Teachers Tournament Export (Anonymized)/programs/balance.ado
/***************************************************

Creator:	
			Roy

Date:		
			31 July 2007

file name:	
			balance.ado
			
Description:

			This file contains the program that runs 
			the balancing tests.
			The program is called from the balance_all.do file. 
			Each time for a different sample, pouring results
			to the requested files.

Arguments:	
			balanceTournament vars [if], subject(string) saving(string) [fweightVar(string)]
			vars 		-	is the list of variables to balance on
			if 			-	defines the sample   (optional)
			subject 	- 	math or eng (for english) determines base file to take from (and output files' names)
			saving		-	The table's name prefix for the output files
			fweightVar 	- 	Optional. If given, regression will be based on frequency weights saved 
							in this variable
			
******************************************************/

capture prog drop balanceTournament
program balanceTournament
	version 9
	
	// This line defines which arguments are needed and the locals in which they are saved.
	// I'm using namelist instead of varlist because the program is called upon before there
	// is a dataset in memory.
	syntax namelist, sampleCond(string) subject(string) saving(string) [fweightVar(string)]

	// Copying the list of variables to the local "vars".
	local vars "`namelist'"
	
	// Taking the first letter of the subject
	local subject_letter = substr("`subject'", 1, 1)

	// Repeat for 2000 and 2001, for each year create a postfile of balance results (after the loop, unite them into one file)
	foreach yearStr in "00" "01" {
		// First take details from `subject' base
		di "`subject' FILE REGRESSIONS (20`yearStr')"
		use "data\\`subject'_base`yearStr'", clear
	
		// Samples definitions
		egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
		egen inRD = anymatch(school_code), values(1 3 8 9 11 12       27       30 33    37    42       53    56       70 71 73 74 75 76 78          86 87 88 91    94 96 97)
		gen inEL = 1

		// If weighting was asked, merge the weights file (schools level) into the raw file (students level)
		if ("`fweightVar'" != "") {
			di "Weights were asked for (fweight = `fweightVar') - merging 20`yearStr' weights for `subject'"
			sort school_code
			merge school_code using "data\school_level_with_weights", keep (`fweightVar'_`yearStr'_`subject') uniqusing
			drop _merge
			rename `fweightVar'_`yearStr'_`subject' `fweightVar'
		}
		
		// Merge the lagged matriculation rates into the students file
		sort school_code
		merge school_code using "data\rate99_collapsed", keep (rate99) nokeep
		drop _merge
		sort school_code
		merge school_code using "data\rate98_collapsed", keep (rate98) nokeep
		drop _merge
		
		// Report to the log what was the condition that defined the observations in the sample
		di "SAMPLECOND IS `sampleCond'"
		
		// Narrowing sample to relevant schools only
		keep if `sampleCond'
		
		drop if rule2 == 1
	
		// Redefine variables that will lated be "balanced"
		gen semarab = schtype == "NON JEWISH"
		gen semrel  = schtype == "JEWISH REL."
		if "`yearStr'" == "00" {
			gen rate = rate98
			gen slrate = slrate99
		}
		else {
			gen rate = rate99
			gen slrate = slrate00
		}
		
		// Define the DTA file that will contain the results (see help postfile for details)
		postfile `saving'_`yearStr' str30 rowKey str25 var treated`yearStr' nonTreated`yearStr' diff`yearStr' gap using "results\automatic\\`saving'_`yearStr'", replace
	
		// For each of these variables:
		foreach var in `vars' {
			unique school_code
			// If weights were NOT asked for...
			if ("`fweightVar'" == "") {
				// Check balance between treated and non-treated (no weights)
				reg `var' treated, cluster(school_code)
			}
			else { 
				// Otherwise, check balance between treated and non-treated (with frequency weights)
				reg `var' treated [fweight=`fweightVar'], cluster(school_code)
			}
				
			// Save results of the regression in order to post them
			local nonTreatMean = _b[_cons]
			local treatMean    = _b[_cons] + _b[treated]
			local diff		 = _b[treated]
			local diffSE	 = _se[treated]
	
			// Post results
			post `saving'_`yearStr' ("`subject_letter'_`var'/1") ("`var'") (`treatMean') (`nonTreatMean') (`diff')   (.)
			post `saving'_`yearStr' ("`subject_letter'_`var'/2") ("")      (.)           (.)              (`diffSE') (.)
		}
	
		// Calculating number of observations and schools.
		// ----------------------------------------------
		
		// Number of students (total, treated and not-treated)
		su treated
		local count			= r(N)
		local treatedCount 	= r(sum)
		local nonTreatedCount 	= `count' - `treatedCount'
		// If weights were asked for, count also students*weights.
		if ("`fweightVar'" != "") {
			su treated [fweight=`fweightVar']
			local count_w		    = r(N)
			local treatedCount_w    = r(sum)
			local nonTreatedCount_w = `count_w' - `treatedCount_w'
		}
		
		// Count schools (total, treated and not-treated)
		unique school_code
		local schoolsNum	= r(sum)
		unique school_code if treated
		local trSchoolsNum	= r(sum)
		local nonTrSchoolsNum	= `schoolsNum' - `trSchoolsNum'

		// Post results at the bottom of the table.
		post `saving'_`yearStr' ("N/1") ("N") 	(`treatedCount') (`nonTreatedCount') (`count')      (.)
		if ("`fweightVar'" != "") {
			post `saving'_`yearStr' ("N_w/1") ("N_weighted") 	(`treatedCount_w') (`nonTreatedCount_w') (`count_w')      (.)
		}	
		post `saving'_`yearStr' ("N/2") ("schools")	(`trSchoolsNum') (`nonTrSchoolsNum') (`schoolsNum') (.)
	
		postclose `saving'_`yearStr'
	}
	

	// *** Join 2000 and 2001 results
	// First, opening 2000 results file
	use "results\automatic\\`saving'_00", clear
	
	// Remembering row order (joining changes it, because it first sorts rowKey)
	gen rowOrder = _n
	
	// Joining 2001 to the current file
	joinby rowKey using "results\automatic\\`saving'_01", unmatched(both)
	drop _merge
	
	// Reordering the way it was before joining
	sort rowOrder
	drop rowOrder
	
	// Saving the united file
	save "results\automatic\\`saving'_united", replace

end	




Teachers Tournament Export (Anonymized)/programs/balance_all.do
/***************************************************

Creator:	
			Roy

Date:		
			31 July 2007

file name:	
			balance_all.do
			
Description:

			This file does the balancing for the following samples:
			1. All eligible schools (Table 1)
			2. RT schools (Table 3) - also called NE schools
			3. RD schools (Table 6)
			
			It uses the students in the math files
			(they also appear in the english files, but there's no need
			 to run the balance twice)

Input Data (will be loaded by the balanceTournament program):	
			math_base00.dta
			math_base01.dta
						
Output:		
			Creates tables 1, 3 and 6 in DTA and CSV formats

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name balance
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

// Keeping year, month and day for the log name
local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace

* Load balanceTournament program
do "programs\balance.ado"

* Variables to balance treated and non-treated
local varsToBalanceNE "semrel semarab slrate rate educav educem m_ahim boy ole asiafr m_awr_lgcr e_awr_lgcr att_lgcr awr_lgcr att_lgsc"
local varsToBalance   "semrel semarab slrate      educav educem m_ahim boy ole asiafr m_awr_lgcr e_awr_lgcr att_lgcr awr_lgcr att_lgsc"

// STARTING TO WORK ON THE TABLES!
di as input "***** WORKING ON TABLE 1 ******"
balanceTournament `varsToBalance', sampleCond(inEL) subject("math") saving("table1")
di as input "***** END OF TABLE 1 *******"

di as input "***** WORKING ON TABLE 3 ******"
balanceTournament `varsToBalanceNE', sampleCond(inNE) subject("math") saving("table3") fweightVar("hoodWeight")
di as input "***** END OF TABLE 3 *******"

di "***** WORKING ON TABLE 6 ******"
balanceTournament `varsToBalance', sampleCond(inRD) subject("math")  saving("table6")
di as input "***** END OF TABLE 6 *******"

// Save also as .CSV files (for Excel)
foreach tableNum in 1 3 6 {
	use "results\automatic\table`tableNum'_united", clear
	outsheet using "results\automatic\table`tableNum'_united.csv", comma replace
}

log close





Teachers Tournament Export (Anonymized)/programs/correlations.do
/***************************************************

Creator:	
			Roy

Date:		
			22 August 2007

file name:	
			correlations
			
Description:

			This file runs a few correlation statistics

Input Data:	
			(math_base00.dta) - commented
			math_base01.dta
			(eng_base00.dta) - commented
			eng_base01.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name controls
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

******************************* PROGRAMS ***************************
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\\${name}_`year'`month'`day'.log", replace

// Configuring the list of variables to correlate against the matriculation rate variable
// and configuring also the matriculation rate variable.
local corrVars    "tested att_units passed awr_units av_tscr av_arch1 av_arch2 av_fscr"
local corrAgainst "rate99"

// Define the DTA file that will contain the results (see help postfile for details)
postfile correlations str2 sample str4 subject str3 weighted str14 kind `corrVars' using "results\automatic\correlations", replace

foreach smpl in NE RD EL {
	foreach subject in math eng {
		// In some versions I ran a pooled 2000 and 2001 sample. In others just the 2001 sample.
		/*
		use "data\\`subject'_base00", clear
		
		if ("`smpl'" == "NE") {
			di "Also calculating correlation with weights for NE"
			sort school_code
			merge school_code using "data\school_level_with_weights", keep (hoodWeight_00_`subject') uniqusing
			drop _merge
			rename hoodWeight_`yearStr'_`subject' hoodWeight
		}
		gen year = 2000
		
		append using "data\\`subject'_base01"
		*/
		
		use "data\\`subject'_base01", clear
		
		// Samples definitions
		egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
		egen inRD = anymatch(school_code), values(1 3 8 9 11 12       27       30 33    37    42       53    56       70 71 73 74 75 76 78          86 87 88 91    94 96 97)
		gen inEL = 1

		sort school_code
		
		// If this is the NE (RT) sample, merge the weights into the dataset in memory
		if ("`smpl'" == "NE") {
			merge school_code using "data\school_level_with_weights", keep (hoodWeight_01_`subject') uniqusing
			drop _merge
			/* replace hoodWeight = hoodWeight_01_`subject' if hoodWeight == . */
			rename hoodWeight_01_`subject' hoodWeight
		}
		
		/* replace year = 2001 if year == . */
		
		drop if rule2 == 1
		
		sort school_code
		merge school_code using "data\rate99_collapsed", keep (rate99) uniqusing
		drop _merge
		
		// Narrowing sample to relevant schools only
		keep if in`smpl' == 1
		
		// Initializing the macros (the locals) to be empty strings.
		// Then inside the foreach loop, concatenating more and more variables' results to the strings
		local postRow_b ""
		local postRow_se ""
		local corrRow ""
		local corrRowPVal ""
		foreach var in `corrVars' {
			// Calculating different correlations
			reg `corrAgainst' `var', cluster(school_code)
			local b_`var' = _b[`var']
			local se_`var' = _se[`var']
			
			corr `corrAgainst' `var'
			local corr_`var' = r(rho)
			
			lincom `var'
			local pval_`var' = ttail(r(df), (abs(r(estimate) / r(se)))) * 2
			
			// Add the calculated statistics to the locals (note the "x = x + i" structure where 
			//                                              i is the new information acquired in this
			//												iteration of the foreach and x is the
			//												cumulative information)
			local postRow_b 	"`postRow_b' (`b_`var'')"
			local postRow_se 	"`postRow_se' (`se_`var'')"
			local corrRow 		"`corrRow' (`corr_`var'')"
			local corrRowPVal 	"`corrRowPVal' (`pval_`var'')"
		}
	
		// Post the rows after you cumulated the statistics for all the variables.
		post correlations ("`smpl'") ("`subject'") ("No") ("regression coeff") 	`postRow_b'
		post correlations ("`smpl'") ("`subject'") ("No") ("regression S.E") 	`postRow_se'
		post correlations ("`smpl'") ("`subject'") ("No") ("correlation") 		`corrRow'
		post correlations ("`smpl'") ("`subject'") ("No") ("corr. P-Value") 	`corrRowPVal'
		
		// If it's the NE sample, also check weighted correlation
		if ("`smpl'" == "NE") {
			local postRow_b ""
			local postRow_se ""
			local corrRow ""
			local corrRowPVal ""
			foreach var in `corrVars' {
				reg `corrAgainst' `var' [fweight=hoodWeight], cluster(school_code)
				local b_`var' = _b[`var']
				local se_`var' = _se[`var']
				
				corr `corrAgainst' `var' [fweight=hoodWeight]
				local corr_`var' = r(rho)
				
				lincom `var'
				local pval_`var' = ttail(r(df), (r(estimate) / r(se))) * 2

				local postRow_b 	"`postRow_b' (`b_`var'')"
				local postRow_se 	"`postRow_se' (`se_`var'')"
				local corrRow 		"`corrRow' (`corr_`var'')"
				local corrRowPVal 	"`corrRowPVal' (`pval_`var'')"
			}
	
			post correlations ("`smpl'") ("`subject'") ("Yes") ("regression coeff") `postRow_b'
			post correlations ("`smpl'") ("`subject'") ("Yes") ("regression S.E") 	`postRow_se'
			post correlations ("`smpl'") ("`subject'") ("Yes") ("correlation") 		`corrRow'
			post correlations ("`smpl'") ("`subject'") ("Yes") ("corr. P-Value") 	`corrRowPVal'
		}
	}
}

postclose correlations
log close




Teachers Tournament Export (Anonymized)/programs/correlations_w_treat.do
/***************************************************

Creator:	
			Roy

Date:		
			22 August 2007

file name:	
			correlations_w_treat
			
Description:

			This file runs a few correlation statistics between treat and rate99

Input Data:	
			math_base00.dta
			math_base01.dta
			eng_base00.dta
			eng_base01.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name correlations_w_treat
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

******************************* PROGRAMS ***************************
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\\${name}_`year'`month'`day'.log", replace

postfile correlations str4 subject str4 year str10 level str2 sample rate99_coeff t_statistic correlation observations using "results\automatic\correlations_w_treat", replace

foreach subject in math eng {
	foreach yearStr in "00" "01" {
		// Loading file
		use "data\\`subject'_base`yearStr'", clear
		sort school_code			
		
		// Samples definitions
		egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
		egen inRD = anymatch(school_code), values(1 3 8 9 11 12       27       30 33    37    42       53    56       70 71 73 74 75 76 78          86 87 88 91    94 96 97)
		gen inEL = 1

		// Loading weights for later use if it is NE sample
		merge school_code using "data\school_level_with_weights", keep (hoodWeight_`yearStr'_`subject')
		drop _merge
		rename hoodWeight_`yearStr'_`subject' hoodWeight

		sort school_code
		// Merging rate99 from the other file
		merge school_code using "data\rate99_collapsed", keep (rate99)
		drop _merge

		drop if (rule2 == 1) | (educav == .) | (m_ahim == .) | (boy == .)
		
		local clusterStr "cluster(school_code)"
		// First run correlations on student level.
		// Then, in the second time, run it on school level (collapse by school)
		foreach level in student school {
		
			// If it is on school level, collapse by school
			if ("`level'" == "school") {
				collapse treat rate99 inRD inNE inEL, by (school_code)
				
				// Loading weights for later use if it is NE sample. This time by-school weights instead of by-kids weight
				merge school_code using "data\school_level_with_weights", keep (hoodSchoolWeight_`yearStr'_`subject')
				drop _merge
				rename hoodSchoolWeight_`yearStr'_`subject' hoodWeight
				
				local clusterStr ""
			}
			
			foreach smpl in NE RD EL {
				di " "
				di "Year = 20`yearStr'"
				di "Subject = `subject'"
				di "Sample is = `smpl'"
				
				// Running with weights if NE sample
				if ("`smpl'" == "NE") {
					local fweightStr "[fweight=hoodWeight]"
				}
				else {
					local fweightStr ""
				}
				
				di "Running: "
				di "-------------"
				di "reg treat rate99 if in`smpl' `fweightStr', `clusterStr'"
				di "-------------"
				di " "
				reg treat rate99 if in`smpl' `fweightStr', `clusterStr'
				su treat rate99 if in`smpl'
				local N = r(N)
				local b = _b[rate99]
				local se = _se[rate99]
				local t = _b[rate99] / _se[rate99]
				
				di "corr treat rate99 if in`smpl' `fweightStr'"
				di " "
				corr treat rate99 if in`smpl' `fweightStr'
				local rho = r(rho)
				
				post correlations 	("`subject'")	("20`yearStr'")	("`level'")	("`smpl'")	(`b')	(`t')	(`rho')	(`N')
				post correlations 	("") 			("")			("")		("")		(`se')	(.)		(.)		(.)
			}
		}
		post correlations 			("")			("") 			("")		("")		(.)				(.)		(.)		(.)
	}
}

postclose correlations
log close




Teachers Tournament Export (Anonymized)/programs/detailed_diff_in_diffs.do
/***************************************************

Creator:	
			Roy

Date:		
			29 August 2007

file name:	
			detailed_diff_in_diffs
			
Description:

			This file runs the diff-in-diffs regression for the NE (RT)
			sample but saves the coefficients of all the covariates.
			It creates a transposed table A1

Input Data:	
			math_base00.dta
			math_base01.dta
			eng_base00.dta
			eng_base01.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name detailed_diff_in_diffs
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

**************************** PROGRAMS ***********************

* This program does all the work.
* It needs the following arguments:
*	sample_cond (for later keep if <sample_cond>)
*	table_name (it will be saved under <table_name>_united)
*	fweightVar (optional) - the prefix of the weight variable in data\school_level_with_weights (hoodWeights probably)

capture prog drop detailedDIDTournament
program detailedDIDTournament
	version 9
	
	syntax , sampleCond(string) table_name(string) [se(string) fweightVar(string)]

	// Define the list of covariates
	local covars "treated rate slrate asiafr ole boy att_lgcr att_lgsc awr_lgcr subject_awr_lgcr"
	
	// Create a long string that will contain the list of variables of the *output* table
	// that is: treated_b treated_se gap1 rate_b rate_se gap2 ....
	local covars_names ""
	local i = 1
	foreach covar in `covars' {
		local covars_names "`covars_names' `covar'_b `covar'_se gap`i'"
		local i = `i' + 1
	}
	
	// Define a post file.
	postfile `table_name' str5 subject str10 dependent `covars_names' using "results\automatic\\`table_name'", replace
	
	// Do this for both subjects
	foreach subject in math eng {
		// ** Load bases to memory

		use "data\\`subject'_base00", clear

		// If weighting was asked, merge the 2000 weights file (schools level) into the raw file (students level)
		if ("`fweightVar'" != "") {
			di "Weights were asked for (fweight = `fweightVar') - merging 2000 weights for subject `subject'"
			sort school_code
			merge school_code using "data\school_level_with_weights", keep (`fweightVar'_00_`subject') uniqusing nokeep
			drop _merge
			rename `fweightVar'_00_`subject' `fweightVar'
		}
		
		gen year   = 2000

		// append 2001
		append using "data\\`subject'_base01"
	
		// If weighting was asked, merge the 2001 weights file (schools level) into the raw file (students level)
		if ("`fweightVar'" != "") {
			di "Weights were asked for (fweight = `fweightVar') - merging 2001 weights for subject `subject'"
			sort school_code
			merge school_code using "data\school_level_with_weights", keep (`fweightVar'_01_`subject') uniqusing nokeep
			drop _merge
			replace `fweightVar' = `fweightVar'_01_`subject' if year == .
		}

		egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
		
		// Merge lagged matriculation rates
		sort school_code
		merge school_code using "data\rate98_collapsed", keep (rate98) nokeep
		drop _merge
		sort school_code
		merge school_code using "data\rate99_collapsed", keep (rate99) nokeep
		drop _merge
		
		keep if `sampleCond'
		
		replace year = 2001 if year == .
		
		gen     rate   = rate98 if year == 2000
		replace rate   = rate99 if year == 2001
		gen     slrate = slrate99 if year == 2000
		replace slrate = slrate00 if year == 2001
		
		drop if rule2 == 1

		local subjectLetter = substr("`subject'", 1, 1)
		local covars = subinstr("`covars'", "subject_awr_lgcr", "`subjectLetter'_awr_lgcr", 1)
		
		
		replace treated = 0 if year == 2000
		
		// ***** Run regressions
		if ("`fweightVar'" != "") {
			// I'm doing it just because xtreg fe doesn't work with fweights (Stata 9)
			xi i.year i.org_m_ahim i.org_educav i.org_educem i.school_code
		}
		else {
			xi i.year i.org_m_ahim i.org_educav i.org_educem
		}

		foreach dependent in tested passed av_tscr {
			// All quartiles - DID regression (with controls)
			di " "
			di "------------------------------------------------------------------------------"
			di "running regression for subject `subject'"
			if ("`fweightVar'" != "") {
				// I'm doing reg instead of xtreg just because xtreg fe doesn't work with fweights (Stata 9)
				// (the _I* wildcard contains i.school_code too here. Therefore I can reg instead of xtreg)
				di "reg `dependent' `covars' _I* [fweight=`fweightVar'], `se'"
				reg `dependent' `covars' _I* [fweight=`fweightVar'], `se'
			}
			else {
				di "xtreg `dependent' `covars' _I*, fe i(school_code) `se'"
				xtreg `dependent' `covars' _I*, fe i(school_code) `se'
			}
			
			// Build a long row to post (in the same manner you built the list of variable names
			local postRow ""
			foreach covar in `covars' {
				local postRow "`postRow' (_b[`covar']) (_se[`covar']) (.)"
			}
			
			post `table_name' ("`subject'") ("`dependent'") `postRow'
		}
		local covars = subinstr("`covars'", "`subjectLetter'_awr_lgcr", "subject_awr_lgcr", 1)
	}
	postclose `table_name'
end
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace

local se "cluster(school_code)"

detailedDIDTournament , sampleCond(inNE) table_name(tableA1) se(`se') fweightVar(hoodWeight)

use "results\automatic\tableA1", clear
outsheet using "results\automatic\tableA1.csv", comma replace

log close




Teachers Tournament Export (Anonymized)/programs/diff_in_diffs.do
/***************************************************

Creator:	
			Roy

Date:		
			1 August 2007

file name:	
			diff_in_diffs
			
Description:

			This file runs a diff-in-diffs regression.
			It creates tables 4, 7 and A2.

Input Data:	
			math_base00.dta
			math_base01.dta
			eng_base00.dta
			eng_base01.dta

I know that there can be a much faster way to do this, but this program was based on a simple program
and I didn't want to rewrite it, since it doesn't worth the effort.

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name diff_in_diffs
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

**************************** PROGRAMS ***********************

* This program does all the work.
* It needs the following arguments:
*	sample_cond (for later keep if <sample_cond>)
*	table_name (it will be saved under <table_name>_united)
*	fweightVar (optional) - the prefix of the weight variable in data\school_level_with_weights (hoodWeights probably)
*   useRate (optional)    - specifies whether to use the variable rate (lagged matriculation rate) as a control
*   useSlrate (optional)  - specifies whether to use the variable slrate (lagged matriculation rate) as a control
*  (the difference between the rates is that the second one is from Slava from the Ministry of Education and it's slightly
*   different, and we have it for different years).

capture prog drop DIDTournament
program DIDTournament
	version 9
	
	syntax , sampleCond(string) table_name(string) [fweightVar(string) useRate useSlrate]
	
	// Once for math and once for english
	foreach subject in math eng {
		// Load bases to memory
		use "data\\`subject'_base00", clear
		
		gen year   = 2000
		gen school_codeYear = school_code
		
		// append 2001
		append using "data\\`subject'_base01"
		
		replace year = 2001 if year == .
		
		replace school_codeYear = school_code * 1000 if year == 2001
		
		// Samples definitions
		egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
		egen inRD = anymatch(school_code), values(1 3 8 9 11 12       27       30 33    37    42       53    56       70 71 73 74 75 76 78          86 87 88 91    94 96 97)
		gen inEL = 1

		// If weighting was asked, merge the weights file (schools level) into the raw file (students level)
		if ("`fweightVar'" != "") {
			di "Weights were asked for (fweight = `fweightVar') - merging 2001 weights for subject `subject'"

			sort school_code
			merge school_code using "data\school_level_with_weights.dta", keep (`fweightVar'_00_`subject') uniqusing nokeep
			drop _merge
			
			rename `fweightVar'_00_`subject' `fweightVar'
			
			di "Weights were asked for (fweight = `fweightVar') - merging 2000 weights for subject `subject'"
			
			sort school_code
			merge school_code using "data\school_level_with_weights.dta", keep (`fweightVar'_01_`subject') uniqusing nokeep
			drop _merge

			replace `fweightVar' = `fweightVar'_01_`subject' if year == 2001
			drop `fweightVar'_01_`subject'
		}
		
		// I will create the list of lagged-matriculation-rate control variables according to the 
		// arguments entered when the program was called
		local laggedScoreControl ""
		
		// Check which lagged-matriculation rate to take
		if ("`useRate'" != "") {
			sort school_code
			merge school_code using "data\rate98_collapsed", keep (rate98) nokeep
			drop _merge
			sort school_code
			merge school_code using "data\rate99_collapsed", keep (rate99) nokeep
			drop _merge
			gen rate = rate98
			replace rate = rate99 if year == 2001
			local laggedScoreControl "rate"
		}
		
		if ("`useSlrate'" != "") {
			gen slrate = slrate99
			replace slrate = slrate00 if year == 2001
			local laggedScoreControl "`laggedScoreControl' slrate"
		}
		
		di " "
		di "lagged bagrut rate controls asked for are `laggedScoreControl'"
		
		keep if `sampleCond'

		drop if rule2 == 1
		
		local subjectLetter = substr("`subject'", 1, 1)
	
		// Change the "treated" variable to be, actually, treated*after (by setting treated=0 for those who are "before"
		// that is, 2000)
		replace treated = 0 if year == 2000

		// Find quartiles of lagged students' performance for each cohort, and assign the quartile to the student.
		forvalues q = 1/4 {
			gen q`q' = 0
		}
		
		foreach year in 2000 2001 { 
		    //*** quartiling algorithm that conforms with the SAS algorithm (in terms of which values to include
		    //    when there are many observations with the same value on the margin between the quartiles)
		    
		    // If weighting was asked, determine quartiles with weights
			if ("`fweightVar'" != "") {
				sum att_lgsc if year == `year' [fweight=`fweightVar'], detail
			}
			else {
				sum att_lgsc if year == `year', detail
			}
			// Assign quartiles (as dummies)
		    replace q1 = 1 if 				  att_lgsc < r(p25) & att_lgsc != . & year == `year'
		    replace q2 = 1 if q1 == 0	 	& att_lgsc < r(p50) & att_lgsc != . & year == `year'
		    replace q3 = 1 if q1+q2 == 0 	& att_lgsc < r(p75) & att_lgsc != . & year == `year'
		    replace q4 = 1 if q1+q2+q3 == 0 					& att_lgsc != . & year == `year'
		}
		// Create also one variable that holds the quartile number
		gen q = q1 + 2 * q2 + 3 * q3 + 4 * q4
	
		// Create interaction of the quartile and the treatment status (treatment*after status)
		// It was used in previous versions (before each quartile was run separately in the quartiles regressions)
		forvalues q = 1/4 {
			gen t`q' = (q`q' == 1 & treated == 1)
		}
	
		// Define the output table's variables
		postfile `table_name'_`subject' str10 panel str100 rowKey `subject'_all_simple `subject'_all gap_`subject' `subject'_q1 `subject'_q2 `subject'_q3 `subject'_q4 gap using "results\automatic\\`table_name'_`subject'", replace
	
		//***** Run regressions
		
		//* I'm doing it just because xtreg fe doesn't work with fweights (Stata 9)
		xi i.year i.org_m_ahim i.org_educav i.org_educem i.school_code
		
		local regCommand = "reg"
		local _I_controls_for_simple = "_Iyear* _Ischo*"

		if ("`fweightVar'" != "") {
			local fweightStr = "[fweight=`fweightVar']"
		}
		
		else {
			local fweightStr = ""
		}
		
		// Run the regressions for three outcomes: testing rate, pass rate and external score
		foreach dependent in tested passed av_tscr {
			// All quartiles - first, simple DID regression (no controls)
			di " "
			di "------------------------------------------------------------------------------"
			di "running regression for subject `subject' for all quartiles WITHOUT CONTROLS"
			// 		First time, clustered at the school level
			di "`regCommand' `dependent' treated att_lgcr `laggedScoreControl' `_I_controls_for_simple' `fweightStr',  cluster(school_code)"
			`regCommand' `dependent' treated att_lgcr `laggedScoreControl' `_I_controls_for_simple' `fweightStr',  cluster(school_code)
			local all_ltd_`dependent'_b               = _b[treated]	
			local all_ltd_`dependent'_se_clst_school  = _se[treated]
			
			// 		Second time, clustered at the school*year level (just for the standard errors)
			di "`regCommand' `dependent' treated att_lgcr `laggedScoreControl' `_I_controls_for_simple' `fweightStr',  cluster(school_codeYear)"
			`regCommand' `dependent' treated att_lgcr `laggedScoreControl' `_I_controls_for_simple' `fweightStr',  cluster(school_codeYear)
			local all_ltd_`dependent'_se_clst_schYear = _se[treated]
			
			/*
			// 		Third time, robust
			di "`regCommand' `dependent' treated att_lgcr `laggedScoreControl' `_I_controls_for_simple' `fweightStr',  robust"
			`regCommand' `dependent' treated att_lgcr `laggedScoreControl' `_I_controls_for_simple' `fweightStr',  robust
			local all_ltd_`dependent'_se_robust = _se[treated]
			*/
			di "------------------------------------------------------------------------------"
			
			
			// All quartiles - DID regression (with controls)
			di " "
			di "------------------------------------------------------------------------------"
			di "running regression for subject `subject' for all quartiles"
			// 		First time, clustered at the school level
			di "`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr',  cluster(school_code)"
			`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr',  cluster(school_code)
			local all_`dependent'_b              = _b[treated]
			local all_`dependent'_se_clst_school = _se[treated]
			
			// 		Second time, clustered at the school*year level (just for the standard errors)
			di "`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr',  cluster(school_codeYear)"
			`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr',  cluster(school_codeYear)
			local all_`dependent'_se_clst_schYear = _se[treated]
			
			di "------------------------------------------------------------------------------"
	
			di "Mean `dependent' for the control group"
			
			// Save the mean outcome for the control group in 2001
			sum `dependent' `fweightStr' if treated == 0 & year == 2001
			local cmean_all_`dependent' = r(mean)
	
			// Count observations
			sum treated
			local n_all = r(N)
			if ("`fweightVar'" != "") {
				sum treated `fweightStr'
				local n_all_w = r(N)
			}
	
			// Now the full controls specification (the previous one), but by quartiles
			di " "
			di "------------------------------------------------------------------------------"
			di "running regression for subject `subject' for each quartile separately"
			forvalues q = 1/4 {
				// 		First time, clustered at the school level
				di "`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr' if q==`q',  cluster(school_code)"
				`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr' if q==`q',  cluster(school_code)

				// Save the coefficients and the standard error (for later post)
				local t`q'_`dependent'_b              = _b[treated]
				local t`q'_`dependent'_se_clst_school = _se[treated]

				// Save the mean outcome for the quartile in the control schools in 2001
				sum `dependent' `fweightStr' if treated == 0 & year == 2001 & q == `q'
				local cmean_t`q'_`dependent' = r(mean)

				// Count observations
				sum treated if q`q'
				local n_t`q' = r(N)
				if ("`fweightVar'" != "") {
					sum treated `fweightStr' if q`q'
					local n_t`q'_w = r(N)
				}

				// 		Second time, clustered at the school*year level				
				di "`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr' if q==`q',  cluster(school_codeYear)"
				`regCommand' `dependent' treated `laggedScoreControl' att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr' if q==`q',  cluster(school_codeYear)

				local t`q'_`dependent'_se_clst_schYear = _se[treated]
			}
						
			di "------------------------------------------------------------------------------"
			
	
			// Post all the locals that were saved from all the regressions according to the table's format
			post `table_name'_`subject' ("A" ) ("`dependent'")				 								(.)										(.)									(.) (.)									(.)									(.)									(.)									(.)

			post `table_name'_`subject' ("A" ) ("`dependent' control mean")  								(`cmean_all_`dependent'')				(.)									(.) (`cmean_t1_`dependent'')			(`cmean_t2_`dependent'')			(`cmean_t3_`dependent'')			(`cmean_t4_`dependent'')			(.)
			post `table_name'_`subject' ("A" ) ("`dependent' treat. effect")								(`all_ltd_`dependent'_b')  				(`all_`dependent'_b') 				(.) (`t1_`dependent'_b')				(`t2_`dependent'_b')				(`t3_`dependent'_b')				(`t4_`dependent'_b')				(.)
			post `table_name'_`subject' ("A" ) ("`dependent' treat. ef. SE clustered at school-year level")	(`all_ltd_`dependent'_se_clst_schYear')	(`all_`dependent'_se_clst_schYear')	(.) (`t1_`dependent'_se_clst_schYear')	(`t2_`dependent'_se_clst_schYear')	(`t3_`dependent'_se_clst_schYear')	(`t4_`dependent'_se_clst_schYear')	(.)
			post `table_name'_`subject' ("A" ) ("`dependent' treat. ef. SE clustered at school level")		(`all_ltd_`dependent'_se_clst_school')	(`all_`dependent'_se_clst_school')	(.) (`t1_`dependent'_se_clst_school')	(`t2_`dependent'_se_clst_school')	(`t3_`dependent'_se_clst_school')	(`t4_`dependent'_se_clst_school')	(.)
		/*  post `table_name'_`subject' ("A" ) ("`dependent' treat. ef. SE robust")							(`all_ltd_`dependent'_se_robust')		(`all_`dependent'_se_robust')		(.) (`t1_`dependent'_se_robust')		(`t2_`dependent'_se_robust')		(`t3_`dependent'_se_robust')		(`t4_`dependent'_se_robust')		(.) */
	
			// Computing and posting the lower panel (Conditional Effect)
			if ("`dependent'" != "tested") {
				//** For outcomes other than testing rate (passing rate and average score), add conditional ATE (conditional on the testing rate)
				//   The formula should be (if Y is denoting outcome):
				//	 	* conditionalATE = ATE - dP*(Y1/P1)
				
				// 
				// See the paper for details.
				//
	
				sum `dependent'	if treated
				local y1 = r(mean)
				sum tested		if treated
				local p1 = r(mean)
	
				// THIS IS THE FORMULA: condATE 	 =         ATE		     - 		dP        *   Y1  /  P1
				local `dependent'_conditionalATE_all = `all_`dependent'_b' - `all_tested_b' * (`y1' / `p1')
				// Proportion of conditional effect out of unconditional effect
				local `dependent'_propOf_condATE_all = ``dependent'_conditionalATE_all' / `all_`dependent'_b'
	

				forvalues q = 1/4 {
					sum `dependent'	if t`q'
					local y1 = r(mean)
					sum tested		if t`q'
					local p1 = r(mean)
	
					// THIS IS THE (same) FORMULA: condATE   =          ATE		 - 		dP           *   Y1  /  P1
					local `dependent'_conditionalATE_t`q' = `t`q'_`dependent'_b' - `t`q'_tested_b' * (`y1' / `p1')
					// Proportion of conditional effect out of unconditional effect
					local `dependent'_propOf_condATE_t`q' = ``dependent'_conditionalATE_t`q'' / `t`q'_`dependent'_b'
				}				

				// Posting Panel B
				post `table_name'_`subject' ("B") ("`dependent' conditional effect") 		  (.) (``dependent'_conditionalATE_all') (.) (``dependent'_conditionalATE_t1') (``dependent'_conditionalATE_t2') (``dependent'_conditionalATE_t3') (``dependent'_conditionalATE_t4') (.)
				post `table_name'_`subject' ("B") ("`dependent' conditional effect proportion") (.) (``dependent'_propOf_condATE_all') (.) (``dependent'_propOf_condATE_t1') (``dependent'_propOf_condATE_t2') (``dependent'_propOf_condATE_t3') (``dependent'_propOf_condATE_t4') (.)
				post `table_name'_`subject' ("B") ("gap") 						  (.) (.)					     (.) (.)					 (.)					     (.)					   (.)					(.)
			}
		}
		
		// Posting #obs
		post `table_name'_`subject' ("B") ("N") 	(`n_all') 	(.) (.) (`n_t1') 	(`n_t2') 	(`n_t3') 	(`n_t4')	(.)
		if ("`fweightVar'" != "") {
			post `table_name'_`subject' ("B") ("N_weighted") 	(`n_all_w') 	(.) (.) (`n_t1_w') 	(`n_t2_w') 	(`n_t3_w') 	(`n_t4_w')	(.)
		}
	
		postclose `table_name'_`subject' 
	}

	// Now, after we prepared the same tables for math and for English, it is time to merge them into one big table.
	// **** Join math and eng results
	// First, opening math results file
	use "results\automatic\\`table_name'_math", clear
	
	// Remembering row order (joining changes it)
	gen rowOrder = _n
	

	// Joining eng to the current file
	joinby rowKey using "results\automatic\\`table_name'_eng", unmatched(both)
	drop _merge
	
	// Reordering the way it was before joining
	sort panel rowOrder
	drop rowOrder
	
	// Saving the united file
	save "results\automatic\\`table_name'_united", replace
end
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace


/************* TABLE 4 - DID for the RT (NE) sample **************/

DIDTournament , sampleCond(inNE) table_name(table4_NE) fweightVar(hoodWeight) useRate useSlrate
		
// Not to be reported, but asked by Victor to report sensitivity
DIDTournament , sampleCond(inNE) table_name(table4_NE_slrate_only) fweightVar(hoodWeight) useSlrate
DIDTournament , sampleCond(inNE) table_name(table4_NE_no_sl_no_rate) fweightVar(hoodWeight)

/************** End of TABLE 4 **********************************/

/************* TABLE 7 - DID for the RD sample **************/

DIDTournament , sampleCond(inRD) table_name(table7_RD) useSlrate

/************** End of TABLE 7 **********************************/


/************* TABLE A2 - DID for whole eligible sample **************/

DIDTournament , sampleCond(inEL) table_name(tableA2_DID_all) useSlrate

/************** End of TABLE A2 **********************************/

foreach tableNum in 4_NE 7_RD A2_DID_all {
	use "results\automatic\table`tableNum'_united", clear
	outsheet using "results\automatic\table`tableNum'_united.csv", comma replace
}

log close




Teachers Tournament Export (Anonymized)/programs/levels.do
/***************************************************

Creator:	
			Roy

Date:		
			27 August 2007

file name:	
			levels
			
Description:

			This file runs a level-difference regression (treatment vs control)
			once for 2000 and then for 2001 (formatted like the diff-in-diffs, 
			without the lower panel with the conditional effect).
			
			It creates Table 5

Input Data:	
			math_base00.dta
			math_base01.dta
			eng_base00.dta
			eng_base01.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name levels
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

**************************** PROGRAMS ***********************

* This program does all the work.
* It needs the following arguments:
*	sample_cond (for later keep if <sample_cond>)
*	table_name (it will be saved under <table_name>_united)
*	fweightVar (optional) - the prefix of the weight variable in data\school_level_with_weights (hoodWeights probably)

capture prog drop LevelsTournament
program LevelsTournament
	version 9
	
	syntax , sampleCond(string) yearStr(string) table_name(string) [se(string) fweightVar(string)]
	
	foreach subject in math eng {
	
		// *** Load bases to memory
		use "data\\`subject'_base`yearStr'", clear

		// Samples definitions
		egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
		egen inRD = anymatch(school_code), values(1 3 8 9 11 12       27       30 33    37    42       53    56       70 71 73 74 75 76 78          86 87 88 91    94 96 97)
		gen inEL = 1
		
		// If weighting was asked, merge the weights file (schools level) into the raw file (students level)
		if ("`fweightVar'" != "") {
			di as input "Weights were asked for (fweight = `fweightVar') - merging weights for subject `subject'"
			sort school_code
			merge school_code using "data\school_level_with_weights.dta", keep (`fweightVar'_`yearStr'_`subject') uniqusing nokeep
			drop _merge
			rename `fweightVar'_`yearStr'_`subject' `fweightVar'
		}	

		if ("`yearStr'" == "00") {
			sort school_code
			merge school_code using "data\rate98_collapsed", keep (rate98) nokeep
			drop _merge
			
			rename   rate98   rate
			rename slrate99 slrate
		}
		else {
			sort school_code
			merge school_code using "data\rate99_collapsed", keep (rate99) nokeep
			drop _merge
			rename   rate99   rate
			rename slrate00 slrate
		}
	
		keep if `sampleCond'
	
		drop if rule2 == 1
		
		local subjectLetter = substr("`subject'", 1, 1)
	
		// Create quartiles
		forvalues q = 1/4 {
			gen q`q' = 0
		}
			
	     // If weighting was asked, determine quartiles with weights
		if ("`fweightVar'" != "") {
			sum att_lgsc [fweight=`fweightVar'], detail
		}
		else {
			sum att_lgsc , detail
		}
	    replace q1 = 1 if 				  att_lgsc < r(p25) & att_lgsc != .
	    replace q2 = 1 if q1 == 0	 	& att_lgsc < r(p50) & att_lgsc != .
	    replace q3 = 1 if q1+q2 == 0 	& att_lgsc < r(p75) & att_lgsc != .
	    replace q4 = 1 if q1+q2+q3 == 0 					& att_lgsc != .
		
		gen q = q1 + 2 * q2 + 3 * q3 + 4 * q4
	
		forvalues q = 1/4 {
			gen t`q' = (q`q' == 1 & treated == 1)
		}
		
		// Open two postfiles. One for the upper panel (unconditional estimates) and one for the lower panel (conditional estimates)
		postfile `table_name'_`subject' str32 rowKey `subject'_all gap_`subject' `subject'_q1 `subject'_q2 `subject'_q3 `subject'_q4 gap using "results\automatic\\`table_name'_`subject'", replace
		
		xi i.org_m_ahim i.org_educav i.org_educem
		// It used to be: xi i.year i.org_m_ahim i.org_educav i.org_educem i.awr_lgcr i.`subjectLetter'_awr_lgcr
		// But awr_lgcr and `subjectLetter'_awr_lgcr were moved to be scalars instead of categorial
		
		if ("`fweightVar'" != "") {
			local fweightStr = "[fweight=`fweightVar']"
		}
		else {
			local fweightStr = ""
		}

		/////// Run regressions
		foreach dependent in tested passed av_tscr {
			// All quartiles regression (with controls)
			di as input " "
			di "------------------------------------------------------------------------------"
			di "running regression for subject `subject' for all quartiles, year `yearStr' (WITH controls)"
			di "reg `dependent' treated slrate rate att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr', `se'"
			reg `dependent' treated slrate rate att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr', `se'

			local treat_all_`dependent'_b  = _b[treated]
			local treat_all_`dependent'_se = _se[treated]
	
			di as input "Mean `dependent' for the control group"
			
			sum `dependent' `fweightStr' if treated == 0
			local cmean_all_`dependent' = r(mean)
	
			sum treated
			local n_all = r(N)
			if ("`fweightVar'" != "") {
				sum treated [fweight=`fweightVar']
				local n_all_w = r(N)
			}
	
			// Separate regressions for each quartile
			di as input " "
			di "------------------------------------------------------------------------------"
			di "running regression for subject `subject' once for each quartile, year `yearStr'"
			
			forvalues q = 1/4 {
				di "reg `dependent' treated slrate rate att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* `fweightStr' if q==`q', `se'"
				reg `dependent' treated slrate rate att_lgsc att_lgcr awr_lgcr `subjectLetter'_awr_lgcr asiafr ole boy _I* if q==`q' `fweightStr', `se'

				local treat_t`q'_`dependent'_b  = _b[treated]
				local treat_t`q'_`dependent'_se = _se[treated]

				sum `dependent' `fweightStr' if treated == 0 & q == `q'
				local cmean_t`q'_`dependent' = r(mean)

				sum treated if q`q'
				local n_t`q' = r(N)
			}
	
			// Post results
			post `table_name'_`subject' ("`dependent' (`yearStr')")					(.)								(.)	(.)							(.)							(.)							(.)							(.)
			post `table_name'_`subject' ("`dependent' control mean (`yearStr')")	(`cmean_all_`dependent'')		(.)	(`cmean_t1_`dependent'')	(`cmean_t2_`dependent'')	(`cmean_t3_`dependent'')	(`cmean_t4_`dependent'')	(.)
			post `table_name'_`subject' ("`dependent' treat. effect (`yearStr')")	(`treat_all_`dependent'_b')		(.) (`treat_t1_`dependent'_b')	(`treat_t2_`dependent'_b')	(`treat_t3_`dependent'_b')	(`treat_t4_`dependent'_b')	(.)
			post `table_name'_`subject' ("`dependent' treat. ef. SE (`yearStr')")	(`treat_all_`dependent'_se')	(.) (`treat_t1_`dependent'_se') (`treat_t2_`dependent'_se')	(`treat_t3_`dependent'_se')	(`treat_t4_`dependent'_se')	(.)
	
		}
		post `table_name'_`subject'     ("")										(.)								(.)	(.)							(.)							(.)							(.)							(.)
		post `table_name'_`subject' 	("N") 										(`n_all') 						(.) (`n_t1') 					(`n_t2') 					(`n_t3') 					(`n_t4')					(.)
	
		postclose `table_name'_`subject' 
	}
	
	////// Join math and eng results
	// First, opening math results file
	use "results\automatic\\`table_name'_math", clear
	
	// Remembering row order (joining changes it)
	gen rowOrder = _n
	

	// Joining 2001 to the current file
	joinby rowKey using "results\automatic\\`table_name'_eng", unmatched(both)
	drop _merge
	
	// Reordering the way it was before joining
	sort rowOrder
	drop rowOrder
	
	// Saving the united file
	save "results\automatic\\`table_name'_united", replace
end
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace


local se "cluster(school_code)"


LevelsTournament , yearStr("00") sampleCond(inNE) table_name(table5_2000) se(`se') fweightVar(hoodWeight)
LevelsTournament , yearStr("01") sampleCond(inNE) table_name(table5_2001) se(`se') fweightVar(hoodWeight)


/*** UNITE 2000 and 2001 results ***/
use "results\automatic\table5_2001_united", clear
append using "results\automatic\table5_2000_united"

save "results\automatic\table5_united", replace
outsheet using "results\automatic\table5_united.csv", comma replace


/*
LevelsTournament , yearStr("00") sampleCond(`sampleCondRD') table_name(table5_RD_2000) se(`se')
LevelsTournament , yearStr("01") sampleCond(`sampleCondRD') table_name(table5_RD_2001) se(`se')

use "results\automatic\table5_RD_2001_united", clear
append using "results\automatic\table5_RD_2000_united"

save "results\automatic\table5_RD_united", replace.
outsheet "results\automatic\table5_RD_united.csv", comma replace

LevelsTournament , yearStr("00") sampleCond((treated != 999) & (educav != .) & (m_ahim != .) & (boy != .)) table_name(table5_EL_2000) se(`se')
LevelsTournament , yearStr("01") sampleCond((treated != 999) & (educav != .) & (m_ahim != .) & (boy != .)) table_name(table5_EL_2001) se(`se')

*/

log close




Teachers Tournament Export (Anonymized)/programs/matchControlNeighbour.ado
/***************************************************

Creator:	
			Roy

Date:		
			12 August 2007

file name:	
			matchControlNeighbour
			
Description:

			This file contain two programs that try to match treatment and control schools.
			The first program is the one that was finally used, while the second one is the oldest between
			the two. It wasn't used in the end.
			
			The programs are being called from matchSchools.do
			
******************************************************/


* This program (flagNeighbours) checks whether an observation has
* another observation with a similar value of a variable
*
* The data in memory should be at the neighbor level (for example, if one 
* wants to check neighbouring schools, each observation should be a school
* and not a student)
*
* The arguments are:
*	keyVar - The name of the variable that contains the observation's unique ID
*			(for example, semelmos)
*	locVar - The name of the variable that contains the value for which the neighbours
*			are determined (for example, average Bagrut score)
*	maxDis - A number that determines the maximum distance for which two observations
*			are neighbours (for example, 2)
*	ownVal - What should be the value in the dummy variable for the observation itself (if 
*			an observation is a neighbour of itself (default): write 1. If it should not 
*			count as a neighbour of itself, write 0
*
* In our example, the program will go over all schools (semelmos) and create a dummy variable
* for each of them. For each school that is a neighbour of the observation, put 1 in this dummy
* variable. For all the others, 0.
*
*		BEFORE								AFTER
* 	semelmos	grade			semelmos	grade	_Nbr_140042	_Nbr_140543	_Nbr_584024	_Nbr_880423
*	140042	76.4			140042	76.4	1		0		1		0
*	140543	52.5			140543	52.5	0		1		0		1
*	584024	75.2			584024	75.2	1		0		1		0
*	880423	53.5			880423	53.5	0		1		0		1

cap program drop flagNeighbours
program flagNeighbours
	version 9

	args keyVar locVar maxDis ownVal

	if `ownVal' == . {
		local ownVal = 1
	}

	quietly unique `keyVar'
	local keysNum = r(sum)
	if (`keysNum' + c(k) > c(matsize)) {
		di "ERROR: There are too many keys. Try to increase matsize, or drop variables, and run again"
		exit
	}

	if (`keysNum' < c(N)) {
		di "ERROR: The key variable - `keyVar' - is not unique. There are duplicate keys"
		exit
	}

	forvalues i = 1/`keysNum' {
		local key = `keyVar'[`i']

		* First, generate the dummy with zeroes
		gen _Nbr_`key' = 0

		forvalues j = 1/`keysNum' {
			if (`j' == `i') {
				quietly replace _Nbr_`key' = `ownVal' if _n == `i'
			}
			else {
				if ((`locVar'[`i'] >= `locVar'[`j'] - `maxDis') & ///
					(`locVar'[`i'] <= `locVar'[`j'] + `maxDis') & ///
					(`locVar'[`i'] != .) & ///
					(`locVar'[`j'] != .)) {
					quietly replace _Nbr_`key' = 1 if _n == `j'
				}
			}
		}
	}

end
/*
		matchControlNeighbour
		=====================
		
			This program goes through all treated schools in 
			eligible sample and finds the closest neighbour
			from the control group, which hasn't already been
			assigned to a different treated group.
			It will work in two stages:
			I -		For each control school create a dummy variable 
					which will include the distance from the current
					(observation) school - if it is a treated school
					or a missing value if it is a control school
			II -	Do while there are still unmatched treatment schools and maximum distance 
					still not binding.
			II.1 - 		Take the minimum distance of all treatment-control pairs
			II.2 - 		If this distance is less than the maximum distance for a
						pair to be called "neighbours"
			II.2.1 -		Define the control school as the match for the treated
			II.2.2 -		Remove the control school from the distance matrices
			II.2.3 -	Else, flag that maximum distance was arrived at

Arguments:
			ID			(semelmos) - should be numeric!
			treatment	(treated)
			disVar		(the variable which the distance is calculated from (average grade for example))
			maxDis	  	(maximum distance for which two obs can still be counted as neighbours)
			maxDisUnit	(unit of distance. It's either "absolute" or "sd" (default if omitted))
						 If it is SD, then the program will set the absolute maxDis to be the number 
						 of standard deviations of the variable disVar
						 i.e instead of looking for neighbours up to .3 average score away, we are looking
						 for .5 standard deviations away.
*/

cap program drop matchControlNeighbour
program matchControlNeighbour
	version 9

	args ID treatment disVar maxDis maxDisUnit

	quietly sum `ID' if `treatment' == 0
	local controlsNum   = r(N)
	local numVarsBefore = c(k)
	if (`controlsNum' + `numVarsBefore' > c(matsize)) {
		di "ERROR: There are too many keys. Try to increase matsize, or drop variables, and run again"
		exit
	}

	quietly unique `ID'
	local keysNum = r(sum)
	if (`keysNum' < c(N)) {
		di "ERROR: The key variable - `keyVar' - is not unique. There are duplicate keys"
		exit
	}
	
	/* Translating maxDis to absolute value */
	if (("`maxDisUnit'" == "") | ("`maxDisUnit'" == "sd")) {
		quietly su `disVar'
		local sd = r(sd)
		local maxDisAbs = `maxDis' * `sd'
	}
	else {
		local maxDisAbs = `maxDis'
	}
	di "Maximum distance for observations to be neighbours was set to: " round(`maxDisAbs', 0.001)
	
	/* Generate the variable which will contain the match's ID */
	quietly gen match_`ID' = .
	
	/* Now, generate dummy variables for each control school */
	forvalues i = 1/`keysNum' {
		if (`treatment'[`i'] == 0) {
			local key = `ID'[`i']

			/* Generate the dummy with zeroes */
			quietly gen double _Ctrl_`key' = abs(`disVar'[`i'] - `disVar')
		}
	}
	
	/* Now the grand loop */
	local maxDisBinding = 0

	quietly su `ID' if `treatment' == 1 & match_`ID' == .
	local treatSchoolsLeft = r(N)
	while (!`maxDisBinding' & `treatSchoolsLeft') {
		/* Call findMinimum in order to get the minimum value and its coordinates */
		findMinimum "_Ctrl_*" "match_`ID' == . & `treatment' == 1"
		local minDis = r(minVal)
		
		/* First, check that they can be called neighbours (maxDis still not binding) */
		if (`minDis' > `maxDisAbs') {
			/* Flag as binding max distance (will cause loop to stop) */
			local maxDisBinding = 1
		}
		else {
			local treatedObs    = r(minObs)
			local controlKeyVar = r(minVar)
			/* Extract "key" from _Ctrl_"key" */
			local controlKey = substr("`controlKeyVar'", strlen("_Ctrl_") + 1, strlen("`controlKeyVar'")-strlen("_Ctrl_"))
			
			/* Make the match: put the key as the treated school's match */
			quietly replace match_`ID' = `controlKey' if _n == `treatedObs'
			
			/* Also put the treated school as the control school's match */
			quietly replace match_`ID' = `ID'[`treatedObs'] if `ID' == `controlKey'
			
			/* Remove the _Ctrl_... field, so that it won't be used as a different treated school's neighbour */
			drop `controlKeyVar'
			
			/* Count treated schools that are still left */
			quietly su `ID' if `treatment' == 1 & match_`ID' == .
			local treatSchoolsLeft = r(N)
		}
	}
	
	/* Report results and drop dummies that are left */
	quietly su `ID' if `treatment' == 0 & match_`ID' != .
	local contMatched = r(N)
	quietly su `ID' if `treatment' == 0
	local controls = r(N)
	quietly su `ID' if `treatment' == 1 & match_`ID' != .
	local treatMatched = r(N)
	quietly su `ID' if `treatment' == 1
	local treated = r(N)
	
	di "`treatMatched' out of `treated' treatment schools were matched"
	di "`contMatched' out of `controls' control schools were matched"

	drop _Ctrl_*
end

* This program is actually a function that finds the "cell" (variable and obs # pair)
* with the minimum value of all cells in that variable list under the condition in cond
cap program drop findMinimum
program findMinimum, rclass
	version 9

	args variables cond
	
	/* Minimum of variables' values for each observation */
	quietly egen _varsMin   = rowmin(`variables')
	/* Minimum of all above minimums */
	quietly egen _minOfMins = min(_varsMin) if `cond'

	/* Find the number of (first) observation that has the minimum of minimums */
	quietly gen _minObs = _n if (_varsMin == _minOfMins & _minOfMins != .)
	quietly su _minObs
	local minObs = r(min)
	
	/* Save the minimum of minimums itself */
	local minVal = _minOfMins[`minObs']
	
	local minVar = ""
	
	/* Go through the variables and find the (first) one that matches minimum of minimums */
	foreach var of varlist `variables' {
		if ("`minVar'" == "" & `var'[`minObs'] == _varsMin[`minObs']) {
			local minVar = "`var'"
		}
	}
	
	quietly drop _varsMin _minOfMins _minObs
	
	return scalar minVal = `minVal'
	return local  minVar  "`minVar'"
	return scalar minObs = `minObs'
end





Teachers Tournament Export (Anonymized)/programs/matchSchools.do
/***************************************************

Creator:	
			Roy

Date:		
			14 August 2007

file name:	
			matchSchools
			
Description:

			This program uses matchControlSchool.ado in order to 
			match a control school for each school in treatment group.
			
			It first uses the programs in the ado file to find the neighbors,
			then draws some graphs and finally creates the table with the frequency weights
			for the RT (or NE) sample.
			

Uses datafiles:

			data\school_level_raw     (automatically created by school_level.do)
			
Outputs:
			A scatter plot and a new dataset
				
******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text
set scheme s2color
set copycolor automatic

**** CONFIGURE IF CHANGED!
global name matchSchools
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

* Load ado file
do "programs\matchControlNeighbour.ado"

cap log close
log using "logs\l_${name}s_`year'`month'`day'.log", replace

use "data\school_level_raw", clear

gen Nkids_math = Nkids00math + Nkids01math
gen Nkids_eng  = Nkids00eng  + Nkids01eng

* Flag schools that should have been treated according to the preliminary score
gen should_temp_rate = (!semrel & !semarab & float(tmp_bgrt) <= float(.45)) | /// 
					((semrel | semarab) & float(tmp_bgrt) <= float(.43))
label variable should_temp_rate "Should have been treated according to the temporary matriculation rate"

* Flag schools that should have been treated according to the true score
gen should_true_rate = (!semrel & !semarab & float(rate99) <= float(.45)) | /// 
					((semrel | semarab) & float(rate99) <= float(.43))
label variable should_true_rate "Should have been treated according to the true matriculation rate"

gen treated_anyway = should_true_rate & treated
label variable treated_anyway "Would have been treated anyway"
local lbl_treated_anyway : variable label treated_anyway
gen treated_should_untreated = !should_true_rate & treated
label variable treated_should_untreated "Treated, but should have not been treated"
local lbl_treated_should_untreated : variable label treated_should_untreated
gen untreated_should_treated = should_true_rate & !treated
label variable untreated_should_treated "Not treated, but should have been"
local lbl_untreated_should_treated : variable label untreated_should_treated
gen untreated_anyway = !should_true_rate & !treated
label variable untreated_anyway "Would have not been treated anyway"
local lbl_untreated_anyway : variable label untreated_anyway
gen treatment_mistake_1st_place = should_temp_rate != treated
label variable treatment_mistake_1st_place "Treatment allocation mistake under program guidelines"
local lbl_treatment_mistake_1st_place : variable label treatment_mistake_1st_place


twoway (scatter tmp_bgrt rate99 if treated_anyway, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(circle)) ///
	(scatter tmp_bgrt rate99 if treated_should_untreated, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(triangle)) ///
	(scatter tmp_bgrt rate99 if untreated_should_treated, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(square)) ///
	(scatter tmp_bgrt rate99 if untreated_anyway, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(diamond)) ///
	(scatter tmp_bgrt rate99 if treatment_mistake_1st_place, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(plus)), ///
	ytitle("Erroneous matriculation rate", size(small)) xtitle("True matriculation rate", size(small)) ///
	legend(order(1 "`lbl_treated_anyway'" 2 "`lbl_treated_should_untreated'" 3 "`lbl_untreated_should_treated'" 4 "`lbl_untreated_anyway'" 5 "`lbl_treatment_mistake_1st_place'") size(vsmall)) ///
	xlabel(0(.1)1 .43 .45, labsize(small)) xline(.43 .45) ylabel(0(.2)1 .43 .45, labsize(small)) yline(.43 .45) xsize(8) ysize(8)

graph export "results\automatic\treatment_allocation_full.wmf", as(wmf) replace

local zoom_bottom = .4
local zoom_top    = .8

twoway (scatter tmp_bgrt rate99 if treated_anyway, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(circle)) ///
	(scatter tmp_bgrt rate99 if treated_should_untreated, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(triangle)) ///
	(scatter tmp_bgrt rate99 if untreated_should_treated, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(square)) ///
	(scatter tmp_bgrt rate99 if untreated_anyway, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(diamond)) ///
	(scatter tmp_bgrt rate99 if treatment_mistake_1st_place, msize(small) mlabel(school_code) mlabsize(tiny) msymbol(plus)) ///
	if (rate99 > `zoom_bottom' & rate99 < `zoom_top'), ///
	ytitle("Erroneous matriculation rate", size(small)) xtitle("True matriculation rate", size(small)) ///
	legend(order(1 "`lbl_treated_anyway'" 2 "`lbl_treated_should_untreated'" 3 "`lbl_untreated_should_treated'" 4 "`lbl_untreated_anyway'" 5 "`lbl_treatment_mistake_1st_place'") size(vsmall)) ///
	xlabel(`zoom_bottom'(.1)`zoom_top' .43 .45, labsize(small)) xline(.43 .45) ylabel(0(.2)1 .43 .45, labsize(small)) yline(.43 .45) xsize(8) ysize(8)

graph export "results\automatic\treatment_allocation_zoom.wmf", as(wmf) replace

* Drop schools that were treated and should have been treated anyway
drop if should_temp_rate & should_true_rate & treated

* Drop school 240036 because it was a mistake to treat it in the first place (0.48 tmp_bgrt rate)
drop if school_code == 10

* This school is problematic too. Its rate99 was missing and only later recalculated somewhere else
drop if school_code == 72

/* This part looks for a one-to-one match... 
foreach maxDis in .25 .5 1 {
	
	matchControlNeighbour school_code treated rate99 `maxDis' sd
	
	* Go through the matches and create new empty match_<var> variables
	foreach var of varlist tmp_bgrt zak99 slrate99 rate99 semarab semrel {
		quietly gen m_`var' = .
	}
	
	* Now go through observations and fill in their matches' details.
	* Moreover, write the treated's matches into a postfile
	cap postclose matchesOutput
	postfile matchesOutput school_code rate99 tmp_bgrt semarab semrel match_school_code m_rate99 m_tmp_bgrt m_semarab m_semrel  distance using "results\automatic\matchesOutpuc_`maxDis'_sd.dta", replace

	gen distance = .

	local N = _N
	forvalues i = 1/`N' {
		if match_school_code[`i'] != . {
			foreach var of varlist tmp_bgrt zak99 slrate99 rate99 semarab semrel {
				quietly su `var' if school_code == match_school_code[`i']
				quietly replace m_`var' = r(min) if _n == `i'
			}
			quietly replace distance = abs(rate99 - m_rate9)
		}
		if treated[`i'] == 1 {
			post matchesOutput (school_code[`i']) (rate99[`i']) (tmp_bgrt[`i']) (semarab[`i']) (semrel[`i']) (match_school_code[`i']) (m_rate99[`i']) (m_tmp_bgrt[`i']) (m_semarab[`i']) (m_semrel[`i']) (distance[`i'])
		}
	}
	
	postclose matchesOutput

	foreach var of varlist tmp_bgrt zak99 slrate99 rate99 semarab semrel {
		quietly drop m_`var' = .
	}
	drop distance
/*
	* Graph it
	twoway (scatter tmp_bgrt rate99 if treated == 0 & match_school_code != ., mlabel(school_code) mlabsize(tiny)) (scatter tmp_bgrt rate99 if treated == 1 & match_school_code != ., mlabel(school_code) mlabsize(tiny)) (scatter tmp_bgrt rate99 if treated == 0 & match_school_code == ., mlabel(school_code) mlabsize(tiny)) (scatter tmp_bgrt rate99 if treated == 1 & match_school_code == ., mlabel(school_code) mlabsize(tiny)), legend(order(1 "matched control" 2 "matched treated" 3 "unmatched control" 4 "unmatched treated")) xline(.43 .45) yline(.43 .45)
	graph export "results\automatic\matches_and_un_`maxDis'_sd.wmf", as(wmf) replace

	twoway (scatter tmp_bgrt rate99 if treated == 0 & match_school_code != ., mlabel(school_code) mlabsize(tiny)) (scatter tmp_bgrt rate99 if treated == 1 & match_school_code != ., mlabel(school_code) mlabsize(tiny)) (pcarrow tmp_bgrt rate99 m_tmp_bgrt m_rate99 if treated == 1 & match_school_code != .), legend(order(1 "matched control" 2 "matched treated")) xline(.43 .45) yline(.43 .45) 
	graph export "results\automatic\matches_only_`maxDis'_sd.wmf", as(wmf) replace
*/ 
} */

* Creating dummy variables that note whether this school_code has a rate99 rate which is 
* not very far from other school_code's
flagNeighbours school_code rate99 0.01 0

* Setting variable prefix for postfile (treated will start with t_ and control with c_)
local prefix0 = "c"
local prefix1 = "t"

sort rate99

* This loop creates a file that looks like this:
* school_code_treated	control_neighbour	control_neighbour's_neighbour	t_detail1	t_detail2	...
* 104839			.					.								0.47		0.49		...
* .					185012				.								0.48		0.485		...
* .					.					104839							.			.			...
* .					.					204510							.			.			...
* .					382749				.								0.45		0.482		...
* 204510			.					.								0.47		0.49		...
* .					185012				.								0.48		0.485		...

local prefix = "`prefix`treated''"
/*	
/* Creating a neighbours file for the treated of the 40 schools */
postfile neighbours row `prefix'_school_code `prefix'_neighbs_prll `prefix'_neighbs_of_neighb `prefix'_rate99 `prefix'_slrate99 `prefix'_zak99 `prefix'_tmp_bgrt `prefix'_treated `prefix'_NkidsMath using "results\automatic\neighbors_math_`prefix'", replace

local row = 1
local N = _N

forvalues i = 1/`N' {
	if (treated[`i']) {
		local school_code = school_code[`i']
		post neighbours 			(`row') (`school_code')	(.) 			(.)				(rate99[`i']) (slrate99[`i']) (zak99[`i']) (tmp_bgrt[`i']) (treated[`i']) (Nkids_math[`i'])
		local row = `row' + 1
		forvalues j = 1/`N' {
			if (!treated[`j'] & _Nbr_`school_code'[`j']) {
				post neighbours 	(`row') (.) 			(school_code[`j']) (.)				(rate99[`j']) (slrate99[`j']) (zak99[`j']) (tmp_bgrt[`j']) (treated[`j']) (Nkids_math[`j'])
				local row = `row' + 1
				local neighboursschool_code = school_code[`j']
				forvalues k = 1/`N' {
					if (treated[`k'] == `treated' & _Nbr_`neighboursschool_code'[`k'] == 1) {
						post neighbours (`row') (.) 			(.)				(school_code[`k']) (.) (.) (.) (.) (.) (.) (.) (.)
						local row = `row' + 1
					}
				}
			}
		}
	}
}

postclose neighbours
*/
* This loop should create a dataset which will make use the graph to show the matching of neighbours
* It will look like this:
* treatment_school_code (might be duplicated)	rate99	tmp_bgrt	control_neighbour	c_rate99	c_tmp_bgrt
* 105542									.452	.43			204512				.451		.50
* 105542									.452	.43			300120				.447		.49
* 104232									.466	.42			204512				.451		.50
*
* It goes to the treated and looks for their control neighbours. If there is more than one, then the
* treated school is duplicated
* Then, later, add it to the original file

gen hasNeighbourFromOtherGroup = 0

postfile links g_t_school_code g_t_rate99 g_t_tmp_bgrt g_c_school_code g_c_rate99 g_c_tmp_bgrt using "results\automatic\treatment_control_links", replace

local N = _N
// Go through all observations
forvalues i = 1/`N' {
	// If they are treated schools
	if (treated[`i'] == 1) {
		local school_code = school_code[`i']
		// Go through all schools again
		forvalues j = 1/`N' {
			// If a neighbouring control school was found 
			if (treated[`j'] == 0 & _Nbr_`school_code'[`j'] == 1) {
				// Post the treat-control link in the links file
				post links (`school_code') (rate99[`i']) (tmp_bgrt[`i']) (school_code[`j']) (rate99[`j']) (tmp_bgrt[`j'])
				
				// Flag both observations (i and j) that they have a neighbour (for the graphs)
				replace hasNeighbourFromOtherGroup = 1 if (_n == `i' | _n == `j')
			}
		}
	}
}
postclose links

* Save, before messing with the links data for the graph
save "results\automatic\temp_school_level", replace

* Add all other eligible schools
sort school_code
merge school_code using "data\school_level_raw"
drop _merge
drop if treated == 999

// This school will not be dropped from the dots in the graph. Victor will explain in the text why it didn't enter
// the matching game.
// * Again, drop school 10 because it was a mistake to treat it in the first place (0.48 tmp_bgrt rate)
// drop if school_code == 10
* Again, this school is problematic too. Its rate99 was missing and only later recalculated somewhere else
drop if school_code == 72

local elig_count = _N

append using "results\automatic\treatment_control_links"

twoway (scatter tmp_bgrt rate99 if !treated & hasNeighbourFromOtherGroup == 1, msize(small) msymbol(circle_hollow) mcolor(pink)) ///
	(scatter tmp_bgrt rate99 if treated & hasNeighbourFromOtherGroup == 1, msize(small) msymbol(x) mcolor(blue)) ///
	(scatter tmp_bgrt rate99 if !treated & hasNeighbourFromOtherGroup != 1, msize(vsmall) msymbol(circle) mcolor(pink)) /// 
	(scatter tmp_bgrt rate99 if treated & hasNeighbourFromOtherGroup != 1, msize(vsmall) msymbol(circle) mcolor(blue)), ///
		title("Figure 3: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control", size(small)) ///
		subtitle("Sample = `elig_count' Schools", size(vsmall)) ///
		graphregion(fcolor(white) lcolor(white) ifcolor(white) ilcolor(white)) plotregion(fcolor(white) lcolor(black) ifcolor(white) ilcolor(white)) ///
		ytitle("Erroneous matriculation rate", size(small)) xtitle("True matriculation rate", size(small)) ///
		legend(order(1 "Matched control schools" 2 "Matched treatment schools" 3 "Unmatched control schools" 4 "Unmatched treatment schools") size(vsmall)) ///
		xlabel(0.05(.1).95 .43 .45, labsize(vsmall)) xline(.43 .45) ylabel(0.05(.2).95 .43 .45, labsize(vsmall)) yline(.43 .45) ///
		xsize(13) ysize(9)

graph export "results\automatic\treatment_control_links_full.wmf", as(wmf) replace

// This graph wasn't used. It's brother-graph below was used instead (less lines)
twoway (scatter tmp_bgrt rate99 if !treated & hasNeighbourFromOtherGroup == 1, msize(small) msymbol(circle_hollow) mcolor(pink)) ///
	(scatter tmp_bgrt rate99 if treated & hasNeighbourFromOtherGroup == 1, msize(small) msymbol(x) mcolor(blue)) ///
	(scatter tmp_bgrt rate99 if !treated & hasNeighbourFromOtherGroup != 1, msize(vsmall) msymbol(circle) mcolor(pink)) /// 
	(scatter tmp_bgrt rate99 if treated & hasNeighbourFromOtherGroup != 1, msize(vsmall) msymbol(circle) mcolor(blue)) /// 
	(pcspike g_t_tmp_bgrt g_t_rate99 g_c_tmp_bgrt g_c_rate99, lpattern(solid) lwidth(vthin) color(black)) ///
	if (rate99 > .45 & rate99 < .8) | g_t_school_code != ., ///
		title("Figure A3 (internal version wasn't used in the paper): Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control", size(small)) ///
		subtitle("Elaboration of the Matching Process", size(vsmall)) ///
		graphregion(fcolor(white) lcolor(white) ifcolor(white) ilcolor(white)) plotregion(fcolor(white) lcolor(black) ifcolor(white) ilcolor(white)) ///
		ytitle("Erroneous matriculation rate", size(small)) xtitle("True matriculation rate", size(small)) ///
		legend(order(1 "Matched control schools" 2 "Matched treatment schools" 3 "Unmatched control schools" 4 "Unmatched treatment schools") size(vsmall)) ///
		xlabel(0.45(.05).8 .43 .45, labsize(vsmall) grid) xline(.43 .45) ylabel(, labsize(vsmall)) yline(.43 .45) ///
		xmtick(0.43(.01).8, grid) ///
		xsize(13) ysize(9)

graph export "results\automatic\treatment_control_links_zoom.wmf", as(wmf) replace

local links_start = `elig_count' + 1
local newN = _N
// Go through the control-treatment links and save locals with closest neighbour from other group (and the distance from it)
forvalues i = `links_start'/`newN' {
	local tschool_code = g_t_school_code[`i']
	local cschool_code = g_c_school_code[`i']
	local closest_to_`tschool_code' = 0
	local closest_to_`tschool_code'_dis = 999
	local closest_to_`cschool_code' = 0
	local closest_to_`cschool_code'_dis = 999
	
	forvalues j = `links_start'/`newN' {
		if g_t_school_code[`j'] == `tschool_code' & (abs(g_c_rate99[`j'] - g_t_rate99[`j']) < `closest_to_`tschool_code'_dis') {
			local closest_to_`tschool_code' = g_c_school_code[`j']
			local closest_to_`tschool_code'_dis = abs(g_c_rate99[`j'] - g_t_rate99[`j'])
		}
		if g_c_school_code[`j'] == `cschool_code' & (abs(g_c_rate99[`j'] - g_t_rate99[`j']) < `closest_to_`cschool_code'_dis') {
			local closest_to_`cschool_code' = g_t_school_code[`j']
			local closest_to_`cschool_code'_dis = abs(g_c_rate99[`j'] - g_t_rate99[`j'])
		}
	}
}		

gen dropme = 0
// Go through the links again and drop links which are neither closest for treatment nor control
forvalues i = `links_start'/`newN' {
	local tschool_code = g_t_school_code[`i']
	local cschool_code = g_c_school_code[`i']
	
	if (`cschool_code' != `closest_to_`tschool_code'') & (`tschool_code' != `closest_to_`cschool_code'') {
		quietly replace dropme = 1 if _n == `i'
	}
}

drop if dropme == 1
drop dropme

twoway (scatter tmp_bgrt rate99 if !treated & hasNeighbourFromOtherGroup == 1, msize(small) msymbol(circle_hollow) mcolor(pink)) ///
	(scatter tmp_bgrt rate99 if treated & hasNeighbourFromOtherGroup == 1, msize(small) msymbol(x) mcolor(blue)) ///
	(scatter tmp_bgrt rate99 if !treated & hasNeighbourFromOtherGroup != 1, msize(vsmall) msymbol(circle) mcolor(pink)) /// 
	(scatter tmp_bgrt rate99 if treated & hasNeighbourFromOtherGroup != 1, msize(vsmall) msymbol(circle) mcolor(blue)) /// 
	(pcspike g_t_tmp_bgrt g_t_rate99 g_c_tmp_bgrt g_c_rate99, lpattern(solid) lwidth(vthin) color(black)) ///
	if (rate99 > .45 & rate99 < .8) | g_t_school_code != ., ///
		title("Figure A3: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control", size(small)) ///
		subtitle("Elaboration of the Matching Process", size(vsmall)) ///
		graphregion(fcolor(white) lcolor(white) ifcolor(white) ilcolor(white)) plotregion(fcolor(white) lcolor(black) ifcolor(white) ilcolor(white)) ///
		ytitle("Erroneous matriculation rate", size(small)) xtitle("True matriculation rate", size(small)) ///
		legend(order(1 "Matched control schools" 2 "Matched treatment schools" 3 "Unmatched control schools" 4 "Unmatched treatment schools") size(vsmall)) ///
		xlabel(0.45(.05).8 .43 .45, labsize(vsmall) grid) xline(.43 .45) ylabel(, labsize(vsmall)) yline(.43 .45) ///
		xmtick(0.43(.01).8, grid) ///
		xsize(13) ysize(9)

graph export "results\automatic\treatment_only_closest_zoom.wmf", as(wmf) replace

* After graphs are done, go back to previous dataset.
use "results\automatic\temp_school_level", clear
local N = _N

* Now creating neighbourhoods file. For each group of neighbours, writing treated and control neighbours
* The file will look like this:
* neighborhood	inNeighbID	t_school_code	t_details	c_school_code	c_details
* 1				1			142345		...			204245		...
* 1				2			420123		...			212020		...
* 1				3			.			.			215043		...
* 2				1			
gen neighbourhood = .
local curNeighbourhood = 1
forvalues i = 1/`N' {
	local school_code = school_code[`i']

	/* For all his (1 - treated) neighbours, collect neighbourhoods */
	local nbrsschool_code      ""
	local nbrsNeighbourhood ""
	forvalues j = 1/`N' {
		if (treated[`j'] == 1 - treated[`i'] & _Nbr_`school_code'[`j']) {
			local jschool_code     = school_code[`j']
			local jNeighbourhood = neighbourhood[`j']
			local nbrsschool_code      "`nbrsschool_code' `jschool_code'"
			
			if (`jNeighbourhood' != .) {
				local exists = 0
				foreach nbr in `nbrsNeighbourhood' {
					if `nbr' == `jNeighbourhood' {
						local exists = 1
						continue, break
					}
				}
				if !`exists' {
					local nbrsNeighbourhood "`nbrsNeighbourhood' `jNeighbourhood'"
				}
			}
		}
	}
	di " "
	di "----------------------------------------------"
	di "For school_code `school_code' (" treated[`i'] "):"
	di " - these are his neighbours: `nbrsschool_code'"
	di " - these are their neighbourhoods: `nbrsNeighbourhood'"
	di "----------------------------------------------"
	di " "
	
	local numNbrhds : word count trim("`nbrsNeighbourhood'")
	local numNbrhds = `numNbrhds' - 1
	local numNbrs : word count trim("`nbrsschool_code'")
	local numNbrs = `numNbrs' - 1

	/* If there are neighbours at all */
	if (`numNbrs' > 0) {
		/* If there are no neighbourhoods, create one and populate to neighbours */
		if `numNbrhds' == 0 {
			di "no neighbourhoods"
			foreach nbschool_code in `nbrsschool_code' `school_code' {
				quietly replace neighbourhood = `curNeighbourhood' if school_code == `nbschool_code'
			}
			local curNeighbourhood = `curNeighbourhood' + 1
		}
		/* If there is one neighbourhood, take it and populate to neighbours */
		else if `numNbrhds' == 1 {
			local setNeighbourhood = real(trim("`nbrsNeighbourhood'"))
			foreach nbschool_code in `nbrsschool_code' `school_code' {
				quietly replace neighbourhood = `setNeighbourhood' if school_code == `nbschool_code'
			}
		}
		/* If there are more than one neighbourhoods, take one of them, replace the rest of neighbourhoods in this one
			(for all obs) and then populate it to all direct neighbours too (maybe one of them was empty) */
		else {
			local setNeighbourhood : word 1 of "`nbrsNeighbourhood'"
			local setNeighbourhood = real("`setNeighbourhood'")
			forvalues otherNbs = 2/`numNbrhds' {
				local oldNeighourhood : word `otherNbs' of "`nbrsNeighbourhood'"
				quietly replace neighbourhood = `setNeighbourhood' if neighbourhood == `oldNeighbourhood'
			}
			foreach nbschool_code in `nbrsschool_code' `school_code' {
				quietly replace neighbourhood = `setNeighbourhood' if school_code == `nbschool_code'
			}
		}	
	}
}		
drop _Nbr*

* Calculate weight for each control school student according to the number of treated students in his/her neighbourhood
* One for english and one for math
* The weights are frequency weights. They will later tell Stata how many times to duplicate each student's observation
* Since frequency weight has to be an integer, I round it.
* For example, if there are twice as many control students than treated in a neighbourhood, then the weight for the control
* will be 1, and for the treated 2

quietly su neighbourhood
local hoodsNum = r(max)

foreach subject in math eng {
	quietly gen hoodWeight_00_`subject' = .
	label var hoodWeight_00_`subject' "Frequency weight to compare kids number in treatment and control schools with close rate99 (2000 data)"
	quietly gen hoodWeight_01_`subject' = .
	label var hoodWeight_01_`subject' "Frequency weight to compare kids number in treatment and control schools with close rate99 (2001 data)"
	quietly gen hoodWeight_both_`subject' = .
	label var hoodWeight_both_`subject' "Frequency weight to compare kids number in treatment and control schools with close rate99 (all data)"
	quietly gen hoodSchoolWeight_00_`subject' = .
	label var hoodSchoolWeight_00_`subject' "Frequency weight to compare schools number in treatment and control groups with close rate99 (2000 data)"
	quietly gen hoodSchoolWeight_01_`subject' = .
	label var hoodSchoolWeight_01_`subject' "Frequency weight to compare schools number in treatment and control groups with close rate99 (2001 data)"
	quietly gen hoodSchoolWeight_both_`subject' = .
	label var hoodSchoolWeight_both_`subject' "Frequency weight to compare schools number in treatment and control groups with close rate99 (all data)"
	
	* Treated kids get 1 as a weight
	
	forvalues hood = 1/`hoodsNum' {
		quietly su Nkids00`subject' if neighbourhood == `hood' & treated
		local treatedKids00 = r(sum)
		local treatedSchools00 = r(N)
		quietly su Nkids01`subject' if neighbourhood == `hood' & treated
		local treatedKids01 = r(sum)
		local treatedSchools01 = r(N)
		quietly su Nkids_`subject' if neighbourhood == `hood' & treated
		local treatedKidsBoth = r(sum)
		local treatedSchoolsBoth = r(N)
		
		quietly su Nkids00`subject' if neighbourhood == `hood' & !treated
		local controlKids00 = r(sum)
		local controlSchools00 = r(N)
		quietly su Nkids01`subject' if neighbourhood == `hood' & !treated
		local controlKids01 = r(sum)
		local controlSchools01 = r(N)
		quietly su Nkids_`subject' if neighbourhood == `hood' & !treated
		local controlKidsBoth = r(sum)
		local controlSchoolsBoth = r(N)

		if (`controlKids00' > `treatedKids00') {
			quietly replace hoodWeight_00_`subject' = 1 										  if !treated & neighbourhood == `hood'
			quietly replace hoodWeight_00_`subject' = round(`controlKids00' / `treatedKids00', 1) if treated  & neighbourhood == `hood'
		}
		else {
			quietly replace hoodWeight_00_`subject' = round(`treatedKids00' / `controlKids00', 1) if !treated & neighbourhood == `hood'
			quietly replace hoodWeight_00_`subject' = 1 										  if treated  & neighbourhood == `hood'
		}

		if (`controlKids01' > `treatedKids01') {
			quietly replace hoodWeight_01_`subject' = 1 										  if !treated & neighbourhood == `hood'
			quietly replace hoodWeight_01_`subject' = round(`controlKids01' / `treatedKids01', 1) if treated  & neighbourhood == `hood'
		}
		else {
			quietly replace hoodWeight_01_`subject' = round(`treatedKids01' / `controlKids01', 1) if !treated & neighbourhood == `hood'
			quietly replace hoodWeight_01_`subject' = 1 										  if treated  & neighbourhood == `hood'
		}
		
		if (`controlKidsBoth' > `treatedKidsBoth') {
			quietly replace hoodWeight_both_`subject' = 1 												if !treated & neighbourhood == `hood'
			quietly replace hoodWeight_both_`subject' = round(`controlKidsBoth' / `treatedKidsBoth', 1) if treated  & neighbourhood == `hood'
		}
		else {
			quietly replace hoodWeight_both_`subject' = round(`treatedKidsBoth' / `controlKidsBoth', 1) if !treated & neighbourhood == `hood'
			quietly replace hoodWeight_both_`subject' = 1 												if treated  & neighbourhood == `hood'
		}
		
		// Same thing for schools:
		if (`controlSchools00' > `treatedSchools00') {
			quietly replace hoodSchoolWeight_00_`subject' = 1 										  			if !treated & neighbourhood == `hood'
			quietly replace hoodSchoolWeight_00_`subject' = round(`controlSchools00' / `treatedSchools00', 1)	if treated  & neighbourhood == `hood'
		}
		else {
			quietly replace hoodSchoolWeight_00_`subject' = round(`treatedSchools00' / `controlSchools00', 1) 	if !treated & neighbourhood == `hood'
			quietly replace hoodSchoolWeight_00_`subject' = 1 										  			if treated  & neighbourhood == `hood'
		}

		if (`controlSchools01' > `treatedSchools01') {
			quietly replace hoodSchoolWeight_01_`subject' = 1 													if !treated & neighbourhood == `hood'
			quietly replace hoodSchoolWeight_01_`subject' = round(`controlSchools01' / `treatedSchools01', 1)	if treated  & neighbourhood == `hood'
		}
		else {
			quietly replace hoodSchoolWeight_01_`subject' = round(`treatedSchools01' / `controlSchools01', 1)	if !treated & neighbourhood == `hood'
			quietly replace hoodSchoolWeight_01_`subject' = 1 										  			if treated  & neighbourhood == `hood'
		}
		
		if (`controlSchoolsBoth' > `treatedSchoolsBoth') {
			quietly replace hoodSchoolWeight_both_`subject' = 1 													if !treated & neighbourhood == `hood'
			quietly replace hoodSchoolWeight_both_`subject' = round(`controlSchoolsBoth' / `treatedSchoolsBoth', 1) if treated  & neighbourhood == `hood'
		}
		else {
			quietly replace hoodSchoolWeight_both_`subject' = round(`treatedSchoolsBoth' / `controlSchoolsBoth', 1) if !treated & neighbourhood == `hood'
			quietly replace hoodSchoolWeight_both_`subject' = 1 													if treated  & neighbourhood == `hood'
		}
		
	}
}

sort school_code
save "data\school_level_with_weights", replace

*** Now publish neighbourhoods ***
matrix inHoodsKeys = J(2, `hoodsNum', 1)

* Building two postfiles, one for treatment and one for control. We will merge them afterwards so 
* that comparing will be easy
postfile neighbourhoods_t_1 hoodKey inHoodKey t_school_code t_Nkids01Math t_rate99 t_slrate99 t_zak99 t_tmp_bgrt t_semarab t_semrel t_weight01Math gap using "results\automatic\neighbourhoods_treated", replace
postfile neighbourhoods_t_0 hoodKey inHoodKey c_school_code c_Nkids01Math c_rate99 c_slrate99 c_zak99 c_tmp_bgrt c_semarab c_semrel c_weight01Math gap using "results\automatic\neighbourhoods_control", replace

local school_code_list ""
forvalues i = 1/`N' { 
	if neighbourhood[`i'] != . {
		local hood = neighbourhood[`i']
		local treated = treated[`i']
		* Get the inside-neighbourhood key of treatment or control school (different index for each)
		local inHoodKey = inHoodsKeys[`treated' + 1, `hood']
		
		* Increment the index
		matrix inHoodsKeys[`treated' + 1, `hood'] = inHoodsKeys[`treated' + 1, `hood'] + 1
		
		post neighbourhoods_t_`treated' (`hood') (`inHoodKey') (school_code[`i']) (Nkids01math[`i']) (rate99[`i']) (slrate99[`i']) (zak99[`i']) (tmp_bgrt[`i']) (semarab[`i']) (semrel[`i']) (hoodWeight_01_math[`i']) (.)
		local school_code = school_code[`i']
		local school_code_list "`school_code_list' `school_code'"
	}
}

postclose neighbourhoods_t_1
postclose neighbourhoods_t_0

use "results\automatic\neighbourhoods_treated", replace
joinby hoodKey inHoodKey using "results\automatic\neighbourhoods_control", unmatched(both)
drop _merge
save "results\automatic\neighbourhoods_bottom_line", replace

di "List of school_code for natural experiment sample is: "
di "`school_code_list'"

log close




Teachers Tournament Export (Anonymized)/programs/school_level.do
/***************************************************

Creator:	
			Roy

Date:		
			1 August 2007

file name:	
			school_level
			
Description:

			This program summarizes school-level variables to a
			dta file in which each observation is a school (instead of a pupil)

Input Data:	
			math_base00.dta
			math_base01.dta
			eng_base00.dta
			eng_base01.dta
			
Output Data:
			data\school_level_raw.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name school_level
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

**************************** PROGRAMS ***************************


************************ END OF PROGRAMS ************************
cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace

// *** Settting schools in sample for each table ****
use "data\math_base00", clear
gen year00 = 1

// append 2001
append using "data\math_base01"
replace year00 = 0 if year00 == .
gen math = 1

// append english 2000, 2001
append using "data\eng_base00"
replace year00 = 1 if (year00 == .)

append using "data\eng_base01"
replace year00 = 0 if (year00 == .)
replace math = 0 if (math == .)

gen math00 = math * year00
gen math01 = math * (1 - year00)
gen eng00  = (1 - math) * year00
gen eng01  = (1 - math) * (1 - year00)

drop if rule2 == 1

gen semarab = schtype == "NON JEWISH"
gen semrel  = schtype == "JEWISH REL."

// Collapse data by school
collapse treated semarab semrel tmp_bgrt slrate99 slrate00 zak99 zak00 (sum) Nkids00math=math00 (sum) Nkids01math=math01 (sum) Nkids00eng=eng00 (sum) Nkids01eng=eng01 , by(school_code)

* Adding the variable rate99 which is the true bagrut rate in the XLS figures
* that Alex made years ago.
joinby school_code using "data\rate99_collapsed", unmatched(master)
drop _merge

// Tagging schools that are in the Regression Discontinuity (RD) sample (selected "manually")
egen inSampleRD = anymatch(school_code), values(1 3 8 9 11 12 27 30 33 37 42 53 56 70 71 73 74 75 76 78 86 87 88 91 94 96 97)

sort school_code

* Saving collapsed data
save "data\school_level_raw", replace

log close




Teachers Tournament Export (Anonymized)/programs/school_means.do
/***************************************************

Creator:	
			Roy

Date:		
			27 August 2007

file name:	
			school_means
			
Description:

			This program first creates table 2, which 
			checks whether the measurement error of bagrut
			is correlated with different variables
			It has two modes. One is the recreation of the original SAS table.
			In this version, each variable is regressed against treated
			The other version has treated regressed on all variables together.
			If one version is run, the other should be commented

Input Data:	
			math_base00.dta
			math_base01.dta
			
Output Data:
			results\automatic\table2.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name school_means
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

**************************** PROGRAMS ***************************


************************ END OF PROGRAMS ************************
cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace

// I'm building the list of variables to the postfile command. For each variable I need one column
// with the coefficient and another one for the standard error, so I'm adding to the local `postLine'
// two names for each variable: `var'_b and `var'_se
local vars "semrel semarab educav educem m_ahim boy ole m_awr_lgcr e_awr_lgcr h_awr_lgcr awr_lgcr att_lgsc"
local postLine ""
foreach var in `vars' {
	local postLine "`postLine' `var'_b `var'_se"
}

/* Next line should be in comment if in old table (JUNE05 table) recreation mode */
/* postfile table2_trans str22 sampleKey `postLine' r2 F Pval N using "results\automatic\table2_trans", replace */

foreach yearStr in /*"00"*/ "01" {
	// First, loading both years' bases in order to check whether schools are in both years
	use "data\math_base00", clear
	gen year00 = 1
	append using "data\math_base01"
	replace year00 = 0 if year00 == .
	
	gen year01 = 1 - year00

	gen semarab = schtype == "NON JEWISH"
	gen semrel  = schtype == "JEWISH REL."
	
	// This is the error in the measurement of the rate in 1999
	gen error = tmp_bgrt - zak99
	
	// Drop if not in both schools
	drop if educav==. | educem==. | m_ahim==. | boy==. | error == .
	
	egen inYear00 = max(year00), by(school_code)
	egen inYear01 = max(year01), by(school_code)

	drop if ! (inYear00 & inYear01)
	// drop if rule2 == 1
	
	// Collapse dataset to a school-level dataset (each observation is a school)
	collapse error tmp_bgrt zak99 treated `vars' if year`yearStr', by(school_code)
	
	egen inNE = anymatch(school_code), values(3 8 9 11 13 24 27 28 29 30 33 34 41 42 43 46 53 55 56 57 69 70 71 73 74 75 78 79 80 82 86 87 93 94 96 97)
	gen inEL = 1

	joinby school_code using "data\rate99_collapsed", unmatched(master)
	drop _merge
	
	foreach eligibility in EL NE {
		/* SAS Version (JUNE05 revision): regress error against each variable (simple SEs) */
		postfile table2 str20 key estimate_`yearStr'_`eligibility' using "results\automatic\table2_`yearStr'_`eligibility'", replace

		foreach var in `vars' {
			reg error `var' if in`eligibility'
			post table2 ("`var'_mean") (_b[`var'])
			post table2 ("`var'_se")   (_se[`var'])
		}

		post table2 ("N") (e(N))
		
		postclose table2
		
		/* New version: regress error on all variables together
		reg error `vars' if in`eligibility'
		local postrow ""
		foreach var in `vars' {
			local postrow "`postrow' (_b[`var']) (_se[`var'])"
		}
		test `vars'
		post table2_trans ("s_`yearStr'_`eligibility'") `postrow' (e(r2)) (r(F)) (r(p)) (e(N))
		*/
	}
}

/* Comment if in recreation mode */
/*  postclose table2_trans  */

/* SAS recreation version only */
*** Merge the tables
local first = 1
foreach yearStr in /*"00"*/ "01" {
	foreach eligibility in EL NE {
		if `first' {
			// For the first iteration, load the first dta file
			use "results\automatic\table2_`yearStr'_`eligibility'", clear
			
			// Remember row order (joining changes it)
			gen rowOrder = _n
			
			local first = 0
		}
		else {
			// For the other files, join them one by one
			joinby key using "results\automatic\table2_`yearStr'_`eligibility'", unmatched(both)
			drop _merge
		}
	}
}

* Reordering the way it was before joining
sort rowOrder
drop rowOrder


* Saving the united file
save "results\automatic\table2_united", replace

log close




Teachers Tournament Export (Anonymized)/programs/teachers_ethics.do
/***************************************************

Creator:	
			Roy (based on old SAS program written by Alex or Yannay)

Date:		
			26 September 2007

file name:	
			teachers_ethics
			
Description:

			This file creates Table 9. It checks the differences between internal and external
			grades.

Input Data:	
			math_base00.dta
			math_base01.dta
			eng_base00.dta
			eng_base01.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name teachers_ethics
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

******************************* PROGRAMS ***************************
**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\\${name}_`year'`month'`day'.log", replace

foreach subject in math eng {
	foreach yearStr in "00" "01" {
		di as input "========================"
		di "Working on subject `subject' from 20`yearStr'"
		di " "
		
		// Load project's base file
		use "data\\`subject'_base`yearStr'", clear
		drop if rule2 == 1 | educav == . | m_ahim == . | boy == .
		keep student_code school_code treated
		
		// Merge internal-external tests data
		sort student_code
		merge student_code using "data\\`subject'_stack_`yearStr'", nokeep
		
		drop _merge
		
		drop if internal == .
		
		gen in_treat = internal * treated
		tab treated internal, m
	
		// Defining samples
		egen inNE = anymatch(school_code), values(3 8 9 11 13 24 27 28 29 30 33 34 41 42 43 46 53 55 56 57 69 70 71 73 74 75 78 79 80 82 86 87 93 94 96 97)
		egen inRD = anymatch(school_code), values(1 3 8 9 11 12 27 30 33 37 42 53 56 70 71 73 74 75 76 78 86 87 88 91 94 96 97)
		gen inEL = 1

		postfile ethics str15 rowKey treat_`subject'_`yearStr' gap1_`subject'_`yearStr' cont_`subject'_`yearStr' gap2_`subject'_`yearStr' diff_`subject'_`yearStr' gap3_`subject'_`yearStr' using "results\automatic\table8_ethics_`subject'_`yearStr'", replace

		foreach smpl in NE RD EL {
			// Merge weights if the sample is the RT sample
			if ("`smpl'" == "NE") {
				di "For the NE (RT) sample, weights are needed"

				sort school_code
				merge school_code using "data\school_level_with_weights.dta", keep (hoodWeight_`yearStr'_`subject') uniqusing
				drop _merge
			
				rename hoodWeight_`yearStr'_`subject' hoodWeight
			
				local weightStr "[fweight=hoodWeight]"
			}
			else {
				local weightStr ""
			}
			
			// Treatment internal-external difference
			di as input " "
			di "Checking internal-external difference in treated schools"
			di "reg st_score internal `weightStr' if treated == 1 & in`smpl', cluster(school_code)"
			di " "
			reg st_score internal `weightStr' if treated == 1 & in`smpl', cluster(school_code)
			
			local treat_diff_b  = _b[internal]
			local treat_diff_se = _se[internal]
			
			// Control internal-external difference
			di as input " "
			di "Checking internal-external difference in treated schools"
			di "reg st_score internal `weightStr' if treated == 0 & in`smpl', cluster(school_code)"
			di " "
			reg st_score internal `weightStr' if treated == 0 & in`smpl', cluster(school_code)
			
			local cont_diff_b  	= _b[internal]
			local cont_diff_se 	= _se[internal]
						
			// Difference of two differences above
			di as input " "
			di "Checking internal-external difference in treated schools"
			di "reg st_score internal treated in_treat `weightStr' if in`smpl', cluster(school_code)"
			di " "
			reg st_score internal treated in_treat `weightStr' if in`smpl', cluster(school_code)
			
			local diff_diff_b  	= _b[in_treat]
			local diff_diff_se 	= _se[in_treat]
			
			// Counting obs (not using e(N) from regressions because of weighting in NE sample)
			su treated if in`smpl'
			local treat_N		= r(sum)
			local diff_N		= r(N)
			local cont_N		= `diff_N' - `treat_N'
			
			post ethics ("`smpl'_coeffs")	(`treat_diff_b')	(.)	(`cont_diff_b')		(.)	(`diff_diff_b')		(.)
			post ethics ("`smpl'_ses")		(`treat_diff_se')	(.)	(`cont_diff_se')	(.)	(`diff_diff_se')	(.)
			post ethics ("`smpl'_in_gap")	(.)					(.)	(.)					(.)	(.)					(.)
			post ethics ("`smpl'_N")		(`treat_N')			(.)	(`cont_N')			(.)	(`diff_N')			(.)
			
			post ethics ("`smpl'_out_gap1")	(.)					(.)	(.)					(.)	(.)					(.)
			post ethics ("`smpl'_out_gap2")	(.)					(.)	(.)					(.)	(.)					(.)
		}
		
		postclose ethics
	}
}

*** Join the tables
local first = 1
foreach subject in math eng {
	foreach yearStr in "00" "01" {
		if `first' {
			// For the first iteration, load the first dta file
			use "results\automatic\table8_ethics_`subject'_`yearStr'", clear
			
			// Remember row order (joining changes it)
			gen rowOrder = _n
			
			local first = 0
		}
		else {
			// For the other files, join them one by one
			joinby rowKey using "results\automatic\table8_ethics_`subject'_`yearStr'", unmatched(both)
			drop _merge
		}
	}
}

* Reordering the way it was before joining
sort rowOrder
drop rowOrder


* Saving the united file
save "results\automatic\table8_ethics_united", replace

log close




Teachers Tournament Export (Anonymized)/programs/teachers_questionnaire.do
/***************************************************

Creator:	
			Roy

Date:		
			29 August 2007

file name:	
			teachers_questionnaire
			
Description:

			This file runs regressions of how treatment affects
			teachers' answers to the questionnaire.

Input Data:	
			teachers questionnaire\compar2.dta
			teachers questionnaire\compare.dta?
			teachers questionnaire\treat.dta

******************************************************/

clear
set mem 400m
set matsize 600
set more off

set logtype text

**** CONFIGURE IF CHANGED!
global name teachers_questionnaire
global table_Outcomes "table8_teachers_quest"
global table_Balance  "tableA3_teachers_quest_balance"
cd "V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\"
****

local today="$S_DATE"
local day=word("`today'",1)
local month=word("`today'",2)
local year=substr(word("`today'",3),3,2)
if `day'<10 local day="0`day'" 

**************************** PROGRAMS ***********************

capture prog drop teachersQuestionnaire 
program teachersQuestionnaire 
	version 9
	
	syntax , sampleCond(string) table_suffix(string) [se(string) outcomesControls(string)]
	
	//**** STARTING REGRESSIONS *****
	// The variables that I will regress against treat.
	// variables that start with _mult_ will actually be dummitized with xi and then
	// each answer will be regressed separately against treat
	// In Hebrew, zabar is Israeli-born, vetek is experience and mosad is institution
	// 	Mikzoa is subject (or profession, but in this context, it's subject)
	local varsOutcomes "groups individ track adapt addclasses_part_whole_year addclasses_only_part_year haverage my_initiative _mult_kindstud"
	local varsBalance  "age sex zabar _mult_toar vetek _mult_mosad1"
	local mikzoa_math = 2
	local mikzoa_eng  = 1
	* local mikzoa_both = "1 | mikzoa == 2"  // This is a trick that will make the condition for the reg and su disregard
	 										// mikzoa
										
	local addMikzoa_math = ""
	local addMikzoa_eng  = ""
	* local addMikzoa_both = "math"
	
	// Reformating `se' so that I can write reg .... `se' without the comma (otherwise, if: reg ... , `se' will be the line, 
	// if `se' will be omitted from the call to the program, there will be an error: reg ... , )
	if ("`se'" != "") {
		local se ", `se'"
	}
	
	// Do the same for the outcomes (table 7) and the balance (table A2)
	foreach ttype in Outcomes Balance {
		if ("`ttype'" == "Balance") {
			local outcomesControls ""
		}
		
		postfile myfile str35 key str30 questionVar math_cont_mean_`table_suffix' math_treat_eff_`table_suffix' gap_`table_suffix' eng_cont_mean_`table_suffix' eng_treat_eff_`table_suffix' gap1_`table_suffix' /* both_control_mean both_treatment_eff*/ using "results\automatic\\${table_`ttype'}_`table_suffix'", replace
		foreach var in `vars`ttype'' {
			// For dependent variables (background in balance or answer to the question in the questionnaire table)
			// that hold categorical values, I preceded with the string _mult_. e.g. _mult_toar for the variable toar.
			// So I need to extract the name of the original variable name after the _mult_ and divide the values to 
			// a set of dummy variables.
			if (substr("`var'", 1, 6) == "_mult_") {
				// this is a variable for which we want to check each answer's rate as dependent variable
				local realVar = substr("`var'", 7, strlen("`var'")-6)
				// Make dummy answers
				xi i.`realVar', prefix ("_M") noomit
				foreach answer of varlist _M* {
					// Set missing values of original questions to be 0 in each of the
					// answers dummies (in order not to drop too many obs)
					quietly replace `answer' = 0 if `realVar' == .
					foreach subject in math eng /*both*/ {
						di as input " "
						di "reg `answer' treat `outcomesControls' `addMikzoa_`subject'' if (`sampleCond') & (mikzoa == `mikzoa_`subject'') `se'"
						di " "
						reg `answer' treat `outcomesControls' `addMikzoa_`subject'' if (`sampleCond') & (mikzoa == `mikzoa_`subject'') `se'
						local treat_eff_`subject'    = _b[treat]
						local treat_eff_se_`subject' = _se[treat]
						quietly su `answer' if !treat & (`sampleCond') & (mikzoa == `mikzoa_`subject'')
						local cont_mean_`subject'	= r(mean)
					}
					
					post myfile	("`answer'_b")	("`answer'")		(`cont_mean_math')		(`treat_eff_math')		(.)	(`cont_mean_eng')	(`treat_eff_eng')	(.)	/* (`cont_mean_both')	(`treat_eff_both') */
					post myfile	("`answer'_se")	("")				(.)						(`treat_eff_se_math')	(.)						(.)					(`treat_eff_se_eng')	(.) /*	(.)					(`treat_eff_se_both') */
					post myfile	("`answer'_gp")	("")				(.)						(.)						(.)						(.)					(.)						(.)	/* (.)					(.) */
					
				}
				drop _M*
			}
			else {
				// Do the same regression for ordinary variables (not the categorical)
				foreach subject in math eng /*both*/ {
					di as input " "
					di "reg `var' treat `outcomesControls' `addMikzoa_`subject'' if (`sampleCond') & (mikzoa == `mikzoa_`subject'') `se'"
					di " "
					reg `var' treat `outcomesControls' `addMikzoa_`subject'' if (`sampleCond') & (mikzoa == `mikzoa_`subject'') `se'
					local treat_eff_`subject'    = _b[treat]
					local treat_eff_se_`subject' = _se[treat]
					
					quietly su `var' if !treat & (`sampleCond') & (mikzoa == `mikzoa_`subject'')
					local cont_mean_`subject'	= r(mean)
				}
				post myfile	("`var'_b")		("`var'")		(`cont_mean_math')	(`treat_eff_math')		(.)	(`cont_mean_eng')	(`treat_eff_eng')		(.)	/* (`cont_mean_both')	(`treat_eff_both') */
				post myfile	("`var'_se")	("")			(.)					(`treat_eff_se_math')	(.)	(.)					(`treat_eff_se_eng')	(.)	/* (.)					(`treat_eff_se_both') */
				post myfile	("`var'_gp")	("")			(.)					(.)						(.)	(.)					(.)						(.)	/* (.)					(.) */
			}
		
		}
		
		// Count teachers.
		foreach subject in math eng /*both */ {
			di as input " "
			di "su treat if (`sampleCond') & (mikzoa == `mikzoa_`subject'')"
			di " "
			su treat if (`sampleCond') & (mikzoa == `mikzoa_`subject'')
			local N_`subject'	= r(N)
			
			unique school_code if (`sampleCond') & (mikzoa == `mikzoa_`subject'')
			local N_schools_`subject' = r(sum)
			
			unique school_code if (`sampleCond') & (mikzoa == `mikzoa_`subject'') & treat
			local N_treated_schools_`subject' = r(sum)
		}
		
		post myfile ("N")					("N") 					(.) (`N_math') 					(.) (.) (`N_eng') 					(.)
		post myfile ("N_schools")			("N_schools")			(.)	(`N_schools_math')			(.)	(.)	(`N_schools_eng')			(.)
		post myfile ("N_treated_schools")	("N_treated_schools")	(.)	(`N_treated_schools_math')	(.)	(.)	(`N_treated_schools_eng')	(.)
		postclose myfile
	}
end

**************************** END OF PROGRAMS ***********************

cap log close
log using "logs\l_${name}_`year'`month'`day'.log", replace

****** PART I : Load data, rearrange it and prepare for regressions ********
*** Loading CONTROL group data
use "data\teachers questionnaire\compar2", clear

* Keeping only teachers that both:
* - one of their classes is 12th grade
* - teach either math or english
keep if (kita1 == 12 | kita2 == 12 | kita3 == 12) & (mikzoa == 1 | mikzoa == 2)

gen treat = 0
gen teducav = educav
gen teducem = educem

replace sex   = sex - 1
drop st_oved teuda tarleda fam_stat childnum mikzoa1 hmikzoa1  ///
	bagrutp1 mikzoa2 hmikzoa2 bagrutp2 mikzoa3 hmikzoa3 bagrutp3 tafkid1 ///
	htafkid1 tafkid2 htafkid2 basis_12 hours12 h_talan12 basis_13 hours13 ///
	h_talan13 darga tamrizim gen_educ ped_educ empty _obstat_ educav ///
	educem

//	Since some demographic data in the questionnaire was 
//	missing, it was retrieved manually from other sources
quietly replace age = 62 if teacher == 34
quietly replace age = 46 if teacher == 463
quietly replace age = 52 if teacher == 600
quietly replace age = 38 if teacher == 569
quietly replace age = 44 if teacher == 476
quietly replace age = 45 if teacher == 465
quietly replace age = 36 if teacher == 223
quietly replace age = 48 if teacher == 429

* For the others, we'll put the average age (and tag them with agemiss = 1)
gen agemiss = (age==.)

egen av_age = mean(age)
replace age = av_age if age ==.

sort teacher

* Save the file
save "data\teachers questionnaire\compar2_after_fix", replace

****** Fix TREATMENT schools' teachers file
use "data\teachers questionnaire\treat", clear

keep if mikzoa == 1 | mikzoa == 2
* keep if kita1 == 12 | kita2 == 12 | kita3 == 12

gen treat = 1
gen sex = teachsex - 1

drop num teachsex

quietly replace vetek = 39 if teacher == 84

sort teacher

* Append control group
append using "data\teachers questionnaire\compar2_after_fix"

* Fix questions data
* Dummitize (making dummy)
quietly replace individ = (individ >= 3) if individ != .
quietly replace track   = (track   >= 3) if individ != .
quietly replace adapt   = (adapt   >= 3) if individ != .
quietly replace groups  = (groups  >= 3) if individ != .

// Again, this has nothing to do with The Mossad (intelligence agency). Mosad means institution in Hebrew.
quietly gen     mosad1 = 1 if (mosad == 1 | mosad == 2 | mosad == 5 | mosad == 6)
quietly replace mosad1 = 2 if (mosad == 3 | mosad == 4 | mosad == 7)
quietly replace mosad1 = 3 if (mosad == 8 | mosad == 9)
quietly replace mosad1 = 4 if (mosad == 10)

label define mosad1 1 "Hebrew Uni, TA Uni, Technion, Weizmann Inst.", add
label define mosad1 2 "Haifa Uni, Ben Gurion Uni, Bar Ilan Uni", add
label define mosad1 3 "Academic or teachers' college", add
label define mosad1 4 "Foreign University", add
label values mosad1 mosad1

quietly replace zabar = (zabar == 1 | zabar == .)   // zabar will be zero if originally it was either 0 or 1

gen addclasses_part_whole_year = (addclass != 1) & (addclass != .)
gen addclasses_only_part_year  = (addclass == 2) | ((week != .) & (week > 0))

* Fix haverage and week to be 0 if the teacher answered that s/he didn't add any hours
* (in variable addclass)
quietly replace haverage = 0 if (addclass == 1)

/* week variable manipulations. we don't use it anymore.
quietly replace week     = 0 if (addclass == 1)

* Fix weeks to be 35 if the teacher answered that s/he added weekly hours throughout the year
* total weeks in year: 52
* Reduce weeks in the second half of June, and in July and August: -11
* Reduce passover (3), hannukah (1), sukkot (1) and a week of other holidays: -6
quietly replace week = 35 if (addclass == 3) & (week == .)

* Assign average weeks for those who said they added hours before the exam but didn't mention how many
su week if addclass == 2
quietly replace week = r(mean) if addclass == 2 & week == .

gen annual_hours = week * haverage
*/

gen math = mikzoa == 2

gen my_initiative = initiate == 1

**** FLAGGING SAMPLES *****
* Take school-level variable from the school_level_raw file
sort school_code
merge school_code using "data\school_level_raw", nokeep keep(slrate99 slrate00)
drop _merge

// Samples definitions
egen inNE = anymatch(school_code), values(  3 8 9 11    13 24 27 28 29 30 33 34    41 42 43 46 53 55 56 57 69 70 71 73 74 75    78 79 80 82 86 87       93 94 96 97)
gen inEL = school_code < 99

* teachersQuestionnaire , sampleCond(eligible)		table_suffix(ELIG_vs_ELIG) 	se(cluster(school_code))
* teachersQuestionnaire , sampleCond(inSampleNE)	table_suffix(NE_vs_NE) 		se(cluster(school_code))

****** PART II : Regress three different samples ********
teachersQuestionnaire , sampleCond(inNE)	table_suffix(NE)	se(cluster(school_code)) outcomesControls(/*slrate99 slrate00*/)
teachersQuestionnaire , sampleCond(inEL)	table_suffix(ELIG)	se(cluster(school_code)) outcomesControls(/*slrate99 slrate00*/)
teachersQuestionnaire , sampleCond(1==1)	table_suffix(ALL)	se(cluster(school_code)) outcomesControls(/*slrate99 slrate00*/)

****** PART III: Unite regressions under one table (merge) *****
**** Join 2000 and 2001 results
foreach ttype in Outcomes Balance {
	// First, open the all file
	use "results\automatic\\${table_`ttype'}_ALL", clear

	// Remembering row order (joining changes it)
	gen rowOrder = _n

	// Now, join the eligible table
	joinby key using "results\automatic\\${table_`ttype'}_ELIG", unmatched(both)
	drop _merge
	
	// Now, join the natural experiment table
	joinby key using "results\automatic\\${table_`ttype'}_NE", unmatched(both)
	drop _merge
	
	// Reordering the way it was before joining
	sort rowOrder
	drop rowOrder

	// Saving the united file
	save "results\automatic\\${table_`ttype'}_UNITED", replace

}

log close
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		10		0.92105		-0.04656				0		0.58		0.597826087		-0.017826087												0		0.58		0.597826087		-0.017826087				0.4732142857		0.0067857143								0		0.5		0.515503876						0		0.58		0.597826087		-0.017826087				1		0		640128		0.51		0.534351145

										0		0.7		0.8289473684		-0.1289473684				y=45		0		0.45				0		0.7		0.8289473684		-0.1289473684				0.4733727811		-0.1433727811								0		0.51		0.534351145						0		0.7		0.8289473684		-0.128947368				1		0		440180		0.52		0.5473251029

										0		0.55		0.6233766234		-0.0733766234						1		0.45				0		0.55		0.6233766234		-0.0733766234				0.4736842105		-0.1336842105								0		0.52		0.5454545455						0		0.55		0.6233766234		-0.073376623				1		0		570036		0.77		0.7718120805

										0		0.7		0.5967741935		0.1032258065												0		0.7		0.5967741935		0.1032258065				0.4858044164		-0.0658044164								0		0.52		0.5473251029						0		0.7		0.5967741935		0.1032258065				1		1		340174		0.27		0.453125

										0		0.6		0.603960396		-0.003960396				y=x		0		0				0		0.6		0.603960396		-0.003960396				0.4887892377		0.0412107623								0		0.52		0.5888888889						0		0.31		0.321192053		-0.011192053				1		1		470237		0.3		0.5142857143

										0		0.52		0.5454545455		-0.0254545455						1		1				0		0.52		0.5454545455		-0.0254545455				0.5		-0.06								0		0.53		0.4887892377						0		0.6		0.603960396		-0.003960396				1		1		770552		0.33		0.4733727811

										0		0.6		0.7702702703		-0.1702702703												0		0.6		0.7702702703		-0.1702702703				0.5		-0.07								0		0.53		0.5166666667						0		0.52		0.5454545455		-0.025454545				1		1		240176		0.34		0.4736842105

										0		0.6		0.6170212766		-0.0170212766												0		0.6		0.6170212766		-0.0170212766				0.5034482759		-0.0334482759								0		0.53		0.6032608696						0		0.6		0.7702702703		-0.17027027				1		1		340240		0.38		0.7068965517

										0		0.54		0.6537216828		-0.1137216828												0		0.54		0.6537216828		-0.1137216828				0.5087719298		-0.0387719298								0		0.54		0.6537216828						0		0.6		0.6170212766		-0.017021277				1		1		278028		0.38		0.511627907

										0		0.45		0.6164383562		-0.1664383562												0		0.45		0.6164383562		-0.1664383562				0.511627907		-0.131627907								0		0.55		0.6233766234						0		0.54		0.6537216828		-0.113721683				1		1		480012		0.38		0.4690265487

										0		0.56		0.5765765766		-0.0165765766												0		0.56		0.5765765766		-0.0165765766				0.5142857143		-0.2142857143								0		0.55		0.724137931						0		0.33		0.375		-0.045				1		1		770859		0.4		0.4705882353

										0		0.52		0.5473251029		-0.0273251029												0		0.52		0.5473251029		-0.0273251029				0.515503876		-0.015503876								0		0.56		0.5765765766						0		0.45		0.6164383562		-0.166438356				1		1		800086		0.41		0.4545454545

										0		0.63		0.7110091743		-0.0810091743												0		0.63		0.7110091743		-0.0810091743				0.5166666667		0.0133333333								0		0.58		0.597826087						0		0.32		0.3736263736		-0.053626374				1		1		640235		0.41		0.5181818182

										0		0.78		0.7840909091		-0.0040909091												0		0.78		0.7840909091		-0.0040909091				0.5181818182		-0.1081818182								0		0.59		0.6037735849						0		0.56		0.5765765766		-0.016576577				1		1		340166		0.43		0.7735849057

										0		0.84		0.8333333333		0.0066666667												0		0.84		0.8333333333		0.0066666667				0.534351145		-0.024351145								0		0.6		0.603960396						0		0.52		0.5473251029		-0.027325103				1		1		570101		0.43		0.5688073394

										0		0.74		0.7717391304		-0.0317391304												0		0.74		0.7717391304		-0.0317391304				0.5349794239		-0.0949794239								0		0.6		0.6170212766						0		0.63		0.7110091743		-0.081009174				1		1		240051		0.43		0.4731182796

										0		0.61		0.625		-0.015												0		0.61		0.625		-0.015				0.5421686747		0.1078313253								0		0.6		0.7702702703						0		0.78		0.7840909091		-0.004090909				1		1		180018		0.43		0.5

										0		0.53		0.4404761905		0.0895238095												0		0.53		0.4404761905		0.0895238095				0.5423728814		-0.1523728814								0		0.61		0.5833333333						0		0.84		0.8333333333		0.0066666667				1		1		470054		0.44		0.5349794239

										0		0.62		0.6690140845		-0.0490140845												0		0.62		0.6690140845		-0.0490140845				0.5454545455		-0.0254545455								0		0.61		0.625						0		0.74		0.7717391304		-0.03173913				1		1		340349		0.45		0.4704491726

										0		0.88		0.8795180723		0.0004819277												0		0.88		0.8795180723		0.0004819277				0.5473251029		-0.0273251029								0		0.62		0.6690140845						0		0.61		0.625		-0.015				1		1		800078		0.45		0.5514018692

										0		0.44		0.5		-0.06												0		0.44		0.5		-0.06				0.5514018692		-0.1014018692								0		0.63		0.7110091743						0		0.53		0.4404761905		0.0895238095				0		0		360123		0.52		0.5454545455

										0		0.66		0.6620111732		-0.0020111732												0		0.66		0.6620111732		-0.0020111732				0.5625		-0.1225								0		0.65		0.5421686747						0		0.62		0.6690140845		-0.049014085				0		0		440370		0.74		0.7717391304

										0		0.86		0.8793103448		-0.0193103448												0		0.86		0.8793103448		-0.0193103448				0.5688073394		-0.1388073394								0		0.65		0.6052631579						0		0.88		0.8795180723		0.0004819277				0		0		360149		0.6		0.7702702703

										0		0.65		0.6696832579		-0.0196832579												0		0.65		0.6696832579		-0.0196832579				0.5765765766		-0.0165765766								0		0.65		0.6696832579						0		0.44		0.5		-0.06				0		0		660134		0.61		0.5833333333

										0		0.78		0.8536585366		-0.0736585366												0		0.78		0.8536585366		-0.0736585366				0.5833333333		0.0266666667								0		0.66		0.6620111732						0		0.66		0.6620111732		-0.002011173				0		0		370304		0.45		0.6164383562

										0		0.84		0.92		-0.08												0		0.84		0.92		-0.08				0.5888888889		-0.0688888889								0		0.7		0.5967741935						0		0.86		0.8793103448		-0.019310345				0		0		770222		0.48		0.625

										0		0.75		0.9056603774		-0.1556603774												0		0.75		0.9056603774		-0.1556603774				0.5967741935		0.1032258065								0		0.7		0.8289473684						0		0.65		0.6696832579		-0.019683258				0		0		640136		0.52		0.5888888889

										0		0.55		0.724137931		-0.174137931												0		0.55		0.724137931		-0.174137931				0.597826087		-0.017826087								0		0.71		0.7179487179						0		0.78		0.8536585366		-0.073658537				0		0		640631		0.53		0.5166666667

										0		0.77		0.7718120805		-0.0018120805												0		0.77		0.7718120805		-0.0018120805				0.6032608696		-0.0732608696								0		0.74		0.7717391304						0		0.84		0.92		-0.08				0		0		448050		0.53		0.4404761905

										0		0.47		0.5034482759		-0.0334482759												0		0.47		0.5034482759		-0.0334482759				0.6037735849		-0.0137735849								0		0.75		0.9056603774						0		0.75		0.9056603774		-0.155660377				0		0		242073		0.53		0.6032608696

										0		0.43		0.4545454545		-0.0245454545												0		0.43		0.4545454545		-0.0245454545				0.603960396		-0.003960396								0		0.77		0.6956521739						0		0.55		0.724137931		-0.174137931				0		0		370072		0.54		0.6537216828

										0		0.5		0.515503876		-0.015503876												0		0.5		0.515503876		-0.015503876				0.6052631579		0.0447368421								0		0.77		0.7718120805						0		0.77		0.7718120805		-0.001812081				0		0		548016		0.55		0.724137931

										0		0.51		0.534351145		-0.024351145												0		0.51		0.534351145		-0.024351145				0.6164383562		-0.1664383562								0		0.78		0.7840909091						0		0.47		0.5034482759		-0.033448276				0		0		340042		0.55		0.6233766234

										0		0.52		0.5888888889		-0.0688888889												0		0.52		0.5888888889		-0.0688888889				0.6170212766		-0.0170212766								0		0.78		0.8536585366						0		0.43		0.4545454545		-0.024545455				0		0		440073		0.56		0.5765765766

										0		0.65		0.5421686747		0.1078313253												0		0.65		0.5421686747		0.1078313253				0.6233766234		-0.0733766234								0		0.84		0.8333333333						0		0.19		0.2836879433		-0.093687943				0		0		260091		0.58		0.597826087

										0		0.53		0.5166666667		0.0133333333												0		0.53		0.5166666667		0.0133333333				0.625		-0.015								0		0.84		0.92						0		0.5		0.515503876		-0.015503876				0		0		248559		0.59		0.6037735849

										0		0.53		0.4887892377		0.0412107623												0		0.53		0.4887892377		0.0412107623				0.625		-0.145								0		0.86		0.8793103448						0		0.51		0.534351145		-0.024351145				0		0		360222		0.6		0.6170212766

										0		0.61		0.5833333333		0.0266666667												0		0.61		0.5833333333		0.0266666667				0.6537216828		-0.1137216828								0		0.86		0.9210526316						0		0.52		0.5888888889		-0.068888889				0		0		348227		0.6		0.603960396

										0		0.45		0.4695652174		-0.0195652174												0		0.45		0.4695652174		-0.0195652174				0.6620111732		-0.0020111732								0		0.87		0.8833333333						0		0.65		0.5421686747		0.1078313253				0		0		440487		0.61		0.625

										0		0.48		0.625		-0.145												0		0.48		0.625		-0.145				0.6690140845		-0.0490140845								0		0.88		0.8632478632						0		0.53		0.5166666667		0.0133333333				0		0		460063		0.62		0.6690140845

										0		0.77		0.6956521739		0.0743478261												0		0.77		0.6956521739		0.0743478261				0.6696832579		-0.0196832579								0		0.88		0.8795180723						0		0.53		0.4887892377		0.0412107623				0		0		640581		0.65		0.5421686747

										1		0.45		0.4202898551		0.0297101449												1		0.45		0.4202898551		0.0297101449				0.6956521739		0.0743478261								1		0.27		0.453125						0		0.22		0.2847222222		-0.064722222				0		0		249235		0.65		0.6052631579

										1		0.39		0.3785714286		0.0114285714												1		0.39		0.3785714286		0.0114285714				0.7068965517		-0.3268965517								1		0.3		0.5142857143						0		0.61		0.5833333333		0.0266666667				0		0		540195		0.65		0.6696832579

										1		0.3		0.3088235294		-0.0088235294												1		0.3		0.3088235294		-0.0088235294				0.7110091743		-0.0810091743								1		0.33		0.4733727811						0		0.39		0.5423728814		-0.152372881				0		0		490037		0.66		0.6620111732

										1		0.43		0.5		-0.07												1		0.43		0.5		-0.07				0.7179487179		-0.0079487179								1		0.34		0.4736842105						0		0.45		0.4695652174		-0.019565217				0		0		260182		0.7		0.8289473684

										1		0.48		0.4732142857		0.0067857143												1		0.48		0.4732142857		0.0067857143				0.724137931		-0.174137931								1		0.38		0.4690265487						0		0.48		0.625		-0.145				0		0		340125		0.7		0.5967741935

										1		0.43		0.4731182796		-0.0431182796												1		0.43		0.4731182796		-0.0431182796				0.7702702703		-0.1702702703								1		0.38		0.511627907						0		0.77		0.6956521739		0.0743478261				0		0		248625		0.71		0.7179487179

										1		0.43		0.4202898551		0.0097101449												1		0.43		0.4202898551		0.0097101449				0.7717391304		-0.0317391304								1		0.38		0.7068965517						0		0.34		0.3431952663		-0.003195266				0		0		540849		0.75		0.9056603774

										1		0.34		0.4736842105		-0.1336842105												1		0.34		0.4736842105		-0.1336842105				0.7718120805		-0.0018120805								1		0.4		0.4705882353						1		0.45		0.4202898551		0.0297101449				0		0		770305		0.77		0.6956521739

										1		0.21		0.2261904762		-0.0161904762												1		0.21		0.2261904762		-0.0161904762				0.7735849057		-0.3435849057								1		0.41		0.4545454545						1		0.39		0.3785714286		0.0114285714				0		0		540302		0.78		0.8536585366

										1		0.31		0.3070866142		0.0029133858												1		0.31		0.3070866142		0.0029133858				0.7840909091		-0.0040909091								1		0.41		0.5181818182						1		0.3		0.3088235294		-0.008823529				0		0		440339		0.78		0.7840909091

										1		0.31		0.3921568627		-0.0821568627												1		0.31		0.3921568627		-0.0821568627				0.8289473684		-0.1289473684								1		0.42		0.4858044164						1		0.43		0.5		-0.07				0		0		540484		0.84		0.92

										1		0.33		0.4054054054		-0.0754054054												1		0.33		0.4054054054		-0.0754054054				0.8333333333		0.0066666667								1		0.43		0.4731182796						1		0.48		0.4732142857		0.0067857143				0		0		440347		0.84		0.8333333333

										1		0.38		0.511627907		-0.131627907												1		0.38		0.511627907		-0.131627907				0.8536585366		-0.0736585366								1		0.43		0.5						1		0.43		0.4731182796		-0.04311828				0		0		140491		0.86		0.9210526316

										1		0.43		0.7735849057		-0.3435849057												1		0.43		0.7735849057		-0.3435849057				0.8632478632		0.0167521368								1		0.43		0.5688073394						1		0.43		0.4202898551		0.0097101449				0		0		540146		0.86		0.8793103448

										1		0.27		0.453125		-0.183125												1		0.27		0.453125		-0.183125				0.8793103448		-0.0193103448								1		0.43		0.7735849057						1		0.34		0.4736842105		-0.133684211				0		0		140277		0.87		0.8833333333

										1		0.38		0.7068965517		-0.3268965517												1		0.38		0.7068965517		-0.3268965517				0.8795180723		0.0004819277								1		0.44		0.5349794239						1		0.21		0.2261904762		-0.016190476				0		0		140061		0.88		0.8632478632

										1		0.45		0.4704491726		-0.0204491726												1		0.45		0.4704491726		-0.0204491726				0.8833333333		-0.0133333333								1		0.45		0.4704491726						1		0.31		0.3070866142		0.0029133858				0		0		460113		0.88		0.8795180723

										1		0.19		0.1978021978		-0.0078021978												1		0.19		0.1978021978		-0.0078021978				0.9056603774		-0.1556603774								1		0.45		0.5514018692						1		0.31		0.3921568627		-0.082156863				0		1		480178		0.04		0.0649350649

										1		0.2		0.3333333333		-0.1333333333												1		0.2		0.3333333333		-0.1333333333				0.92		-0.08								1		0.48		0.4732142857						1		0.33		0.4054054054		-0.075405405				0		1		480038		0.12		0.1445783133

										1		0.38		0.3918495298		-0.0118495298												1		0.38		0.3918495298		-0.0118495298				0.9210526316		-0.0610526316																		1		0.38		0.511627907		-0.131627907				0		1		800037		0.14		0.1884816754

										1		0.28		0.4277456647		-0.1477456647												1		0.28		0.4277456647		-0.1477456647																								1		0.43		0.7735849057		-0.343584906				0		1		800144		0.16		0.1769911504

										1		0.31		0.2692307692		0.0407692308												1		0.31		0.2692307692		0.0407692308																								1		0.27		0.453125		-0.183125				0		1		348201		0.19		0.1978021978

										1		0.37		0.4013605442		-0.0313605442												1		0.37		0.4013605442		-0.0313605442																								1		0.38		0.7068965517		-0.326896552				0		1		380022		0.2		0.3333333333

										1		0.44		0.5349794239		-0.0949794239												1		0.44		0.5349794239		-0.0949794239																								1		0.45		0.4704491726		-0.020449173				0		1		247122		0.21		0.2261904762

										1		0.33		0.3373493976		-0.0073493976												1		0.33		0.3373493976		-0.0073493976																								1		0.19		0.1978021978		-0.007802198				0		1		640656		0.24		0.2956521739

										1		0.3		0.5142857143		-0.2142857143												1		0.3		0.5142857143		-0.2142857143																								1		0.2		0.3333333333		-0.133333333				0		1		380048		0.28		0.4277456647

										1		0.38		0.4690265487		-0.0890265487												1		0.38		0.4690265487		-0.0890265487																								1		0.38		0.3918495298		-0.01184953				0		1		640193		0.29		0.4043478261

										1		0.12		0.1445783133		-0.0245783133												1		0.12		0.1445783133		-0.0245783133																								1		0.28		0.4277456647		-0.147745665				0		1		648048		0.29		0.3586206897

										1		0.39		0.4347826087		-0.0447826087												1		0.39		0.4347826087		-0.0447826087																								1		0.31		0.2692307692		0.0407692308				0		1		148080		0.3		0.3088235294

										1		0.04		0.0649350649		-0.0249350649												1		0.04		0.0649350649		-0.0249350649																								1		0.37		0.4013605442		-0.031360544				0		1		249300		0.31		0.3921568627

										1		0.37		0.3826086957		-0.0126086957												1		0.37		0.3826086957		-0.0126086957																								1		0.44		0.5349794239		-0.094979424				0		1		440495		0.31		0.2692307692

										1		0.43		0.5688073394		-0.1388073394												1		0.43		0.5688073394		-0.1388073394																								1		0.33		0.3373493976		-0.007349398				0		1		248641		0.31		0.3070866142

										1		0.29		0.4043478261		-0.1143478261												1		0.29		0.4043478261		-0.1143478261																								1		0.3		0.5142857143		-0.214285714				0		1		648071		0.32		0.2845528455

										1		0.41		0.5181818182		-0.1081818182												1		0.41		0.5181818182		-0.1081818182																								1		0.38		0.4690265487		-0.089026549				0		1		770016		0.33		0.4279661017

										1		0.24		0.2956521739		-0.0556521739												1		0.24		0.2956521739		-0.0556521739																								1		0.12		0.1445783133		-0.024578313				0		1		470187		0.33		0.3373493976

										1		0.29		0.3586206897		-0.0686206897												1		0.29		0.3586206897		-0.0686206897																								1		0.39		0.4347826087		-0.044782609				0		1		270140		0.33		0.4054054054

										1		0.32		0.2845528455		0.0354471545												1		0.32		0.2845528455		0.0354471545																								1		0.37		0.3826086957		-0.012608696				0		1		680082		0.34		0.3614457831

										1		0.42		0.4858044164		-0.0658044164												1		0.42		0.4858044164		-0.0658044164																								1		0.43		0.5688073394		-0.138807339				0		1		448076		0.37		0.4013605442

										1		0.41		0.3758389262		0.0341610738												1		0.41		0.3758389262		0.0341610738																								1		0.29		0.4043478261		-0.114347826				0		1		540179		0.37		0.3826086957

										1		0.34		0.3614457831		-0.0214457831												1		0.34		0.3614457831		-0.0214457831																								1		0.41		0.5181818182		-0.108181818				0		1		380030		0.38		0.3918495298

										1		0.33		0.4279661017		-0.0979661017												1		0.33		0.4279661017		-0.0979661017																								1		0.24		0.2956521739		-0.055652174				0		1		480145		0.39		0.4347826087

										1		0.33		0.4733727811		-0.1433727811												1		0.33		0.4733727811		-0.1433727811																								1		0.29		0.3586206897		-0.06862069				0		1		140269		0.39		0.3785714286

										1		0.4		0.4705882353		-0.0705882353												1		0.4		0.4705882353		-0.0705882353																								1		0.32		0.2845528455		0.0354471545				0		1		680033		0.41		0.3758389262

										1		0.14		0.1884816754		-0.0484816754												1		0.14		0.1884816754		-0.0484816754																								1		0.42		0.4858044164		-0.065804416				0		1		670042		0.42		0.4858044164

										1		0.45		0.5514018692		-0.1014018692												1		0.45		0.5514018692		-0.1014018692																								1		0.41		0.3758389262		0.0341610738				0		1		240077		0.43		0.4202898551

										1		0.41		0.4545454545		-0.0445454545												1		0.41		0.4545454545		-0.0445454545																								1		0.34		0.3614457831		-0.021445783				0		1		140046		0.45		0.4202898551

										1		0.16		0.1769911504		-0.0169911504												1		0.16		0.1769911504		-0.0169911504																								1		0.33		0.4279661017		-0.097966102				0		1		240036		0.48		0.4732142857

																																																										1		0.33		0.4733727811		-0.143372781

																																																										1		0.4		0.4705882353		-0.070588235

																																																										1		0.14		0.1884816754		-0.048481675

																																																										1		0.45		0.5514018692		-0.101401869

																																																										1		0.41		0.4545454545		-0.044545455

																																																										1		0.16		0.1769911504		-0.01699115

																																																										999		0.93		0.893442623		0.036557377

																																																										999		0.72		0.775		-0.055

																																																										999		0.65		0.7096774194		-0.059677419

																																																										999		0.75		0.7376237624		0.0123762376

																																																										999		0.69		0.696969697		-0.006969697

																																																										999		0.29		0.2966101695		-0.006610169

																																																										999		0.93		0.9559471366		-0.025947137

																																																										999		0.86		0.8686868687		-0.008686869

																																																										999		0.77		0.7117117117		0.0582882883

																																																										999		0.81		0.803030303		0.006969697

																																																										999		0.91		0.8920863309		0.0179136691

														rate99		error																rate99		error																								999		0.47		0.465648855		0.004351145

														0.453125		-0.183125																0.453125		-0.183125																								999		0.49		0.6031746032		-0.113174603

														0.4545454545		-0.0245454545																0.4545454545		-0.0245454545																								999		0.96		0.9841269841		-0.024126984

														0.4545454545		-0.0445454545																0.4545454545		-0.0445454545																								999		0.53		0.693877551		-0.163877551

														0.4690265487		-0.0890265487																0.4690265487		-0.0890265487																								999		0.05		0.0537190083		-0.003719008

														0.4695652174		-0.0195652174																0.4695652174		-0.0195652174																								999		0.8		0.8369565217		-0.036956522

														0.4704491726		-0.0204491726																0.4704491726		-0.0204491726																								999		0.75		0.8129496403		-0.06294964

														0.4705882353		-0.0705882353																0.4705882353		-0.0705882353																								999		0.68		0.7107843137		-0.030784314

														0.4731182796		-0.0431182796																0.4731182796		-0.0431182796																								999		0.89		0.868852459		0.021147541

														0.4732142857		0.0067857143																0.4732142857		0.0067857143																								999		0.61		0.7666666667		-0.156666667

														0.4733727811		-0.1433727811																0.4733727811		-0.1433727811																								999		0.36		0.3333333333		0.0266666667

														0.4736842105		-0.1336842105																0.4736842105		-0.1336842105																								999		0.47		0.64		-0.17

														0.4858044164		-0.0658044164																0.4858044164		-0.0658044164																								999		0.63		0.6538461538		-0.023846154

														0.4887892377		0.0412107623																0.4887892377		0.0412107623																								999		0.98		0.9836065574		-0.003606557

														0.5		-0.06																0.5		-0.06																								999		0.75		0.75		0

														0.5		-0.07																0.5		-0.07																								999		0.89		0.8095238095		0.0804761905

														0.5034482759		-0.0334482759																0.5034482759		-0.0334482759																								999		0.83		0.8048780488		0.0251219512

														0.5087719298		-0.0387719298																0.5087719298		-0.0387719298																								999		0.86		0.9195402299		-0.05954023

														0.511627907		-0.131627907																0.511627907		-0.131627907																								999		0.75		0.7430167598		0.0069832402

														0.5142857143		-0.2142857143																0.5142857143		-0.2142857143																								999		0.78		0.9375		-0.1575

														0.515503876		-0.015503876																0.515503876		-0.015503876																								999		0.64		0.6851851852		-0.045185185

														0.5166666667		0.0133333333																0.5166666667		0.0133333333																								999		0.53		0.4693877551		0.0606122449

														0.5181818182		-0.1081818182																0.5181818182		-0.1081818182																								999		0.7		0.7692307692		-0.069230769

														0.534351145		-0.024351145																0.534351145		-0.024351145																								999		0.27		0.2631578947		0.0068421053

														0.5349794239		-0.0949794239																0.5349794239		-0.0949794239																								999		0.58		0.5766871166		0.0033128834

														0.5421686747		0.1078313253																0.5421686747		0.1078313253																								999		0.89		0.9615384615		-0.071538462

														0.5423728814		-0.1523728814																0.5423728814		-0.1523728814																								999		0.06		0.0769230769		-0.016923077

														0.5454545455		-0.0254545455																0.5454545455		-0.0254545455																								999		0.58		0.9682539683		-0.388253968

														0.5473251029		-0.0273251029																0.5473251029		-0.0273251029																								999		0.62		0.5588235294		0.0611764706

														0.5514018692		-0.1014018692																0.5514018692		-0.1014018692																								999		0.45		0.4727272727		-0.022727273

														0.5625		-0.1225																0.5625		-0.1225																								999		0.76		0.7900763359		-0.030076336

														0.5688073394		-0.1388073394																0.5688073394		-0.1388073394																								999		0.95		0.9393939394		0.0106060606

														0.5765765766		-0.0165765766																0.5765765766		-0.0165765766																								999		0.79		0.7976653696		-0.00766537

														0.5833333333		0.0266666667																0.5833333333		0.0266666667																								999		0.6		0.5384615385		0.0615384615

														0.5888888889		-0.0688888889																0.5888888889		-0.0688888889																								999		0.21		0.2093023256		0.0006976744

														0.5967741935		0.1032258065																0.5967741935		0.1032258065																								999		0.42		0.6315789474		-0.211578947

														0.597826087		-0.017826087																0.597826087		-0.017826087																								999		0.27		0.4237288136		-0.153728814

														0.6032608696		-0.0732608696																0.6032608696		-0.0732608696																								999		0.4		0.5776397516		-0.177639752

														0.6037735849		-0.0137735849																0.6037735849		-0.0137735849																								999		0.05		0.1136363636		-0.063636364

														0.603960396		-0.003960396																0.603960396		-0.003960396																								999		0.36		0.4615384615		-0.101538462

														0.6052631579		0.0447368421																0.6052631579		0.0447368421																								999		0.8		0.7692307692		0.0307692308

														0.6164383562		-0.1664383562																0.6164383562		-0.1664383562																								999		0.77		0.7272727273		0.0427272727

														0.6170212766		-0.0170212766																0.6170212766		-0.0170212766																								999		0.55		0.5627906977		-0.012790698

														0.6233766234		-0.0733766234																0.6233766234		-0.0733766234																								999		0.52		0.5411764706		-0.021176471

														0.625		-0.015																0.625		-0.015																								999		0.45		0.404494382		0.045505618

														0.625		-0.145																0.625		-0.145																								999		0.52		0.525		-0.005

														0.6537216828		-0.1137216828																0.6537216828		-0.1137216828																								999		0.6		0.6518518519		-0.051851852

														0.6620111732		-0.0020111732																0.6620111732		-0.0020111732																								999		0.29		0.3893129771		-0.099312977

														0.6690140845		-0.0490140845																0.6690140845		-0.0490140845																								999		0.44		0.4329896907		0.0070103093

														0.6696832579		-0.0196832579																0.6696832579		-0.0196832579																								999		0.66		0.5		0.16

														0.6956521739		0.0743478261																0.6956521739		0.0743478261																								999		0.46		0.5041322314		-0.044132231

														0.7068965517		-0.3268965517																0.7068965517		-0.3268965517																								999		0.47		0.502617801		-0.032617801

														0.7110091743		-0.0810091743																0.7110091743		-0.0810091743																								999		0.42		0.55		-0.13

														0.7179487179		-0.0079487179																0.7179487179		-0.0079487179																								999		0.75		0.8482142857		-0.098214286

														0.724137931		-0.174137931																0.724137931		-0.174137931																								999		0.34		0.4389140271		-0.098914027

														0.7702702703		-0.1702702703																0.7702702703		-0.1702702703																								999		0.75		0.7395833333		0.0104166667

																																																										999		0.65		0.6875		-0.0375

																																																										999		0.19		0.2		-0.01

																																																										999		0.19		0.5555555556		-0.365555556

																																																										999		0.77		0.8139534884		-0.043953488

																																																										999		0.18		0.4593023256		-0.279302326

																																																										999		0.5		0.5633802817		-0.063380282

																																																										999		0.42		0.3333333333		0.0866666667

																																																										999		0.56		0.4444444444		0.1155555556

																																																										999		0.42		0.3174603175		0.1025396825

																																																										999		0.85		0.8387096774		0.0112903226

																																																										999		0.84		0.7741935484		0.0658064516

																																																										999		0.75		0.8695652174		-0.119565217

																																																										999		0.91		0.9036144578		0.0063855422

																																																										999		0.87		0.9191919192		-0.049191919

																																																										999		0.71		0.7313432836		-0.021343284

																																																										999		0.93		0.9117647059		0.0182352941

																																																										999		0.87		0.85		0.02

																																																										999		0.5		0.5		0

																																																										999		0.59		0.5637065637		0.0262934363

																																																										999		0.48		0.5375		-0.0575

																																																										999		0.84		1		-0.16

																																																										999		0.53		0.4848484848		0.0451515152

																																																										999		0.41		0.3648648649		0.0451351351

																																																										999		0.5		0.5568862275		-0.056886228

																																																										999		0.48		0.5		-0.02

																																																										999		0.43		0.5432098765		-0.113209877

																																																										999		0.24		0.4556962025		-0.215696203

																																																										999		0.71		0.6846153846		0.0253846154

																																																										999		0.66		0.7263157895		-0.066315789

																																																										999		0.5		0.5052631579		-0.005263158

																																																										999		0.4		0.4489795918		-0.048979592

																																																										999		0.55		0.6494845361		-0.099484536

																																																										999		0.47		0.4112903226		0.0587096774

																																																										999		0.37		0.4350649351		-0.065064935

																																																										999		0.32		0.2266666667		0.0933333333

																																																										999		0.44		0.475862069		-0.035862069

																																																										999		0.44		0.3720930233		0.0679069767

																																																										999		0.73		0.7884615385		-0.058461538

																																																										999		0.34		0.448		-0.108

																																																										999		0.6		0.6		-6.66E-16

																																																										999		0.38		0.2731481481		0.1068518519

																																																										999		0.28		0.4028776978		-0.122877698

																																																										999		0.31		0.3525179856		-0.042517986

																																																										999		0.2		0.2580645161		-0.058064516

																																																										999		0.73		0.6142857143		0.1157142857

																																																										999		0.33		0.2105263158		0.1194736842

																																																										999		0.27		0.2435897436		0.0264102564

																																																										999		0.58		0.568		0.012

																																																										999		0.66		0.6842105263		-0.024210526

																																																										999		0.13		0.2549019608		-0.124901961

																																																										999		0.63		0.6036036036		0.0263963964

																																																										999		0.45		0.3888888889		0.0611111111

																																																										999		0.59		0.5773195876		0.0126804124

																																																										999		0.58		0.6705882353		-0.090588235

																																																										999		0.41		0.5538461538		-0.143846154

																																																										999		0.51		0.4871794872		0.0228205128

																																																										999		0.7		0.7157894737		-0.015789474

																																																										999		0.67		0.7461538462		-0.076153846

																																																										999		0.48		0.5769230769		-0.096923077

																																																										999		0.48		0.5757575758		-0.095757576

																																																										999		0.79		0.8596491228		-0.069649123

																																																										999		0.22		0.2536231884		-0.033623188

																																																										999		0.46		0.5		-0.04

																																																										999		0.67		0.6979166667		-0.027916667

																																																										999		0.21		0.303030303		-0.093030303

																																																										999		0.75		0.7466666667		0.0033333333

																																																										999		0.46		0.587755102		-0.127755102

																																																										999		0.43		0.4538461538		-0.023846154

																																																										999		0.59		0.625		-0.035

																																																										999		0.31		0.6632653061		-0.353265306

																																																										999		0.5		0.5452380952		-0.045238095

																																																										999		0.19		0.3333333333		-0.143333333

																																																										999		0.35		0.2631578947		0.0868421053

																																																										999		0.42		0.4634146341		-0.043414634

																																																										999		0.49		0.5702479339		-0.080247934

																																																										999		0.53		0.6073298429		-0.077329843

																																																										999		0.5		0.4716981132		0.0283018868

																																																										999		0.13		0.0975609756		0.0324390244

																																																										999		0.82		0.8181818182		0.0018181818

																																																										999		0.93		0.9305555556		-0.000555556

																																																										999		0.58		0.6912350598		-0.11123506

																																																										999		0.59		0.6507936508		-0.060793651

																																																										999		0.71		0.6642335766		0.0457664234

																																																										999		0.56		0.5843373494		-0.024337349

																																																										999		0.89		0.8647058824		0.0252941176

																																																										999		0.33		0.3779193206		-0.047919321

																																																										999		0.61		0.6495726496		-0.03957265

																																																										999		0.89		0.8944444444		-0.004444444

																																																										999		0.82		0.8121546961		0.0078453039

																																																										999		0.88		0.8839779006		-0.003977901

																																																										999		0.91		0.9052631579		0.0047368421

																																																										999		0.63		0.765625		-0.135625

																																																										999		0.31		0.4166666667		-0.106666667

																																																										999		0.88		0.8328530259		0.0471469741

																																																										999		0.97		0.984375		-0.014375

																																																										999		0.82		0.8053097345		0.0146902655

																																																										999		0.37		0.5128205128		-0.142820513

																																																										999		0.9		0.8702290076		0.0297709924

																																																										999		0.24		0.3703703704		-0.13037037

																																																										999		0.76		0.6842105263		0.0757894737

																																																										999		0.33		0.3322033898		-0.00220339

																																																										999		0.97		0.964028777		0.005971223

																																																										999		0.9		1		-0.1

																																																										999		0.63		0.6515151515		-0.021515152

																																																										999		0.19		0.3541147132		-0.164114713

																																																										999		0.53		0.6052631579		-0.075263158

																																																										999		0.49		0.5689655172		-0.078965517

																																																										999		0.3		0.3756906077		-0.075690608

																																																										999		0.48		0.5813953488		-0.101395349

																																																										999		0.08		0.1967213115		-0.116721311

																																																										999		0.68		0.7368421053		-0.056842105

																																																										999		0.05		0.0502793296		-0.00027933

																																																										999		0.58		0.6326530612		-0.052653061

																																																										999		0.5		0.5606060606		-0.060606061

																																																										999		0.54		0.5123966942		0.0276033058

																																																										999		0.61		0.6296851574		-0.019685157

																																																										999		0.59		0.5744680851		0.0155319149

																																																										999		0.28		0.323943662		-0.043943662

																																																										999		0.51		0.5319148936		-0.021914894

																																																										999		0.47		0.4298642534		0.0401357466

																																																										999		0.88		0.9335347432		-0.053534743

																																																										999		0.68		0.7043650794		-0.024365079

																																																										999		0.62		0.6225165563		-0.002516556

																																																										999		0.16		0.3608247423		-0.200824742

																																																										999		0.71		0.7754237288		-0.065423729

																																																										999		0.77		0.8142857143		-0.044285714

																																																										999		0.75		0.8192307692		-0.069230769

																																																										999		0.58		0.825443787		-0.245443787

																																																										999		0.69		0.7214765101		-0.03147651

																																																										999		0.77		0.7611940299		0.0088059701

																																																										999		0.88		0.88		2.44E-15

																																																										999		0.83		0.8934707904		-0.06347079

																																																										999		0.75		0.7222222222		0.0277777778

																																																										999		0.21		0.1929824561		0.0170175439

																																																										999		0.73		0.7833333333		-0.053333333

																																																										999		0.61		0.6237623762		-0.013762376

																																																										999		0.76		0.8703703704		-0.11037037

																																																										999		0.53		0.6241007194		-0.094100719

																																																										999		0.77		0.8146067416		-0.044606742

																																																										999		0.71		0.7903225806		-0.080322581

																																																										999		0.94		0.9220779221		0.0179220779

																																																										999		0.92		0.9082568807		0.0117431193

																																																										999		0.21		0.2355769231		-0.025576923

																																																										999		0.28		0.4791666667		-0.199166667

																																																										999		0.51		0.6315789474		-0.121578947

																																																										999		0.12		0.1276595745		-0.007659574

																																																										999		0.92		0.9722222222		-0.052222222

																																																										999		0.68		0.7131147541		-0.033114754

																																																										999		0.9		0.9193548387		-0.019354839

																																																										999		0.8		0.8450704225		-0.045070423

																																																										999		0.51		0.5628019324		-0.052801932

																																																										999		0.48		0.5136612022		-0.033661202

																																																										999		0.6		0.7945205479		-0.194520548

																																																										999		0.73		0.7804878049		-0.050487805

																																																										999		0.52		0.5185185185		0.0014814815

																																																										999		0.65		0.6797153025		-0.029715302

																																																										999		0.64		0.9558823529		-0.315882353

																																																										999		0.72		0.7604562738		-0.040456274

																																																										999		0.76		0.9008264463		-0.140826446

																																																										999		0.65		0.6755555556		-0.025555556

																																																										999		0.89		0.8095238095		0.0804761905

																																																										999		0.3		0.5471698113		-0.247169811

																																																										999		0.13		0.1182795699		0.0117204301

																																																										999		0.72		0.8510638298		-0.13106383

																																																										999		0.91		0.9666666667		-0.056666667

																																																										999		0.8		0.7886792453		0.0113207547

																																																										999		0.69		0.7264705882		-0.036470588

																																																										999		0.55		0.7692307692		-0.219230769

																																																										999		0.78		0.9126213592		-0.132621359

																																																										999		0.28		0.2936507937		-0.013650794

																																																										999		1		1		0

																																																										999		0.45		0.4583333333		-0.008333333

																																																										999		0.61		0.5708333333		0.0391666667

																																																										999		0.59		0.671641791		-0.081641791

																																																										999		0.3		0.3245033113		-0.024503311

																																																										999		0.95		0.9666666667		-0.016666667

																																																										999		0.68		0.687150838		-0.007150838

																																																										999		0.62		0.6145833333		0.0054166667

																																																										999		0.49		0.4761904762		0.0138095238

																																																										999		0.15		0.3243243243		-0.174324324

																																																										999		0.55		0.5662650602		-0.01626506

																																																										999		0.58		0.5882352941		-0.008235294

																																																										999		0.18		0.308988764		-0.128988764

																																																										999		0.42		0.4810126582		-0.061012658

																																																										999		0.48		0.5885416667		-0.108541667

																																																										999		0.17		0.2074074074		-0.037407407

																																																										999		0.56		0.5714285714		-0.011428571

																																																										999		0.23		0.275		-0.045

																																																										999		0.23		0.2132352941		0.0167647059

																																																										999		0.39		0.4789915966		-0.088991597

																																																										999		0.19		0.3333333333		-0.143333333

																																																										999		0.55		0.5311653117		0.0188346883

																																																										999		0.64		0.7252747253		-0.085274725

																																																										999		0.58		0.7384615385		-0.158461538

																																																										999		0.22		0.1791044776		0.0408955224

																																																										999		0.57		0.6182572614		-0.048257261

																																																										999		0.14		0.1336898396		0.0063101604

																																																										999		0.29		0.3333333333		-0.043333333

																																																										999		0.68		0.7114285714		-0.031428571

																																																										999		0.22		0.2764227642		-0.056422764

																																																										999		0.43		0.5689655172		-0.138965517

																																																										999		0.78		0.83		-0.05

																																																										999		0.89		0.891025641		-0.001025641

																																																										999		0.75		0.8085106383		-0.058510638

																																																										999		0.9		0.9688888889		-0.068888889

																																																										999		0.76		0.8028169014		-0.042816901

																																																										999		0.94		0.9521912351		-0.012191235

																																																										999		0.39		0.4444444444		-0.054444444

																																																										999		0.72		0.7213930348		-0.001393035

																																																										999		0.85		0.8597560976		-0.009756098

																																																										999		0.6		0.6335877863		-0.033587786

																																																										999		0.32		0.2058823529		0.1141176471

																																																										999		0.72		0.8056537102		-0.08565371

																																																										999		0.87		0.9273607748		-0.057360775

																																																										999		0.89		0.8947368421		-0.004736842

																																																										999		0.76		0.7464788732		0.0135211268

																																																										999		0.67		0.6885644769		-0.018564477

																																																										999		0.73		0.7536764706		-0.023676471

																																																										999		0.78		0.7668161435		0.0131838565

																																																										999		0.7		0.7731958763		-0.073195876

																																																										999		0.8		0.7952755906		0.0047244094

																																																										999		0.97		0.9798657718		-0.009865772

																																																										999		0.84		0.8924731183		-0.052473118

																																																										999		0.64		0.6379310345		0.0020689655

																																																										999		0.9		0.9189189189		-0.018918919

																																																										999		0.68		0.65		0.03

																																																										999		0.92		0.8909090909		0.0290909091

																																																										999		0.93		0.9217877095		0.0082122905

																																																										999		0.1		0.152		-0.052

																																																										999		0.84		0.9		-0.06

																																																										999		0.88		0.8888888889		-0.008888889

																																																										999		0.13		0.2077294686		-0.077729469

																																																										999		0.51		0.5247524752		-0.014752475

																																																										999		0.97		0.961038961		0.008961039

																																																										999		0.2		0.2608695652		-0.060869565

																																																										999		0.71		0.7126436782		-0.002643678

																																																										999		0.62		0.7076502732		-0.087650273

																																																										999		0.65		0.7111111111		-0.061111111

																																																										999		0.31		0.3509933775		-0.040993377

																																																										999		0.93		0.8867924528		0.0432075472

																																																										999		0.82		0.8333333333		-0.013333333

																																																										999		0.23		0.32		-0.09

																																																										999		0.74		0.76		-0.02

																																																										999		0.38		0.3813559322		-0.001355932

																																																										999		0.51		0.5573770492		-0.047377049

																																																										999		0.69		0.7322834646		-0.042283465

																																																										999		0.39		0.6279069767		-0.237906977

																																																										999		0.34		0.4439461883		-0.103946188

																																																										999		0.46		0.5		-0.04

																																																										999		0.32		0.4076086957		-0.087608696

																																																										999		0.46		0.4682080925		-0.008208092

																																																										999		0.95		0.9375		0.0125

																																																										999		0.32		0.2864864865		0.0335135135

																																																										999		0.2		0.1481481481		0.0518518519

																																																										999		0.5		0.5		0

																																																										999		0.41		0.3863636364		0.0236363636

																																																										999		0.83		0.9038461538		-0.073846154

																																																										999		0.56		0.5409836066		0.0190163934

																																																										999		0.79		0.8647342995		-0.0747343

																																																										999		0.34		0.3965517241		-0.056551724

																																																										999		0.27		0.3612565445		-0.091256545

																																																										999		0.16		0.2191780822		-0.059178082

																																																										999		0.51		0.4525139665		0.0574860335

																																																										999		0.73		0.8571428571		-0.127142857

																																																										999		0.39		0.4369369369		-0.046936937

																																																										999		0.53		0.6145833333		-0.084583333

																																																										999		0.5		0.5327868852		-0.032786885

																																																										999		0.51		0.5304878049		-0.020487805

																																																										999		0.26		0.4166666667		-0.156666667

																																																										999		0.58		0.6041666667		-0.024166667

																																																										999		0.75		0.7586206897		-0.00862069

																																																										999		0.8		0.8837209302		-0.08372093

																																																										999		0.56		0.5729927007		-0.012992701

																																																										999		0.42		0.4042553191		0.0157446809
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Figure 1: The Relationship Between the Correct and the Erroneously Measured 1999 Matriculation Rate 
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Figure 2: The Correct 1999 Matriculation Rate Versus The Measurment Error
Sample=507 Schools

0.0167521368

-0.1225

-0.013333333

-0.061052632

-0.03877193

-0.07326087

-0.013773585

-0.007948718

0.0447368421

-0.017826087

-0.128947368

-0.073376623

0.1032258065

-0.011192053

-0.003960396

-0.025454545

-0.17027027

-0.017021277

-0.113721683

-0.045

-0.166438356

-0.053626374

-0.016576577

-0.027325103

-0.081009174

-0.004090909

0.0066666667

-0.03173913

-0.015

0.0895238095

-0.049014085

0.0004819277

-0.06

-0.002011173

-0.019310345

-0.019683258

-0.073658537

-0.08

-0.155660377

-0.174137931

-0.001812081

-0.033448276

-0.024545455

-0.093687943

-0.015503876

-0.024351145

-0.068888889

0.1078313253

0.0133333333

0.0412107623

-0.064722222

0.0266666667

-0.152372881

-0.019565217

-0.145

0.0743478261

-0.003195266

0.0297101449

0.0114285714

-0.008823529

-0.07

0.0067857143

-0.04311828

0.0097101449

-0.133684211

-0.016190476

0.0029133858

-0.082156863

-0.075405405

-0.131627907

-0.343584906

-0.183125

-0.326896552

-0.020449173

-0.007802198

-0.133333333

-0.01184953

-0.147745665

0.0407692308

-0.031360544

-0.094979424

-0.007349398

-0.214285714

-0.089026549

-0.024578313

-0.044782609

-0.012608696

-0.138807339

-0.114347826

-0.108181818

-0.055652174

-0.06862069

0.0354471545

-0.065804416

0.0341610738

-0.021445783

-0.097966102

-0.143372781

-0.070588235

-0.048481675

-0.101401869

-0.044545455

-0.01699115

0.036557377

-0.055

-0.059677419

0.0123762376

-0.006969697

-0.006610169

-0.025947137

-0.008686869

0.0582882883

0.006969697

0.0179136691

0.004351145

-0.113174603

-0.024126984

-0.163877551

-0.003719008

-0.036956522

-0.06294964

-0.030784314

0.021147541

-0.156666667

0.0266666667

-0.17

-0.023846154

-0.003606557

0

0.0804761905

0.0251219512

-0.05954023

0.0069832402

-0.1575

-0.045185185

0.0606122449

-0.069230769

0.0068421053

0.0033128834

-0.071538462

-0.016923077

-0.388253968

0.0611764706

-0.022727273

-0.030076336

0.0106060606

-0.00766537

0.0615384615

0.0006976744

-0.211578947

-0.153728814

-0.177639752

-0.063636364

-0.101538462

0.0307692308

0.0427272727

-0.012790698

-0.021176471

0.045505618

-0.005

-0.051851852

-0.099312977

0.0070103093

0.16

-0.044132231

-0.032617801

-0.13

-0.098214286

-0.098914027

0.0104166667

-0.0375

-0.01

-0.365555556

-0.043953488

-0.279302326

-0.063380282

0.0866666667

0.1155555556

0.1025396825

0.0112903226

0.0658064516

-0.119565217

0.0063855422

-0.049191919

-0.021343284

0.0182352941

0.02

0

0.0262934363

-0.0575

-0.16

0.0451515152

0.0451351351

-0.056886228

-0.02

-0.113209877

-0.215696203

0.0253846154

-0.066315789

-0.005263158

-0.048979592

-0.099484536

0.0587096774

-0.065064935

0.0933333333

-0.035862069

0.0679069767

-0.058461538

-0.108

-6.66134E-16

0.1068518519

-0.122877698

-0.042517986

-0.058064516

0.1157142857

0.1194736842

0.0264102564

0.012

-0.024210526

-0.124901961

0.0263963964

0.0611111111

0.0126804124

-0.090588235

-0.143846154

0.0228205128

-0.015789474

-0.076153846

-0.096923077

-0.095757576

-0.069649123

-0.033623188

-0.04

-0.027916667

-0.093030303

0.0033333333

-0.127755102

-0.023846154

-0.035

-0.353265306

-0.045238095

-0.143333333

0.0868421053

-0.043414634

-0.080247934

-0.077329843

0.0283018868

0.0324390244

0.0018181818

-0.000555556

-0.11123506

-0.060793651

0.0457664234

-0.024337349

0.0252941176

-0.047919321

-0.03957265

-0.004444444

0.0078453039

-0.003977901

0.0047368421

-0.135625

-0.106666667

0.0471469741

-0.014375

0.0146902655

-0.142820513

0.0297709924

-0.13037037

0.0757894737

-0.00220339

0.005971223

-0.1

-0.021515152

-0.164114713

-0.075263158

-0.078965517

-0.075690608

-0.101395349

-0.116721311

-0.056842105

-0.00027933

-0.052653061

-0.060606061

0.0276033058

-0.019685157

0.0155319149

-0.043943662

-0.021914894

0.0401357466

-0.053534743

-0.024365079

-0.002516556

-0.200824742

-0.065423729

-0.044285714

-0.069230769

-0.245443787

-0.03147651

0.0088059701

0

-0.06347079

0.0277777778

0.0170175439

-0.053333333

-0.013762376

-0.11037037

-0.094100719

-0.044606742

-0.080322581

0.0179220779

0.0117431193

-0.025576923

-0.199166667

-0.121578947

-0.007659574

-0.052222222

-0.033114754

-0.019354839

-0.045070423

-0.052801932

-0.033661202

-0.194520548

-0.050487805

0.0014814815

-0.029715302

-0.315882353

-0.040456274

-0.140826446

-0.025555556

0.0804761905

-0.247169811

0.0117204301

-0.13106383

-0.056666667

0.0113207547

-0.036470588

-0.219230769

-0.132621359

-0.013650794

0

-0.008333333

0.0391666667

-0.081641791

-0.024503311

-0.016666667

-0.007150838

0.0054166667

0.0138095238

-0.174324324

-0.01626506

-0.008235294

-0.128988764

-0.061012658

-0.108541667

-0.037407407

-0.011428571

-0.045

0.0167647059

-0.088991597

-0.143333333

0.0188346883

-0.085274725

-0.158461538

0.0408955224

-0.048257261

0.0063101604

-0.043333333

-0.031428571

-0.056422764

-0.138965517

-0.05

-0.001025641

-0.058510638

-0.068888889

-0.042816901

-0.012191235

-0.054444444

-0.001393035

-0.009756098

-0.033587786

0.1141176471

-0.08565371

-0.057360775

-0.004736842

0.0135211268

-0.018564477

-0.023676471

0.0131838565

-0.073195876

0.0047244094

-0.009865772

-0.052473118

0.0020689655

-0.018918919

0.03

0.0290909091

0.0082122905

-0.052

-0.06

-0.008888889

-0.077729469

-0.014752475

0.008961039

-0.060869565

-0.002643678

-0.087650273

-0.061111111

-0.040993377

0.0432075472

-0.013333333

-0.09

-0.02

-0.001355932

-0.047377049

-0.042283465

-0.237906977

-0.103946188

-0.04

-0.087608696

-0.008208092

0.0125

0.0335135135

0.0518518519

0

0.0236363636

-0.073846154

0.0190163934

-0.0747343

-0.056551724

-0.091256545

-0.059178082

0.0574860335

-0.127142857

-0.046936937

-0.084583333

-0.032786885

-0.020487805

-0.156666667

-0.024166667

-0.00862069

-0.08372093

-0.012992701

0.0157446809

-0.012262774

-0.00358209

0.0353658537

0.0298113208

-0.032307692

-0.060714286

-0.027808219

-0.1425

-0.058272425

0.0107692308

-0.242054795

-0.072881356

-0.193333333

-0.111162791

0.0091044776

-0.013218391

-0.217948718

-0.276808511

0.0657142857

-0.172702703

-0.064285714

-0.042706767

-0.194358974

-0.080940171

0.0111111111

0.0349019608

0.0185657371

-0.106756757

-0.227567568

-0.013529412

-0.063544304

-0.017361963

-0.026170213

-0.039655172

0.0469230769

-0.015641026

-0.0275

-0.125616438

0.0021621622

0.0023913043

-0.070633484

-0.153846154

0.0446511628

-0.075348837

-0.091679389

0.0118987342

0.0251546392

-0.051146497

-0.141863354

-0.009879518

0.0107692308

-0.007358491

-0.05875

-0.016104869

-0.11

0.005862069

-0.032

0.0509003215

0.0204347826

0.0026829268

-0.056642336

0.0253757225

-0.007777778



FigA2

		0.4202898551		0.8632478632		0.45		0		0

		0.3785714286		0.5625		0.45		1		1

		0.3088235294		0.8833333333

		0.5		0.9210526316

		0.4732142857		0.5087719298

		0.4731182796		0.6032608696

		0.4202898551		0.6037735849

		0.4736842105		0.7179487179

		0.2261904762		0.6052631579

		0.3070866142		0.597826087

		0.3921568627		0.8289473684

		0.4054054054		0.6233766234

		0.511627907		0.5967741935

		0.7735849057		0.603960396

		0.453125		0.5454545455

		0.7068965517		0.7702702703

		0.4704491726		0.6170212766

		0.1978021978		0.6537216828

		0.3333333333		0.6164383562

		0.3918495298		0.5765765766

		0.4277456647		0.5473251029

		0.2692307692		0.7110091743

		0.4013605442		0.7840909091

		0.5349794239		0.8333333333

		0.3373493976		0.7717391304

		0.5142857143		0.625

		0.4690265487		0.4404761905

		0.1445783133		0.6690140845

		0.4347826087		0.8795180723

		0.0649350649		0.5

		0.3826086957		0.6620111732

		0.5688073394		0.8793103448

		0.4043478261		0.6696832579

		0.5181818182		0.8536585366

		0.2956521739		0.92

		0.3586206897		0.9056603774

		0.2845528455		0.724137931

		0.4858044164		0.7718120805

		0.3758389262		0.5034482759

		0.3614457831		0.4545454545

		0.4279661017		0.515503876

		0.4733727811		0.534351145

		0.4705882353		0.5888888889

		0.1884816754		0.5421686747

		0.5514018692		0.5166666667

		0.4545454545		0.4887892377

		0.1769911504		0.5833333333

				0.4695652174

				0.625

				0.6956521739



Treated schools

Other schools

x=45%

y=45%

45 degrees

Correct 1999 matriculation
 rate

Erroneously measured 1999 matriculation rate

Figure 3: The Relationship Between the Correct and the Erroneously Measured 1999 Matriculation Rate
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Sample=97 Schools

0.0167521368

-0.1225

-0.0133333333

-0.0610526316

-0.0387719298

-0.0732608696

-0.0137735849

-0.0079487179

0.0447368421

-0.017826087

-0.1289473684

-0.0733766234

0.1032258065

-0.003960396

-0.0254545455

-0.1702702703

-0.0170212766

-0.1137216828

-0.1664383562

-0.0165765766

-0.0273251029

-0.0810091743

-0.0040909091

0.0066666667

-0.0317391304

-0.015

0.0895238095

-0.0490140845

0.0004819277

-0.06

-0.0020111732

-0.0193103448

-0.0196832579

-0.0736585366

-0.08

-0.1556603774

-0.174137931

-0.0018120805

-0.0334482759

-0.0245454545

-0.015503876

-0.024351145

-0.0688888889

0.1078313253

0.0133333333

0.0412107623

0.0266666667

-0.0195652174

-0.145

0.0743478261

0.0297101449

0.0114285714

-0.0088235294

-0.07

0.0067857143

-0.0431182796

0.0097101449

-0.1336842105

-0.0161904762

0.0029133858

-0.0821568627

-0.0754054054

-0.131627907

-0.3435849057

-0.183125

-0.3268965517

-0.0204491726

-0.0078021978

-0.1333333333

-0.0118495298

-0.1477456647

0.0407692308

-0.0313605442

-0.0949794239

-0.0073493976

-0.2142857143

-0.0890265487

-0.0245783133

-0.0447826087

-0.0249350649

-0.0126086957

-0.1388073394

-0.1143478261

-0.1081818182

-0.0556521739

-0.0686206897

0.0354471545

-0.0658044164

0.0341610738

-0.0214457831

-0.0979661017

-0.1433727811

-0.0705882353

-0.0484816754

-0.1014018692

-0.0445454545

-0.0169911504



FigA5

		0.4202898551		0.8632478632		0.45		0		0

		0.3785714286		0.5625		0.45		1		1

		0.3088235294		0.8833333333

		0.5		0.9210526316

		0.4732142857		0.5087719298

		0.4731182796		0.6032608696

		0.4202898551		0.6037735849

		0.4736842105		0.7179487179

		0.2261904762		0.6052631579

		0.3070866142		0.597826087

		0.3921568627		0.8289473684

		0.4054054054		0.6233766234

		0.511627907		0.5967741935

		0.7735849057		0.603960396

		0.453125		0.5454545455

		0.7068965517		0.7702702703

		0.4704491726		0.6170212766

		0.1978021978		0.6537216828

		0.3333333333		0.6164383562

		0.3918495298		0.5765765766

		0.4277456647		0.5473251029

		0.2692307692		0.7110091743

		0.4013605442		0.7840909091

		0.5349794239		0.8333333333

		0.3373493976		0.7717391304

		0.5142857143		0.625

		0.4690265487		0.4404761905

		0.1445783133		0.6690140845

		0.4347826087		0.8795180723

		0.0649350649		0.5

		0.3826086957		0.6620111732

		0.5688073394		0.8793103448

		0.4043478261		0.6696832579

		0.5181818182		0.8536585366

		0.2956521739		0.92

		0.3586206897		0.9056603774

		0.2845528455		0.724137931

		0.4858044164		0.7718120805

		0.3758389262		0.5034482759

		0.3614457831		0.4545454545

		0.4279661017		0.515503876

		0.4733727811		0.534351145

		0.4705882353		0.5888888889

		0.1884816754		0.5421686747

		0.5514018692		0.5166666667

		0.4545454545		0.4887892377

		0.1769911504		0.5833333333

				0.4695652174

				0.625

				0.6956521739



Treated schools

Other schools

x=45%

y=40%

y=52%

Correct 1999 matriculation
 rate

Erroneously measured 1999 matriculation rate

Figure 6: Determining the Discontinuity Sample (Schools Close To the Threshold Value)
Sample=97 Schools
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Figure 3: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control






.05


.25


.45


.65


.85


.43


.45


Erroneous matriculation rate


.05 .15.25 .35.45 .55 .65.75 .85.95.43.45


True matriculation rate


Matched control schools Matched treatment schools


Unmatched control schools Unmatched treatment schools


Sample = 97 Schools


Figure 3: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control
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Figure 5B: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control
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Figure A3: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control
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Figure A3: Determining the Sample of Schools That Were Randomly Assigned To Treatment or Control
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		Table 1 - Descriptive Statistics: Treated Schools Versus all Other Eligible Schools

				2000								2001

				Treated schools		Non treated Schools		Difference				Treated schools		Non treated Schools		Difference

				(1)		(2)		(3)				(4)		(5)		(6)

		A. School characteristics

		Religious school*		0.199		0.269		-0.070				0.182		0.258		-0.076

								(0.084)								(0.080)

		Arab school*		0.260		0.099		0.161				0.284		0.107		0.176

								(0.081)								(0.087)

		Lagged "Bagrut" rate		0.369		0.620		-0.251				0.377		0.607		-0.230

								(0.027)								(0.035)

		B. Student background

		Father education		9.062		11.386		-2.324				9.029		11.357		-2.329

								(0.639)								(0.582)

		Mother education		8.817		11.486		-2.669				8.551		10.846		-2.295

								(0.709)								(0.751)

		Number of siblings		3.463		2.580		0.883				3.472		2.481		0.991

								(0.422)								(0.425)

		Gender (male=1)		0.495		0.466		0.028				0.508		0.492		0.016

								(0.032)								(0.029)

		Immigrant		0.031		0.027		0.004				0.022		0.010		0.012

								(0.015)								(0.009)

		Asia-Africa ethnicity		0.190		0.208		-0.018				0.170		0.190		-0.020

								(0.031)								(0.030)

		C. Student lagged outcomes

		Math credits gained		0.290		0.499		-0.209				0.320		0.571		-0.251

								(0.132)								(0.130)

		English credits gained		0.127		0.194		-0.067				0.116		0.183		-0.067

								(0.047)								(0.050)

		Total credits attempted		4.292		5.283		-0.991				4.502		5.464		-0.962

								(0.320)								(0.341)

		Total credits gained		3.388		4.591		-1.203				3.633		4.773		-1.140

								(0.301)								(0.303)

		Average score		56.580		69.555		-12.974				58.381		69.699		-11.318

								(2.296)								(2.010)

		# obs		6,250		5,931		12,181				6,084		5,820		11,904

		# schools		48		50		98				48		50		98

		Notes: Standard errors in parenthesis are adjusted for school level clustering.
* The schools status of nationality and religiosity does not change. Any change in the means across years reflects relative changes in the number of students in a cohort.
* This table is based on the math sample
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2

		Table 2 - Estimates from Regressions of the 1999 Measurement Error in the

		School Matriculation Rate on the 2001 Student and School Characteristics

				All Schools		Eligible Schools		RT Schools

				(1)		(2)		(3)

		A. School characteristics

		Religious schools		-0.008		-0.026		-0.065

				(0.007)		(0.017)		(0.031)

		Arab school		-0.022		-0.013		0.038

				(0.009)		(0.021)		(0.058)

		B. Student background

		Father education		0.001		0.001		-0.011

				(0.001)		(0.003)		(0.007)

		Mother education		0.000		-0.002		-0.008

				(0.001)		(0.002)		(0.006)

		Number of sibblings		-0.008		-0.003		-0.007

				(0.002)		(0.005)		(0.014)

		Gender (male=1)		0.023		-0.001		-0.087

				(0.013)		(0.035)		(0.060)

		Immigrant		0.068		-0.364		-0.674

				(0.046)		(0.173)		(0.247)

		C. Student lagged outcomes

		Math credits		0.010		0.009		-0.023

				(0.004)		(0.013)		(0.034)

		English credits		0.025		0.117		0.100

				(0.008)		(0.042)		(0.091)

		History credits		0.007		0.026		0.055

				(0.007)		(0.019)		(0.032)

		Total credits		0.003		0.002		-0.011

				(0.002)		(0.005)		(0.011)

		Average score		0.001		0.001		-0.000

				(0.000)		(0.001)		(0.002)

		N		508		98		36

		Notes: The coefficents presented in the table are based on separate regressions of the 1999 measurement error on student's characteristics, lagged Bagrut outcomes and school's characteristics. The data used are school sample means. Conventional standard errors are presented in parenthesis.

		V:\teachers_tournament\Revision 07AUG\programs\school_means.do				(program)

		V:\teachers_tournament\Revision 07AUG\results\automatic\tableA1_trans.dta				(results)
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		Table 3 - Treatment-Control Balancing Tests: The Randomized Treatment Sample

				2000								2001

				Treatment		Control		Difference				Treatment		Control		Difference

				(1)		(2)		(3)				(4)		(5)		(6)

		A. School characteristics

		Religious school		0.330		0.219		0.110				0.324		0.214		0.110

								(0.163)								(0.164)

		Arab school		0.158		0.000		0.158				0.155		-0.000		0.155

								(0.088)								(0.087)

		Lagged "Bagrut" rate		0.467		0.509		-0.042				0.474		0.475		-0.001

								(0.032)								(0.053)

		Two-years lagged		0.490		0.519		-0.029				0.527		0.528		-0.002

		Bagrut rate						(0.049)								(0.034)

		B. Student background

		Father education		10.685		10.586		0.100				10.539		10.332		0.207

								(0.821)								(0.838)

		Mother education		10.624		10.764		-0.140				10.519		10.539		-0.020

								(0.849)								(0.947)

		Number of siblings		3.009		2.026		0.983				2.912		1.662		1.250

								(0.410)								(0.384)

		Gender (male=1)		0.513		0.414		0.098				0.556		0.431		0.125

								(0.066)								(0.061)

		Immigrant		0.016		0.029		-0.013				0.025		0.012		0.013

								(0.017)								(0.018)

		Asia-Africa ethnicity		0.218		0.325		-0.107				0.235		0.276		-0.041

								(0.062)								(0.054)

		C. Student lagged outcomes

		Math credits gained		0.337		0.277		0.061				0.256		0.453		-0.197

								(0.172)								(0.118)

		English credits gained		0.155		0.077		0.078				0.107		0.079		0.028

								(0.051)								(0.061)

		Total credits attempted		5.251		4.594		0.657				5.322		5.342		-0.020

								(0.674)								(0.498)

		Total credits gained		4.308		3.761		0.547				4.218		4.482		-0.264

								(0.601)								(0.393)

		Average score		63.131		64.774		-1.643				62.121		67.710		-5.589

								(2.591)								(2.217)

		# obs		2,654		2,369		5,023				2,598		2,236		4,834

		# obs, weighted		4,095		3,818		7,913				3,812		3,679		7,491

		# schools		18		18		36				18		18		36

		Notes: Standard errors in parenthesis are adjusted for school level clustering.
* Observations were weighted with frequency weights in order to have similar number of students in control and treatment schools within each group of schools with close true matriculation rate.
* The schools status of nationality and religiosity does not change. Any change in the means across years reflects relative changes in the number of students in a cohort.
* This table is based on the math sample

		V:\teachers_tournament\Revision 07AUG\programs\balance_all.do														(code)
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		Table 4 - DID Estimates of the Effect of Teachers' Bonuses on Math and English Outcomes Based on The Randomized Treatment Sample

				Math																English

				All quartiles						Estimates by quartile										All quartiles						Estimates by quartile

				Limited Control		Full Control				1st		2nd		3rd		4th				Limited Control		Full Control				1st		2nd		3rd		4th

				(1)		(2)				(3)		(4)		(5)		(6)				(7)		(8)				(9)		(10)		(11)		(12)

		Testing rate

		Control group mean		0.802						0.419		0.815		0.903		0.971				0.865						0.529		0.903		0.972		0.977

		Treatment effect		0.046		0.041				0.133		0.055		0.037		-0.021				0.040		0.033				0.129		0.013		0.004		-0.003

				(0.027)		(0.021)				(0.051)		(0.035)		(0.021)		(0.029)				(0.017)		(0.013)				(0.045)		(0.024)		(0.014)		(0.019)

				[0.038]		[0.029]				[0.068]		[0.047]		[0.030]		[0.039]				[0.025]		[0.019]				[0.060]		[0.033]		[0.019]		[0.026]

		Pass rate

		Control group mean		0.637						0.258		0.503		0.726		0.928				0.795						0.455		0.770		0.906		0.959

		Treatment effect		0.110		0.087				0.146		0.209		0.106		-0.026				0.047		0.039				0.107		0.071		-0.011		-0.009

				(0.036)		(0.028)				(0.048)		(0.063)		(0.035)		(0.029)				(0.022)		(0.020)				(0.040)		(0.035)		(0.021)		(0.034)

				[0.051]		[0.040]				[0.065]		[0.087]		[0.047]		[0.041]				[0.031]		[0.028]				[0.052]		[0.048]		[0.028]		[0.045]

		Average score

		Control group mean		55.046						21.232		46.917		63.946		77.710				59.496						35.464		59.608		68.901		73.751

		Treatment effect		5.469		5.307				9.798		10.920		6.352		-0.861				3.240		2.527				5.889		1.790		-0.648		0.344

				(2.292)		(1.950)				(3.497)		(4.104)		(2.122)		(2.493)				(1.666)		(1.452)				(2.295)		(2.840)		(1.708)		(2.077)

				[3.249]		[2.739]				[4.768]		[5.686]		[2.927]		[3.443]				[2.359]		[2.040]				[3.150]		[3.932]		[2.341]		[2.828]

		Conditional treatment effect

		Passing rate				0.052				0.051		0.161		0.073		-0.007						0.009				-0.001		0.059		-0.015		-0.006

		Proportion of unconditional effect				59%				35%		77%		69%		-						23%				-		84%		-		-

		Average score				2.323				2.465		7.006		3.541		0.839						0.238				-2.255		0.901		-0.915		0.550

		Proportion of unconditional effect				44%				25%		64%		56%		-						9%				-		50%		-		-

		N		9,857						2,421		2,365		2,424		2,647				10,111						2,506		2,390		2,500		2,715

		Notes:

		1. Standard errors in parenthesis are clustered at the school-year-combination level. Standard errors in brackets are clustered at the school level.

		2. Observations were weighted with frequency weights in order to have similar number of students in control and treatment schools within each group of schools with close true matriculation rate.

		3. In columns (3)-(6) and (9)-(12) treatment effects vary by quartiles of previous tests score distribution. The estimates are taken from a four separate regressions, one for each of the quartiles.

		4. Student level controls - in all columns except (1) and (7) - include a set of dummy variables for the number of siblings and father and mother education, the school's one-year and two-years lagged mean matriculation rate, a dummy for Asia-Africa ethnic background, immigration status, gender dummy, the number of credit units attempted, the average score in those attempted units, overall credit units awarded, and credit units awarded for the subject in question only. School fixed effects are included in all specifications.

		5. In columns (1) and (7), the controls are school dummies, school's one-year and two-years lagged matriculation rate, and student's attempted credit units

		6. Control group mean row show the mean for students in control schools in 2001

		V:\teachers_tournament\Revision 07AUG\Teachers Tournament Export (Anonymized)\programs\diff_in_diffs.do
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		Table 5 - Cross-Section Estimates of the Effect of Teachers' Bonuses on Math and English Outcomes Based on The Randomized Treatment Sample

				Math														English

				All quartiles				Estimates by quartile										All quartiles				Estimates by quartile

								1st		2nd		3rd		4th								1st		2nd		3rd		4th

				(1)				(2)		(3)		(4)		(5)				(6)				(7)		(8)		(9)		(10)

		2001

		Testing rate

		Control group mean		0.802				0.419		0.815		0.903		0.971				0.865				0.529		0.903		0.972		0.977

		Treatment effect		0.030				0.092		0.087		0.011		-0.096				0.026				0.076		0.054		-0.015		-0.043

				(0.032)				(0.051)		(0.028)		(0.025)		(0.037)				(0.020)				(0.037)		(0.019)		(0.016)		(0.025)

		Pass rate

		Control group mean		0.637				0.258		0.503		0.726		0.928				0.795				0.455		0.770		0.906		0.959

		Treatment effect		0.037				0.089		0.139		-0.005		-0.127				0.025				0.063		0.068		-0.016		-0.057

				(0.052)				(0.048)		(0.070)		(0.062)		(0.045)				(0.028)				(0.047)		(0.033)		(0.024)		(0.029)

		Average score

		Control group mean		55.046				21.232		46.917		63.946		77.710				59.496				35.464		59.608		68.901		73.751

		Treatment effect		2.561				4.818		10.216		-0.338		-9.327				1.769				3.196		4.328		-1.019		-2.953

				(3.706)				(3.489)		(4.745)		(4.155)		(4.154)				(1.947)				(2.894)		(2.053)		(2.054)		(2.666)

		N		4,834				1,234		1,161		1,196		1,243				4,964				1,281		1,163		1,227		1,293

		2000

		Testing rate

		Control group mean		0.786				0.492		0.771		0.909		0.945				0.846				0.587		0.834		0.974		0.964

		Treatment effect		-0.022				-0.027		0.055		-0.018		-0.057				-0.005				0.015		0.066		-0.019		-0.037

				(0.022)				(0.055)		(0.040)		(0.023)		(0.021)				(0.019)				(0.045)		(0.042)		(0.015)		(0.016)

		Pass rate

		Control group mean		0.654				0.305		0.619		0.785		0.880				0.744				0.438		0.717		0.870		0.926

		Treatment effect		-0.023				0.008		-0.005		-0.034		-0.072				0.002				-0.000		0.067		0.032		-0.060

				(0.035)				(0.047)		(0.046)		(0.037)		(0.036)				(0.038)				(0.073)		(0.052)		(0.031)		(0.020)

		Average score

		Control group mean		51.895				24.490		46.606		62.379		72.783				56.821				34.430		53.404		66.227		72.019

		Treatment effect		0.185				-0.274		4.900		0.866		-4.372				1.929				1.828		8.422		2.505		-2.375

				(2.537)				(3.293)		(3.159)		(2.891)		(3.267)				(2.519)				(4.615)		(4.018)		(1.898)		(1.715)

		N		5,023				1,187		1,204		1,228		1,404				5,147				1,225		1,227		1,273		1,422

		Notes:

		1. Standard errors in parenthesis are clustered at the school level

		2. Observations were weighted with frequency weights in order to have similar number of students in control and treatment schools within each group of schools with close true matriculation rate.

		3. In columns (3)-(6) and (9)-(12) treatment effects vary by quartiles of previous tests score distribution. The estimates are taken from a four separate regressions, one for each of the quartiles.

		4. Student level controls include a set of dummy variables for the number of siblings and father and mother education, the school's lagged mean matriculation rate, a dummy for Asia-Africa ethnic background, immigration status, gender dummy, the number of credit units attempted, the average score in those attempted units, overall credit units awarded, and credit units awarded for the subject in question only. School fixed effects are included in all specifications.
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		Table 6 - Treatment-Control Balancing Tests: The Regression Discontinuity Sample

				2000								2001

				Treatment		Control		Difference				Treatment		Control		Difference

				(1)		(2)		(3)				(4)		(5)		(6)

		A. School characteristics

		Religious school		0.100		0.301		-0.201				0.095		0.290		-0.195

								(0.142)								(0.140)

		Arab school		0.131		0.000		0.131				0.132		0.000		0.132

								(0.094)								(0.096)

		Lagged "Bagrut" rate		0.448		0.495		-0.047				0.458		0.470		-0.012

								(0.017)								(0.041)

		B. Student background

		Father education		11.027		10.219		0.808				10.835		10.081		0.753

								(0.591)								(0.643)

		Mother education		11.095		10.526		0.570				11.027		10.527		0.501

								(0.659)								(0.711)

		Number of siblings		2.622		2.288		0.335				2.605		1.902		0.703

								(0.352)								(0.383)

		Gender (male=1)		0.493		0.425		0.068				0.499		0.451		0.048

								(0.058)								(0.052)

		Immigrant		0.014		0.045		-0.031				0.013		0.009		0.004

								(0.021)								(0.007)

		Asia-Africa ethnicity		0.215		0.313		-0.097				0.214		0.273		-0.060

								(0.052)								(0.054)

		C. Student lagged outcomes

		Math credits gained		0.185		0.364		-0.180				0.185		0.452		-0.267

								(0.131)								(0.128)

		English credits gained		0.207		0.053		0.155				0.183		0.101		0.083

								(0.061)								(0.088)

		Total credits attempted		4.788		4.944		-0.156				5.064		5.346		-0.283

								(0.476)								(0.489)

		Total credits gained		4.008		4.066		-0.058				4.188		4.394		-0.206

								(0.376)								(0.384)

		Average score		61.671		64.548		-2.877				61.797		65.770		-3.973

								(2.932)								(1.973)

		# obs		2,471		1,638		4,109				2,401		1,519		3,920

		# schools		14		13		27				14		13		27

		Notes: Standard errors in parenthesis are adjusted for school level clustering.
* The schools status of nationality and religiosity does not change. Any change in the means across years reflects relative changes in the number of students in a cohort.
* This table is based on the math sample
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		Table 7 - DID Estimates of the Effect of Teachers' Bonuses on Math and English Outcomes Based on The Regression Discontinuity Sample

				Math																English

				All quartiles						Estimates by quartile										All quartiles						Estimates by quartile

				Limited Control		Full Control				1st		2nd		3rd		4th				Limited Control		Full Control				1st		2nd		3rd		4th

				(1)		(2)				(3)		(4)		(5)		(6)				(7)		(8)				(9)		(10)		(11)		(12)

		Testing rate

		Control group mean		0.767						0.407		0.775		0.880		0.947				0.826						0.489		0.859		0.939		0.955

		Treatment effect		0.072		0.055				0.112		0.027		0.034		0.031				0.053		0.048				0.092		0.028		0.028		0.040

				(0.034)		(0.029)				(0.068)		(0.051)		(0.037)		(0.024)				(0.022)		(0.018)				(0.066)		(0.025)		(0.013)		(0.017)

				[0.049]		[0.040]				[0.090]		[0.070]		[0.052]		[0.032]				[0.032]		[0.026]				[0.089]		[0.035]		[0.018]		[0.023]

		Pass rate

		Control group mean		0.602						0.248		0.503		0.699		0.889				0.745						0.377		0.725		0.882		0.923

		Treatment effect		0.111		0.088				0.091		0.141		0.086		0.056				0.039		0.033				0.109		0.009		-0.041		0.036

				(0.037)		(0.028)				(0.049)		(0.056)		(0.035)		(0.026)				(0.029)		(0.022)				(0.071)		(0.039)		(0.018)		(0.027)

				[0.052]		[0.040]				[0.064]		[0.077]		[0.049]		[0.036]				[0.041]		[0.031]				[0.096]		[0.055]		[0.025]		[0.036]

		Average score

		Control group mean		51.219						20.388		44.620		60.009		75.259				55.243						30.143		56.915		65.432		69.825

		Treatment effect		6.733		5.790				4.408		4.687		6.608		6.293				2.975		2.671				4.144		-1.530		0.709		4.419

				(2.415)		(1.812)				(2.710)		(3.299)		(2.054)		(2.566)				(1.858)		(1.421)				(3.600)		(2.762)		(1.446)		(1.826)

				[3.437]		[2.555]				[3.711]		[4.636]		[2.845]		[3.536]				[2.642]		[2.000]				[5.014]		[3.856]		[2.011]		[2.462]

		Conditional treatment effect

		Passing rate				0.040				0.010		0.118		0.055		0.026						-0.011				0.027		-0.017		-0.067		-0.002

		Proportion of unconditional effect				46%				11%		84%		64%		47%						-				25%		-		-		-

		Average score				1.752				-2.037		2.785		3.968		3.743						-0.712				-1.886		-3.482		-1.295		1.341

		Proportion of unconditional effect				30%				-		59%		60%		59%						-				-		-		-		30%

		N		8,029						2,002		1,983		2,032		2,012				8,264						2,065		2,066		2,066		2,067

		Notes:

		1. Standard errors in parenthesis are clustered at the school-year-combination level. Standard errors in brackets are clustered at the school level.

		2. In columns (3)-(6) and (9)-(12) treatment effects vary by quartiles of previous tests score distribution. The estimates are taken from a four separate regressions, one for each of the quartiles.

		3. Student level controls - in all columns except (1) and (7) - include a set of dummy variables for the number of siblings and father and mother education, the school's (one-year) lagged mean matriculation rate, a dummy for Asia-Africa ethnic background, immigration status, gender dummy, the number of credit units attempted, the average score in those attempted units, overall credit units awarded, and credit units awarded for the subject in question only. School fixed effects are included in each model.

		4. In columns (1) and (7), the controls are school fixed effects, school's one-year lagged matriculation rate, and student's attempted credit units

		5. Control group mean row show the mean for students in control schools in 2001

		V:\teachers_tournament\Revision 07AUG\programs\diff_in_diffs.do																		(code)





8

		Table 8 - The Effect of Pay For Performance on Teaching Methods and Teacher's Effort

				All interviewd teachers												Eligible schools' teachers												Randomized-treatment schools' teachers

				Math teachers						English teachers						Math teachers						English teachers						Math teachers						English teachers

				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference

				(1)		(2)				(3)		(4)				(5)		(6)				(7)		(8)				(9)		(10)				(11)		(12)

		Teaching methods:

		Teaching in small groups		0.661		0.007				0.631		0.085				0.557		0.111				0.574		0.143				0.525		0.193				0.467		0.175

						(0.051)						(0.054)						(0.068)						(0.073)						(0.078)						(0.127)

		Individualized instruction		0.614		-0.028				0.583		0.112				0.600		-0.014				0.574		0.122				0.600		-0.008				0.633		0.103

						(0.060)						(0.060)						(0.087)						(0.078)						(0.125)						(0.109)

		Tracking by ability		0.397		0.130				0.417		0.221				0.471		0.055				0.471		0.168				0.500		-0.035				0.367		0.256

						(0.059)						(0.058)						(0.073)						(0.087)						(0.102)						(0.113)

		Adapting teaching methods		0.942		0.011				0.925		0.068				0.914		0.038				0.956		0.037				0.900		0.030				0.933		0.067

		to students ability				0.023						0.021						0.037						0.030						0.055						0.057

		Teacher's effort:

		Added instruction time during the		0.831		0.015				0.564		0.223				0.871		-0.025				0.544		0.243				0.825		-0.022				0.567		0.207

		whole year, or before Bagrut exam				(0.036)						(0.054)						(0.045)						(0.068)						(0.072)						(0.098)

		Added instruction time only		0.296		0.071				0.207		0.211				0.300		0.067				0.147		0.271				0.150		0.160				0.167		0.192

		before Bagrut exam				(0.048)						(0.057)						(0.069)						(0.069)						(0.082)						(0.102)

		Number of additional weekly		2.038		1.987				1.144		1.458				2.959		1.066				1.655		0.946				2.382		1.246				1.040		1.148

		instruction hours				(0.600)						(0.440)						(0.809)						(0.767)						(0.965)						(0.451)

		The teacher initiated the addition		0.709		-0.017				0.463		0.098				0.714		-0.022				0.456		0.104				0.625		0.093				0.533		0.089

		of instruction hours				(0.051)						(0.064)						(0.074)						(0.082)						(0.105)						(0.101)

		Teacher's additional effort was targeted at:

		All students		0.587		-0.025				0.330		-0.004				0.614		-0.052				0.338		-0.012				0.575		-0.012				0.433		-0.131

						(0.059)						(0.064)						(0.079)						(0.086)						(0.106)						(0.098)

		Weak students		0.212		-0.058				0.197		0.129				0.214		-0.060				0.176		0.150				0.200		-0.045				0.133		0.225

						(0.042)						(0.054)						(0.059)						(0.068)						(0.066)						(0.083)

		Average students		0.011		0.043				0.016		0.020				0.029		0.025				0.015		0.021				0.025		0.017				0.000		0.057

						(0.018)						(0.025)						(0.025)						(0.027)						(0.033)						(0.055)

		Strong students		0.000		0.006				0.000		0.028				0.000		0.006				0.000		0.028				0.000		0.000				0.000		0.000

						(0.006)						(0.013)						(0.006)						(0.013)						(0.000)						(0.000)

		Number of teachers				358						329						239						209						111						83

		Number of schools				109						105						68						64						27						25

		Number of treated schools				46						42						46						42						17						15

		Notes: Standard errors in parenthesis are clustered at the school level.
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9

		Table 9 - Estimates of the Effect of Incentives Program On Grading Ethics

				Math																								English

				2000												2001												2000												2001

				Treatment				Control				Diff.				Treatment				Control				Diff.				Treatment				Control				Diff.				Treatment				Control				Diff.

				(1)				(2)				(3)				(4)				(5)				(6)				(7)				(8)				(9)				(10)				(11)				(12)

		A. The Randomized Treatment Sample

		School-State		0.096				0.159				-0.063				0.094				0.021				0.072				-0.013				0.247				-0.260				0.026				0.047				-0.021

		score diff.		(0.068)				(0.046)				(0.080)				(0.079)				(0.049)				(0.092)				(0.093)				(0.204)				(0.221)				(0.076)				(0.081)				(0.110)

		N		6,646				6,110				12,756				6,606				5,288				11,894				5,368				4,714				10,082				4,840				3,952				8,792

		B. The Regression Discontinuity Sample

		School-State		-0.004				0.113				-0.117				-0.038				0.168				-0.206				-0.154				0.122				-0.277				-0.099				0.031				-0.130

		score diff.		(0.061)				(0.082)				(0.100)				(0.067)				(0.085)				(0.106)				(0.060)				(0.119)				(0.130)				(0.060)				(0.070)				(0.090)

		N		6,374				3,912				10,286				6,130				3,248				9,378				4,672				3,080				7,752				4,264				2,720				6,984

		C. Eligible schools

		School-State		-0.017				0.056				-0.073				-0.040				0.032				-0.072				-0.066				0.052				-0.118				-0.097				0.040				-0.137

		score diff.		(0.047)				(0.035)				(0.058)				(0.045)				(0.036)				(0.057)				(0.055)				(0.052)				(0.075)				(0.055)				(0.037)				(0.066)

		N		14,414				16,130				30,544				13,768				14,102				27,870				12,546				12,286				24,832				11,326				10,006				21,332

		Notes: Standard errors in parenthesis are adjusted for school level clustering. Each of the entries in the table is the estimated difference between the school matriculation score and the score in the state matriculation exam. The entries in the columns noted 'Diff.' are the difference between the respective treated and controled mean differences presented in the previous two columns in the same raw.
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A1

		Table A1 - Parameter Estimates of the RT DID Regressions of Table 4

		the Specification with Full Controls, Based on the Full Sample

				Math								English

				Testing		Passing		Score				Testing		Passing		Score

				(1)		(2)		(3)				(4)		(5)		(6)

		Treated		0.041		0.087		5.307				0.033		0.039		2.527

				(0.029)		(0.040)		(2.739)				(0.019)		(0.028)		(2.040)

		One-year lagged school matriculation rate		-0.087		0.093		-3.582				-0.072		0.017		-4.648

				(0.115)		(0.225)		(11.024)				(0.095)		(0.117)		(9.109)

		Two-years lagged school matriculation rate		-0.007		-0.127		-18.139				-0.054		-0.119		-13.513

				(0.175)		(0.283)		(17.830)				(0.142)		(0.121)		(11.667)

		Asia-Africa ethnicity		-0.006		0.012		0.230				0.021		0.022		0.961

				(0.010)		(0.019)		(1.038)				(0.011)		(0.018)		(0.806)

		Immigrant		0.102		0.141		9.808				0.056		0.061		6.463

				(0.033)		(0.042)		(2.326)				(0.028)		(0.029)		(1.957)

		Gender (1=male)		-0.005		0.006		1.338				-0.025		-0.028		-0.794

				(0.023)		(0.020)		(2.258)				(0.014)		(0.009)		(0.852)

		Attempted credits		0.027		-0.007		-0.048				0.041		0.013		1.544

				(0.008)		(0.011)		(0.786)				(0.007)		(0.008)		(0.451)

		Average score in attempted credits		0.007		0.007		0.581				0.007		0.007		0.515

				(0.001)		(0.001)		(0.061)				(0.001)		(0.001)		(0.053)

		Overall awarded credits		0.004		0.042		3.253				-0.015		0.012		0.716

				(0.008)		(0.011)		(0.813)				(0.007)		(0.008)		(0.460)

		Awarded credits in the subject		-0.007		-0.078		-2.006				0.017		-0.070		-1.744

				(0.014)		(0.023)		(1.558)				(0.023)		(0.046)		(3.631)

		Notes:

		1. Standard errors in parenthesis are clustered at the school level

		2. Observations were weighted with frequency weights in order to have similar number of students in control and treatment schools within each group of schools with close true matriculation rate.

		3. Additional categorial controls, of which estimates are not reported here, are father's and mother's education, number of brothers and school dummies.
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A2

		Table A2 - DID Estimates of the Effect of Teachers' Bonuses on Math and English Outcomes Based on the Sample of all Eligible Schools

				Math																English

				All quartiles						Estimates by quartile										All quartiles						Estimates by quartile

				Limited Control		Full Control				1st		2nd		3rd		4th				Limited Control		Full Control				1st		2nd		3rd		4th

				(1)		(2)				(3)		(4)		(5)		(6)				(7)		(8)				(9)		(10)		(11)		(12)

		Testing rate

		Control group mean		0.835						0.475		0.804		0.934		0.969				0.880						0.583		0.887		0.953		0.975

		Treatment effect		0.050		0.028				0.047		0.060		0.007		0.010				0.045		0.029				0.060		0.042		0.010		0.013

				(0.014)		(0.012)				(0.035)		(0.024)		(0.012)		(0.013)				(0.010)		(0.009)				(0.032)		(0.013)		(0.008)		(0.009)

				[0.020]		[0.017]				[0.047]		[0.034]		[0.017]		[0.017]				[0.015]		[0.013]				[0.044]		[0.018]		[0.011]		[0.012]

		Pass rate

		Control group mean		0.736						0.349		0.641		0.834		0.935				0.818						0.481		0.794		0.894		0.954

		Treatment effect		0.044		0.019				0.011		0.054		0.023		-0.015				0.058		0.040				0.054		0.065		0.003		0.024

				(0.020)		(0.016)				(0.028)		(0.030)		(0.019)		(0.015)				(0.015)		(0.014)				(0.035)		(0.020)		(0.014)		(0.012)

				[0.028]		[0.022]				[0.039]		[0.041]		[0.027]		[0.020]				[0.021]		[0.019]				[0.048]		[0.028]		[0.020]		[0.016]

		Average score

		Control group mean		62.931						28.547		54.594		71.186		81.791				61.722						37.865		59.959		67.499		75.410

		Treatment effect		3.089		1.032				0.736		2.180		1.188		0.721				4.437		2.865				1.870		4.681		1.542		1.670

				(1.530)		(1.272)				(2.157)		(2.212)		(1.437)		(1.386)				(1.033)		(0.946)				(2.242)		(1.495)		(1.130)		(0.756)

				[2.161]		[1.794]				[2.972]		[3.087]		[2.002]		[1.914]				[1.457]		[1.331]				[3.114]		[2.086]		[1.563]		[1.017]

		Conditional treatment effect

		Passing rate				-0.005				-0.023		0.004		0.017		-0.024						0.014				0.006		0.027		-0.006		0.011

		Proportion of unconditional effect				-				-		7%		75%		-						35%				11%		42%		-		47%

		Average score				-0.970				-1.974		-1.965		0.693		-0.102						0.861				-1.908		1.805		0.812		0.666

		Proportion of unconditional effect				-				-		-		58%		-						30%				-		39%		53%		40%

		N		24,085						5,993		6,044		6,007		6,041				25,106						6,218		6,326		6,281		6,281

		Notes:

		1. Standard errors in parenthesis are clustered at the school-year-combination level. Standard errors in brackets are clustered at the school level.

		2. In columns (3)-(6) and (9)-(12) treatment effects vary by quartiles of previous tests score distribution. The estimates are taken from a four separate regressions, one for each of the quartiles.

		3. Student level controls - in all columns except (1) and (7) - include a set of dummy variables for the number of siblings and father and mother education, the school's (one-year) lagged mean matriculation rate, a dummy for Asia-Africa ethnic background, immigration status, gender dummy, the number of credit units attempted, the average score in those attempted units, overall credit units awarded, and credit units awarded for the subject in question only. School fixed effects are included in each model.

		4. In columns (1) and (7), the controls are school fixed effects, school's one-year lagged matriculation rate, and student's attempted credit units

		5. Control group mean row show the mean for students in control schools in 2001
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		Table A3 - Teacher's Education And Demographic Characteristic and Balancing Tests Between Treatment and Control Groups

				All interviewd teachers												Eligible schools' teachers												Randomized-treatment schools' teachers

				Math teachers						English teachers						Math teachers						English teachers						Math teachers						English teachers

				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference				Sample 
mean		Treatment-control difference

				(1)		(2)				(3)		(4)				(5)		(6)				(7)		(8)				(9)		(10)				(11)		(12)

		Teacher demographics:

		Age		44.009		0.301				45.309		-0.697				45.071		-0.762				44.265		0.347				45.825		-0.867				45.433		-2.150				gap1_NE

						(1.180)						(1.180)						(1.489)						(1.450)						(1.701)						(1.965)

		Gender (Female=1)		0.598		-0.024				0.814		-0.005				0.557		0.017				0.794		0.014				0.600		0.034				0.833		-0.022

						(0.064)						(0.047)						(0.075)						(0.067)						(0.109)						(0.089)

		Born in Israel		0.540		-0.054				0.319		0.213				0.386		0.099				0.397		0.135				0.225		0.296				0.233		0.276

						(0.070)						(0.061)						(0.093)						(0.089)						(0.113)						(0.103)

		Teacher education:

		Teacher certificate		0.011		0.049				0.011		0.025				0.000		0.059				0.000		0.035				0.000		0.028				0.000		0.000

						(0.018)						(0.019)						(0.016)						(0.018)						(0.019)						(0.000)

		B.A in education		0.042		0.070				0.080		0.012				0.043		0.070				0.132		-0.040				0.050		0.049				0.233		-0.158

						(0.027)						(0.034)						(0.038)						(0.054)						(0.060)						(0.088)

		B.A		0.402		0.024				0.484		-0.066				0.386		0.040				0.485		-0.067				0.350		0.058				0.367		0.105

						(0.053)						(0.054)						(0.069)						(0.083)						(0.100)						(0.141)

		M.A		0.524		-0.181				0.410		0.023				0.529		-0.185				0.368		0.065				0.550		-0.170				0.400		0.034

						(0.053)						(0.051)						(0.072)						(0.074)						(0.108)						(0.114)

		Ph.D		0.016		0.037				0.011		0.011				0.043		0.010				0.015		0.007				0.050		0.020				0.000		0.019

						(0.022)						(0.014)						(0.030)						(0.019)						(0.047)						(0.019)

		Teaching experience (years)		19.079		-0.139				19.134		-1.375				21.043		-2.102				18.529		-0.771				21.050		-1.275				17.867		-1.150

						(1.185)						(1.014)						(1.474)						(1.391)						(1.546)						(1.709)

		Education quality:

		Degree from top universities		0.185		0.040				0.138		0.089				0.200		0.025				0.162		0.065				0.250		-0.011				0.167		0.079

						(0.041)						(0.058)						(0.067)						(0.081)						(0.109)						(0.126)

		Degree from other universities		0.307		0.048				0.330		0.004				0.329		0.026				0.412		-0.078				0.250		0.060				0.367		0.048

						(0.046)						(0.060)						(0.063)						(0.077)						(0.080)						(0.135)

		Degree from teacher colleges		0.122		-0.045				0.090		-0.020				0.100		-0.023				0.074		-0.003				0.100		-0.001				0.100		-0.100

						(0.030)						(0.033)						(0.037)						(0.045)						(0.058)						(0.079)

		Degree from overseas universities		0.381		-0.050				0.436		-0.067				0.371		-0.040				0.353		0.016				0.400		-0.062				0.367		-0.027

						(0.052)						(0.054)						(0.075)						(0.074)						(0.114)						(0.122)

		Number of teachers				358						329						239						209						111						83

		Number of schools				109						105						68						64						27						25

		Number of treated schools				46						42						46						42						17						15

		Notes: Standard errors in parenthesis are clustered at the school level. Top universities: Hebrew University in Jerusalem, Tel-Aviv, Technion and Weizman Institute. Other Universities: Bar-Ilan, Ben Gurion and Haifa university.
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		Table A4 - RT Sample Breakdown of Schools

		Neighborhood				Schools in Treatment Group										Schools in Control Group

						School Code		Number of Students
(n'hood sum)		Weight (weighted num)		True Matriculation Rate				School Code		Number of Students
(n'hood sum)		Weight (weighted num)		True Matriculation Rate

		(1)				(2)		(3)		(4)		(5)				(6)		(7)		(8)		(9)

		1				28		160		1		0.453				73		85		4		0.455

						97		207		1		0.455

								(367)		(367)								(85)		(340)

		2				11		85		1		0.473				87		124		9		0.470

						13		31		1		0.474

						30		361		1		0.470

						57		175		1		0.469

						93		69		1		0.473

						94		407		1		0.471

								(1,128)		(1,128)								(124)		(1,116)

		3				86		362		1		0.486				82		196		2		0.489

								(362)		(362)								(196)		(392)

		4				9		14		3		0.500				8		39		1		0.509

						24		54		3		0.512				56		54		1		0.500

						55		53		3		0.514				71		245		1		0.503

						78		97		3		0.518				74		244		1		0.516

																80		52		1		0.517

								(218)		(654)								(634)		(634)

		5				53		222		2		0.535				33		30		1		0.545

						96		110		2		0.551				42		245		1		0.547

																75		190		1		0.534

																79		70		1		0.542

								(332)		(664)								(535)		(535)

		6				70		71		3		0.569				3		97		1		0.563

																41		96		1		0.577

								(71)		(213)								(193)		(193)

		7				29		74		2		0.707				43		174		1		0.711

								(74)		(148)								(174)		(174)

		8				27		46		6		0.774				34		74		1		0.770

																46		39		1		0.772

																69		182		1		0.772

								(46)		(276)								(295)		(295)

		Notes: Column (1) - Neighborhood - is an identifier of a group with at least one treatment and one control schools that are no more than 0.01 away from each other in terms of their true matriculation rate. The matching of schools is contagious - that is, schools will be assigned to the same "neighborhood" as long as there is a school from the other group (treatment/control) there which is less than 0.01 away. See also the rectangles in Figure 3 in the text and Figure A3 in the online Appendix.
Columns (3) and (7) are based on the 2001 math sample. For other combinations of subject and year, similar tables were produced for weight assignment.
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Documentation for Replication1


Folders and Files 


The root folder has four subfolders: 


1. Data – this folder contains the data files (.dta files) that Stata reads. It has both 


students-level files, teachers-level files and school-level files (derived from the 


students-level files). 


2. Programs – this folder contains the programs (.do files) that produce the tables and 


figures. 


3. Results – this folder contains the tables and figures stored in MS-Excel format. It also 


contains a subfolder named "automatic" that will contain the output created by the 


programs automatically (before copying and pasting them to the tables in the results 


folder).2 


4. Logs – this folder will contain the log files of Stata. 


 


Data Structure 


There are two main datasets: students' datasets and teachers' datasets.  


The students’ datasets are split into four files by subject (math/English) and year (2000/2001). 


They contain data on Math and English students in 98 schools that were eligible to participate 
                                                      


1 Most This document and most programs were created by Roy Mill, August 2008, Jerusalem.  
2 It is advisable to show the results\automatic folder in "details" and sort the files by Date Modified. 


Each time you run a program, refresh the window (F5) and get the created files at the top of the folder. 







in the tournament (from which 48 were selected to the tournament). The files are named 


math_base00, math_base01, eng_base00, eng_base01. 


Variable labels reveal more information on their meanings, as the context in the programs 


should. The true school’s and student’s codes (IDs) were replaced by fictitious ones for 


privacy reasons. 


There are two teachers’ datasets, under the "teachers’ questionnaire" subfolder. Both of them 


contain answers that teachers gave to questionnaires. The file treat.dta has the answers of 


teachers who participated in the tournament and the compar2.dta has the answers of teachers 


who didn't. 


Determining the samples (or: how to "install"?)3


As discussed in the paper, an important question is how to construct the treatment and control 


groups: 


1. One approach is to compare all treated schools against all eligible-but-not-treated 


schools.  


2. Another approach is to select a subset of schools for which the treatment was 


assigned randomly (conditional on true matriculation rate) – the Randomized Trial 


(RT) sample. 


3. A third alternative is to select schools that are close to the threshold of treatment 


determination – the regression discontinuity version. 


The student base files have the sample for (1). The schools for (3) have been selected 


manually. The list of schools for (2) was created by a program that went through all treated 


schools and tried to find "neighboring" schools (in terms of the true Bagrut rate) that weren't 


treated, due to the error in the measurement of the erroneous Bagrut rate. 


In order to find the neighboring schools, you should run two programs: first, run the 


school_level.do file, and then run the matchSchools.do program (this program use programs 


that are in the matchControlNeighbour.ado file, so make sure it is also available in the same 


programs folder). 


The matchSchools.do program still has various matching techniques there. The one we use is 


the last one. It also calculates the frequency weights for each school (so that if there are 9 


times more students in a treated school than in its neighbors, the program will later 


"duplicate" the neighboring schools' kids 9 times).  


                                                      
3 In order to run the programs that deal with the RT sample, one must first create the file with the 


weights of the schools. Otherwise the programs will fail. 







The list of schools and their weights is saved as "school_level_with_weights.dta" under the 


data subfolder. A table, arranged by "neighborhood", shows the treated schools and untreated 


neighbors is saved as "neighbourhoods_bottom_line.dta" under results\automatic subfolder. 


Now we are set to create the tables. 


 







Recreating the Tables and Figures 


All tables were created in Stata and reformatted for Excel. Most figures were created already 


in Excel, but two of them were created in Stata too, as part of the matching algorithm. The 


following table describes each table and links it to the appropriate code file, found in the 


programs subfolder.  


 


Table/ 
Figure 


Description Sample(s) Code file 


1 Descriptive Statistics and (non) balance Eligible balance_all.do 
2 Correlation with Bagrut rate error Eligible, RT4 school_means.do 
3 Balance RT balance_all.do 
4 DID of the effect RT diff_in_diffs.do 
5 Treatment-control differences (levels) RT levels.do 
6 Balance RD balance_all.do 
7 DID of the effect RD diff_in_diffs.do 
8 The effect on effort (questionnaire) All, Eligible, 


RT 
teachers_questionnaire.do 


9 Grading ethics Eligible, RT, 
RD 


teachers_ethics.do 


F1 Erroneous and true matriculation rate 
(scatter plot) 


All (done in Excel) 


F2 Error term and true matriculation rate 
(scatter plot) 


All (done in Excel) 


F3 RT sample determination (figure) Eligible matchSchools.do 
 
Tables and Figures in the online appendix 
A1 Estimates of the coefficients of the control 


variables from the regressions of Table 4 
RT detailed_diff_in_diffs.do 


A2 DID Eligible diff_in_diffs.do 
A3 Balance of Teachers (for table 6)  teachers_questionnaire.do 
A4 Weights assignments for RT sample RT matchSchools.do 
FA1 Error term and true matriculation rate 


(scatter plot) 
Eligible (done in Excel) 


FA2 Error term and true matriculation rate 
(scatter plot) 


All (done in Excel) 


FA3 Elaboration of neighbors matching to 
determine RT sample (zoom of F2) 


Eligible with 
true rate >.45 


matchSchools.do 


FA4 Determining RD sample Eligible (done in Excel) 


                                                      
4 Column (1) in Table 2 is measured for a much larger sample of around 500 schools. These include 
schools which weren't eligible for the program so they are out of the scope of the paper. Their only use 
here is showing how the measurement error is indeed uncorrelated with students and schools 
characteristics. 







 


Within the code file you will find, I hope, satisfactory comments. When you run the files, 


make sure you change the cd line in every code file you use. Set it to the root folder to which 


you extracted the files (the one under which programs, data, logs, and results folder exist). 


 


The abbreviation NE stands for Natural Experiment. It is actually the Randomized Trial (RT) 


but in the code we kept it as NE. 







File Index 


Folder File Description
data eng_base00.dta Year 2000 English matriculation students file


data eng_base01.dta Year 2001 English matriculation students file


data eng_stack_00.dta Year 2000 English matriculation exam grading file 
(elaborated internal vs. external grades, for the Teachers Ethics table)


data eng_stack_01.dta Year 2001 English matriculation exam grading file 
(elaborated internal vs. external grades, for the Teachers Ethics table)


data math_base00.dta Year 2000 math matriculation students file


data math_base01.dta Year 2001 math matriculation students file


data math_stack_00.dta Year 2000 math matriculation exam grading file 
(elaborated internal vs. external grades, for the Teachers Ethics table)


data math_stack_01.dta Year 2001 math matriculation exam grading file 
(elaborated internal vs. external grades, for the Teachers Ethics table)


data rate98_collapsed.dta 1998 schools matriculation rates


data rate99_collapsed.dta 1999 schools matriculation rates


data\teachers 
questionnaire


compar2.dta Teachers questionnaire - comparison group of teachers
 (did not participate)


data\teachers 
questionnaire


treat.dta Teachers questionnaire - for the teachers who participated


programs bagrut_variance.do Computes some variances reported in the text


programs balance.ado Contains the program that balance_all.do runs for different samples


programs balance_all.do Creates Tables 1, 3 and 6


programs correlations.do Computes some correlations reported within the text


programs correlations_w_treat.do Computes some correlations reported within the text


programs detailed_diff_in_diffs.do Creates Table A1


programs diff_in_diffs.do Creates Tables 4, 7 and A2


programs levels.do Creates Table 5


programs matchControlNeighbour.adoTreatment-control matching programs that matchSchools.do uses


programs matchSchools.do Matches non-treated schools to treated schools 
(and creates Table A4 and Figures 3 and A3)*


programs school_level.do Creates a school-level dataset for the use of matchSchools.do


programs school_means.do Creates Table 2


programs teachers_ethics.do Creates Table 9


programs teachers_questionnaire.do Creates Tables 8 and A3


results Figures.xls Contains all the figures


results Tables for Export - 
08AUG final.xls


Contains all the tables


* school_level.do should be run before running matchSchools.do for the first time.
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